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Abstract

Background: Although current technological advancements have allowed for objective measurements of sedentary behavior
viaaccel erometers, these devices do not provide the contextual information needed to identify targetsfor behavioral interventions
and generate public health guidelines to reduce sedentary behavior. Thus, self-reports still remain an important method of
measurement for physical activity and sedentary behaviors.

Objective:  This study evaluated the reliability, vaidity, and sensitivity to change of a smartphone app in assessing sitting,
light-intensity physical activity (LPA), and moderate-vigorous physical activity (MVPA).

Methods: Adults (N=28; 49.0 years old, standard deviation [SD] 8.9; 85% men; 73% Caucasian; body mass index=35.0, SD
8.3 kg/m?2) reported their sitting, LPA, and MV PA over an 11-week behavioral intervention. During three separate 7-day periods,
participants wore the activPAL 3¢ accelerometer/inclinometer as a criterion measure. Intraclass correlation (ICC; 95% Cl) and
bias estimates (mean difference [d] and root of mean square error [RM SE]) were used to compare app-based reported behaviors
to measured sitting time (lying/seated position), LPA (standing or stepping at <100 steps/minute), and MV PA (stepping at >100
steps/minute).

Results. Test-retest results suggested moderate agreement with the criterion for sedentary time, LPA, and MVPA (1CC=0.65
[0.43-0.82], 0.67 [0.44-0.83] and 0.69 [0.48-0.84], respectively). The agreement between the two measures was poor
(ICC=0.05-0.40). The app underestimated sedentary time (6=-45.9 [-67.6, -24.2] minutes/day, RM SE=201.6) and overestimated
LPA and MVPA (6=18.8 [-1.30 to 38.9] minutes/day, RMSE=183; and 6=29.3 [25.3 to 33.2] minutes/day, RMSE=71.6,
respectively). The app underestimated change in time spent during LPA and MV PA but overestimated change in sedentary time.
Both measures showed similar directions in changed scores on sedentary time and LPA.

Conclusions: Despiteitsinaccuracy, the app may be useful as a self-monitoring tool in the context of a behaviora intervention.
Future research may help to clarify reasons for under- or over-reporting of behaviors.

(JMIR Mhealth Uhealth 2017;5(8):€119) doi: 10.2196/mheslth.6974
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Introduction

Lack of physica activity (PA; <150 minutes of
moderate-vigorous PA per week [1]) and sedentary behavior
(ie, sitting/reclining with low energy expenditure while awake
[2-4]) are associated with increased risks for cardiometabolic
diseases, such as hypertension, dyslipidemia, diabetes, and
coronary heart disease. As such, accurate assessment of these
behaviors is integral in developing potent behavioral
interventionsaimed at improving overall cardiometabolic health.

Assessment of PA and sedentary behaviors have improved
significantly in recent years. Technological advancements have
led to the development of sensors that can objectively and
accurately measure these behaviors [5-7]. Although these
sensors have led to an unprecedented objectivity in PA
measurement, the self-report method is still ubiquitous in PA
research; this is because it offers advantages over objective
methods [8]. Accelerometers do not capture the contextual
information associated with these activities. Researchers
studying specific domains of these behaviors (ie, leisure-time,
occupational, or transportation) still rely on self-reportsto isolate
the behaviorsthat occur in each of these domains. Distinguishing
which domains these behaviors occur in is necessary for
developing and evaluating targeted interventions to modify
these domain-specific behaviors [9]. Thus, self-reports remain
an important method of measurement for PA and sedentary
behaviors.

Various types of PA questionnaires have been developed,
ranging from global questionnaires to detailed quantitative
histories. Strath et a [8] classified PA questionnairesinto three
broad categories: global, short recalls, and quantitative history.
Global PA questionnaires are usually short (2 to 4 items) and
provide an overview of an individual’s overall activity level.
These questionnaires are primarily used to identify whether
individuals meet the PA standard, or classify individuals
according to their PA levels (eg, active vsinactive). In contrast,
short recalls provide a measure of an individual’s PA level, as
classified by the dimension of intensity level or domain.
Quantitative history questionnaires are detailed measures that
are used to understand the types and intensity of PAs that
contribute to mortality or morbidity. A systematic review of
studies that evaluated the reliability and objective
criterion-related validity of new and existing PA questionnaires
examined 65 studies that looked at a total of 96 PA
guestionnaires [10]. The results revealed poor-to-moderate
validity, with median validity coefficients ranging from
0.30-0.39 for existing (and from 0.25-0.41 for new) PA
guestionnaires. Furthermore, other studies have shown that
although these questionnaires show acceptable agreement for
structured vigorous-intensity PAs, they are less accurate for
more prevalent lower-intensity activities [11-14]. Similar
patterns of accuracy and reliability are also consistent with
existing instruments that measure sedentary behavior. For
example, habitual domain-specific sedentary behaviorstend to
have higher correlations with criterion measures than overall
sedentary time (0.14-0.83 vs 0.07-0.61) [15]. This pattern is
mainly due to the high cognitive demands associated with
reporting usual daily activities [14].
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The PA diary is another type of self-report measure of PA and
sedentary behavior that is often used to obtain a detailed
hour-by-hour or activity-by-activity record [8]. An example of
adaily diary isthe Bouchard Physical Activity Record, which
asks participants to categorize their activity every 15 minutes
in 1 of 9 types of movement behaviors [16]. Using a PA diary
is advantageous because it includes detailed information on
dimensions and domains of PA and sedentary behavior, and is
less subject to memory bias than other methods. However, the
detail of information and frequency of reporting required causes
significant participant burden, which limitsitsuseinlong-term
studies. A possible solution to this problemisto leverage mobile
technology as a platform to deliver these PA and sedentary
behavior measurement tools. The ubiquitous use of mobile
phones offers an opportunity to capture self-report behaviors
in real-time and with minimal recall bias[17]. Utilizing mobile
platforms to deliver these questionnaires can lead to an
easy-to-use and areadily accessible version of PA and sedentary
behavior assessment tool, which could significantly lessen the
burden associated with traditional diaries.

The purpose of this paper is to evaluate the reliability, validity,
and sensitivity to change of asmartphone-based app (BeW&l124),
which is designed to assess sedentary behavior, light-intensity
physical activity (LPA), and moderate-vigorous physical activity
(MVPA), as compared to an objective measure (activPAL 3c;
PAL TechnologiesLtd, Scotland, UK). Evaluating the accuracy
of the app is the first step in establishing its usefulness as a
self-report tool to measure PA and sedentary behavior in
free-living environments, and providerationalefor future studies
to evaluate its capacity in measuring context-specific activities.

Methods

Recruitment

Participants were US veterans that were receiving care at a
regional Veterans Health Administration (VHA) hospital, and
employeesfrom auniversity in the Southwestern United States.
All participants were aged 35-60 years and were recruited to
participate viaflyers and targeted emailsfor a smartphone-based
lifestyle behavior program. Inclusion criteria included: (1)
insufficient PA (activity ranking category of <4 on the Stanford
Leisure-Time Activity Categorical Item) [18], (2) excessive
sitting (defined as >8 hours of sitting from the International
Physical Activity Questionnaire) [19], (3) short sleep duration
(<7 hourg/night) or a mild-to-moderate sleep complaint
(modified version of the insomnia Severity Index) [20], (4)
fasting glucose level of <100 mg/dL, and (5) owning an Android
smartphone. All study procedures were approved by the
institutional review boards of the local VHA hospital and the
university. Each participant underwent telephone screening for
eligibility and those who were €ligible provided written
informed consent.

Bewell24 App Design

The smartphone app design has been discussed previously [21].
In brief, the smartphone app included four components: (1) a
self-monitoring component to alow for rapid self-monitoring
of dleep, sedentary time, LPA, and MVPA across the full
24-hour day; (2) a behavioral sleep component that included
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deep education, sleep hygiene, and stimulus control therapy;
(3) asedentary component that provided graphical feedback on
total sitting time and time spent sitting at work, watching
television, socializing, transportation, and other activities; and
(4) a PA component that included goal setting, feedback, and
problem-solving interventions.

Study Protaocol

Eligible participants were randomized to receive some
combination of the deep, sedentary behavior, and PA
components using a full factorial or multiphase optimization
strategy [22] study design to optimize efficiency and explore
potential synergies among behavioral outcomes (more study
design detailsare provided elsewhere[23]). Briefly, we utilized
afull-factorial 2x2x2 screening experiment in which participants
were randomized to receive one of eight possible combinations
(K) of the sleep, sedentary, and exercise components of the app:
none (k=1), one of three app components (k=3), two of three
app components (k=3), or all three app components (k=1). More
relevant to the purpose of this study, all participants received
accessto the self-monitoring component of the app for the entire
duration of the study. Using this self-monitoring component,
participants were asked to log time spent across 24 hours into
domains of dleep, sedentary behavior, LPA, and MVPA
throughout the 3-week baseline period and 8-week intervention
period. Participants simultaneously wore an activPAL3c
accelerometer (criterion) on three 7-day time periods (week 3
as baseline, week 7, and week 11).

Figure 1. Self-monitoring component of the BeWell24 app.
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M easures

BeWel124 Self-Monitoring App

Self-reported time spent in sedentary behavior, LPA, and MV PA
were assessed using the BeWell24 app. The app provided an
interfacefor usersto report sleep, sedentary behavior, LPA, and
MV PA behaviorsin 5-minute epochs acrossthe 24 hours. Figure
1 displays this interface. Users were given standardized
definitions of each behavior [21] by tapping the icon on top of
each column. Participants were instructed to log any nap or
main sleep period, including all time in bed for the purpose of
deep under “Sleep Activities’. Any sitting behaviors (eg, sitting
at desk or watching television) were logged in “Sedentary
Activities’. All MV PAs such as brisk walking, jogging/walking,
and aerobic exercise were logged under “Exercise Activities”.
Participants were also instructed to categorize all other activities
not fitting into the previous categories (eg, household chores,
light gardening, leisurely walking, and other activities of light
intensity) under “Other Activities’. For this study’s purposes,
all activities categorized under “ Other Activities’ were classified
as LPAs. Users dlocated their time into each behavior by
dragging their finger down the column throughout the specified
time. Although the app was designed to gather contextual
information about each of the activities performed, this paper
focused on evaluating total time spent on each activity category
due to lack of a gold standard measure for these contexts. For
the purposes of analyses, time spent in each behavior was
summed over all 5-minute epochs after excluding reported sleep
time for each day.

€ BeWell24 (demo)
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Criterion Measure of Sedentary and More Active
Behaviors

Objective measures were derived from the activPAL3c
accelerometer. The devices were waterproofed using medical
grade adhesive coverings. Participants wore the device on the
midline of their right thigh using breathabl e hypoal lergenic tape,
and were instructed to continuously wear the device for 7 days.
Thevalidity and reliability of thisdevicein measuring sedentary
and PA behaviors have been previously evaluated [24-27].
Collected data were processed into events of sitting, standing,
or stepping using the activPAL software version 7.2.32 (PAL
Technologies Ltd, Scotland, UK). Self-logged sleep and wake
times collected from the BeWell24 app were used to exclude
sleep time from the analyses. We used the consensus definition
of sedentary behavior as seated/lying positionswith low energy
expenditure [4]; therefore, all wake time measured by the
activPAL 3c as lying/seated were considered sedentary. LPA
time was defined as time spent standing or stepping at <3
metabolic equivalents (METs). MVPA was defined as time
spent stepping at >3 METs. Although the activPAL 3¢ device
was primarily developed for measuring sedentary behavior, a
recent study has shown that the device is also accurate at
classifying and estimating the time spent at these
higher-intensity activities (mean bias=-2.6 [-5.8, 0.7] minutes,
RMSE=8.4, ICC=0.98 [0.95, 0.99]) [28]. All behaviors were
summed to total time spent in that category and expressed in
minutes/day. Bouts of continuous sedentary behavior >10 hours
from the activPAL 3c were considered nonwear time and were
excluded from the analyses.

Statistical Analyses

Datawere summarized using means, standard deviations (SDs),
frequencies, and percentages. Analyses were performed using

Figure 2. Root mean square error equation.
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SAS Enterprise Guide 6.1 (SAS Institute Inc., Cary, NC) and
SPSS version 23 (SPSS, Inc., Chicago, IL).

Reliability

Reliability of the BeWell24 app was evaluated using the data
collected during the last two weeks of the baseline period. The
last two weeks of the baseline period were arbitrarily chosen
because they represent a period when participants were well
acquainted with the app but before the start of intervention.
Days with >80% completion rates on the BeWell24 app were
considered valid days, and weeks with less than 3 valid days
were excluded from the analyses. The activities spent per day
in the second and third baseline weeks were summarized into
weekly averages and intraclass correlations (ICCs; 95% Cl),
with absolute agreement between the two weeks calculated
using two-way random effects models [29]. Reliability was
considered poor, moderate, or strong when correlation
coefficients were <0.4, 0.4-0.8, or >0.8, respectively [21].
Validity

The validity of the BeWell24 app was evaluated by comparing
the app-based reported values to activPAL3c-measured
sedentary time, LPA, and MV PA. Dayswith <80% completion
rate of the app or those with <8 hours of valid activPAL 3c wear
time were excluded from analyses. Agreements between the
two measures were assessed using single-measure with absolute
definition 1CCs using the two-way random effects model.
Validity coefficients were interpreted with the scale referenced
inthereliability section. Bias estimates such as mean difference
(&) and root of mean square error (RMSE; Figure 2) were also
used to determine the degree of over/underestimation of the
time spent on each behavior.

RMSE = \/Z(BeWeHZL} — activPAL3c)?/n

The Bland-Altman method was also used to estimate the mean
bias and the 95% limits of agreement (2 SD of the difference)
between the two measurement methods. The plotswere visually
inspected for the presence of heteroscedasticity. The degree of
heteroscedasticity was then assessed by calculating the Kendall's
tau (1) correlation between the absolute differences and the
corresponding means. When t>.1, the data were denoted
heteroscedastic. When 1<.1 or negative, the data were denoted
homoscedastic. If heteroscedasticity was present, the datawere
transformed by logarithms to the base 10. The limits of
agreement from thelog transformed datawere then transformed
back into the original scale by taking antilogs, which were then
expressed as a function of the mean in the Bland-Altman plot
[22].

http://mhealth.jmir.org/2017/8/e119/

Responsiveness to Change

The responsiveness dtatistic (RS) quantifies the minimal
clinically important difference, in relation to the variability in
scores of stable participants [30,31]. Ideally, participants are
measured multipletimes during the baseline and postintervention
period to calculate the amount of variability in scores over a
stable period. In this analysis, we categorized participants as
stableif they did not change their sedentary or LPA time by 30
minutes/day or MVPA by 10 minutesday. The SDs of the
differences in scores between weeks 3 and 7 of these stable
participants were used asthe denominator in the RS cal cul ation.
For each participant, we also used the mean change in time
spent in each behavior from week 3 (baseline) to week 7 (A) as
our estimate of the minimal clinically important difference. To
supplement our results, we caculated the degree of
over/underestimation of the mean change in behavior by the
BeWell24 app using mean percentage error (MPE; Figure 3).
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Figure3.

Data Exclusion

Uncategorized hours in the app and sleep time were excluded
from the data analyses. A total of 595 participant days were
gathered from participants. Dayswith <10 hoursof activPAL3c
wear time and dayswith >20% annotation (n=219 days, 36.8%)
were excluded from the analyses.

Results

User Statistics

A total of 26 adults (age 49.0 years, SD 8.9; 85% men; 73%
Caucasian; body mass index [BMI]=35.0 kg/m? SD 8.3)
participated but only 17 participants completed all aspects of

http://mhealth.jmir.org/2017/8/e119/
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the study. Four subjects withdrew from the study during the
3-week run-in period due to an unrelated health concern (n=1),
burdensome assessment protocol (n=2), and loss of contact
(n=1). Four subjectswerelost to follow-up after randomization
(17/21, 81% retention) due to an unrelated health concern (n=1)
and loss of contact (n=3). There were no differences in
demographic characteristics between withdrawn and lost to
follow-up participants among participants who completed the
study (N=17). All available data, from both completers and
noncompleters, were included in subsequent analyses.
Participantswere asked to report their sedentary behavior, LPA,
and MVPA in the app over the 11-week study period but only
dayswith matching activPAL 3c data (weeks 3, 7, and 11) were
included inthe analyses. A total of 376 daysfrom 21 participants
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were analyzed. Across all time points, participants spent an
average of 695.5 (SD 139.3) minutes/day being sedentary, 144.9
(SD 112.4) minutes/day on LPAs, and 215 (SD 16.5)
minutes/day on MV PAs, as measured by the activPAL 3c.

Reliability

Reliability in this study refers to the consistency of the
BeWell24 app in measuring a behavior over a stable 2-week
period (baseling). Based on the test-retest data, the reliability
of the BeWell24 app revealed moderate agreement between
measures of total time spent in sedentary behavior, LPAS, and
MVPAs (ICC=0.65 [0.43, 0.82], 0.67 [0.44, 0.83], and 0.69
[0.48, 0.84], respectively).

Table 1. Agreement between activPAL 3c and the BeWell24 app.

Toledo et al

Validity

Table 1 shows the agreement between the BeWell24 app and
activPAL3c in total minutes/day spent in each of the three
behaviors. Overall, the agreements between the two measures
were poor (ICC range=0.10-0.35). Figure 4 A shows the
Bland-Altman plot for self-reported sedentary behavior and
activPAL 3c-derived total time spent in sedentary activity per
day. The data were determined to be homoscedastic (1=-.35,
P<.001). Linear regression showed a significant positive bias
(B=0.53, P<.001) with increasing sedentary time. On average,
the BeWell24 app substantially underestimated total sedentary
behavior by -160.4 (-179.8, -141.0) minutes/day, and RM SE of
2495,

Intraclass correlation® (95% Cl)

Sedentary Activity 0.35 (0.04, 0.56)

Light-Intensity Physical Activity 0.20 (0.02, 0.36)

Moderate-Vigorous Physical Activity  0.10 (-0.01, 0.17)

b (95% Cl) Root of mean square error
-160.4 (-179.8, -141.0) 249.5

144.4 (125.4, 163.5)237.0) 237.0

15.5(8.8, 22.3) 68.2

8Calculated using two-way random effects model with absolute agreement

B\ ean difference between two measures calculated as = (BeWell24-activPAL 3c)/n

Figure 4B and 4C show the Bland-Altman plot for self-reported
and activPA L 3c-derived time spent per day in LPA and MVPA
activities, respectively. For both LPA and MVPA, visud
inspection of the Bland-Altman plots on their original unit of
measurement revesl ed heteroscedasticity, which were confirmed
by Kendall's t correlation coefficients (0.52 and 0.72,
respectively). As such, data were anayzed on the

log-transformed scale. There was significant negative bias
(B=-0.56, P<.001 for LPA, and B=-1.1, P<.001 for MVPA).
Furthermore, the BeWell24 app significantly overestimated
time spent on LPA activities by 144.4 (125.4, 163.5)
minutes/day with RMSE of 237.0 and dlightly overestimated
the time spent on MV PA by 15.5 (8.8, 22.3) minutes/day with
RMSE of 68.2.

Figure 4. Bland-Altman plot of the BeWell24 app versus activPAL3c. (A) Tota time spent sedentary (minutes/day); (B) total time spent in LPAs
(minutes/day); (C) total time spent in MV PAs (minutes/day). The y-axes are the difference between the two measures (BeWell24 app — activPAL 3c),
and the x-axes are the average between the two measures ([BeWell24 app + activPAL3c]/2). SED: sedentary activity; LPA: light-intensity physical
activity; MVPA: moderate-vigorous physical activity; LoA: Limits of agreement for heteroscedastic data (calculated as a function of the mean,

LoA=+2Mean[10"SD-1]/[10°SD+1]).
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Table 2 depicts the variability of each measure in each activity
category in the preintervention period, the mean change from
week 3 to week 7, and the RS of the BeWedl24 app and
activPAL 3c. The mean changein sedentary behavior was greater
in the BewWell124 app (-17.7 [-91.5, 56.0] minutes/day vs 2.16

http://mhealth.jmir.org/2017/8/e119/

Average

400 600 0 50 100 150 200 250

Average

[-49.3, 53.6]) minutes/day). However, the RS of the BeWel124
app was lower compared to the activPAL 3c (0.20 vs 0.64) due
to higher variability in changed scores among stable participants
using the app. Similarly, the LPA and MVPA RS of the
BeWel124 app was smaller (0.04 vs 2.0, and 0.19 vs 0.40) due
to greater variability of changed L PA and MV PA time from the
BeWel124 app.
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Table 2. Responsiveness to change of the BeWell24 app and activPAL 3c (n=20).

Variable % Substantial Change Mean T1 and T2 Change (95% SD Responsiveness Statis-
(n/N) Cl) tics
Sedentary Activity 85 (17/20)
BeWell24 -17.7 (-91.5, 56.0) 87.7 0.20
activPAL3c 2.16 (-49.3, 53.6) 34 0.64
Light-Intensity Physical Activity 35 (7/20)
BeWell24 -3.50 (-44.9, 37.9) 79.7 0.04
activPAL3c -29.2(-70.4,11.9) 14.7 2.00
M oder ate-Vigorous Physical Activity 10 (2/20)
BeWell24 -6.40 (-28.8, 15.9) 34.0 0.19
activPAL3c -2.00 (-5.00, 0.96) 5.00 0.40

8Percentage of participants who decreased by at least 30 minutes/day for sedentary activity, increased by at least 30 mins/day of LPA, or increased 10

minutes/day of MV PA based on activPAL 3c
bA measure of variability in change score of stable participants
bCalculated as (mean change/SD), with direction of change removed

On average, the BeWell24 app dightly underreported change
in sedentary behaviors and MVPAs (MPE, 95% CI=-2.0%
[-161.7, 157.6.2] and -9% [-316.5, 298.5], respectively). The
app significantly overestimated changein LPA timeby 207.1%
(-28.6 to 442.7). Nevertheless, both measures showed similar
directionsin change scores for al behaviors.

To understand the reasons for between-subject reporting error,
we explored the agreement between the two measures within
participants. We observed substantial variation in the agreement
of the two measures between subjects (ICC range=-0.191t0 0.74,
-0.85t00.93, and <-0.001 to 0.75 for sedentary behaviors, LPAS,
and MV PAS, respectively; Figure 5). Wethen evaluated possible
predictors of this observed variability using alinear regression
model. Multiple variables (age, sex, BMI, activPAL 3c-derived
total time spent in sedentary behavior, LPA, and MVPA, and
total percent of day categorized in the app) were evaluated for
their associationswith accuracy at reporting sedentary behaviors,
LPAs, and MVPAs. We only found a significant positive

http://mhealth.jmir.org/2017/8/e119/

association in 1CC scores between BMI and sedentary behaviors
and LPAs (B=0.026, P<0.01 and 3=0.025, P=.02, respectively),
suggesting that participantswith higher BMIstended to be more
accurate at reporting their sedentary and LPA behaviors.
However, our analysis was limited in power due to a small
number of observations within each subject.

We also explored the accuracy of the reported time spent in
each behavior by hour (Figure 6) to understand whether subjects
were more accurate in their reporting during morning, midday,
or evening times. In general, hourly ICCsranged from -0.26 to
0.37,-0.16 t0 0.41, and -0.22 to 0.43 (for sedentary behaviors,
LPAs, and MV PAS, respectively). The overall pattern suggested
greater accuracy during morning hours for sedentary and
MVPASs, and uniform levels of accuracy for MVPAs during
daytime hours with lower accuracy during early morning and
late evening hours. The number of observations in each hour
are presented beside each bar. Sleep time has been excluded
from all analyses.
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Figure5. Individual variability in accuracy of self-reported behavior among participants. LPA: light-intensity physical activity; MV PA: moderate-vigorous
physical activity; ICC: intraclass correlation.
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Figure 6. Hourly variability in accuracy of self-reported behavior among participants. The number of observations in each hour is presented beside
each bar. Sleep time has been excluded from all analyses. LPA: light-intensity physical activity; MV PA: moderate-vigorous physica activity; ICC:
intraclass correlation.
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Discussion

Principal Results

This study examined the utility of the BeWell24 app for
assessing time spent in sedentary and more active behaviors.
The results indicated that the app has moderate reliability and
comparable RS to the activPAL 3¢ when measuring sedentary
and more active behaviors. This method of sedentary and PA
behavior assessment leverages the mobile platform to deliver
a more accessible and user-friendly assessment tool. This
approach lowers the burden associated with daily diaries and
allows for continuous reporting of sleep, sedentary behaviors,
LPAs, and MVPASs.

However, our results also indicated poor absolute agreement
between the app and the criterion measure for sedentary, LPA,
and MVPA behaviors. These results were similar to other
paper-based self-report measures of these behaviors (median
Spearman of 0.23 for sedentary behavior and 0.30 for total
activities) [10]. However, it must be noted that these PA
guestionnaires were evaluated using Spearman correlations,
thus systematic differences between the two measurement
methods were not taken into account [32]. Using ICCs to
evaluate thereliability and validity of ameasureismore suitable
because it accounts for these systematic differences, which are
considered to be an important element of overall measurement
error [33].

Technological advances haveled to the devel opment of various
mobile technologies that directly measure PA through sensors
(ie, accelerometers) integrated into the mobile system. A review
that included 10 studiesthat utilized mobile systemsto measure
PA found that these systems varied in their ability to classify
behaviors (accuracy rangesfrom 52-100%) [34]. Although these
mobile apps do measure behaviors passively and objectively,
they are aso limited in their ability to detect the context
associated with these behaviors. A similar study that used mobile
technology to deliver a self-report questionnaire to participants
showed that total activity level (asassessed by the questionnaire)
was moderately correlated with total countsfrom the Actigraph
(r=.45, P<.05) [17]. However, the mobile app was only designed
to measure total activity level of a person and does not measure
the time spent in each activity category. A major advantage of
our approach is that we alowed for 24-hour annotation of
activity and did not just focus on MV PAs. This factor enabled
us to critically evaluate the app for its ability to measure time
spent in each activity category. Thisdesign will also alow future
researchers to eval uate the independent health impacts of these
behaviors.

The discrepancies in reported PA behaviors could be due to
misclassification of MV PAs to LPAs by the activPAL3c. One
limitation of the activPAL3c device, and with other
accel erometer-based monitors, is that they are limited in their
ability to measure the relative intensity of an activity. For
example, a person walking leisurely at 3 miles per hour could
be logged as an LPA in the activPAL3c device but could be at
moderate intensity relative to the person’s fithess level, which
would be reported as MVPA in the app. The under-reporting
of LPA timeand over-reporting of MV PA timein the BeWel124
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app supports this notion. It must also be emphasized that L PA
time was cal culated from the app using the total time classified
as “others’, in which participants were instructed to include
behaviorsthat do not belong to other specified categories. This
instruction could have led to some misclassification by the
participants. However, participants were given clear and
exhaustive instructions when classifying their activities, and
any misclassification that occurred could aso have randomly
occurred in real-life settings, and should be treated as random
errors.

Our results also included a responsiveness to change analysis
to determine how well the app detects changes in behavior
relative to the activPAL 3c measure. Thischangeisan important
metric to evaluate, given its utility in the context of behavioral
interventions, in which the absol ute estimate of an activity may
be less important than whether change in that activity has
occurred. Notably, the app has consistently higher variability
in changed scores among stable participants. This result also
led the RS scores of the app to be consistently lower compared
tothe activPAL 3c. Regardless, the mean change scoresfor both
the activPAL3c and the BeWell24 app had similar trends in
LPA and MVPA categories, suggesting that these measures
agree on the overall direction of change for each of the
behaviors.

Strengths and Limitations

One strength of this study is the use of the activPAL 3c device,
which allowed usto compare the self-report measure to amore
valid measure of sedentary behavior and LPA. We also reported
the RS of both measures, which enabled us to determine the
ability of our instrument to detect changesin our target behavior
over time. One key feature of this app that may be useful in
future studiesisthe ability to capture the contextual information
of these sedentary and more active behaviors, which greatly
improves its utility in interventions targeting domain-specific
behaviors. However, thisfeature was not eval uated in this study
due to lack of objective criterion measures. The results from
thisstudy will provide useful information for future studiesthat
would evaluate the validity of the app to measure these
domain-specific behaviors.

A limitation of our study was the lack of a control group. Due
to our study design, al participants received the at least one
component of the app (self-monitoring component and/or a
combination of the sleep, sedentary, or exercise component).
Thisfactor limited our ability to determine whether the observed
change in behaviors were due to actual change caused by the
intervention, or due to other causes, such as systematic
misreporting of the behavior. As pointed out by Gardiner et al
[35], alarger RSin our study suggests a greater magnitude of
reported change in behavior during the intervention period, and
not necessarily a better ability to detect a minimal clinically
meaningful change. Furthermore, the activPAL3c device is
primarily aimed at measuring sedentary activities and may be
limited in its usefulness in measuring MV PAs. The lack of a
more accurate measure of active behaviors may have led to the
lower validity of the app in measuring MV PA. However, recent
studies have shown that although the activPAL3c does
overestimate and underestimate the energy expenditure of higher
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intensity activities, it does a satisfactory job of estimating time
spent in these activities [28,36]. We were also limited in our
ability to generalize the findings due to our small sample size,
which wasdlightly older and had one or more morbid conditions
compared to the general population.

Conclusions
Our results suggest that the BeWell24 app is reliable and

Toledo et al

behaviors. However, this finding is not unexpected, given that
using self-reports for absolute measurement of these forms of
activities havetraditional ly been difficult. Despite thislimitation,
theappistill useful in studiesaimed at eval uating interventions
targeted at changing these specific behaviors. In addition, the
app could be used as atool to capture context-specific forms of
sedentary, LPA, and MV PA behaviors. Further study is needed
to evaluate possible correlates for the large amount of

sensitive to change in both sedentary behavior and more active
behaviors after an intervention. The analysis showed poor
agreement with the activPAL3c when measuring these

between-subject variability in the accuracy of participantswhen
reporting sedentary and more active behaviors.
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