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Abstract

Background: Recently, the number of ambulance dispatches has been increasing in Japan, and it is therefore difficult for
hospitals to accept emergency patients smoothly and appropriately because of the limited hospital capacity. To facilitate the
process of requesting patient transport and hospital acceptance, an emergency information system using information technology
(IT) has been built and introduced in various communities. However, its effectiveness has not been thoroughly revealed. We
introduced a smartphone app system in 2013 that enables emergency medical service (EMS) personnel to share information
among themselves regarding on-scene ambulances and the hospital situation.

Objective: The aim of this study was to assess the effects of introducing this smartphone app on the EM S system in Osaka City,
Japan.

Methods: Thisretrospective study analyzed the popul ation-based ambulance records of Osaka Municipal Fire Department. The
study period was 6 years, from January 1, 2010 to December 31, 2015. We enrolled emergency patients for whom on-scene EMS
personnel conducted hospital selection. The main endpoint was the difficulty experienced in gaining hospital acceptance at the
scene. The definition of difficulty was making =5 phone calls by EMS personnel at the scene to hospitals until a decision to
transport was determined. The smartphone app was introduced in January 2013, and we compared the patients treated from 2010
to 2012 (control group) with those treated from 2013 to 2015 (smartphone app group) using an interrupted time-series analysis
to assess the effects of introducing this smartphone app.

Results. A total of 600,526 emergency patients for whom EMS personnel selected hospitals were eligible for our analysis.
Therewere 300,131 emergency patientsin the control group (50.00%, 300,313/600,526) from 2010 to 2012 and 300,395 emergency
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patients in the smartphone app group (50.00%, 300,395/600,526) from 2013 to 2015. The rate of difficulty in hospital acceptance
was 14.19% (42,585/300,131) in the control group and 10.93% (32,819/300,395) in the smartphone app group. No change over
time in the number of difficulties in hospital acceptance was found before the introduction of the smartphone app (regression
coefficient: —2.43, 95% Cl -5.49 to 0.64), but after its introduction, the number of difficulties in hospital acceptance gradually
decreased by month (regression coefficient: —11.61, 95% Cl -14.57 to —8.65).

Conclusions: Sharing information between an ambulance and a hospital by using the smartphone app at the scene was associated
with decreased difficulty in obtaining hospital acceptance. Our app and findings may be worth considering in other areas of the

world where emergency medical information systems with I T are needed.

(JMIR Mhealth Uhealth 2017;5(9):e134) doi: 10.2196/mhealth.8296

KEYWORDS

emergency medicine; emergency medical services; mobile health; telemedicine; public health

Introduction

Methods

In Japan, when emergency patients call for emergency medical
service (EMS) at the scene, on-scene EM S personnel assessthe
patient’s condition and then transport the patient to a hospital
that can accept and treat him or her [1]. In this process,
ambulances can transport the patient to the hospital only after
obtaining permission from the selected hospital viaaphone call
[1]; this permission is defined as hospital acceptance in Japan
[2]. Recently, the number of emergency patients transported to
a hospital by EMS has been increasing and exceeding the
hospital capacity in Japan. Therefore, it is becoming more
difficult to obtain permission and transport and accept
emergency patients smoothly and appropriately, especially for
severely ill patients and pregnant women [3]. Indeed, our
previous study reveal ed that prehospital factorssuch aspatient’s
age and time of day were associated with difficulty in hospital
acceptance at the scene by analyzing the ambulance recordsin
Osaka City, Japan [4].

Digital information devices such as smartphones and tablet
computers have been developing dramatically, and various
medical information systemsfor EMS and medical institutions
have al so been introduced with the use of these devicesin Japan
[5]. If EMS personnel at the scene could see the real-time
situation of patient transport and hospital acceptance by using
amobile app for smartphones and iPad, they would be able to
transport emergency patients to the hospital more smoothly.
However, it has not been sufficiently assessed whether the
introduction of such information systems would improve the
emergency patient transport process by an EMS.

Osaka City is the largest city in western Japan, and there are
about 200,000 emergency dispatches every year. We devel oped
amedical information system with smartphone app for an EMS
system to facilitate hospital selection and the transport of
emergency patients. We call this medical information system
as ORION (Osakaemergency information Research Intelligent
Operation Network system). It has been in operation in Osaka
since January 2013. By anayzing the population-based
ambulance records of the Osaka Municipal Fire Department
(OMFD) before and after theintroduction of ORION, this study
aimed to assess the effects of the introduction of this medical
information system for an EMS on the difficulty in obtaining
hospital acceptance.

http://mhealth.jmir.org/2017/9/e134/

Study Design, Population, and Setting

Thiswasaretrospective, population-based, observational study
using ambulance records of the OMFD in Osaka City, Japan.
The study period was 6 years, from January 1, 2010 to December
31, 2015. Among all emergency dispatches, this study enrolled
emergency patients for whom EMS personnel at the scene
selected the hospital, and it excluded those who were not
transported or were transported to hospitals requested by the
patients or their family and those who were transported between
hospitals This study was approved by the ethics committees of
Osaka University Graduate School of Medicine and Kyoto
University Graduate School of Medicine. The ambulancerecords
of the OMFD were considered administrative records, and the
requirement of obtaining patients' informed consent waswaived.
The researchers dealt only with anonymous data that were not
linkable to the patients.

EMS System and Hospitalsin Osaka City

Osaka City, the largest metropolitan community in western
Japan, had apopulation of about 2.7 millionin 2017 and covers

an area of 222 km?. The annual number of emergency patients
transported by an EMS in Osaka City is about 200,000. The
municipal EMS systemisbasically the same asthat in the other
areas of Osaka Prefecture, as previously described [6]. Briefly,
an EMS system is operated exclusively by the OMFD and is
activated by calling 119. The OMFD had 25 fire stations (60
ambulances) and one dispatch center in 2016. Usually, each
ambulance has a crew of 3 emergency providers, including at
least one emergency lifesaving technician who is a
highly-trained prehospital emergency care provider authorized
to use an automated external defibrillator toinsert an intravenous
line and administer adrenaline and to place advanced airway
management [7]. Osaka City had 184 hospitals (32,645 beds)
in 2015 [8]. Among those, 99 hospitals, including 6 critical care
centers, were designated to accept life-threatening emergency
patients from ambulances. During the study period, emergency
dispatchersin Osaka City did not make phone callsto hospitals
for acceptance; only ambulances crews at the scene selected
appropriate hospitals, including critical care medical centersfor
the emergency patients.
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Smartphone App in the ORION System

EM S personnd at the scene operate asmartphone app connected
to the ORION system for each emergency patient. When EMS
personnel launch this app and register an emergency patient,
the app screen for recording the prehospital time course of the
patient’s transport is active (Multimedia Appendix 1). When
EMS personnel touch the button labeled “arrival at the scene,”
thetime of arrival at the sceneisrecorded, and then thelocation
is also recorded by activating the global positioning system on
the smartphone. Next, when they leave the scene and touch the
button labeled “ departure from the scene,” the time is recorded
and the status of the ambulance changes to “transporting to
hospital.” On touching the button labeled “arrival at the
hospital,” the arrival time is recorded, and the status changes
to “during treatment of patient.” Ambulance statuses from the
scene to the hospital are registered in the ORION cloud server
and are also reflected on the screen of the medical intitution
list displayed on the app of other ambulances. For hospital
selection, when an EMS personnel at the scene touches the
button labeled “to patient check list” in the ambulance status
screen, the app screen for recording the patient’s status such as
vital signs and background becomes active (Multimedia
Appendix 2). EMS personnel can choose symptoms displayed
on the app screen that match the patient’s complaints, and then
the appropriate treating hospitals are listed based on the patient’s
condition. For example, Multimedia Appendix 3 showsthe app
screenshot for “chest pain,” on which EM S personnel can check
items such as “ST-T change’ and “dyspnea’ for patients with
chest pain. In Osaka, medical institutions are categorized based
on the feasibility of treating these conditions [9]. When EMS
personnel select the check items on this screen, this app shows
the list of hospitals that can conduct treatment for potential
etiology (or disease) such as emergency percutaneous catheter
intervention. In the screen listing the medical institutions
(Multimedia Appendix 4), EMS personnel can select the
appropriate hospital for the emergency patient. Colored circles
in the screen illustrate the status of emergency patientsin each
hospital asfollows: A red circle means that another ambulance
is transporting a patient to that hospital, a yellow circle means
that medical staff are now treating a patient transported by
another ambulance, and a blue circle means that the hospital is
currently neither receiving nor treating any patient. When EMS
personnel at the scene select an appropriate hospital for the
patient, considering the status of the medical institutions
displayed on the app screen, and touch the name of a medical
institution, the hospital isautomatically called. After receiving
consent of hospital acceptance from the hospital, the on-scene
EMS personnel start to transport the patient to the hospital. If
the hospital regjectsthe request from EM S personnel, the number
of telephone calls required until a receiving hospital is
determined is also automatically totaled. EM S personnel at the
scene can call critical care centerswithout filling in the patient’s
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checklist in the app if they judge that the patient is in critical
condition.

The smartphone app dataare accumulated in the ORION cloud
server, and data managersin cooperation with dispatched EMS
personnel directly input or upload the ambulance record of each
emergency patient so that it can be merged with the app data.
Furthermore, each hospital also directly inputs or uploads the
patient’s data such as diagnosis and prognosis after hospital
acceptance. All of these data, which comprise the smartphone
app data, ambulance data, and hospital data, are merged in the
ORION cloud server and managed as one large database in
Osaka. To collect data from OMFD as well as emergency
hospitals, we used a highly confidential line such as a virtual
private network (VPN) rather than the Internet, and the server
that could safely store massive data from these institutions was
separated from the normal Internet line. In addition, we built
up two backup servers in addition to the main server to avoid
the loss of the ORION database. Analysis of the ORION data
is fed back to every fire department and emergency hospital.
Public health departmentsin Osakawill aso be able to examine
the effect of health policy on emergency medical system using
these data (Figure 1).

This smartphone app of the ORION system was introduced in

all areas of Osaka City at the same time on 1% January, 2013
and has been working as of July 2017. In Osaka City, the other
emergency medical system did not change during the study
period except for the introduction of the ORION system.

Data Collection and Quality Control

Datawere uniformly collected using specific formsthat included
age, sex, foreigner, Glasgow Coma Scale (GCS), chronological
factors such as the time of day and day of the week, the time
course of transportation such as time of the call and hospital
arrival, reason for the EM S call, and the total number of phone
callsmadeto hospitalsby EM S personnel at the scene. The data
were completed by EMS personnel in cooperation with the
physicians caring for the patient, transferred to the EMS
Information Center of OMFD, and then checked by the
investigators. If the dataset was incomplete, the investigators
returned it to the responsible EM S personnel for completion of
the data.

Endpoint

The main endpoint was the difficulty in hospital acceptance. In
this study, we defined the difficulty in hospital acceptance as
the case in which EMS personnel at the scene needed to make
=5 phone callsto medicd institution before the hospital accepted
the patient according to the guidelines regarding the transport
and hospital acceptance of emergency patients in Osaka City

[9.
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Figure 1. System configuration of Osaka emergency information Research Intelligent Operation Network system (ORION). All of the data consisting
of smartphone app data, ambulance data, and hospital data are merged in the ORION cloud server and managed as one large database in Osaka.
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Statistical Analysis

Asaprimary analysis, we evaluated changes in the number of
the difficulties in hospital acceptance for each month before
and after the introduction of the smartphone app, with the use
of interrupted time-series analysis to evaluate the introduction
effect of a smartphone app on the difficulty in hospital
acceptance [10]. In this study, we set the time point as January
2013, when this smartphone app was introduced and assessed
the relationship between the number of difficulties in hospital
acceptance by month and the elapsed time (months) since the
study initiation, adjusting the month as a covariate to take
seasonality into consideration. On the basis of previous studies
[4,11], wea so conducted subgroups such as age group (children
<15 years, adults aged 15-64 years, and the elderly aged =65
years), sex (male or female), time of the day (daytime or
nighttime), and day of the week (weekday or weekend or
holiday). Furthermore, we assessed the introduction effect
especialy in emergency cases such as out-of-hospital cardiac
arrest, traffic accident, injury by assault, and self-induced drug
abuse or gas poisoning or trauma.

Patient and EMS characteristics between the two groups (<5
and =5 phone calls) were assessed by chi-square test for
categorical variables and the Wilcoxon test for continuous
variables. In this study, we defined emergency patients enrolled
in the period from 2013 to 2015 after the introduction of the
ORION system as the smartphone app group, that is, the group
on which the smartphone app was used. Asasensitive analysis,
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we calculated the adjusted odds ratios (AORs) and 95% Cls
with the use of a multivariable logistic regression model. We
also considered potential confounding factorsthat existed before
the EM S personnel made contact with the patient. Thesefactors
included age group (children <15 years, adults aged 15-64 years,
and the elderly aged =65 years), sex (maleor female), foreigner
(yes or no), disturbance of consciousness (defined as GCS <8,
or not), time of the day (daytime or nighttime), day of the week
(weekday or weekend or holiday), seasonality (January-March,
April-June, July-September, and October-December), use of
the smartphone app (yes or no), and reason for the EMS call
[1,12]. Reasonswhy apatient, the patient’sfamily, or bystanders
called an ambulance included internal disease; gynecological
disease; traffic accident involving vehicle, ship, or aircraft;
industrial accident; sports-related disease and injury; asphyxia;
trauma by assault; self-induced drug abuse or gas poisoning or
trauma; other trauma; and others.

All testsweretwo-tailed, and P values of <.05 were considered
statistically significant. Statistical analyses were performed
using Statistical Package for the Socia Sciences (SPSS)
statistical package V.22.0J (IBM Corp).

Results

Study Population

Figure 2 showstheflow of the enrolled patients during the study
period from 2010 to 2015 in Osaka City. A total of 1,294,549
emergency dispatches were documented in Osaka City during
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the study period. A total of 600,526 emergency patients were
included for our analysis (300,131 patients [50.00%] in the
control group and 300,395 patients[50.00%] in the smartphone
app group) after excluding 369,479 patients who were
transported to the specific hospitals requested by patients or
their family; 63,808 patients who underwent interhospital
transport; 260,689 patients who were not transported by
ambulance; and 47 patients with other reasons.

Figure 2. Patient flow during the study periods.

http://mhealth.jmir.org/2017/9/e134/

XSL-FO

RenderX

Katayamaet a

Outcome

Figure 3 shows the number of patients who had difficulty in
hospital acceptance (blue bars) by month and the predicted
number of difficultiesin hospital acceptance calculated from a
regression formula with interrupted time-series design (orange
line). The graph also shows that seasonality existed in the
number of difficultiesin hospital acceptance per month.
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Figure 3. The number of difficulties experienced in hospital acceptance by month and the predicted number of difficulties in hospital acceptance by
interrupted time-seriesanalysis. The numbers of patientswho had difficulty in hospital acceptance are shown by month with blue bars, and the predicted
numbers of difficultiesin hospital acceptance calculated from a regression formulawith interrupted time-series design are shown by the orange line.
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Table 1. Resultsof multiple linear regression analysis to detect association between the introduction of the smartphone app for the emergency medical
service (EMS) system and the number of difficultiesin hospital acceptance per month.

Object Time trend before the introduction  Time trend after the introduction of - Change in trends between pre-and R 2
of the smartphone app (2010-2012) the smartphone app (2013-2015) postintervention period (2010-2015)
(change per month) (change per month) (change per month)
Regression  95% Cl Pvalue  Regression 95% Cl Pvalue  Regression 95% Cl P value
coefficient? coefficient? coefficient?
All -243 -549t0 .118 -11.61 -1457t0 <.001 -9.18 -1456t0 .001 .810
0.64 -8.65 -3.81
Subgroup
Children -0.67 -0.89t0 <.001 -0.54 -0.75t0 <.001 0.13 -0.25t0 .484 723
-0.45 -0.33 0.52
Adult -1.94 -362t0 .025 -7.00 -8.62t0 <.001 -5.06 -8.01to .001 776
-0.25 -5.37 -2.11
Elderly 0.18 -131to .807 -4.26 -6.87to  .002 -4.08 -552t0 <.001 .839
1.67 -1.65 -2.64
Daytime -0.95 -2.04t0 .087 -3.63 -4.69t0 <.001 -2.68 -459t0  .007 .801
0.14 -2.57 -0.77
Nighttime -1.48 -365t0 .178 -7.99 -10.09t0 <.001 -6.51 -10.32t0 .001 .788
0.69 -5.89 -2.70
Weekday -181 -367t0 .058 -6.94 -8.74t0 <.001 -5.13 -841to .003 795
0.06 -5.14 -1.86
Weekend/Holiday -0.62 -2.26t0 .450 -4.67 -6.25t0 <.001 -4.05 -6.92to  .006 774
1.01 -3.09 -1.19
Out-of-hospital car-  0.01 -0.09t0 .827 -0.20 -0.30to <.001 -0.22 -0.39t0 .018 791
diac arrest 0.11 -0.11 -0.04
Traffic accident -0.26 -0.68t0 .205 -1.46 -1.85t0 <.001 -1.19 -191to .002 .617
0.15 -1.06 -0.47
Trauma by assault -0.05 -0.26t0 .598 -0.34 -0.53t0 .001 -0.28 -064to0 .115 .346
0.15 -0.14 0.07
Drug abuse, gaspoi- -0.44 -0.62t0 <.001 -0.40 -057t0 <.001 0.04 -0.26t0 .778 .663
soning and trauma by -0.27 -0.23 0.35

self-injury

8Regression model was adjusted for seasonal effects.

No change over time in the number of difficulties in hospital
acceptance was found before the introduction of the smartphone
app (regression coefficient: —2.43, 95% Cl —5.49 to 0.64), but
after its introduction, the number of difficulties in hospital
acceptance gradually decreased by month (regression
coefficient: —11.61, 95% Cl -14.57 to —8.65; Table 1). The
regression coefficient of the changes in trends (slope change)
between pre- and post-intervention periods was —9.18 (95% Cl
-14.56 to —3.81). In the subgroup analyses (Table 1), after the
introduction of the smartphone app, the number of difficulties
in hospital acceptance gradually decreased by month among
adults (regression coefficient: —7.00, 95% CI -8.62 to -5.37)
and the elderly (regression coefficient: —4.26, 95% Cl —6.87 to
-1.65). However, as for children, before its introduction, the
number of difficultiesin hospital acceptance gradually decreased
(regression coefficient: —0.67, 95% Cl —0.89 to —0.45), and the
introduction effect before and after its introduction was not
observed in this group (regression coefficient: 0.13, 95% CI
-0.25 to -0.52). In al chorological groups, the number of
difficultiesin hospital acceptance gradually decreased after the
introduction of the smartphone app. As for emergency cases,
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after the introduction of the smartphone app, the number of
difficultiesin hospital acceptance gradually decreased by month
in out-of-hospital cardiac arrest (regression coefficient: —0.20,
95% Cl -0.30 to -0.11) and traffic accident (regression
coefficient: —1.46, 95% CI -1.85to —1.06). However, no change
over time in the number of difficulties in hospital acceptance
was found before and after the introduction of the smartphone
app intrauma by assault (regression coefficient: —0.28, 95% Cl
-0.64 to 0.07) and drug abuse or gas poisoning or trauma by
self-injury (regression coefficient: 0.04, 95% Cl —0.26 t0 0.35).

Patient and EM S characteristics before and after theintroduction
of the smartphone app are shown in Table 2. Patients in the
smartphone app group were more likely to be older and female,
have a lower proportion of disturbance of consciousness, and
have ahigher proportion of occurrence on weekend and holiday
compared with the control group. The number of foreigners
treated after the introduction of the smartphone app was higher
than that before its introduction. Although the time interval
from patient call to contact was similar between the two groups,
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the time interval from patient call to hospital arrival in the smartphone app group waslonger than that of the control group.

Table 2. Patient characteristics before and after the introduction of the smartphone app for emergency medical service (EMS).

Characteristics

Beforetheintroduction of ~ After theintroduction of the P value

the smartphone app for smartphone app for EMS
EMS? (2010-2012) (2013-2015)
n=300,131 n=300,395
Age, median (IQR?) 49 (24-74) 50 (25-75) <.001
Agegroup in years, n (%) <.001
Children aged <14 years 27,892 (9.29) 26,656 (8.87)
Adults aged 15-64 years 171,316 (57.08) 164,959 (54.91)
Elderly aged =65 years 100,923 (33.63) 108,778 (36.21)
Male, n (%) 168,559 (56.16) 164,826 (54.87) <.001
Foreigner, n (%) 542 (0.18) 1227 (0.41) <.001
Disturbance of consciousness (GCS®<8), n (%) 16,721 (5.57) 16,331 (5.44) 026
Time of day, n (%) .897
Daytime (9:00 am-5:00 pm) 125,885 (41.94) 126,071 (41.97)
Nighttime (5:00 pm-9:00 am) 174,246 (58.06) 174,322 (58.03)
Day of week, n (%) <.001
Weekday 190,796 (63.57) 188,838 (62.86)
Weekend or holiday 109,335 (36.43) 111,555 (37.14)
Seasonality, n (%) <.001
January-March 73,534 (24.50) 75,573 (25.16)
April-June 72,148 (24.04) 72,339 (24.08)
July-September 78,701 (26.22) 77,211 (25.70)
October-December 75,748 (25.24) 75,271 (25.06)
Reason for EMScall, n (%) <.001
Internal disease 185,196 (61.71) 180,097 (59.95)
Gynecological disease 3040 (1.01) 3190 (1.06)
Traffic accident by car, ship, or aircraft 41,834 (13.94) 38,438 (12.80)
Injury, toxication, and disease by industrial accident 3373 (1.12) 3756 (1.25)
Sports-related disease and injury 2362 (0.79) 2533 (0.84)
Asphyxia 1315 (0.44) 1421 (0.47)
Trauma by assailt 51,480 (17.15) 53,662 (17.86)
Drug abuse, gas poisoning, and trauma by self-injury 6047 (2.01) 5560 (1.85)
Other injury 4806 (1.60) 4149 (1.38)
Others 678 (0.23) 587 (0.20)
Time from patient’s call to contact by EMSin minutes, median (IQR) 5(3-6) 5(3-6) <.001
Time from patient’s call to hospital arrival in minutes, median (IQR) 29 (23-39) 31 (24-41) <.001

3EMS: emergency medical service.
bIQR: interquartile range.
¢GCS: Glasgow Coma Scale.
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Table 3. Number of phone callsand time interval for hospital selection before and after the introduction of the smartphone app for emergency medical

service (EMS).
Outcome Before theintroduction of ~ After theintroduction of the P value
the smartphone app for smartphone app for EMS
EMS? (2010-2012) (2013-2015)
n=300,131 n=300,395
Number of phone calls until hospital acceptance, median (IQRb) 2(1-3 113 <.001
Time interval of hospital selection by EMS at the scene in minutes, median 4 (2-10) 4(3-9) .012
(IQR)
Number of cases needing only one call by EMS until hospital acceptance, n 143,050 (47.66) 154,987 (51.59) <.001
(%)
Number of cases needing =5 calls by EMS until hospital acceptance, n (%) 42,585 (14.19) 32,819 (10.93) <.001
Timeinterval from EMS scene arrival to hospital arrival in minutes, median 24 (16-32) 26 (18-34) <.001

(IQR)

3EMS: emergency medical service.
bIQR: interquartile range.

Table 4. Sensitivity analysis of =5 callsto hospitals by on-scene emergency medical service (EMS) personnel before and after the introduction of the

smartphone app by using amultivariable logistic regression analysis.

QOutcome Percentage of difficulty in hospital acceptance OR? adjusted 95% ClI P value
% (n/N)
Introduction of a smartphone app for EM s°
Before the introduction of asmartphoneapp  14.19 (42,585/300,131) Reference
After the introduction of a smartphone app 10.93 (32,819/300,395) 0.73 0.72-0.74 <.001

80R: odds ratio.
bEMS: emergency medical service.

Table 3 shows the number of phone calls and the time taken for
hospital selection by EMS personnel with or without the
smartphone app. The hospital selectiontimeby EMS personnel
until hospital acceptance was similar between the two groups.
However, the median number of phone calls was lower in the
smartphone app group than in the control group (1 [IQR: 1-3]
vs 2 [IQR: 1-3] cals, P<.001). The proportion of emergency
patients who were accepted by the first hospital called was
higher in the smartphone app group than in the control group
(51.59% vs 47.66%, P<.001), and the proportion of those
requiring =5 phone calls until hospital acceptance waslower in
the smartphone app group than in the control group (10.93%
[32,819/300,395] vs 14.19% [42,585/300,131], P<.001). The
time interval from EMS scene arrival to hospital arrival was
significantly longer in the smartphone app group than that in
the control group (26 [IQR: 18-34] vs 24 [IQR: 16-32] min,
P<.001).

The results from a multivariable logistic regression analysis
assessing the effects of the introduction of the smartphone app
are shown in Table 4. The AOR for the difficulty in hospital
acceptance before and after the introduction of the smartphone
app was 0.73 (95% CI 0.72-0.74).

http://mhealth.jmir.org/2017/9/e134/

Discussion

Principal Findings

From the population-based ambulance records in Osaka City,
Japan, we evaluated the changes in the number of difficulties
in hospital acceptance by month before and after theintroduction
of the smartphone app with the use of interrupted time-series
analysis. Although there were no significant changes in the
number of difficulties in hospital acceptance before the
introduction of the smartphone app, the number of difficulties
in hospital acceptance after the introduction of the smartphone
app gradually decreased over time. Therefore, considering our
results that the number of difficulties in hospital acceptance
gradually decreased by month after the introduction of the
smartphone app, we believe that achangein health policy, such
asthe introduction of a smartphone app, appeared to gradually
affect the practice on the front line after the app’s introduction.
In other words, it appeared to take time for the on-scene EMS
personnel to make full use of this app.

Furthermore, wereved ed that theintroduction of the smartphone
app for the EMS system in prehospital settings reduced the
difficulty in obtaining hospital acceptance. The ORION system
was comprehensively introduced and is operated in both
emergency medical ingtitutions and the municipal fire
department in Osaka City, one of the biggest cities in Japan.
When EMS personnel select an appropriate hospital for
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emergency patients, this app enables them to share both the
real-time information on the transport situation of other
ambulances and the treatment status of other patients after
transport. Considering this information, EMS personnel can
transport emergency patientsto the selected hospital according
to patient severity, and the introduction of this app hasled to a
decrease in the difficulty in obtaining hospital acceptance in
thisarea. Our findings showing improvement of the EM S system
by theintroduction of an I T system also reinforce theimportance
of IT in prehospital settings.

On the other hand, the time interval from EM S scene arrival to
hospital arrival in this study was significantly longer in the
smartphone app group than that in the control group. Although
this study defined the difficulty in hospital acceptance as
emergency casesrequired =5 phone callsto amedical institution
before the hospital accepted the patient according to the
guidelinesin Osaka City [9], thisresult suggeststhat there might
be emergency cases with longer time from EMS scene arrival
to hospital arrival with less phone calls in the smartphone app
group. However, we consider that it is not appropriate to
evaluate the improvements of difficulty in hospital acceptance
only by the time interval. For example, it would be important
that EM S personnel at the scene are able to transport emergency
patients with less phone callsto the distant appropriate hospital
that can treat them by advanced procedures, even if the hospital
arrival time prolonged. Therefore, in the future, data collection
and analysis about treatments after hospital arrival, as well as
thetimeinterval from an EMS arrival to in-hospital treatments
is also needed to evaluate the improvement effect of difficulty
in hospital acceptance by this smartphone app.

Several previous studies have demonstrated that sharing
information on the transport situation between medical
institutions and ambul ances can lead to improvement of an EM S
system. McLeod and colleagues [13] reported that a medical
information system that shared information about hospital
capacity according to the severity of emergency patients reduced
ambulance avoidance and improved patient outcomein Calgary
City, Canada. Raaber and colleagues [14] demonstrated that
obtaining information about the ambulance situation in the
emergency department with the use of ageographicinformation
system was associated with a reduction in the waiting time of
the traumateam and medical emergency team and improvement
inthe nurses workflow when each hospital received emergency
patients in Horsens City, Central Denmark. The population

density of Osaka City is approximately 12,000 people/km? and
ismuch higher than that of Calgary City (1360 people/km?) and

Horsens City (159 people/km?) [15-17], and as such, the 99
emergency medical institutions, including 6 critical care centers
in this area, must receive over 220,000 emergency patients
transported by ambulances every year [12]. Therefore, theEMS
system of Osaka City is always congested, and the request for
patient transport by EMSis more likely to exceed the capacity
of hospital acceptance. Therefore, sharing real-time information
between medica ingtitutions and ambulances with the
smartphone app was of help in conducting hospital selection
more appropriately by EMS personnel at the scene in Osaka
City. From the viewpoint of this and other previous studies,

http://mhealth.jmir.org/2017/9/e134/
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regardless of the size of the city or the difference in EMS
systems, the introduction of IT in prehospital settings would
appear to contribute to facilitating the EMS system, including
hospital acceptance or treatment after hospital arrival.

In addition, some studies aso showed improvements in
ambulance diversion with the use of the Internet. Lagoe and
colleagues [18] reported on an Internet system monitoring the
number of ambulance diversions and interhospital transportsin
Syracuse, New York, but this system updates the situation only
once aday. Sprivulis and colleagues [19] revealed that sharing
information about the situation of patient acceptance in each
emergency department via the Internet improved ambulance
diversion in Perth, Western Australia. This system enabled
emergency physicians and nurses to share information about
each emergency department at 5-min intervals via a patient
tracking system, but the method of tracking patients was not
illustrated in their paper. In our smartphone app, when EMS
personnel record the time course, such as the time of arrival at
the scene or hospital arrival, the ambulance status on the app
also changes, and this information is shared on the ORION
cloud server, and the status of other ambulances is
synchronously updated on the smartphone app. By utilizing this
function, EM S personnel can be simply apprised of information
on patient transport and hospital acceptancein real time without
bothering the hospital staff.

In children, the difficulty in hospital acceptance improved both
before and after the introduction of the smartphone app, but
change in trend between pre- and post-intervention period was
not recognized in asubgroup analysis. Asshown in our previous
study, emergency medical system for pediatric patients has been
well worked before its introduction [4], and the use of a
smartphone app for children was not associated with difficulty
in hospital acceptance in Osaka City. In cases with trauma by
assault and self-injury, no changesin trend were al so observed
by the introduction of a smartphone app. Although the
cooperation between the emergency department and the
psychiatry department is necessary to accept self-injured
emergency patients, its cooperative relationship has not been
sufficiently built up in Osaka City. Therefore, the smartphone
app as a tool to search for an appropriate hospital with both
departments might not be effective. In Japan, police officersare
rarely stationed in medical institutions, and cooperation between
the police and medical institutionsis not sufficiently established.
Therefore, there might be few medical institutions that accept
patients with crime-related injuries in Japan, even if EMS
personnel selected an appropriate hospital for such patientswith
the smartphone app. Thus, the improvement effect on the
difficulty in hospital acceptance by the introduction of a
smartphone app differed in some subgroups because of various
factors. Both IT and efforts to improve the patient acceptance
system are needed to comprehensively improvethe EM S system
and further reduce the difficulty in hospital acceptance in the
future.

Limitations

This study has some inherent limitations. First, the purpose of
this study was to assess whether the introduction of a
smartphone app reduced the difficulty in hospital acceptance,
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and we did not assess the effect on the prognosis of the
emergency patients. The ORION system has been collecting
in-hospital dataincluding patient prognosis since 2015, and we
will assess this aspect in the future. Second, we assessed the
effect of the smartphone app’sintroduction based on the unified
definition of the difficulty in hospital acceptance regardless of
pathological condition, but it may be necessary to define and
assess disease-specific difficulty in hospital acceptance. For
example, the time interval from onset to call to the start of
percutaneous coronary intervention for acute coronary syndrome
is one example of an important index [20,21]. However, we
could not obtain such information before the introduction of
the smartphone app during the study period. Third, we did not
have information about potential factors that could affect the
improvements of difficulty in hospital acceptance, such as the
adherence of the ORION use (ie, the actual rate of using a
smartphone app), the decision making of on-scene EMS

Katayamaet al

personnel to select a hospital from the hospital list by this app,
and the number of emergency departments (EDs), ED beds, and
ED providers before and after intervention. Finally, this study
was an observational study, and there may be unknown
confounding factors associated with the difficulty in hospital
acceptance.

Conclusions

We developed a smartphone app for the EMS system that
enablesEM S personnd at the scene to share variousinformation
regarding patient transport by other ambulances or treatment of
patients in medical ingtitutions in Osaka City, Japan. Sharing
of such information between the ambulances and hospitals in
the prehospital setting was associated with decreasing difficulty
in hospital acceptance. Our findings may be considered useful
for devel oping an emergency medical information system using
IT in other areas of the world.
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Multimedia Appendix 1

ORION smartphone app screenshot for time records. When EM S personnel launch this app and register an emergency patient,
the app screen for recording the prehospital time course regarding patient transport is active.

[JPG File, 169K B-Multimedia Appendix 1]

Multimedia Appendix 2

ORION smartphone app screenshot for patient status. When EM S personnel at the scene touch the button “To patient check list”
in the ambulance status screen, the app screen for recording patient status, such as vital signs and background, is active.

[JPG File, 139KB-Multimedia Appendix 2]

Multimedia Appendix 3

ORION smartphone app screenshot for assessing a patient with chest pain. EM'S personnel can choose symptoms displayed on
the app screen that match the patient’s complaints, and then the appropriate hospitals are listed based on the patient’s condition.

[JPG File, 172K B-Multimedia Appendix 3]

Multimedia Appendix 4

ORION smartphone app screenshot for the hospital list. When EM S personnel select the check items on the screen, the app shows

thelist of hospitals that can conduct necessary treatments.
[JPG File, 144K B-Multimedia Appendix 4]

References

1.  Ambulance Service Planning Office of Fire and Disaster Management Agency of Japan. FDMA. 2016. Effect of first aid
for emergency patients URL: https.//www.fdma.go.jp/neuter/topics/houdou/h28/12/281220 houdou 2.pdf [accessed

2017-08-19] [WebCite Cache |D 6gLKY FjBm]

2. Katayama, KitamuraT, KiyoharaK, lwami T, Kawamura T, Hayashida S, et al. Evaluation of factors associated with
the difficulty in finding receiving hospitals for traffic accident patients at the scene treated by emergency medical services:
apopul ation-based study in Osaka City, Japan. Acute Med Surg 2017 Jun 16:- Epub ahead of print. [doi: 10.1002/ams2.291]

3.  FDMA. 2014. A report on the acceptance of emergency patients by medical institutions URL: http://www.fdma.go.jp/
neuter/about/shingi_kento/h27/kyukyu_arikata/03/sankou-01.pdf[ WebCite Cache ID 6gLkwqTW(]

http://mhealth.jmir.org/2017/9/e134/

IMIR Mhealth Uhealth 2017 | vol. 5 |iss. 9 | €134 | p. 11
(page number not for citation purposes)


https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app1.jpg&filename=938880a216a0c3e001f2ac324a496b3b.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app1.jpg&filename=938880a216a0c3e001f2ac324a496b3b.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app2.jpg&filename=6f918db41240e274f33013e2d2ca0e32.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app2.jpg&filename=6f918db41240e274f33013e2d2ca0e32.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app3.jpg&filename=d12d26006602cae129f6b194fa326e84.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app3.jpg&filename=d12d26006602cae129f6b194fa326e84.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app4.jpg&filename=ff8b9dd996c8c00be67956367d19f140.jpg
https://jmir.org/api/download?alt_name=mhealth_v5i9e134_app4.jpg&filename=ff8b9dd996c8c00be67956367d19f140.jpg
https://www.fdma.go.jp/neuter/topics/houdou/h28/12/281220_houdou_2.pdf
http://www.webcitation.org/

                                            6qLkYFjBm
http://dx.doi.org/10.1002/ams2.291
http://www.fdma.go.jp/neuter/about/shingi_kento/h27/kyukyu_arikata/03/sankou-01.pdf
http://www.fdma.go.jp/neuter/about/shingi_kento/h27/kyukyu_arikata/03/sankou-01.pdf
http://www.webcitation.org/

                                            6qLkwqTWq
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH Katayamaet al

4,

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

Katayama Y, Kitamura T, Kiyohara K, lwami T, Kawamura T, Hayashida S, et al. Factors associated with the difficulty

in hospital acceptance at the scene by emergency medical service personnel: a population-based study in Osaka City, Japan.
BMJ Open 2016 Oct 26;6(10):€013849 [FREE Full text] [doi: 10.1136/bmjopen-2016-013849] [Medline: 27798040]
FDMA. 2014. Report about future of emergency medical system in Japan URL: http://www.fdma.go.j p/neuter/about/
shingi_kento/h26/kyukyu_arikata/02/houkokusyo.pdf[WebCite Cache ID 6gL mQZ559]

Irisawa T, lwami T, Kitamura T, Nishiyama C, Sakai T, Tanigawa-SugiharaK, et al. An association between systolic blood
pressure and stroke among patients with impaired consciousness in out-of-hospital emergency settings. BMC Emerg Med
2013 Dec 17;13:24 [FREE Full text] [doi: 10.1186/1471-227X-13-24] [Medline: 24341562]

Kgino K, Kitamura T, lwami T, DayaM, Ong ME, Nishiyama C, et al. Impact of the number of on-scene emergency
life-saving technicians and outcomes from out-of-hospital cardiac arrest in Osaka City. Resuscitation 2014 Jan;85(1):59-64.
[doi: 10.1016/].resuscitation.2013.09.002] [Medline: 24036196]

Ministry of Health, Labour and Welfare. MHLW. 2015. Medical faculty survey URL : http://www.mhlw.go.jp/toukei/saikin/
hw/iryosd/15/dl/gaikyo.pdf [accessed 2017-08-19] [WebCite Cache ID 6gL mfN1IA]

Osaka Prefectural Government. Osaka. 2012. The guidelines regarding the transport and hospital acceptance of emergency
patientsin Osaka City URL: http://www.pref.osaka.lg.jp/attach/2502/00118050/

02_25 02_fuikiban 03 syou 03 setsu 06 kyu.pdf [accessed 2017-08-19] [WebCite Cache ID 6gL ndEign]

Lopez BJ, Cummins S, Gasparrini A. Interrupted time series regression for the evaluation of public health interventions: a
tutorial. Int JEpidemiol 2016 Jun 09:- Epub ahead of print [FREE Full text] [doi: 10.1093/ije/dyw098] [Medline: 27283160]
Kitamura T, Iwami T, Kawamura T, Nishiyama C, Sakai T, Tanigawa-Sugihara K, et al. Ambulance calls and prehospital
transportation time of emergency patients with cardiovascular events in Osaka City. Acute Med Surg 2014 Mar
05;1(3):135-144. [doi: 10.1002/ams2.25]

Osaka Municipal Fire Department. Osaka. 2015. Annual report of Osaka municipal fire department URL: http://www.
city.osaka.lg.jp/shobo/cmsfiles/contents/0000361/361615/2.pdf [accessed 2017-08-19] [WebCite Cache ID 6L 02ZaT X]
McLeod B, Zaver F, Avery C, Martin DB, Wang D, Jessen K, et a. Matching capacity to demand: aregional dashboard
reduces ambul ance avoi dance and improves accessi bility of receiving hospitals. Acad Emerg Med 2010 Dec;17(12):1383-1389
[FREE Full text] [doi: 10.1111/j.1553-2712.2010.00928.x] [Medline: 21122023]

Raaber N, Duvald |, Riddervold |, Christensen EF, Kirkegaard H. Geographic information system data from ambulances
applied in the emergency department: effects on patient reception. Scand J Trauma Resusc Emerg Med 2016 Mar 31;24:39
[FREE Full text] [doi: 10.1186/s13049-016-0232-5] [Medline: 27029399]

Osaka. Osaka City statistics information URL : http://www.city.osaka.lg.j p/toshikei kaku/page/0000379310.html [accessed
2017-08-19] [WebCite Cache ID 6spOyN1QC]

Calgaryeconomicdevelopment. Calgary economic development URL : http://www.cal garyeconomicdevel opment.com/
research-and-reports/demographics-lp/demographics/ [accessed 2017-05-10] [WebCite Cache 1D 69l opG4zf]

DST. Population in Denmark URL : http://www.dst.dk/en/Statistik/emner/befol kning-og-val o/

bef olkning-o0g-befol kningsfremskrivning/folketal [ WebCite Cache ID 6gLpY OINOQ]

Lagoe RJ, Kohlbrenner JC, Hall LD, Roizen M, Nadle PA, Hunt RC. Reducing ambulance diversion: a multihospital
approach. Prehosp Emerg Care 2003;7(1):99-108. [Medline: 12540152]

Sprivulis P, Gerrard B. Internet-accessible emergency department workload information reduces ambulance diversion.
Prehosp Emerg Care 2005;9(3):285-291. [doi: 10.1080/10903120590962094] [Medline: 16147477)

Shiomi H, Nakagawa Y, Morimoto T, Furukawa Y, Nakano A, Shirai S, CREDO-Kyoto AMI Investigators. Association
of onset to balloon and door to balloon time with long term clinical outcomein patientswith ST elevation acute myocardial
infarction having primary percutaneous coronary intervention: observational study. BMJ2012 May 23;344:e€3257. [Medline:
22623632]

Sun CJ, Ribo M, Goya M, Yoo AJ, Jovin T, Cronin CA, et a. Door-to-puncture: a practical metric for capturing and
enhancing system processes associated with endovascul ar stroke care, preliminary resultsfrom the rapid reperfusion registry.
JAm Heart Assoc 2014;3(2):e000859 [FREE Full text] [Medline: 24772523]

Abbreviations

AOR: adjusted oddsratio

EMS: emergency medical service

GCS: Glasgow Coma Scale

IQR: interquartile range

IT: information technology

OMFD: OsakaMunicipa Fire Department

OR: oddsratio

ORION: Osakaemergency information Research Intelligent Operation Network system
SPSS: Statistical Package for the Social Sciences

VPN: virtual private network

http://mhealth.jmir.org/2017/9/e134/ JMIR Mhealth Uhealth 2017 | vol. 5 | iss. 9| €134 | p. 12

RenderX

(page number not for citation purposes)


http://bmjopen.bmj.com/cgi/pmidlookup?view=long&pmid=27798040
http://dx.doi.org/10.1136/bmjopen-2016-013849
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27798040&dopt=Abstract
http://www.fdma.go.jp/neuter/about/shingi_kento/h26/kyukyu_arikata/02/houkokusyo.pdf
http://www.fdma.go.jp/neuter/about/shingi_kento/h26/kyukyu_arikata/02/houkokusyo.pdf
http://www.webcitation.org/

                                            6qLmQZ559
https://bmcemergmed.biomedcentral.com/articles/10.1186/1471-227X-13-24
http://dx.doi.org/10.1186/1471-227X-13-24
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24341562&dopt=Abstract
http://dx.doi.org/10.1016/j.resuscitation.2013.09.002
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24036196&dopt=Abstract
http://www.mhlw.go.jp/toukei/saikin/hw/iryosd/15/dl/gaikyo.pdf
http://www.mhlw.go.jp/toukei/saikin/hw/iryosd/15/dl/gaikyo.pdf
http://www.webcitation.org/

                                            6qLmfN1lA
http://www.pref.osaka.lg.jp/attach/2502/00118050/02_25_02_fuikiban_03_syou_03_setsu_06_kyu.pdf
http://www.pref.osaka.lg.jp/attach/2502/00118050/02_25_02_fuikiban_03_syou_03_setsu_06_kyu.pdf
http://www.webcitation.org/

                                            6qLndEign
http://europepmc.org/abstract/MED/27283160
http://dx.doi.org/10.1093/ije/dyw098
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27283160&dopt=Abstract
http://dx.doi.org/10.1002/ams2.25
http://www.city.osaka.lg.jp/shobo/cmsfiles/contents/0000361/361615/2.pdf
http://www.city.osaka.lg.jp/shobo/cmsfiles/contents/0000361/361615/2.pdf
http://www.webcitation.org/

                                            6qLo2ZaTX
http://dx.doi.org/10.1111/j.1553-2712.2010.00928.x
http://dx.doi.org/10.1111/j.1553-2712.2010.00928.x
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=21122023&dopt=Abstract
https://sjtrem.biomedcentral.com/articles/10.1186/s13049-016-0232-5
http://dx.doi.org/10.1186/s13049-016-0232-5
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27029399&dopt=Abstract
http://www.city.osaka.lg.jp/toshikeikaku/page/0000379310.html
http://www.webcitation.org/

                                            6sp0yN1QC
http://www.calgaryeconomicdevelopment.com/research-and-reports/demographics-lp/demographics/
http://www.calgaryeconomicdevelopment.com/research-and-reports/demographics-lp/demographics/
http://www.webcitation.org/

                                            6qLopG4zf
http://www.dst.dk/en/Statistik/emner/befolkning-og-valg/befolkning-og-befolkningsfremskrivning/folketal
http://www.dst.dk/en/Statistik/emner/befolkning-og-valg/befolkning-og-befolkningsfremskrivning/folketal
http://www.webcitation.org/

                                            6qLpYOINo
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12540152&dopt=Abstract
http://dx.doi.org/10.1080/10903120590962094
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16147477&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22623632&dopt=Abstract
http://jaha.ahajournals.org/cgi/pmidlookup?view=long&pmid=24772523
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24772523&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH Katayamaet al

XML: Extensible Markup Language

Edited by G Eysenbach; submitted 26.06.17; peer-reviewed by T Goto, M Okubo, T Matsuyama; commentsto author 12.07.17; revised
version received 22.07.17; accepted 27.07.17; published 11.09.17

Please cite as:

Katayama Y, Kitamura T, Kiyohara K, lwami T, Kawamura T, Izawa J, Gibo K, Komukai S Hayashida S, Kiguchi T, Ohnishi M,
OguraH, Shimazu T

Improvementsin Patient Acceptance by Hospital s Following the I ntroduction of a Smartphone App for the Emergency Medical Service
System: A Population-Based Before-and-After Observational Sudy in Osaka City, Japan

JMIR Mhealth Uhealth 2017;5(9):e134

URL: http://mhealth.jmir.org/2017/9/e134/

doi: 10.2196/mhealth.8296

PMID: 28893725

©Yusuke Katayama, Tetsuhisa Kitamura, Kosuke Kiyohara, Taku Iwami, Takashi Kawamura, Junichi |zawa, Koichiro Gibo,
Sho Komukai, Sumito Hayashida, Takeyuki Kiguchi, Mitsuo Ohnishi, Hiroshi Ogura, Takeshi Shimazu. Originally published in
JMIR Mhesalth and Uhealth (http://mhealth.jmir.org), 11.09.2017. This is an open-access article distributed under the terms of
the Creative Commons Attribution License (https.//creativecommons.org/licenses/by/4.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work, first published in IMIR mhealth and uhealth, is properly
cited. The complete bibliographic information, alink to the original publication on http://mhealth.jmir.org/, aswell asthis copyright
and license information must be included.

http://mhealth.jmir.org/2017/9/e134/ JMIR Mhealth Uhealth 2017 | vol. 5| iss. 9 | €134 | p. 13
(page number not for citation purposes)

RenderX


http://mhealth.jmir.org/2017/9/e134/
http://dx.doi.org/10.2196/mhealth.8296
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28893725&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

