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Abstract

Background: In the app stores of mobile platforms, consumers are confronted with an enormous number of mobile apps. Over
the past few years, considerable research has been undertaken into to identifying, characterizing, and evaluating apps, be it in
health-related or other contexts. However, many of these projects are restricted to specific areas of application and offer little
flexibility in adapting the applied criteria.

Objective: This paper presents an adaptable method for selecting and characterizing mobile apps listed in a mobile App Store
(the Apple App Store). The method is based on filtering processes using predefined criteria, through a semiautomated retrospective
App Store analysis (SARASA).

Methods: To illustrate the SARASA process, keyword-based filtering and metadata-based description, review, and ranking
steps were applied to a dataset, more specifically, an April 2018 readout of the Medical category of the German App Store, with
the aim of obtaining alist of cardiology-related apps.

Results:  From the original list of 39,427 apps within the “Medical” category of the App Store on April 14, 2018, 34,382 apps
with store descriptionsin languages other than German were removed. For the remaining 5045 apps, keywords rel ated to cardiology
were applied to filter the output, obtaining afinal total of 335 subject-specific apps for further analysis and description.

Conclusions:  SARASA provides an easy to use method for applying filtering processes to identify apps matching predefined,
formal criteriafrom app stores. The criteria can be well adapted to the needs of users. Automatic and manual analyses are easily
combined when using SARASA. Inthefuture, additional features, such as algorithmic topic analyses, may supplement the process.
Although the area of application is currently limited to Apple’s App Store, expansion to other stores is planned. The method
stands or fallswith the transparency of the app store providers and the manufacturersto make rel evant meta-information available.
It is up to them to liberalize information and restrict censorship to provide clients, customers, and users truly fair circumstances
finding their way around the app market.

(JMIR Mhealth Uhealth 2018;6(11):€11753) doi: 10.2196/11753
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Introduction

Background

Analyses of software repositories predate modern distribution
channels for mobile software [1-3]. In the context of mobile
apps, the demand for methods to identify, characterize, and
evaluate health-related apps has led to considerable research
activity in recent years[4], beit in health-related fields or other
areas of application. For many of these projects, there is an
emphasis on collecting metadata for apps and evaluating and
preparing meaningful information for users [5] to help them
select apps that meet their needs. In addition to commercial
resources, for example, those that contain (preselected) apps
eva uated by expertsor user communities, independent scientific
analyses (based on peer review) can provide valuable
information [6]. In theformer case, interested parties must rely
on the qualifications and thoroughness of the evaluators, whereas
in the latter case, the delay between the point in time when the
eval uation was performed and the publication of the results—as
it is often customary in science—can lead to incongruence
between theinformation published and reality. Evaluationsand
ratings from official bodies are only infrequently available
because of the sheer number of appsthat arelisted on the stores

(7.

However, there is often only limited information about the
methodol ogies used by those performing the analyses. Scientific
approaches try to describe and classify apps based on available
information [8-10]. For example, lists of apps may be assigned
a ranking [1] or apps may be evaluated in terms of their
suitability for specific user groups or specific areas of
application [11]. There are also approaches aimed at providing
developers with information [12], for example, related to
measures they could implement to increase the reach of their
apps and thus increase their success [13].

Respective analyses are based on various data sources and data
types. For example, metadata about an app can be retrieved
directly from the stores, for example, using query interfaces
provided by the store operators themselves or Web crawlers. It
may not only consist of somewhat unstructured store
descriptions but aso structured information used for
organization and management purposes in the stores. Often,
factors such as user ratings [14], update frequency, and other
atributes [12] are used. Sometimes data from web-based
services or other sources available online, for example, search
engine results[9] or Twitter posts[15], are adso included in the
analyses, depending on the context. The evaluations of the
recorded data range from simple metadata evaluations to
machine learning—based approaches, which rely on the
evaluation or classification of apps, requiring time-consuming,
prior training.

Objectives

This paper presents a method for identifying and describing
health apps based on formal criteria. To illustrate the process,
we present an evaluation of our proposed semiautomated
retrospective App Store analysis (SARASA) [16,17] applied to

the German Apple App Store, using manufacturer-provided app
descriptionsand other metadata, shown in an exemplary manner
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for appsrelated to thefield of cardiology. Compared with other
approaches, SARASA emphasizesthe aggregation and filtering
of apps, rather than a possible qualitative evaluation. The latter
would constitute additional processing based on appropriate
methods, exceeding the scope of the work presented here. This
study introducesthe filtering methodol ogy for appslistedin the
App Store and demonstrates an exemplary descriptive evaluation
using cardiology-related apps, listed withinthe“Medical” store
category, for which German app descriptions are available. In
the final part, the proposed methods are discussed critically.

Methods

Principles of the Semiautomated Retrospective App
Store Analysis

SARASA describes a multistep procedure, consisting of
automated extraction and anaysis and manua review and
assessment processes, which are described in further detail in
the following paragraphs. An example of a viable application
of SARASA, asshown in thefollowing sections, isadescriptive
evauation of cardiology-related, German-language appsin the
“Medical” category of the German storefront of the App Store.

Fundamentally, the SARASA method consists of 7 steps (Figure
1): (2) first, the base data are collected automatically through a
total data collection for the desired store categories at a specific
time point (step 1); (2) following this, search terms, inclusion
and exclusion criteria, and ranking criteria (to which weightings
are assigned) are defined, in thisexample, as mentioned before,
for cardiology-related apps (step 2); (3) in the next step, an
automated text analysis and filtering is performed to extract a
selection of apps from the database. For this purpose, the
manufacturer-provided app description texts are used (step 3);
(4) the results are then manually validated (step 4) and (5)
manually categorized (step 5); (6) following this, the extract is
automatically sorted according to the defined ranking criteria
(step 6); (7) finaly, an app selection with accompanying
summary descriptions of the extract is available and may be
used for further evaluations as desired, for example,
content-based evaluations for assessing app quality (step 7).

Data Collection

Dueto thelack of publicly available, comprehensive, and readily
accessible app inventory lists, which also provide full accessto
metadata, such alist was created for Apple's German App Store
on April 14, 2018, using specifically developed, R-based scripts
(R Version 3.4.4 [18] with the following libraries: rvest [19],
httr [20], jsonlite [21], RSQLite [22], DBI [23], and stringr
[24]). The starting points for data acquisition were the German
Web pages for the 2 chosen App Store categories: “Medical”
and “Health & Fitness” This allowed for the collection of
information about apps provided for health-related purposes.
Theinitial R-based script was used to read the names and unique
app IDs of atotal of 103,364 appsin the 2 store categories. The
associated meta-information (see Table 1) was acquired in the
following 24 hours using a second script, which was based on
the “iTunes Search Application Interface (API),” provided by
the App Store provider. Resultswere stored in an SQL ite-based
database to be perused for later evaluations. Varying slightly
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to this, in the evaluation shown here, only data for apps listed
inthe“Medical” category were used. In addition, following the
initial data collection process, automated language detection
processes, based on algorithms published by Google [25], were
applied to the store description texts to support filtering by
language.

Definition of Cardiology-Related Search Terms,
Inclusion and Exclusion Criteria

SARASA provides a method for identifying apps related to a
desired topic based on various criteria that are applied to the
available app data. In addition to utilizing the apps’ properties
for characterization, for example, based on attributes derived
directly from the available metadata, an inclusion or exclusion
criterion based on suitable keywords is also possible. To this
end, lists of search termsfor the desired subject areaneed to be
created before the data can be filtered according to further
criteria.

Defining Appropriate Keyword Lists

A key element of the selection process is the list of keywords
that ultimately influences the app selection for later (manual)
fine-tuning. In the sample run of SARASA as presented here,
the definition of cardiology-related keywords was based on a
list of terms commonly used in cardiology and
cardiology-related areas, established through consensus of the
authors. Thisinitial list was extended and validated by means
of an iterative procedure. For this purpose, functions of the

Albrecht et al

R-package “wordVectors’ [26] were used. These make it
possible to identify words frequently associated with given
terms. The texts of the store descriptions for all 103,364 apps
in the “Medical” and “Health & Fitness’ categories that were
initially selected were processed asfollows: Initialy, therewas
a redtriction to apps for which a German-language store
description could be confirmed using automated algorithms
[25]. This analysis was necessary because otherwise, a correct
language classification would not have been possible: For a
number of apps, the language of the avail able store descriptions
does not match purported language in the corresponding,
manufacturer-provided metadatafield that denotesthe languages
in which the app is provided. Filtering the texts by keywords
would thus have failed.

Theinitia list of search termswas extended on the basis of the
existing app description texts. For this purpose, the descriptions
of apps with recognized German texts that matched the initial
list of search terms were preprocessed. Formatting and
punctuation marks, digits not enclosed in a word or acronym,
and filling words such as articles, number words, and pronouns
were removed, and particularly, frequently combined terms
were combined to form so-called N-grams (eg, “hoher
Blutdruck” =*high blood pressure” and “ externer Defibrillator”
= external defibrillator). The app descriptions prepared in this
manner were then used to fine tune the keyword lists. It isonly
during this processthat we choseto a so include app descriptions
assigned to the “Health & Fitness’ category of the App Store.

Figure 1. The 7 steps of the semiautomated retrospective app store analysis (SARASA) workflow.

p

1. Automated acquisition of store data

2. Definition of search terms, inclusion, exclusion and
ranking criteria, and corresponding weighting factors

3. Automated text analysis, filtering, and app selection

4, Manual review

5. Manual categorization

6. Automated ranking

7. Description and characterization of the
selected apps as a basis for further analysis
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Table 1. Metadata fields provided by Apple with relevance to our evaluation.

Datafield® Description

trackld Numeric identifier of the app

trackName App name

features Thisisset to “iOSUniversal” if the app will work on al iOS-based devices independent of form factor

supportedDevices

List of possible devices on which the app runs

fileSizeBytes Filesizein bytes

artistld Numeric identifier for the manufacturer

sellerUrl Link to awebsite provided by the manufacturer (if available)

price Price of the app (numeric value without currency specification), example, 1.99
currency Currency for the“ price” field

genrelds Numeric identifiers of the store categories assigned to the app

primaryGenreld

minimumOsVersion Minimum iOS version required

Numeric identifiers for the primary store category

Date the app was first deployed; corresponds to field “currentVersionReleaseDate” for apps that have not yet been up-

releaseDate
dated
currentVersionReleaseDate  Release date of the currently available, most recent app version
releaseNotes Additional information provided by the manufacturer, if the app has been updated at least once
description Full text of the store description

averageUserRating

userRatingCount

The average star rating of all versions of an app (if sufficient numbers of ratings are available); may be empty

The number of ratings of all versions of an app (if there are sufficient ratings); may be empty.

3Data fields with differing identifiers but identical content were merged.

Thiswas done to obtain amore comprehensive set of keywords,
for example, cardiology-related search terms more commonly
used in an amateur context, which would have been morelikely
to be listed under the store category “Health & Fitness’ and
could possibly have been overlooked if we had solely restricted
ourselves to apps listed in the “Medical” category. For each
searchtermintheinitial keyword list, the words most commonly
associated with the respective term were recorded. To compile
this list, for each occurrence of a keyword, the 10 words or
N-gramsin its direct proximity (x 5 words) were appended to
alist, which was then ordered by the number of occurrences of
each word or word combination. For words with an obvious
cardiology reference (established through consensus of the
authors), again, alist of the 10 most frequently associated terms
was compiled. These fina word lists were then manually
checked by the authorsfor their potential to extend the keyword
list. However, apart from different spellings (eg, words with or
without hyphen for compound terms and common typographical

errors), there were no significant changes observed for
cardiology-related keywords.

For the subseguent automated filtering of all appswith German
descriptions, theidentified search keywords were then converted
into regular expressions (in Perl notation) and optimized (see
Textbox 1).

We chose not to use case sensitivity. For example, the partial
term “blut[hoc]*druck” thus matched terms “Bluthochdruck”
(high blood pressure) and “Blutdruck” (blood pressure) in the
filtering process.

Definition of Inclusion and Exclusion Criteria

For the final analysis, only apps with German-language store
descriptions, for which at least one of the predefined,
cardiology-related keywords matched, were retained.
Furthermore, for these apps, “Medical” had to be set as either
as the primary or secondary category (assigned by the
manufacturer). All apps not meeting these criteriawere excluded
from further analysis.

Textbox 1. Conversion of search keywords into regular expressions in Perl notation. Spaces around the vertical bar characters were only inserted to

improve readability and were not part of the actual search string used.

a[r]{ 1,2} hythmie[n]* | atrioventrikularklapp|bikuspidalklapp | blut[hoc]*druck | blutgefa[s?]{1,2} | bradykardjcardiol | defibrillat[orin]* |
elektrokardiogra[phien]* | erregungsleitungssyst | extrasystol | herzanalys | herzanf[ad]+ll | herzbeschwerd | herz[druck]* massag | herz[er]*krank |
herzfehler | herzfit | herzfrequenz | herzfunktion | herzgesund | herzgeweb | herzinfarkt | herzinsuffizien | herzkamm | herzkatheter | herzklapp |
herz[kranz]* gefa[sl3]* | herz[-]* kreidauf[-]* | herz[minute-]*volum | herz[-]* monitor | herz[-]* patient | herzprobl | herzras | herzrhythmus | herzschi[&é] +g
| herzschrittmach | herzschw([ad]+ch | herzspezialist | herzstiftung | herzstillstand | herztagebuch | herztest | herztod | herztransplantation | herzzyklus |
hypertens | hyperton | kardia | kardiol | klappenprolaps | koronar | kreislaufforsch | kreislaufstillstand | kreislaufsystem | mitralklapp | myo[ck]+ard |
pulmonalarterie | pulmonalklapp | schlagader | systol | trikuspidalklapp | ventrikel | vorhof | diastol | bekg[s]* | bgefa[sR]{ 1,2} w* | bw* aort[aen]+w*
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Added Information: Readability Indices

For each app remaining in the analysis process, the readability
index according to Flesch, that is, the Flesch Readability Ease
([27,28], with adaptations by Amstad for German language texts
[29]), was determined using the functions provided in R
(Version 3.4.4, [18]) viathe koRpus package [30]. Theaim was
to offer an additional descriptive feature related to text difficulty
for assessing the suitability and comprehensiveness of the store
descriptions for specific target groups. In preparation, the
descriptions were edited with regard to possible
misinterpretations of sentence lengths (number of words),
especialy in the context of bullet lists; for example, we used
regular expression-based search and replace operations matching
commonly used bullet point characters to identify and replace
these with periods if the previous bullet point had not been
ended by appropriate punctuation. Similar to approaches
described elsawhere [31], this preparation was done to avoid a
grossly incorrect calculation of the readability index, which
includes, among other things, recognizing sentencelengths. As
the readability index developed by Flesch [27,28] has—in
addition to the above-mentioned adaptation to the German
language—been adapted to various other languages, we chose
it over severa other candidates, for example, for
German-language texts, the “Wiener Sachtextformeln” by
Bamberger and Vanecek [32] or the “Lasbarhetsindex” LIX,
which was originaly developed for Swedish-language texts
[33] but is aso applicable to those in German language.
Furthermore, despite literature about the score's validity being
somewhat limited, it is nevertheless widely employed
(sometimes even as a legal requirement, eg, with insurance
contracts being required to have a Flesch readability index of
at least 45 in Florida state law [34]). Although not being fully
comparable across languages, the diverse availability of the
Flesch index provides a possible avenue to adapt the
implemented methods to analyses of apps in languages other
than German: This would only require adjusting 1 parameter
inthe analysis pipeline, without demanding additional changes
to the code base.

Manual Review of the Car diology-Related Set of Apps

The cardiol ogy-rel ated apps, as determined in the previous steps,
were manually validated by the authors, with any uncertainties
being resolved by discussion. As the aim was to identify apps
relevant to the field of cardiology, all apps remotely addressing
cardiological issueswere included. Aswe did not want to limit
ourselvesto aspecific target audience, apps deemed acceptable
included those for cardiologists or other medical specialties as
well as apps for patients or health conscious users, the latter
also including apps one might use in a preventive or
rehabilitative context. With thisin mind, with the exception of
1 app, in which the search term “Vorhof” (atrium) was not
employed in acardiology-related context but as apart of aterm
related to other anatomical structures (“Kehlkopfvorhof”, literal
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trandation: atrium of the larynx), there were no obvious
mismatches to terms not used in cardiology-related contexts.
Some apps related to cardiology but intended for use in a
veterinary environment could have been excluded, and there
were also apps trying to influence their users heart rate, for
example, by means of meditation or other apps with a rather
alternative approach to the subject. For cardiologists applying
SARASA toidentify appsfor their specific professional needs,
these apps would of course not be acceptable and would be
eliminated. However, in our evaluation, these apps were not
removed to create a redlistic application scenario that can
reproduce amanual keyword-based search within the app store,
and we chose instead to differentiate them via the manual
categorization process described in the following sections.

Manual Categorization and (M etadata-Based)
Evaluation

The remaining apps were then classified manually by the
authors, according to function types and subject areas.

App Categorization by Function Type

The 22 function typesdevel oped in the CHARISMHA (Chances
and Risks of Mobile Health Apps) study [35], which can be
grouped into 6 superordinate categories (Table 2), were used
to subdivide the apps. These function types are to be seen
independently of the “cardiology” application case considered
here and should generally be applicable to appsthat are used in
health contexts.

Classification of the Apps by Topics

The groups of topics used for classifying the apps with respect
to their subject areas were developed in a discussion between
the authors. In addition to the function types mentioned in the
previous step, which allow for asubdivision independent of the
app’s application area, a classification method focusing on the
respective subject area and its facets, in this case, cardiology,
is of advantage. For the example shown here, the apps were
manually assigned to a set of defined topic groups (Table 3).
Disputed topic assignmentswere clarified by discussion between
the authors. Especialy in cases with potentially overlapping
topics, emphasis was placed on reaching a consensus about the
main topic of each app.

Ranking the Apps by Predefined Criteria

In addition to the aforementioned filtering and review
procedures, SARASA also provides aranking mechanism with
the intent to support presorting for manual processing. This
mechanism presents appsthat best match amanually determined
and adaptable set of criteriain an order that displays apps that
conform better to certain characteristics more prominently. To
this end, predefined (and weighted) ranking criteria are used,
relying on attributes either directly deducible from the metadata
or calculated by various means.
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Table 2. Function-related types as defined in the CHARISMHA study, including their superordinate categories, which were used in our manual

classification [35].

Category Description

Category: provision of information
News
Reference
Learning material
Player/viewer
Broker
Category: data acquisition, processing, and evaluation

Decision support

News apps, for example, for professional newspapers or news portals or for patient organizations
Apps that provide users with knowledge on health-related topics (eg, reference material)

Apps that provide learning and teaching materials for education and training

An app that permits playing or viewing media (eg, music, image data, and videos)

Apps that provide targeted information based on collected data (eg, location-based services)

Apps that support decision making based on collected data, based on the definition of decision support according

to the study by Shortliffe and Cimino [36]

Calculator Apps that perform calculations

Meter

Apps for immediate measurement of phenomena and characteristics not immediately accessible otherwise, for ex-

ample, pulse measurement via the camera of the mobile device

Monitor

An app that may either serve as a measuring tool of its own or connects to a measuring device that is designed for

multiple measurements of vital functions and stores them in adiary

Surveillance/tracker
datain amedical sense

Category: administrative use
Administration

Category: calendar and appointment-related apps

Apps for managing administrative data

Apps that automatically and continuously capture certain parameters in the background but do not interpret the

Diary Apps used for detailed data collection and tracking
Reminder Apps that remind you of specific tasks
Calendar

weekly, or monthly overviews

Category: support

Apps that are used to display and manage health-related events, for example, appointments, in the form of daily,

Apps that can be used as aids and help users to compensate for existing personal limitations (eg, hearing or vision

Utility/aid

problems)
Coach Apps that teach users an activity and help them to carry it out
Health manager

Apps that are designed to continuously support usersin health matters. A combination of several function typesis

required for an app to be assigned to this function type

Category: other
Actuator

Communicator

Apps that produce a direct physical impact in the form of mechanical motion or other physical effects

Apps that are used for communication and getting into contact with others

Game Apps that are used for pleasure, relaxation, and enjoyment
Store Apps that offer opportunities to buy or sell goods and services
Other All apps that cannot be assigned to any of the aforementioned function types

The selection of ranking criteriaused in the example evaluation
(Table 4) was chosen with the intention, among other things,
of taking into account both transparency on the part of the
manufacturer aswell as (available) user evaluations. Theranking
criteriaand their assigned weighting factors are, however, freely
adaptable, depending on the chosen topic and the objective of
the evaluation being performed. As presented here, theinclusion
of references to a possible medical device (or the explicit
exclusion of this) in the store description, which we also used
asaranking criterion, may at least reflect abasic understanding
of the associated problems on the manufacturer's part. Similar

http://mhealth.jmir.org/2018/11/€11753/

to a comprehensive store description and the provision of
adequate information about the manufacturers themselves (eg,
availability of an associated website for the app or the
manufacturer), this examines the transparency of information
provided to users. If available, user ratings are also included. It
should be noted, however, that user ratings were only available
for relatively few apps in the store, and even for these, there
were only a limited number of apps that had obtained a
significant number of ratings; this may be the reason to assign
lesser weight to these factors in the future.
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Table 3. Definition of the app-related topics, specifically for a cardiology context.

Topic

Description

Atlases

Blood pressure
Conferences
ECG?
Nutrition
Fitness
Women

Health data

Communication

Medication

Complementary medicine

Neurology

Emergencies

Medical practice or hospita

Psyche
Sleep
Metabolism

Animals

Dedicated teaching, learning, and reference works, for example, anatomy atlases

Apps containing content and functions that can help with blood pressure management, for example

Apps related to organizing one's conference visit or obtaining information about a conference

Contents and functions relating to ECG

Nutritional content, for example, on diets (including nutrients) and nutrition-dependent health aspects or disorders

Apps that promote fitness content and functions

Apps specifically targeting women

Apps for the recording, monitoring, and analyzing of health-related data (eg, vital signs)

Appswith acommunicative character, for example, for the exchange of information between medical staff and patients,

within patient groups, and online communities

Medication-rel ated apps

Apps containing neurology-related content and functionalities

Apps for emergency medical or first aid use

Appsto be used in medical practice or hospital settings

Apps covering psychological and psychiatric issues

Apps to be used in sleep-related contexts

Apps that adopt an alternative medical approach (eg, acupuncture, acupressure, meditation, complementary medicine)

Apps specifically designed for use in managing metabolic disorders (eg, diabetes or other metabolic diseases)

Apps that have a cardiology reference but are intended for use in the field of veterinary medicine

3ECG: eectrocardiography.

Table4. Ranking criteriawith weighting factor (percentage of the overall score), item name, description and condition to befulfilled, or their explanation.

Variable Source Description Score (%)
medicalDevice Keyword-based evaluation of the store description (0:  The regulatory status (medical device) of theappis 20
no keywords mentioned, 1. entry made) mentioned or explicitly excluded in the store descrip-
tion or thereismention of aseal of approval (reference
to CE3 FDAb, medical device, or aseal of approval)
descriptionLength Calculated value (number of characters) Length of the store description 20
averageUserRating Store metadata (from (0, maximum scoring reached)  Average rating of all versions of the app 15
normalized to value range [0,1])
userRatingCount Store metadata (from (0, maximum number of ratings) Overall number of user ratingsthat were obtained (for 15
normalized to value range [0,1]) al versions)
sellerUrl Evaluation of the metadata field sellerUrl for avalid  Link to awebsite (eg, amanufacturer’s homepageor 10
URL (defined as nonempty and unequal to http:// or  aWeb page for the app) has been provided
https:// without any further information); 0: invalid or
empty, 1: valid URL
releaseNotesL ength Calculated value (between (0, maximum number of ~ Length of the release notes, if available (prerequisite: 10
characters) normalized to [0,1]) at least one update, as only then must the field be set)
actuality Calculated value including the time span between Whether the app is up to date 10

publication and readout time (from (0, maximum time
span) normalized to 1-[0,1])

8CE: Conformité Européenne.
bFDA: Food and Drug Administration.
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Figure 2. Actua contribution of the currently used ranking factors to the ranking of 335 cardiology-related apps.

0.8

0.7

0.1

0
O OO0 OO0 QOO0 oo o
= N MM < 1N W M~ 00 O,

100

o O O O O
= N M
L B B B |

O 0O 0O Q0O o o oo
O M™~OW M O = N m
o o = N NN N

240
250
260
270
280
290
300
310
320
330

App ranking (for n=335 apps)

W Length of store description
 Actuality (time since last update)
W Medical device or quality seal

B Number of user ratings (all app versions)

Ranking the apps, in this case, based on ascore calculated using
the attributes and weighting factors defined in Table 4, is
intended to support those interested in making an app selection
withthe help of SARASA. Thisisparticularly useful inthe case
of alarge number of possible results by first drawing attention
to apps that are deemed to be particularly relevant depending
on conformity to the chosen characteristics. An app presenting
with an ideal rating for al attributes contributing to the score
would—theoretically—achieve a score of 1.0. In redlity,
however, the maximum score achieved will usually be much
less (eg, 0.7 for our cardiology-related sample evaluation in
Figure 2). However, the calculated score and the factors
contributing to it are not meant to be used for automatically
evaluating app quality- or content-related aspects of the apps.

Results

Automated Filtering and App Selection

As basis for the descriptive statistics presented here,
German-language, cardiology-rel ated appswere selected using
the aforementioned processes. Originally, there were 39,427
apps listed within the “Medical” category on April 14, 2018.
First, 34,382 apps with store descriptions in languages other
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W Length of release notes
i Seller URL specified

M Average rating (maximum 5 stars, all app versions)

than German were removed, and for the remaining 5045 apps,
the selected keywords were used to further filter the output,
obtaining a final total of 335 apps, related to cardiology, for
further analysis (see Figure 3).

Cardiology-Related Apps. Descriptive Statistics

General App Demographics

For an initial overview and comparison, descriptive statistics
were first calculated for al 39,427 apps of the “Medical”
category as well as for the 5045 apps with German-language
store descriptions and the 335 apps with matches for the
cardiology keywords (Table 5).

German-language apps, as well as those related to cardiology,
were on the market dightly longer on average at 32.58
(interquartilerange [IQR] 33.35) and 39.25 months (IQR 48.39),
respectively, than all apps in the “Medical” category (median
28.22, 1QR 34.89).

German-language appsinthe“Medica” category (median 11.07
months, IQR 22.51) or with a cardiology reference (median
7.73, 1QR 20.20) were updated morethan usual, compared with
the“Medical” store category (median 12.98 months, IQR 22.32).
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Figure 3. Acquisition and keyword-based selection process for the 335 cardiology-related apps.
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Table5. App demography in comparison: appswithinthe“Medical” category versusthose for which a German-language store description was provided

versus those having a cardiology reference.

App demographics All appsassignedtothe Appsassignedtothe“Medical” Apps selected via
“Medica” category category that also have aGer-  the cardiology key-
(N=39,427) man-language storedescription  words (N=335)
(N=5045)
Overall age of the apps in months, median (IQR®) 28.22(34.89) 32.58(33.35) 39.25 (48.39)
Age in months (current version only), median (IQR) 12.98 (22.32) 11.07 (22.51) 7.73(20.20)
File size in megabytes, median (IQR) 22.56 (36.08) 24.65 (30.37) 30.25 (53.58)
Pricein Euros (€)
Number of paid apps and percentage of total, n (%) 6838 (17.34) 846 (16.77) 91 (27.2)
Price, median (IQR) 3.99 (7.70) 3.49 (3.20) 3.49 (4.70)
Price range (€) 0.49-1099.99 0.49-499.99 0.49-249.99
Length of the store description (number of characters), median (IQR) 757 (1048.50) 921 (1502.00) 1630 (1585.50)
Star ratings (current version)
Rated apps, n (%) 2072 (5.26) 1408 (27.91) 144 (43.0)
Median rating (IQR) 4.50 (2.00) 4.50 (2.00) 4.50 (2.00)
Maximum number of ratings (n) 6900 6900 645
Number of ratings, median (IQR) 2.00 (3.00) 2.00 (5.00) 3.00 (8.00)
Overall star ratings (all versions)
Rated apps, n (%) 2581 (6.55) 1681 (33.32) 173 (51.6)
Median rating (IQR) 4,00 (2.00) 4.00 (2.00) 4.00 (1.50)
Maximum number of ratings (n) 22,153 22,153 6881
Number of ratings, median (IQR) 6.00 (18.00) 7.00 (22.00) 14.00 (49.00)

3 QR: interquartile range.

With regard to the file sizes, cardiological apps seem to be
somewhat larger in median (median 30.25 megabytes, IQR
53.58) than those without restriction of the field of application
(al appsin category “Medical”: median 22.56 megabytes, IQR

36.08; German-language store description: median 24.65
megabytes, IQR 30.37). It is conceivable that thisisinfluenced
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by the contentsincluded for appsin thefield of cardiology. For
example, ahigher proportion of reference workswith somewhat
larger amounts of texts and multimedia content may exert an
influence here.
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With regard to app pricing, a higher proportion of paid apps
(27.2%, 91/335) is seen in those related to cardiology than in
other medical apps (all medical apps: 17.34%, 6838/39,427;
apps with German description: 17.13%, 864/5045). Although
only about every sixth app in the medical category requires a
purchase, this is necessary for slightly more than every fourth
app in cardiology-related apps with a German store description.

It is also noteworthy that appsin the “Medical” category (with
a median of 757 characters, IQR 1048.5) have shorter
description texts overal than those in German (median 921
characters, IQR 1502) and, in particular, cardiol ogy-rel ated apps
(median 1630, IQR 1585.5). Although German-language texts
are generally known for being longer compared with, for
example, English-languagetexts, this does not explain the much
greater length of descriptions of cardiology-related apps; it is
also in thisinstance that specific cardiol ogy-related peculiarities
are speculated as a potential cause.

With regard to the app ratings given by usersfor the most recent
versions available through the store, there were only a small
number of apps that had received any ratings at all. That being
said, there was a much larger proportion of current ratings for
German-language apps (27.91%, 1408/5045) and apps found
using the cardiology-related keywords (43,0%, 144/335)
compared with al apps (5.26%, 2072/39,427) listed in the
“Medical” category. Looking at theratings given for all versions
of the apps, the percentage of apps rated for al medica apps
was 6.55% (2581/39,427) compared with 33.32% (1681/5045)
for German-language apps and 51.6% (173/335) for those
relating to cardiology. Median ratings differ only marginally.

Manufacturers

The vast mgjority of the vendors of the 335 selected apps are
represented with only a single app in the app selection (Table
6). This can be determined based on the manufacturers’ names
and identification numbers. Some vendors provide more than
1 app with cardiology-related content and German-language
storedescription in the store. Especially for manufacturerswho
offer several apps within this field, there are often only small
variations in the content of the apps provided. These can be
separately listed as lite or full versions of apps or versions for
different form factors (iPhone and iPad) that are also shown
separately. Also noticeable in this context are manufacturers

Table 6. The number of apps per manufacturer.

Albrecht et al

who provide severa apps covering cardiology conferences or
various reference books or atlases on cardiology-related topics.

Hardware and Software Requirements Specified by the
Manufacturers

The extent to which an app can be used depends, among other
things, on the technical requirements it demands from the
devices on which it should be run. Devices with iOS 9 or 10
arestill represented in relevant figures. According to Apple, the
(at thetime of thiswriting) current iOS 11 version wasinstalled
on 81% of al devices at the end of May 2018. This does,
however, mean that approximately one-fifth of the devicesin
usewere not yet equipped for apps requiring thisversion. Apps
that only requireiOS 6 or older versions can hardly be expected
to have been updated (see Table 7; the “ Cumul ative percentage”
column indicates the percentage of apps listed under category
“Medical” that can be used with a device running the
corresponding iOS version).

As to usahility on different form factors, 175 of the 335 apps
stated that they could be used universally, that is, on al device
types. The remaining 160 apps, on the other hand, require
specific device types.

Automated Text Complexity Analysis of Store
Description Texts

For about one-quarter of the apps (26.0%, 87/335), based on
the automatically derived readahility scores, only relatively low
educational standards were required for potential users: On the
basis of the available description texts for the corresponding
apps, a maximum of 10 school years was required to
comprehend the texts. However, just over half of the apps
(53.7%, 180/335) required a high school diplomalevel, and for
about one-fifth of the apps (20.3%, 68/335), the results of the
text complexity analysis according to Flesch [27,28] (with
adaptations for German-language texts according to Amstad
[29]) indicated a level of difficulty going beyond that (Figure
4). It should be noted that the text complexity analysis as
described here does not allow any statement as to whether or
not the texts were actually grammatically correct. During a
manual check, a few apps were identified whose description
texts had obviously been automatically translated from other
languages.

Apps provided by a single manufacturer (n) Manufacturers with n apps in the store (n) Percentage of 335 apps
1 178 531

2 43 25.7

3 4 36

4 3 36

6 2 36

8 1 24

9 3 8.1
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Table 7. Description of the 335 cardiology-related apps stratified by their minimally required iOS versions.

iOSversion® First date of

End of lifefor thefollowingdevices Apps(n) Proportion (%) Age (in days) on the readout date Cumulative

release[37] [37] percentage
Minimumage Median (IQR® (%)
3x June 17, i0S 3.1.3: iPhone 1st generation, 2 0.6 2744.9 2892.11(147.17) 0.6
2009 iPod touch 1
4.x June 21, i0S4.2.1: iPhone 3G, iPod touch2 6 18 1575.9 2076.26 (216.79) 2.4
2010
5.x October 12, i0S5.1.1: iPad 1st generation, iPod 11 33 113.6 1599.42 (474.23) 5.7
2011 touch 3
6.X September  i0S 6.1.6: iPhone 3GS, iPod touch 31 9.3 222.4 998.73(495.18) 14.9
19, 2012 4
7.x September  i0S7.1.2: iPhone 4 a7 14.0 5.7 586.39 (627.97) 29,0
18,2013
8.x September /AP 119 355 0.9 276.84(329.45) 645
17,2014
9.x September  i0S9.3.5: iPad 2 and 3, iPad Mini 79 23.6 0.1 68.25 (148.08) 88.1
16, 2015 1, iPhone 4S, iPod touch 5
10.x September  i0S10.3.3: iPad 4, iPhone5and 5C 33 9.9 2.8 50.84 (130.24) 97.9
13,2016
11.x September  N/A 7 21 33.2 83.69 (89.56) 100
19, 2017
8Winimum version. For clarity, the information is summarized according to the main iOS versions.
ON/A: not applicable.
Figure 4. Distribution of the educational levels required for comprehending the description texts of apps related to cardiology.
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Comparisons of Function Type Groups and Subject
AreasasWell asCardiology-Related Keyword Groups

With regard to function types (as defined in Table 2), the
cardiology-related apps were predominately apps that provide
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information (n=130), support users (n=72), or collect, provide,
or evaluate data (n=60, Multimedia Appendix 1). Appsthat are
designed to provide information often do this by instructing
users on how to behave or take action in emergencies (n=32).
Appsfor medical conferences (n=14), medical reference works
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(eg, anatomy atlases, n=10) and other apps that cannot be
assigned to a specific topic are aso frequently found in the
context of information provision. In the cardiology-related app
group, health dataare primarily collected and processed by apps
falling into thefunctional categoriesof support (n=22) and data
acquisition, processing, and evaluation (n=28). Support apps
offer functionsthat go beyond the mere recording and processing
of data and strive to achieve an added value for the user. Of
these, apps belonging to the field of complementary medicine
(n=24) are noteworthy. For example, although not exactly
targeting cardiology in astrict sense, these often try to influence
parameters such as heart rate or blood pressure with acupressure
or mediation and were therefore also included on the basis of
hits when employing the corresponding keywords.

Among other things, apps classified under calendar and
appointment related often offer functions that remind users to
record their data or help with adherence to prescribed
medication. These can include blood pressure and diabetes
diaries that record cardiology-relevant parameters or remind
users of other measurements or medications.

Categorization of Appsby Function Type, Topics, and
Associated M etadata

When looking at app demography stratified by manually
assigned function types, some particularities are noticeable for
apps related to cardiology (Multimedia Appendix 2). Based on
the median number of months since the original publication of
the apps, apps that deal with data acquisition, provision, and
evaluation (44.59, IQR 41.07) or provide calendar- and
time-related functions (53.38, IQR 36.63) have been on the
market the longest. With median updates dating back 7.73
months (IQR: 20.20), updatesto the analyzed cardiol ogy-related
apps are significantly more recent than for other
German-language apps in the “Medical” category (12.98, IQR
22.32, Table 5). Updates to apps that serve to provide
information are dightly lessrecent with amedian of 9.47 months
(IQR 20.30), despite the fact that, for these apps, it would be
especialy desirable to regularly check that the content isup to
date.

As expected, the size (in megabytes) of apps that provide
information (median 28.79, IQR 54.58) or help guide usersto
do exercises, for exampl e coaching apps (function type support,
median 52.59, IQR 51.28), and thusinclude additional text and
multimedia content, exceeds the size of appsthat only evaluate
and process recorded data (16.66, IQR 36.27) or offer
management functions (9.28, IQR 53.79).

The available ratings of the cardiology-related apps are
unremarkable. Thisisregardless of their assigned function type
and whether only the current or al versions provided in the
store are considered. Notable is the significantly higher
proportion of appsrated (between 33.8% of the current versions
of apps providing information and 78% of al versions of apps
of the“ Support” function type), when compared with the values
otherwise usua in the medical category (proportion of apps
with ratingsfor the current version: 5.26%, all versions: 6.55%);
the median ratings differ only marginally in comparison.

http://mhealth.jmir.org/2018/11/€11753/
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Similarly, differences between the groups with respect to the
distribution of priceswithin the groups are unremarkable. With
the exception of alarger proportion of paid cardiology-related
apps (27.2%, 91/335)—compared with all apps in the medical
category (17.34% paid apps, 6838/39,427) and those with
German-language  descriptions  (17.13% paid  apps,
864/5045)—there are only minor differencesin median prices,
which can mainly be explained by some particularly expensive
“outliers”

In terms of the 19 manually assigned subject areas, apps that
use hedlth data in the broadest sense are the most common
(20.0%, 67/335). Appsfor usein emergencies (13.1%, 44/335)
and those where blood pressure (10.7%, 36/335) or
complementary medicine (9.3%, 31/335,) are also seen
frequently. Overall, 13.4% (45/335) of the apps could not be
assigned to a specific topic (Multimedia Appendix 3).

Observing the median, the sample apps originally appeared 4
to 5 yearsago, and apps belonging to the field of complementary
medicine had been published approximately 6 to 8 month (58.49,
QR 47.48) before the blood pressure apps (52.68, IQR 37.49),
metabolic apps (52.11, IQR 48.71), and ECG apps (50.74, IQR
31.85) contained in the sample.

Apps are updated relatively frequently (median age of the
currently available version in month 7.73, IQR 20.20).
Exceptions are apps for organizing one's conference
participation or appsthat provideinformation about such events
after the conference has taken place.

Apps from the ECG domain exhibit noticeable differences in
termsof pricing. Almost every second app (47%, 7/15) issubject
to a fee. With a median price of €20.99 (IQR 119.85) and a
maximum price of €249.99, these apps are also significantly
more expensive when compared with the other thematic areas.

With respect to the length of provided store descriptions, apps
aimed at laymen and patients, in particular, for example, for
complementary medicine (2600, IQR 736.50),
metabolism-related apps (2003.50, IQR 1268.00), or those to
be used in conjunction with medication (2023.00, IQR 1829.50),
tend to have more extensive descriptions (represented by the
number of characters) than other cardiology apps (1630, IQR
1585.50).

Apps for cardiological issues were rated more frequently than
other apps in the “Medical” category (6.55%, 2581/39,427,
Table 5) and apps with German descriptions (33.32%,
1681/5045, Table 5). Morethan every second (51.6%, 173/335)
app has a dtar rating. In some areas (blood pressure and
metabolism), as many as 3 of 4 apps were rated by users.

Discussion

Principal Findings

The aim of this study was to present a low-threshold solution
for store analysis, which provides flexible support in the
selection of apps, despite changing requirement profiles
(previous knowledge of the interested parties, variability of use
cases, or application scenarios) and without additional effort.
The manua assignment of function types and topics for
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descriptive purposesisto be understood as an optional step until
it can be carried out automatically. The analysis not only takes
into account all available metadata, especially app description
texts, but also other attributes such as average user ratings.
Although others such as Berardi et al [8], for example, strive
for app classification using a somewhat similar approach,
SARASA iscurrently designed as atool to prepare for further
manual evaluations. SARASA enables filtering of larger sets
of apps, for example, entire store categories, based on the
entirety of available data. Tothisend, it also evaluatesavailable
store descriptions and creates a ranking of the apps based on
selected attributes (multiplied by weighting factors), making it
possible to sort apps according to subjective, analyst-defined
relevance. Depending on the problem, both the attributes to be
evaluated and the weighting factors can be adjusted as required
when using SARASA. Additions, such as the inclusion of an
automated text complexity analysis for app descriptionsin the
ranking, for example, to create afocus on specific target groups,
areeasily possible. In particular, with regard to urgent questions
of quality and security and regarding the suitability [7,38-40]
and benefits[41] of apps, additions such as source code analyses
or the recording of API calls[42] and requested authorizations
[43] areto be integrated in future.

At the current stage of development, the approach presented is
subject to several limitations, the knowledge of which is
essentia for assessing the method. These are explained in further
details below. Much of future work on SARASA will have to
take these aspectsinto account. In the course of this, additional
modules may be included into SARASA.

Limitations

Platforms, Manufacturers, and Their Commitment to
Transparency

The incorporation of various characteristics into analyses on a
larger scale is strongly dependent on the willingness of the
respective bodiesto be transparent. For example, analyzing app
installation archives may require the ability to download and
analyze installation archives, without actually installing them
on aphysical device, but thismay not be possiblefor all mobile
platforms. In addition, not al app stores provide the same
amount of access to desired attributes, for example, regarding
required app permissions and numbers of downloads, the
willingness of store providersto betransparent is a so somewhat
limited. For thisreason, the analysis according to the SARASA
scheme is currently limited to a single App Store (Apple). In
our example evaluation, the German-language storefront was
used to obtain the data. Evaluating other regional storefronts
might have led to larger numbers of apps for which a more
time-consuming manual evaluation would have been necessary.
Using the ranking methodology, possibly with further
adaptations to the attributes and ranking factors used, may be
essential to still keep filtered results manageable, for example,
by only evaluating a specific proportion of the top-ranked apps
(based on the calculated score).

For stores of other platforms, for example the Play Store
provided by Google for Android, an adaptation of the readout
and—to a lesser extent—the evauation routines will be
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necessary. For example, there is no official interface available
for Google's Play Store that would alow full capture of the store
or individual categories. In addition, some of the attributes
provided in the stores differ between platforms, making it
difficult to compare results of the SARASA method when
applied to apps on different platforms.

Sampling Bias

The method presented in this study, a complete survey of the
desired store categories, demonstrates a substantial reduction
in, often criticized, sampling bias [44] in the evaluation of
app-related data. It is conceivable, however, that manufacturers
inappropriately assign other categories to their apps (eg,
combinations of the store categories “Reference,” “Book,” or
“Lifestyl€” asprimary and secondary categoriesfor areference
work aimed at laymen)—because of uncertainties—and thus,
some apps may be wrongly excluded from a SARASA-based
analysis. Despite this, such cases would till yield a matching
result based on keywords, if applied to data from other
categories.

Regardless, the SARASA method is prone to
underrepresentation of certain apps if the keywords chosen for
selecting the apps do not adequately cover the desired subject.
It could be argued that the proposed approach may not guarantee
the identification of all suitable apps. For example, although
nutritional and many other types of apps may also exert
influence on cardiological parameters and thus be relevant in
cardiology-related use cases, these will not be returned if their
descriptions do not match any of the chosen search terms; adding
corresponding terms to our search would, however, have been
outside the scope of our presented work, as our aim was not to
even identify apps for which the manufacturers had failed to
specify acorresponding connection or purpose. Inthisinstance,
the limitations are comparable with those of a systematic
literature search in review articles. Here, a strategy is used,
searching for potentially relevant literature in databases;
following the initial search, the results of course need to be
evaluated manually. These reviews, however, do not commonly
aim at determining whether or not there were potential matches
that were missed, and which exactly were these; measures such
as senditivity and specificity, which are indispensable in
diagnostic studies, are not common in literature searches, and
this aso holds true for the SARASA method. We believe that
the comprehensiveness of the resultsfor both literature and app
searches, as they were described in this paper, can be derived
from the comprehensive and easily verifiable search strategy,
which includes a transparent specification of the search
keywords, inclusion and exclusion criteria, and so on.

Selecting apps based on our methodology may also befavorable
when compared with solely searching for apps based on search
APIs or Web interfaces, as they are services provided by the
respective app stores. In Apple's case, for example, there is
currently a maximum of 200 search results (in this case, apps)
for keyword-based searches when using the provided search
API [45], and it is somewhat tedious to perform searches for
multiple keywords; our approach, at least for iOS-based apps,
does not suffer from such restrictions.
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Still, abias may beintroduced when applying the methodol ogy
to dataacquired from other App Storesin the future. Much will
depend on whether readout routines for these stores allow access
to all appsinthe desired store categories, rather than restricting
accessto so-called top apps. A complete survey of an entire app
store’'s content, which could, for example, counteract the
af orementioned bias of incorrect category allocation on the part
of the manufacturers, will not be expedient simply because of
the scope. Here, the platform providers desirefor transparency
also plays a decisiverole.

Language-Dependent Aspects

When sdlecting storefronts provided for other (language) regions
(eg, this is possible when reading out the apps via the API
provided by Apple), a significant variation of the resultsis to
be expected. For example, if English-language appsareincluded
in the evaluation, the number of apps selected increases many
times over. Asthe purpose of the study was purely toillustrate
the filtering and classification of apps using SARASA, we
decided to confine ourselves to the described restrictions in
database acquisition. In the future, the processes for other app
stores or linguistic and geographical regions will have to be
adapted so that universal statements beyond geographical or
language borders can be made. In addition, changing the
language or adding additional languages to SARASA-based
evaluations will require adjustments that go beyond simply
trangl ating the search terms. For exampl e, although the German
language is known for the use of, often rather lengthy,
compound terms, N-grams will be more relevant in other
languages. Aspects such asthese must then be taken into account
within the search.

Machine Learning

At present, the assignment to define function types and subject
areas was done manually to classify prefiltered apps based on
language and keywords. For topics or inquiries that lead to a
number of hits that significantly exceed the number
demonstrated here, an automation of these assignments would
be desirable. In an initial attempt to achieve this by means of
keyword-based assignment, only little correlation with the
manually defined assignments was observed. This is why the
strategy was not pursued further in the context of the work
presented here.

In spite of advantages, amore efficient procedure, for example,
viaamachine learning—based assignment, would haveinitialy
increased the work required (eg, due to the need for manually
preclassifying training data). Nevertheless, it is planned to
implement natural language processing (NL P)-based methods
(specifically, topic analysis) in the future to enable at least a
basic assignment. This idea seems particularly promising for
the manual definition and assignment of subject areas. These
would otherwise haveto be redefined and discussed when using
SARASA if the selected area of application changes. A topic
analysis that would be an automatic definition of certain
thematic subareas from theinitially filtered apps and the ability
to reliably assign the apps to these subareas would be helpful
and should therefore be a goa of future developments of
SARASA. The extent to which a successful assignment to the
function types, known from the study by Albrecht et al [35], by
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means of such an approach is possible or whether this will
indeed remain a meaningful part of SARASA-based analyses
in the future must also be part of future investigations. A
preliminary topic anaysis [46,47] carried out for testing
purposes, based on the available store descriptions, indicated
that at least a mixed assignment of topics and function typesis
possible; this may already be sufficient.

Ranking

Theranking is strongly dependent on the analyst-defined values
and factors used. Depending on the desired filtering objective
or target group, it may make sense to adjust the ranking factors
and/or to include the score calculated for the ranking as an
additional filter criterion in the SARASA process. This could
exclude apps that fall below a minimum score, defined from
the outset. For example, Berardi et al [8] also use attributes such
as the size of an app, for which they assume significance in
relation to the complexity of an app or the scope of its content.
Depending on the objective—should the analysis apply, for
example, tolearning apps or reference works—larger apps could
then be ranked more prominently.

Text Complexity Analysis

The automated text complexity analysis, outlined only briefly
in this paper, is subject to certain limitations as well, especially
for nonstandard texts. Only in afew cases do the authors of the
description texts follow the conventions commonly used for
continuous texts in scientific or journalistic fields. Algorithms
for determining text complexity, however, are usually specially
standardized for such texts, expecting, among other things, a
certain minimum length. Particularly with regard to punctuation
and formatting, but also addressing texts that are (too) short in
length, peculiarities or deviations are to be noted in app
descriptions, which can have a negative influence on the
automated analysis. Our analysis tried to eliminate the most
common problems relating to punctuation and so on.
Nevertheless, it cannot be ruled out that, for example, missing
sentence points or formatting characters recognized as
punctuation elements may cause the results to be skewed
because the (recognized) sentence length (eg, represented by
the number of words in a sentence) plays an essential role in
the calculation of many readability formulas. Itis, however, not
possible to counteract the widespread problem of texts being
too short. In the future, it may therefore make sense to
additionally resort to other measures such as lexical diversity
(calculated based on the number of different words/termsin a
text) in addition to a pure text complexity analysis, if
corresponding  statements on  text complexity or
comprehensibility that can be derived from the texts are to
remain part of SARASA.

Usability Aspects of the Semiautomated Retrospective
App Store Analysis

For the future, it is planned to evolve the filtering process. At
present, filtering can only be adjusted by parameterization in
the R-based scripts. Theaim would beto create ashiny frontend
[48], that is, a user interface that can be operated via Web
browser, even without programming knowledge, thus making
the filtering process available to awider audience.
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Conclusions application is currently only limited to Apple's App Store,
although expansion to other storesis planned. The method stands
or falls with the transparency of app store providers and
manufacturers, and their will to make relevant meta-information
available. It is up to them to liberalize information and restrict
censorship to provide clients, customers, and users truly fair
circumstances finding their way around the app market.
However, based on the available information, afully automated
selection, assessment, and recommendation of apps is not the
aim of the SARASA method: Thefinal decision about whether
an app really has desired characteristics can only be made by
reviewing and analyzing the metadata provided on the store as
well as the apps themselves, which, for the time being, is not
feasible without human intervention.

SARASA isamethod for filtering app store data according to
formal criteria and accompanying description of the extract
using common statistical measures. The filter results contain a
selection of apps that can be passed through subsequent
processing steps, which can, for example, following manual
review of thelist, consist of content-based quality assessments.
SARASA alowstheimplementation of aflexiblefilter strategy,
adaptable to the needs of the user. Automatic and manual
analyses are easily combined when using SARASA. In the
future, current functions will be supplemented by additional
features, such as algorithmic topic analyses or sentiment
analyses of user-provided comments (whenever user ratingsare
to be included as part of the analysis pipeling). The area of
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