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Abstract

Background: Using smartphones to enroll, obtain consent, and gather self-reported data from patients has the potentia to
enhance our understanding of disease burden and quantify physiological impact in the real world. It may also be possible to
harnessintegral smartphone sensors to facilitate remote collection of clinically relevant data.

Objective: We conducted the Patient Rheumatoid Arthritis Data From the Real World (PARADE) observational study using
a customized ResearchKit app with a bring-your-own-device approach. Our objective was to assess the feasibility of using an
entirely digital approach (socia mediaand smartphone app) to conduct areal-world observational study of patientswith rheumatoid
arthritis.

Methods: We conducted this observational study using a customized ResearchKit app with a bring-your-own-device approach.
To recruit patients, the PARADE app, designed to guide patients through a series of tasks, was publicized via social media
platformsand made available for patientsin the United States to download from the Apple App Store. We collected patient-reported
data, such asmedical history, rheumatoid arthritis-rel ated medi cations (past and present), and arange of patient-reported outcome
measures. Weincluded in the assessment ajoint-pain map and anovel objective assessment of wrist range of movement, measured
by the smartphone-embedded gyroscope and accel erometer.

Results: Within 1 month of recruitment viasocial mediacampaigns, 399 participants self-enrolled, self-consented, and provided
complete demographic data. Joint pain was the most frequently reported rheumatoid arthritis symptom to bother study participants
(344/393, 87.5%). Severe patient-reported wrist pain appeared to be inversely linked with the range of wrist movement measured
objectively by the app. At study entry, 292 of 399 participants (73.2%) indicated a preference for participating in a mobile
app-based study. The number of participantsin the study declined to 45 of 399 (11.3%) at week 12.

Conclusions: Despite the declining number of participants over time, the combination of social media and smartphone app with
sensor integration was a feasible and cost-effective approach for the collection of patient-reported data in rheumatoid arthritis.
Integral sensors within smartphones can be harnessed to provide novel end points, and the novel wrist range of movement test
warrants further clinical validation.

(JMIR Mhealth Uhealth 2018;6(9):€177) doi: 10.2196/mhealth.9656
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Introduction

The Need for Novel Data Collection M ethods

Traditionaly, clinical research and data collection is primarily
conducted through a site-based approach. Patients are screened
and recruited by clinical research centers, followed by a series
of clinical visits scheduled for procedures and clinical
assessments. Other methods include data collection via
telephone, mail, or electronic surveys. These site-based
approaches can be complex, costly, and time consuming;
limitations associated with these approachesinclude investigator
bias [1], parking lot syndrome [2], and white coat syndrome
[3]. Since hedlth status involves multiple dimensions and is a
continuum, clinicians' assessments during infrequent clinical
visitsmay not be sufficient to fully evaluate health status. Novel
data collection methods to capture continuous data from the
patient perspective are needed.

M obile phone ownership isbecoming morewidespread globally,
with the number of people using mobile phones in 2017
estimated to be 4.8 billion worldwide [4]. Following the decline
in the popularity of other forms of communication (postal mail
and landline phones) the mobile phone has recently emerged
as a potentially useful and successful technology for health
measurement and health management [5-7], a clear shift that
appears to be welcomed by patients [8]. When paired with
specialized apps, designed to provide standardization of the
captured data, mobile phones may be easily used to both engage
the patient with their treatment and provide a conduit through
which patient-reported data can be gathered and transmitted
[9]. The use of smartphones to collect real-world data directly
from patients has been shown to be cost effective and fast, and,
importantly, it empowers the patients [5,7,10]. Although
smartphones have been shown to be effective at gathering data,
high rates of attrition have been reported in studies using
smartphones aone [5,11,12], highlighting a need to improve
and optimize current methods of promoting participant retention.

Rheumatoid Arthritis as a Case Study

Patients with long-term chronic and physically disabling
conditions, such as rheumatoid arthritis (RA), who need to
manage daily care activities and fluctuations in their RA
symptoms at home, may be a population for whom electronic
data collection could be of particular use. RA is a chronic,
progressive autoimmune disease affecting the mobile joints of
the body, which may result in substantial and irreversible
disability; symptoms include joint pain or tenderness, joint
swelling, morning stiffness, reduction in joint range of
movement (ROM), muscle pain, and fatigue [9,13]. Various
chronic and progressive autoimmune conditions, including RA,
are typically characterized by periodic disease flares followed
by periods of relative quiescence that are unpredictable.
Assessment of disease status during prescheduled physician
visits, whether for routine purposes or for gathering data for
clinical research purposes, can easily miss these periods of
disease exacerbation, leading to an incorrect interpretation of
the patient’s disease status. The use of smartphone apps in
clinical research means that medical data can be efficiently
collected at a greater number of time points, compared with
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more traditional research methods[12]. Thus, the ability of the
patient to self-report data relating to the subjective signs and
symptoms of their disease may pave the way for more holistic
clinical research datasets, able to better capture the experience
of patients living with chronic conditions, and may provide
immediate feedback to their health care providers, ultimately
improving clinical benefit overall [11].

Data Capture Using Resear chKit

ResearchKit (AppleInc, Cupertino, CA, USA) isan iOS-based,
open source framework for mobile medical research released
in2015. It isan app composed of preconstructed modules, which
can be adapted according to the research requirements. To date,
ResearchKit has been used in observational, real-world studies
of cardiovascular health, asthma, Parkinson disease, type 2
diabetes, and cancer [5,7,11,12]. So far, to our knowledge, it
has not been used to conduct an entire scientific research study
in patients with RA enrolled remotely, including obtaining
patients' consent and data capture.

Several observational studies have assessed the use of
smartphones to measure subjective RA disease activity through
adoption of validated questionnaire-based patient-reported
outcome (PRO) measures [14-16]. Additionally, creative use
of the integrated sensor platforms present within most
smartphones could facilitate collection of a large number of
objective variables relevant to RA. For example, monitoring
the impact of physical activity on cardiovascular health, by
gathering objective datarelating to patient mobility and activity
levels through the use of the integral smartphone global
positioning system, was shown to be successful [12]. An attempt
to capture data relating to gait analysisin patients with RA has
been reported, but this method awaits full validation [15,17].
Objectives

The Patient Rheumatoid Arthritis Data From the Real World
(PARADE) study was a siteless, prospective, real-world
observational study in which patientswith RA could self-recruit,
provide consent, enroll, and report their medical data entirely
via a customized ResearchKit app downloaded to their own
smartphone. The key objectives were to assess the feasibility
of using ResearchKit to enroll patients into a study and of
collecting patient data using this app, including subjective
assessments (ie, self-reported symptoms, validated hedlth-related
quality of life surveys, and ajoint-pain map), aswell asanovel,
objective wrist ROM test. To determine the feasibility of the
app and siteless approach to recruitment, the aims of the study
were to enroll a minimum of 300 participants in 1 month,
demonstrate participant demographics similar to those of an
existing RA registry, and evaluate algorithms developed to
support the objective measurement of RA symptoms via the

app.
Methods

App Design and Testing

The PARADE app was created and developed by
GlaxoSmithKlein (GSK; Brentford, UK) and Possible Mobile
(Denver, CO, USA) using the ResearchKit platform, which is
open source and available on GitHub [18]. Two sets of user

JMIR Mhealth Uhealth 2018 | vol. 6 | iss. 9 | €177 | p. 2
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH

acceptance testing were performed during the app’'s
development. During user acceptance testing, users tested the
software to ensure that it could handle required tasks in
real-world scenarios. The first user acceptance testing was
performed with 3 volunteers with RA who provided feedback
on screen functionality and the electronic PROs. The second
user acceptance testing was performed with study team members
1 month before the app launch as the final approval testing.
Multimedia Appendix 1 provides screenshots from the app.

Recruitment Process and Ethics

Thisstudy (study number 205718) was approved by the Quorum
institutional review board (Quorum Review Inc, Seattle, WA,
USA). The study was an observational platform pilot; it was
not registered within the clinical trial registry. The app was
made available in the United States via the Apple App Store.
We identified California, Texas, New York, Pennsylvania, and
Florida as the top 5 states with a high prevalence of RA;
therefore, we launched targeted digital patient recruitment
campaigns via social media platforms, such as Facebook
(Facebook, Inc, Menlo Park, CA, USA) and Twitter (Twitter,
Inc, San Francisco, CA, USA), in those states. We al so targeted
HealthUnlocked (HealthUnlocked, London, UK), Inspire
(Inspire, Arlington, VA, USA), and users on Facebook who
were followers of the Arthritis Foundation [19] and Creaky
Joints[20] to increase awareness and driveinterest to download
the PARADE app. Prospective parti cipants downloaded the app
using their own App Store credential s and self-navigated through
elements of the app, including a study video, eligibility screen,
electronic informed consent screen, and data collection screen,
via the smartphone touchscreen interface. The involvement of
GSK was made clear on the Welcome screen of the app and in
the informed consent process.

We set the recruitment time frame for 1 month with a target
enrollment of 300 patients. The consenting process was
compliant with Title 21 of the Code of Federal Regulations Part
11 (21CP11) to ensure that it was trustworthy, reliable, and
equivalent to paper records according to the US Food and Drug
Administration.

Once prospective participants had downloaded and opened the
app, they were presented with information about the study and
an inclusion and exclusion criteria questionnaire. Inclusion
criteria were being 21 years of age or over, being English
speaking, living in the United States, and having a physician’'s
diagnosis of RA. Participants who met the eligibility criteria
proceeded to electronic informed consent. Once they compl eted
this, they could receive acopy of the consent form by email for
their records. Collection of personaly identifiable information
(including email address) was restricted to the consent process
and was housed separately from the study data on secure servers
(Medidata Solutions Inc, New York, NY, USA). Throughout,
participants navigated the app using the smartphone touchscreen.

Study Design

We conducted the study entirely via the app with no human
interaction, medical intervention, or financial incentives.

Possible M obile programmed the app to automatically randomly
allocate participants, without stratification, into 2 groups with
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differing degrees of access provided to their persona data.
Group A could access their personal symptom data dashboard
every day, whereas group B could access it only at the end of
the study after 12 weeks of data collection. The informed
consent form notified participants that they would be assigned
by chance into 1 of 2 study groups; however, participants were
not informed about the purpose of the randomization.

Assessments

Data captured at enrollment (week 1) were baseline
demographics, health history information, retention, and
medications. Participants were encouraged to compl ete several
subjective and objective study tasks at different time points, as
described below.

Subjective Study Tasks

Each week, participants received a reminder via the app to
complete a variety of tasks accessed via their personalized
dashboard and designed to evaluate their disease status. Weekly
reported outcome measures were the Rheumatoid Arthritis
Severity Scale (patient global assessment) [21] and a series of
semiquantitative scales, including apain scale, morning stiffness
scale, and mood scale (not reported here). In addition,
participants were encouraged to complete a weekly survey to
monitor their satisfaction with the app. At weeks 1, 4, 8, and
12, participants were encouraged to complete additional
validated PRO measures: a health status survey (5-level version
of the EuroQoL, 5 dimensions) [22], a physical function
assessment (Health Assessment Questionnaire-Disability Index)
[23] and a fatigue scale (Functional Assessment of Chronic
I1Iness Therapy-Fatigue) [24].

An interactive joint-pain map was designed specifically for the
app to record the number and severity of painful joints (from
55 prespecified joints). At weeks 1 and 8, participants were
asked to score the pain in each joint (joints were presented in a
body map) as 0 (no pain), 1 (mild pain), 2 (moderate pain), or
3 (severepain). At thefinal assessment (week 12), a participant
satisfaction survey was deployed.

Objective Study Task: Wrist Range of Movement Test

Given the shortage of validated techniques available to assess
wrist ROM and the lack of areference standard comparator, we
developed a novel objective wrist ROM exercise for this study.
The exercise was to be completed at weeks 1 and 12
(Multimedia Appendix 1). Briefly, participants were instructed
to sit down and, in turn, to place their forearm at the edge of a
standard-sized table, holding the smartphone in their hand, and
to flex and extend their wrist joint to its maximum ROM (Figure
1, part A). We used raw sensor data from the smartphone
gyroscope and accelerometers, captured by the app during this
exercise, to assess the extent of flexo-extension ROM of each
wrist joint as an objective measure of disease activity. We
developed mathematical algorithms in Matlab 2016 (The
Mathworks Inc) to convert the raw sensor datainto ROM data.
Figure 1 parts B and Cillustrate the processfor ROM extraction
based on the phone's orientation computed by the algorithm.
Images from experimental data acquisition are also displayed
for reference.
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Figure 1. Wrist range of movement (ROM) exercise. (A) Instructions for the wrist ROM exercise provided to participants via the app. (B, C) Wrist
ROM preliminary validation based on experimental test data. (B) Relative change in phone orientation (blue arrow) at full wrist extension with respect
to initial orientation (black arrow). (C) Relative change in phone orientation at full wrist flexion. In both examples, the video frame from the task
performance at the moment of measurement is displayed as a reference for visual inspection. Green dots correspond to phone orientation at previous

measurements.
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Data Handling and Analysis

Data collected from the PARADE app were stored in secure
21CP11-compliant serverswithin the Medidataclinical research
platform. Data were converted into JavaScript Object Notation
files. Completed questionnaire data were subsequently converted
into statistical analysis system datasets. All study data were
anonymized, and no personally identifying information was
obtained as part of the study data. The study was primarily a
feasibility study of the Apple ResearchKit app, and the data
analyses focused on descriptive information. We included data
from participants who discontinued the study when analyzable.
No missing dataimputation was performed. Asthiswas a pilot
study to investigate the feasibility of using a smartphone app
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to conduct an observational study, we anticipated no specific
results.

Results

Study Enrollment and Data Collection

We conducted the PARADE real-world observational study in
the United States between July and November 2016. Within 1
month of launch, 1170 downloads of the PARADE app were
completed, the majority in responseto Facebook advertisements
(1018/1170, 87.01%). Of these, 428 proceeded to consent;
however, 29 individuals consented outside the 1-month window
and therefore we did not include their data in the evaluation.
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Figure 2. Patient Rheumatoid Arthritis Data From the Real World (PARADE) app study recruitment. * Defined as those completing al demographic
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Table 1. Demographics and baseline clinical characteristics.

Crouthamel et al

Characteristics Group A (n=197)

Group B (n=202) Total (N=399)

Female, n (%) 158 (80.2) 164 (81.2) 322 (80.7)
Age (years), mean (SD) 49.2 (12.48) 46.8 (12.00) 47.9 (12.28)
Ethnicity, n (%)
White 154 (78.2) 168 (83.2) 322 (80.7)
African American 5(25) 11 (5.4) 16 (4.0)
Hispanic 27 (13.7) 13 (6.4) 40 (10.0)
Asian 7(3.6) 4(2.0) 11(2.8)
Other 4(2.0) 6(3.0) 10 (2.5)
Body massindex (kg/m?), mean (SD) 29.3(7.03) 29.7 (7.55) 29.5(7.29)
Education, n (%)
Middle school or below 4(2.0) 1(0.5) 5(1.3)
High school 44.(22.3) 42 (20.8) 86 (21.6)
College 91 (46.2) 111 (55.0) 202 (50.6)
Graduate school 58 (29.4) 48 (23.8) 106 (26.6)
Smoking history, n (%)
Current 18(9.1) 19 (9.4) 37(9.3)
Previous 61 (31.0) 60 (29.7) 121 (30.3)
Never 118 (59.9) 123 (60.9) 241 (60.4)
Duration (years) since diagnosis, n (%)
<2 60 (30.5) 62 (30.7) 122 (30.6)
2-5 44.(22.3) 47 (23.3) 91 (22.8)
5-10 45 (22.8) 46 (22.8) 91 (22.8)
>10 48 (24.4) 47 (23.3) 95 (23.8)
The remaining 399 (34.10%) of the 1170 participantsenrolled, ~ Subjective Study Tasks

consented, and provided complete demographic data, and hence
we considered them to have contributed analyzable data (Figure
2).

Table 1 |lists participant demographics and clinica
characteristics. Table 2 lists the participants current
medications. The study population was predominately female
(322/399, 80.7%) and white (322/399, 80.7%) with amean age
of 47.9 (SD 12.28) years, 77.2% (308/399) of participantswere
educated to college or graduate school level (Table 1). Disease
duration was less than 2 years in 30.6% (122/399) of
participants, between 2 and 5 yearsin 22.8% (91/399), between
5 and 10 yearsin 22.8% (91/399), and over 10 yearsin 23.8%
(95/399). Differences between group A and group B were
minimal, suggesting that the app-programmed randomization
worked effectively. Patients were enrolled from a wide
geographic distribution acrossthe United States (Figure 3[25]).
Consistent with our geotargeting approach, California, Texas,
Pennsylvania, New York, and Florida were among the states
with the highest number of downloads.

http://mhealth.jmir.org/2018/9/€177/

Joint pain was the most frequently reported RA symptom to
bother study participants (344/393, 87.5%). Consistent with RA
symptoms, painkillers, nonsteroidal anti-inflammatory drugs,
corticosteroids, and methotrexate were the most commonly used
medications (Table 2). Participant self-reported joint pain from
the joint-pain map assessment was completed by 83.7%
(334/399) of participants at week 1. Responses included
identification of painful joints and the severity of pain in each
individual joint scored on ascale of 0to 3. At week 1, theright
wrist (195/336, 58.0%) and left knee (194/336, 57.7%) were
the most frequently cited locations of mild, moderate, or severe
joint pain (Figure 4). Joint pain was most commonly reported
to be mild and was similar for the left and right joints.

Data from PRO measures collected via the app showed no
substantial changes in any of the scales throughout the study;
however, the number of participants decreased throughout the
study (Multimedia Appendix 2).
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Table 2. Current rheumatoid arthritis medications.

Medication Study population, n (%)

Group A (n=194) Group B (n=194) Total (n=388)
Painkillers 89 (45.9) 81 (41.8) 170 (43.8)
NSAIDS? 111 (57.2) 83 (42.8) 194 (50.0)
Corticosteroids 57 (29.4) 60 (30.9) 117 (30.2)
Methotrexate 76 (39.2) 79 (40.7) 155 (39.9)
Azathioprine 3(15) 2(1.0) 5(1.3)
Auranofin 1(0.5) 0 1(0.3)
Chloroquine 1(0.5) 0 1(0.3)
Hydroxychloroquine 46 (23.7) 61 (31.4) 107 (27.6)
Leflunomide 13(6.7) 17 (8.8) 30(7.7)
Mycophenolate 3(15) 0 3(0.8)
Sulfasalazine 11 (5.7) 18 (9.3) 29(7.5)
Abatacept 14(7.2) 15 (7.7) 29 (7.5)
Adalimumab 23(11.9) 19(19.8) 42 (10.8)
Certolizumab 7(3.6) 3(L5) 10 (2.6)
Etanercept 14 (7.2) 20(10.3) 34 (8.8)
Golimumab 4(2.1) 7(3.6) 11 (2.8)
Infliximab 6(3.1) 10(5.2) 16 (4.1)
Rituximab 4(2.1) 7(3.6) 11 (2.8)
Tocilizumab 7(3.6) 6(3.1) 13(3.4)
Tofacitinib 9(4.6) 9(4.6) 18 (4.6)
Others 19 (9.8) 21(10.8) 40 (10.3)

3NSAID: nonsteroidal anti-inflammatory drug.
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Figure 3. Geographic distribution of participants within the United States.
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Objective Study Task: Wrist Range of M ovement Test

We developed a novel tool to objectively evaluate the
participants’ wrist joint ROM and tested it for the first timein
this study. The novel wrist ROM task was carried out by 71.4%
(285/399) of participants at week 1. To evaluate potential
associations between this objective test and patient-reported
joint pain, we compared thewrist ROM datawith thewristjoint
pain scores from the joint-pain map assessment of each
participant. Severe patient-reported wrist pain appeared to be
inversely linked with the wrist ROM measured by the app
(Figure5).

App Evaluation and Participant Retention

At the beginning of the study, we asked participants whether
they would prefer to participate in astudy conducted at aclinic
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or using amobile app; 73.2% (292/399) expressed a preference
for amobile app, 3.0% (12/399) preferred aclinic-based study,
and 13.8% (55/399) answered both, with the remainder having
no preference.

At week 2, 162 of 399 (40.6%) participants completed at |east
one study assessment; this decreased to 45 of 399 (11.3%)
participants at week 12. We did not collect reasonsfor attrition.
The percentage of participants remaining in the study was
dightly greater among those who had daily accessto their data
than among those who did not (26/197, 13.2% vs 19/202, 9.4%,
respectively; Figure 6); however, the number of participants
remaining in both groups was low. We did not statistically
compare retention rates due to the high rate of attrition.
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Figure 4. Joint pain map. Percentage of patients reporting any pain in each of 55 joints at week 1 (n=336).
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Figure 6. Proportion of patients retained within the study over 12 weeks.
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Principal Findings

The PARADE study was, to our knowledge, the first
industry-sponsored study in which patients with RA could
self-recruit, consent, enroll, and report data entirely via their
iPhone using a ResearchKit app. This study demonstrated the
feasibility of using smartphones to conduct areal-world study.
In particular, the enrollment approach was successful in
obtai ning participants from awide geographic distribution across
the United States, as well as a wide ethnic diversity and a
demography representative of patientswith RA. Within 30 days,
we exceeded our enrollment target of 300, demonstrating that
the use of digital platforms to reach alarge RA population can
result in rapid study enrollment. The use of a smartphone was
well received by the participants, with 73.2% (292/399)
reporting a preference for participating in a mobile app—based
study over asite-based study; however, thisfinding may not be
representative of the general RA population.

To reduce any inherent enrollment bias and to ensurethe validity
of future studies using smartphones for data collection, it is
particularly important to ensure that a representative sampl e of
patients can access and enroll in the study. The PARADE study
popul ation was comparable with an RA population from astudy
that used more traditional methods of data collection, the

(CORRONA) RA registry, believed to be representative of the
US RA population [25]. Similarly, high proportions of women
participated, consistent with the higher prevalence of RA in
women; however, we found that the PARADE study population
were younger and were more educated than those in the
CORRONA registry (Table 3). Presumably this reflects the
increasing likelihood of a younger and more highly educated
demographic owning a smartphone [26]. Participants in the
PARADE study had a greater ethnic diversity (19% other
ethnicities) compared with those represented in the CORRONA
registry (11%), suggesting that using downl oadable smartphone
appsto engage patients may be effective in recruiting abroadly
representative ethnic popul ation but may favor participation by
individuals with higher education and younger age.

The app enabled collection of a range of RA-related data,
including medications, symptoms, quality of life, joint-pain
map data, and wrist ROM measures. The app has the potential
for data collection at a higher frequency (eg, multiple points
per day) than would be logistically possible in standard clinical
studies; therefore, it can provide amore holistic view of disease
exacerbation and remission. Furthermore, a previous study
demonstrated that capture of Disease Activity Scorein 28joints
data using a dedicated smartphone app correlated well with
monthly clinical assessments of RA disease activity [15].

Table 3. Demographic profile of Patient Rheumatoid Arthritis Data From the Real World (PARADE) participants compared with representative data
from the Consortium of Rheumatology Researchers of North America (CORRONA) registry of US patients with rheumatoid arthritis [25].

Demographic PARADE CORRONA
Age (years), mean (SD) 47.9 (12.3) 58.9 (13.4)
Female, n (%) 322 (81) 19,242 (77)
White, n (%) 322 (81) 22,240 (89)
Other ethnicities, n (%) 77 (19) 2749 (11)
College/graduate school educated, n (%) 308 (77) 13,744 (55)
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Whereas other studies have reported issues with storage and
transmission of data files from the phone, due to file size [14],
we encountered no such challenges or difficulties in this study.

Thedesign of studiesin which patients self-report viaelectronic
interfaces hasthe potential to revol utionize how clinical research
isconducted [27] but islimited by arelative lack of ssmple and
validated objective measuresthat can be captured el ectronically.
This has led to a predominance of subjective assessments,
typically patient questionnaires or PRO measures. Some studies
have observed that such self-reporting can be proneto bias, with
patients over- or underestimating the true situation [12].
Development of methods that can provide objective as well as
subjective data are needed to improve the breadth and quality
of results. However, some previous attemptsto obtain objective
measures remotely (eg, by connecting a hand dynamometer to
a smartphone) have required additional instrumentation [28].
We explored the use of a smartphone app to capture objective
data directly relevant to disease activity via the
smartphone-embedded sensors to record ROM in the wrist.
Validated tools to evaluate wrist ROM are lacking, and there
is no reference standard comparator available. Previous work,
however, has demonstrated the reliability of smartphone apps
for the goniometric evaluation of joint ROM [29,30]. In our
study, we saw alink between participants' subjective assessment
of severe wrist pain and functional assessment of wrist ROM,
suggesting that combining the use of questionnaires and
sensor-based recordings from the smartphone may provide a
valuable combination to monitor and quantify patient symptoms
and diseaseimpacts. Further research isrequired to validate the
extent to which wrist ROM correlates with RA management
and remission.

One common trend observed with the use of smartphones in
clinical research isthat, while engagement may beinitially high,
the rate of attrition is also high [31,32]. Although only 41% of
our participants provided data at week 2, overall, retention was
dightly better among participants who could view their data
throughout the study than among those who could view it only
at the final assessment (88/197, 44.7% vs 74/202, 36.6%,
respectively), athough we did not statisticaly evaluate these
results and did not monitor whether participants actually
accessed their data. Thisis in line with the findings of other
studies (eg, [14]) where the ability to access personalized data
could act as an incentive for patients to continue engagement.
For example, in a study using computer-based technology to
support a weight-loss program, patients who frequently used
smartphone technology to view their progress|ost more weight
than those who did not [31]. For personalized data to provide

Crouthamel et al

an incentive to boost participation, the data provided must be
meaningful and valuableto the patient, for example, by tracking
improvement or progress toward goals, or flagging potential
issues. Previous studies have explored various forms of
incentivization to boost engagement, most notably the ability
to visualizeamedical benefit and payment [32,33]. Other ideas
include data sharing, participation in an online participant forum,
and a strong initial understanding and belief in the objective of
the study [14]. It is likely that a combination of different
incentives, tailored to suit each specific population, may be
required to obtain maximal engagement.

Limitations

Our study had several limitations. The proportion of participants
completing the study was low, and few people completed the
evaluation of the app. Given that there was no medical
intervention or other variables introduced that might drive a
change in PRO measures over time, we expected little change
in data from the PROs over the course of the study. However,
thehigh level of attrition precludesthe possibility of longitudinal
assessments. Differences in retention rates between groups
should be considered with caution. The results from this study
are descriptive only, and we did not collect data on whether
those patients who were able to access their personal data
actually did so. A separate study would be required to further
investigate retention rates. The app relied on participants
self-motivation and accurate self-reporting with no way to
authenticate the data. It isimportant to ensurethat, in the design
of future studies, data shared with patients must add real value,
including clinical value, so that any smartphone data that
patients share with their physicians will facilitate clinical
decisions, not just exacerbate clinician information overload
[33].

Conclusion

This study successfully demonstrated the feasibility of using a
smartphone coupled with ResearchKit to obtain patient-reported
datain RA from areal-world perspective. It reportsthefirst use
of the smartphone gyroscope to measure wrist joint ROM, which
was linked with patient-reported joint pain. We created a
bespoke algorithm to derive clinically meaningful information
on wrist ROM from raw sensor data. Further details on the
methodology and accuracy assessment may be presented in a
separate publication. This may lead to development and
validation of other novel objective end points using
smartphone-integrated sensors and may lead to an expansion
of the objective data that can be captured from electronic
patient-reported clinical research.

Acknowledgments

This study (study number 205718) was sponsored by GSK. GSK designed the study; contributed to the collection, analysis, and
interpretation of the data; and supported the authorsin the devel opment of the manuscript. GSK iscommitted to publicly disclosing
the results of GSK - sponsored clinical research that evaluates GSK medicines and, as such, was involved in the decision to

submit the manuscript for publication.

The authors wish to thank Katie White, PhD, and Jennie McL ean, PhD, from Fishawack Indicia Ltd, UK, funded by GSK, who
provided assistance with devel oping this manuscript. The authors al so wish to acknowledge the contributions of Possible Mabile,
who devel oped the PARADE app, and Medidata, who developed algorithms for handling activity data and provided a validated

http://mhealth.jmir.org/2018/9/€177/

IMIR Mhealth Uhealth 2018 | vol. 6 |iss. 9 | €177 | p. 11
(page number not for citation purposes)


http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH Crouthamel et a

secure database for data collection. The team would also like to thank Julian Jenkins and Rob Dicicco for their sponsorship of
the project.

Conflictsof Interest

At the time of the study, all authors were employees of GlaxoSmithKline and held stock options; at the time of publication, PB
is no longer with GlaxoSmithKline.

Multimedia Appendix 1
Screenshots from the PARADE app.

[PDE File (Adobe PDF File), 18MB-Multimedia Appendix 1]

Multimedia Appendix 2
Mean patient-reported outcome responses.

[PDEF File (Adobe PDF File), 162K B-Multimedia Appendix 2]

References

1. DeluccaP, Raghavarao D. Effect of investigator bias on the significance level of the Wilcoxon rank-sum test. Biostatistics
2000 Mar;1(1):107-111. [doi: 10.1093/biostatistics/1.1.107] [Medline: 12933528]

2. LeeP Why go ePRO? Eur Pharm Contractor 2006;Spring: 72-77 [FREE Full text]

3.  DenHondE, CelisH, Vandenhoven G, O'Brien E, Staessen JA, THOP investigators. Determinants of white-coat syndrome
assessed by ambulatory blood pressure or self-measured home blood pressure. Blood Press Monit 2003 Feb;8(1):37-40.
[doi: 10.1097/01.mbp.0000057015.67622.10] [Medline: 12604935]

4.  Statista. Number of mobile phone users worldwide from 2013 to 2019 (in billions). 2017. URL : https://www.stati sta.com/
statistics/274774/f orecast-of -mobil e-phone-users-worl dwide [accessed 2018-05-09] [WebCite Cache ID 6zHtL95Y R]

5. ChanYY, Wang P, RogersL, Tignor N, Zweig M, Hershman SG, et a. The Asthma Mobile Health Study, alarge-scale
clinical observational study using ResearchKit. Nat Biotechnol 2017 Apr;35(4):354-362 [FREE Full text] [doi:
10.1038/nbt.3826] [Medline: 28288104]

6.  Schatz BR. National surveysof population health: big dataanalytics for mobile health monitors. Big Data 2015;3(4):219-229
[FREE Full text] [doi: 10.1089/big.2015.0021] [Medline; 26858915]

7. Dorsey ER, Yvonne CY, McConnell MV, Shaw SY, Trister AD, Friend SH. The use of smartphones for health research.
Acad Med 2017;92(2):157-160. [doi: 10.1097/ACM.0000000000001205] [Medline: 27119325]

8. Azevedo R, Bernardes M, Fonseca J, Lima A. Smartphone application for rheumatoid arthritis self-management:
cross-sectiona study reveal ed the usefulness, willingnessto use and patients' needs. Rheumatol Int 2015;35(10):1675-1685.
[doi: 10.1007/s00296-015-3270-9] [Medline: 25903352]

9. PigaM, Cangemi |, Mathieu A, Cauli A. Telemedicinefor patientswith rheumatic diseases: systematic review and proposal
for research agenda. Semin Arthritis Rheum 2017;47(1):121-128. [doi: 10.1016/j.semarthrit.2017.03.014] [Medline:
28420491]

10. Jardine J, Fisher J, Carrick B. Apple's ResearchKit: smart data collection for the smartphone era? JR Soc Med
2015;108(8):294-296. [doi: 10.1177/0141076815600673] [Medline: 26268915]

11. Bot BM, Suver C, Neto EC, Kellen M, Klein A, Bare C, et a. The mPower study, Parkinson disease mobile data collected
using ResearchKit. Sci Data 2016;3:160011 [FREE Full text] [doi: 10.1038/sdata.2016.11] [Medline: 26938265]

12.  McConnél MV, ShcherbinaA, Pavlovic A, Homburger JR, Goldfeder RL, Waggot D, et a. Feasibility of obtaining measures
of lifestyle from a smartphone app: the myHeart counts cardiovascular health study. JAMA Cardiol 2017;2(1):67-76. [doi:
10.1001/jamacardio.2016.4395] [Medline: 27973671]

13. BanderasB, Skup M, Shields AL, Mazar I, Ganguli A. Development of the Rheumatoid Arthritis Symptom Questionnaire
(RASQ): apatient reported outcome scale for measuring symptoms of rheumatoid arthritis. Curr Med Res Opin
2017;33(9):1643-1651. [doi: 10.1080/03007995.2017.1338562] [Medline: 28574727)

14. Reade S, Spencer K, Sergeant JC, Sperrin M, Schultz DM, Ainsworth J, et al. Cloudy with a chance of pain: engagement
and subsequent attrition of daily data entry in a smartphone pilot study tracking weather, disease severity, and physical
activity in patients with rheumatoid arthritis. IMIR Mhealth Uhealth 2017;5(3):e37 [FREE Full text] [doi:
10.2196/mhealth.6496] [Medline: 28341616]

15. Nishiguchi S, Ito H, Yamada M, Yoshitomi H, Furu M, Ito T, et al. Self-assessment of rheumatoid arthritis disease activity
using a smartphone application. Development and 3-month feasibility study. Methods Inf Med 2016;55(1):65-69. [doi:
10.3414/ME14-01-0106] [Medline: 26391694]

http://mhealth.jmir.org/2018/9/e177/ JMIR Mhealth Uhealth 2018 | vol. 6 | iss. 9| €177 | p. 12
(page number not for citation purposes)

RenderX


https://jmir.org/api/download?alt_name=mhealth_v6i9e177_app1.pdf&filename=6fab7bf71b1d7e51852bee93b0d424b9.pdf
https://jmir.org/api/download?alt_name=mhealth_v6i9e177_app1.pdf&filename=6fab7bf71b1d7e51852bee93b0d424b9.pdf
https://jmir.org/api/download?alt_name=mhealth_v6i9e177_app2.pdf
https://jmir.org/api/download?alt_name=mhealth_v6i9e177_app2.pdf
http://dx.doi.org/10.1093/biostatistics/1.1.107
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12933528&dopt=Abstract
https://pdfs.semanticscholar.org/8299/a67b99223167e7bff7876956b9ec4885efe4.pdf
http://dx.doi.org/10.1097/01.mbp.0000057015.67622.10
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=12604935&dopt=Abstract
https://www.statista.com/statistics/274774/forecast-of-mobile-phone-users-worldwide
https://www.statista.com/statistics/274774/forecast-of-mobile-phone-users-worldwide
http://www.webcitation.org/

                                            6zHtL95YR
http://europepmc.org/abstract/MED/28288104
http://dx.doi.org/10.1038/nbt.3826
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28288104&dopt=Abstract
http://europepmc.org/abstract/MED/26858915
http://dx.doi.org/10.1089/big.2015.0021
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26858915&dopt=Abstract
http://dx.doi.org/10.1097/ACM.0000000000001205
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27119325&dopt=Abstract
http://dx.doi.org/10.1007/s00296-015-3270-9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25903352&dopt=Abstract
http://dx.doi.org/10.1016/j.semarthrit.2017.03.014
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28420491&dopt=Abstract
http://dx.doi.org/10.1177/0141076815600673
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26268915&dopt=Abstract
http://doi.org/10.1038/sdata.2016.11
http://dx.doi.org/10.1038/sdata.2016.11
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26938265&dopt=Abstract
http://dx.doi.org/10.1001/jamacardio.2016.4395
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27973671&dopt=Abstract
http://dx.doi.org/10.1080/03007995.2017.1338562
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28574727&dopt=Abstract
http://mhealth.jmir.org/2017/3/e37/
http://dx.doi.org/10.2196/mhealth.6496
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28341616&dopt=Abstract
http://dx.doi.org/10.3414/ME14-01-0106
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26391694&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH Crouthamel et a

16.

17.

18.

19.

20.

21

22.

23.

24,

25.

26.

27.

28.

29.

30.

31.

32.

33.

Nishiguchi S, Ito H, Yamada M, Yoshitomi H, Furu M, Ito T, et a. Self-assessment tool of disease activity of rheumatoid
arthritisby using asmartphone application. Telemed J E Health 2014;20(3):235-240. [doi: 10.1089/tmj.2013.0162] [Medline:
24404820]

Yamada M, Aoyama T, Mori S, Nishiguchi S, Okamoto K, Ito T, et al. Objective assessment of abnormal gait in patients
with rheumatoid arthritis using a smartphone. Rheumatol Int 2012;32(12):3869-3874. [doi: 10.1007/s00296-011-2283-2]
[Medline: 22193221]

Apple Inc. ResearchKit. San Francisco, CA: GitHub, Inc; 2018. URL: https://github.com/researchkit/researchkit [accessed
2018-08-22] [WebCite Cache ID 71rg6l5XT]

Arthritis Foundation. Atlanta, GA: Arthritis Foundation; 2018. URL: https://www.arthritis.org/ [accessed 2018-08-22]
[WebCite Cache ID 71rrOmHKI]

Global Health Living Foundation. GHLF creakyjoints. Upper Nyack, NY: CreakyJoints; 2017. URL: https://creakyjoints.
org/ [accessed 2018-08-22] [WebCite Cache ID 71rrGg7HD]

Nikiphorou E, Radner H, Chatzidionysiou K, Desthieux C, Zabalan C, van Eijk-Hustings Y, et a. Patient global assessment
in measuring disease activity in rheumatoid arthritis: areview of the literature. Arthritis Res Ther 2016;18(1):251 [FREE
Full text] [doi: 10.1186/s13075-016-1151-6] [Medline: 27793211]

Jolles BM, Bogoch ER. Quality of life after TKA for patients with juvenile rheumatoid arthritis. Clin Orthop Relat Res
2008;466(1):167-178 [FREE Full text] [doi: 10.1007/s11999-007-0010-9] [Medline: 18196390]

Bruce B, Fries JF. The Health Assessment Questionnaire (HAQ). Clin Exp Rheumatol 2005;23(5 Suppl 39):S14-S18.
[Medline: 16273780]

Hewlett S, DuresE, Almeida C. Measures of fatigue: Bristol Rheumatoid Arthritis Fatigue Multi-Dimensiona Questionnaire
(BRAFMDQ), Bristol Rheumatoid Arthritis Fatigue Numerical Rating Scales (BRAF NRS) for severity, effect, and coping,
Chalder Fatigue Questionnaire (CFQ), Checklist Individual Strength (CIS20R and CIS8R), Fatigue Severity Scale (FSS),
Functional Assessment Chronic Iliness Therapy (Fatigue) (FACIT-F), Multi-Dimensional Assessment of Fatigue (MAF),
Multi-Dimensional Fatigue Inventory (MFI), Pediatric Quality Of Life (PedsQL) Multi-Dimensional Fatigue Scale, Profile
of Fatigue (ProF), Short Form 36 Vitality Subscale (SF-36 VT), and Visual Analog Scales (VAS). Arthritis Care Res
(Hoboken) 2011;63 Suppl 11:S263-S286 [FREE Full text] [doi: 10.1002/acr.20579] [Medline: 22588750]

Solomon DH, Reed GW, Kremer JM, Curtis JR, Farkouh ME, Harrold LR, et a. Disease activity in rheumatoid arthritis
and therisk of cardiovascular events. Arthritis Rheumatol 2015;67(6):1449-1455 [ FREE Full text] [doi: 10.1002/art.39098]
[Medline: 25776112]

Poushter J. Smartphones are common in advanced economies, but digital divides remain. Washington, DC: Pew Research
Centre; 2017 Apr 21. URL: https://tinyurl.com/Ij3vvyl/ [accessed 2018-05-09] [WebCite Cache ID 6zH0A95L c]

Munos B, Baker PC, Bot BM, Crouthamel M, de Vries G, Ferguson |, et al. Mobile health: the power of wearables, sensors,
and appsto transform clinical trials. AnnN Y Acad Sci 2016;1375(1):3-18. [doi: 10.1111/nyas.13117] [Medline: 27384501]
EspinozaF, Le Blay P, Coulon D, Lieu S, Munro J, Jorgensen C, et a. Handgrip strength measured by a dynamometer
connected to asmartphone: anew applied health technology solution for the self-assessment of rheumatoid arthritis disease
activity. Rheumatology (Oxford) 2016;55(5):897-901. [doi: 10.1093/rheumatol ogy/kew006] [Medline: 26867731]
Santos C, Pauchard N, Guilloteau A. Reliability assessment of measuring active wrist pronation and supination range of
motion with asmartphone. Hand Surg Rehabil 2017;36(5):338-345. [doi: 10.1016/j.hansur.2017.06.005] [Medline: 28754335]
Shin SH, Ro du DH, Lee O, Oh JH, Kim SH. Within-day reliability of shoulder range of motion measurement with a
smartphone. Man Ther 2012;17(4):298-304. [doi: 10.1016/j.math.2012.02.010] [Medline: 22421186]

Anton SD, LeBlanc E, Allen HR, Karabetian C, Sacks F, Bray G, et al. Use of a computerized tracking system to monitor
and provide feedback on dietary goals for calorie-restricted diets: the POUNDS LOST study. J Diabetes Sci Technol
2012;6(5):1216-1225 [FREE Full text] [Medline: 23063049]

Anguera JA, Jordan JT, Castaneda D, Gazzaley A, Arean PA. Conducting a fully mobile and randomised clinical trial for
depression: access, engagement and expense. BMJ Innov 2016;2(1):14-21 [FREE Full text] [doi:
10.1136/bmjinnov-2015-000098] [Medline: 27019745]

Say P, Stein D, Ancker J, Hsieh C, Pollak J, Estrin D. Smartphone datain rheumatoid arthritis - what do rheumatol ogists
want? AMIA Annu Symp Proc 2015;2015:1130-1139 [FREE Full text] [Medline: 26958252]

Abbreviations

21CP11: Title 21 of the Code of Federal Regulations Part 11

CORRONA: Consortium of Rheumatology Researchers of North America
GSK: GlaxoSmithKline

PARADE: Patient Rheumatoid Arthritis Data From the Real World

PRO: patient-reported outcome

RA: rheumatoid arthritis

ROM: range of movement

http://mhealth.jmir.org/2018/9/e177/ JMIR Mhealth Uhealth 2018 | vol. 6 | iss. 9| €177 | p. 13

(page number not for citation purposes)


http://dx.doi.org/10.1089/tmj.2013.0162
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=24404820&dopt=Abstract
http://dx.doi.org/10.1007/s00296-011-2283-2
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22193221&dopt=Abstract
https://github.com/researchkit/researchkit
http://www.webcitation.org/

                                            71rq6I5XT
https://www.arthritis.org/
http://www.webcitation.org/

                                            71rr0mHkI
https://creakyjoints.org/
https://creakyjoints.org/
http://www.webcitation.org/

                                            71rrGg7HD
https://arthritis-research.biomedcentral.com/articles/10.1186/s13075-016-1151-6
https://arthritis-research.biomedcentral.com/articles/10.1186/s13075-016-1151-6
http://dx.doi.org/10.1186/s13075-016-1151-6
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27793211&dopt=Abstract
http://europepmc.org/abstract/MED/18196390
http://dx.doi.org/10.1007/s11999-007-0010-9
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=18196390&dopt=Abstract
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=16273780&dopt=Abstract
https://doi.org/10.1002/acr.20579
http://dx.doi.org/10.1002/acr.20579
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22588750&dopt=Abstract
https://doi.org/10.1002/art.39098
http://dx.doi.org/10.1002/art.39098
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=25776112&dopt=Abstract
https://tinyurl.com/lj3vvyl
http://www.webcitation.org/

                                            6zHoA95Lc
http://dx.doi.org/10.1111/nyas.13117
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27384501&dopt=Abstract
http://dx.doi.org/10.1093/rheumatology/kew006
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26867731&dopt=Abstract
http://dx.doi.org/10.1016/j.hansur.2017.06.005
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=28754335&dopt=Abstract
http://dx.doi.org/10.1016/j.math.2012.02.010
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=22421186&dopt=Abstract
http://europepmc.org/abstract/MED/23063049
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=23063049&dopt=Abstract
http://europepmc.org/abstract/MED/27019745
http://dx.doi.org/10.1136/bmjinnov-2015-000098
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=27019745&dopt=Abstract
http://europepmc.org/abstract/MED/26958252
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=26958252&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

JMIR MHEALTH AND UHEALTH Crouthamel et a

Edited by G Eysenbach; submitted 14.12.17; peer-reviewed by K Okamoto, A Slva Aimodovar; comments to author 25.01.18; revised
version received 09.05.18; accepted 10.07.18; published 13.09.18

Please cite as.

Crouthamel M, Quattrocchi E, Watts S Wang S, Berry P, Garcia-Gancedo L, Hamy V, Williams RE

Using a ResearchKit Smartphone App to Collect Rheumatoid Arthritis Symptoms From Real-World Participants: Feasibility Study
JMIR Mhealth Uhealth 2018;6(9):e177

URL: http://mhealth.jmir.org/2018/9/e177/

doi: 10.2196/mhealth.9656

PMID: 30213779

©Michelle Crouthamel, Emilia Quattrocchi, Sarah Watts, Sherry Wang, Pamela Berry, Luis Garcia-Gancedo, Vaentin Hamy,
Rachel E Williams. Originally published in IMIR Mhealth and Uhealth (http://mhealth.jmir.org), 13.09.2018. Thisisan open-access
article distributed under the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/),
which permits unrestricted use, distribution, and reproduction in any medium, provided the original work, first publishedin IMIR
mhealth and uhedlth, is properly cited. The complete bibliographic information, a link to the original publication on
http://mhealth.jmir.org/, as well as this copyright and license information must be included.

http://mhealth.jmir.org/2018/9/e177/ JMIR Mhealth Uheelth 2018 | vol. 6 | iss. 9| €177 | p. 14
(page number not for citation purposes)

RenderX


http://mhealth.jmir.org/2018/9/e177/
http://dx.doi.org/10.2196/mhealth.9656
http://www.ncbi.nlm.nih.gov/entrez/query.fcgi?cmd=Retrieve&db=PubMed&list_uids=30213779&dopt=Abstract
http://www.w3.org/Style/XSL
http://www.renderx.com/

