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Abstract
We evaluate a Bluetooth-based mobile contact-confirming app, COVID-19 Contact-Confirming Application (COCOA), which
is being used in Japan to contain the spread of COVID-19, the disease caused by the novel virus termed SARS-COV-2. The app
prioritizes the protection of users’ privacy from a variety of parties (eg, other users, potential attackers, and public authorities),
enhances the capacity to balance the current load of excessive pressure on health care systems (eg, local triage of exposure risk
and reduction of in-person hospital visits), increases the speed of responses to the pandemic (eg, automated recording of close
contact based on proximity), and reduces operation errors and population mobility. The peer-to-peer framework of COCOA is
intended to provide the public with dynamic and credible updates on the COVID-19 pandemic without sacrificing the privacy of
their information. However, cautions must be exercised to address critical concerns, such as the rate of participation and delays
in data sharing. The results of a simulation imply that the participation rate in Japan needs to be close 90% to effectively control
the spread of COVID-19.
(JMIR Mhealth Uhealth 2020;8(12):e22098) doi: 10.2196/22098
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Introduction
As of August 23, 2020, over 23 million cumulative cases of
COVID-19 and nearly 800,000 deaths from the disease have
been reported worldwide [1]. Since the first cases were reported
in late 2019, the world has witnessed the rapid spread of the
pathogen, and it has been declared a global public health crisis
by the World Health Organization [2]. Due to the infectiousness
of the disease and the dynamics of interperson interactions, the
spread of COVID-19 could advance in a way that is unnoticeable
to individuals, as evidenced by subclinical presymptomatic and
asymptomatic cases [3], which refer respectively to cases in
which infection started before the onset of symptoms and
infections without the emergence of symptoms. Research has
demonstrated the risk of person-to-person transmission of
COVID-19 between individuals, especially for those in close
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contact (ie, close proximity) [4]. When infections are established
where individuals are unable to readily self-triage their exposure
risk, timely responses to COVID-19 will be challenging; these
responses could also be weakened by delayed data sharing,
impeded privacy preservation, and impaired security [3].
A variety of measures based on digital health have been adopted
to control the spread of COVID-19 [5-13]. These containment
measures display heterogeneities in terms of their design:
decentralized (ie, mostly privacy-first) versus centralized (ie,
mainly data-first) deployment frameworks have emerged
alongside Bluetooth-, GPS-, and quick response (QR)–based
sensor technologies [5,9]. Countermeasures such as contact
tracing can play remarkable roles in the containment of the
pandemic, including inference of exposure risk, identification
of infections, and quarantining or isolation of individuals being
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traced [5,10,11]. However, there is major divergence among
nations regarding which digital health approach to employ (eg,
a centralized approach that collects private data at the expense
of potential illegal use vs a decentralized approach that stores
data on local devices and leaves individuals in charge of their
sensitive information at the cost of constrained accessibility for
others) to address critical concerns such as privacy preservation,
health care pressure load-balancing, speed of response, and ease
of operations [9,12,13]. The centralized approach highlights a
data-first methodology and involves the collection of
privacy-sensitive information; this approach can enhance the
capacity of unified administration, but the identities of
individuals can be readily inferred [6,8,9]. GPS- and QR-based
contact tracing apps facilitate evidence-based inference and
improve the traceability of contact tracing [6,8,9,13]. However,
multiple crucial concerns must be addressed to achieve effective
containment. The first concern is that the information gathered
through GPS is not strictly equivalent to close contact; hence,
bias could be undoubtedly introduced. The second concern is
the unlawful use or abuse of sensitive personal information
obtained using GPS or QR [5-9]. Third, there is some debate
that centralized approaches could cause discrimination, reduce
confidence, and negatively impact the health of individuals if
their private data are misused or breached [9,13]. In contrast,
the typical application of the decentralized approach includes
Bluetooth-based digital health, which does not theoretically
identify individuals; hence, this approach is desirable for settings
where concealing users’ identities and preventing accessibility
of their contact information are valued by the population
[5,8,10,13]. Bluetooth digital health approaches rely on
microwave and millimeter-wave technologies to sense the
proximity between local devices, enabling the tracking of social
contacts with a high degree of precision [5,10,13]. Hence,
infections due to close contact (ie, geographical proximity) with
pre-asymptomatic or asymptomatic patients can be easily
detected and recorded by a Bluetooth-based approach. It is
feasible for exposed people to evaluate and self-identify their
exposure risk without disclosing either their own identity or the
identities of their counterparts. This approach is more rapid and
efficient in close contact diagnosis, less labor-intensive, and
less susceptible to human error than extant approaches.
Bluetooth contact tracing is currently being adopted by
numerous countries, including Japan, India, and Singapore
[5,9,13-15].
The first cases of COVID-19 in Japan were reported in late
January 2020; since then, numerous cases, including
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asymptomatic and presymptomatic infections, have been
identified, and the national medical system has been
overburdened, with ever-increasing risk of collapse [14,15].
The excessive strain on the capacity of the medical system is
expected to be alleviated. Unidentifiable discrete spreading
events could lead to a later outbreak of infections; thus, it is
important for individuals to gain an updated understanding of
the pathogen [16]. When people can locally track their exposure
risk, self-triage, and make differentiated responses based on
digitally provided instructions, cross-transmission (eg, cluster
infections at crowded locations) and unnecessary in-person
visits can be reduced [15].
In this viewpoint, we discuss a decentralized and GPS-free
Bluetooth
digital
health
approach,
COVID-19
Contact-Confirming Application (COCOA). This approach is
mainly used to address the issues of privacy protection, efficacy
enhancement, load balancing of pressure on the health care
system, population mobility, and manual operation errors, and
it principally complies with the Apple and Google contact
tracing technology frameworks [5,13]. The major aim is to
appraise how the approach can be used as a routine tool to
contain the spread of COVID-19, with emphasis on privacy
preservation and load-balancing. Prior research has revealed
that other factors, such as the rate of participation, play
remarkable roles in contributing to the effectiveness of
containment [17]. The results of the simulation in our study are
consistent with the findings in other empirical research.

Framework and Core Mechanism of
COCOA
The Architecture and Prototype of COCOA
A schematic of the general architecture of the COCOA system
is shown in Figure 1. The app automatically records close
contact (ie, defined as within 1 meter of proximity for at least
15 minutes in COCOA) on Android and iOS devices by
employing Bluetooth technology [18]. The COCOA system
consists of three major sections: two mobile terminal apps for
individuals (ie, infected and potentially exposed), and an
infection information sharing system maintained by public
authorities and health care providers. COCOA complies with
the decentralized framework; this means that the COCOA app
only locally tracks close contacts and performs matching
inference of exposure risk, during which no personal private
information is requested or collected through COCOA.

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 2
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Nakamoto et al

Figure 1. System architecture and prototype of the COCOA app. COCOA: COVID-19 Contact-Confirming Application.

Core Mechanisms
To conceptualize how COCOA optimizes its core functionality,
including privacy protection of individuals and load-balancing
of health care stress, in comparison with other centralized digital
health approaches, we illustrate the core mechanism and diagram
in Figure 2. COCOA integrates the following principal features:
1.

2.
3.
4.

Individuals (ie, either infected or potentially exposed)
receive informed consent to participate and authorize data
sharing.
The informed consent feature is configurable, and consent
can be withdrawn at any time.
Prior records are erased when the user opts out.
No sensitive personal information that enables the app user
to be identified, such as date of birth, gender, address,
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5.

6.

7.

8.

telephone number, email address, or location, is requested
or collected through COCOA.
Close-contact data are encrypted, saved only on users’ local
devices, and automatically deleted after 14 days, which is
the period generally considered to be the average incubation
interval of COVID-19.
If the user is infected, informed consent of the
COVID-19–positive patient is required to authenticate and
distribute their infection status.
Upon completion of verification, the process code that is
used by the infected person to verify the accuracy of their
infection status with the central server is eliminated from
the COCOA app, the notification server, and the
management system.
Exposure risk matching is performed on local devices.
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Figure 2. Core mechanisms and diagram of the COVID-19 Contact-Confirming Application (COCOA) framework. HER-SYS: Health Center Real-time
Information-sharing System on COVID-19; MHLW: Ministry of Heath, Labor and Welfare.

When individuals (whether symptomatic, presymptomatic, or
asymptomatic) are in close contact, the COCOA app records
this status by automatically exchanging generated random codes,
which change periodically and thus cannot be exploited to
identify either the infected or potentially exposed users. The
codes are not shared with the information sharing system unless
the individuals are COVID-19–positive. The codes will be saved
only on local devices and erased after 14 days. As these codes
are generated randomly and changed periodically, they cannot
be exploited to uniquely identify any individuals; this guarantees
the preservation of privacy of users’ data from infected people,
potentially exposed people, attackers, and public authorities. In
this way, concerns regarding privacy-preserving issues inherent
to other technologies (eg, GPS and QR) can be waved. The
detection of close contacts can run automatically in the
background without requiring COCOA to be active, all of which
can be unnoticeable to the individuals in contact. This feature
improves the efficacy of detection, increases the ease of
operations, and reduces manual errors [15,18].
The Health Center Real-time Information-sharing System on
COVID-19 (HER-SYS) is operated and maintained by
prefecture-level or local health care providers. It issues a process
code when an individual tests positive for COVID-19 by
polymerase chain reaction (PCR). These process codes are
distributed to the patients through private messaging (eg, emails)
and are not exploited to bind private information (eg, telephone
numbers that can identify individuals). Hence, privacy protection
issues during the data dissemination steps are also not of
concern. The notification server is administered by the Ministry
of Health, Labor and Welfare in Japan, and its functionality is
considerably constrained for privacy protection. The notification
server does not store the patients’ infection status or any other
sensitive personal information. When one individual is notified
that they have been infected, they are encouraged to share their
https://mhealth.jmir.org/2020/12/e22098
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status with potential close contacts. However, informed consent
and authorization are requested. To prevent malicious inquiries
and to guarantee the accuracy of data, the patient must input a
process code and authenticate the correctness of their data with
the notification server, which transfers the request to HER-SYS.
HER-SYS authenticates the accuracy and returns the outcome
to the notification server, which then distributes the random
code of the infected person to all potentially exposed people
upon request. The COCOA apps of the exposed people then
perform local matching inference based on the retrieved
anonymized list of random codes for individuals infected with
COVID-19. Note that asymptomatic or presymptomatic
infections can be traced effectively because the detection
mechanism of COCOA hinges on geographical proximity, which
is generally considered to be the critical factor contributing to
the transmission of highly infectious disease. If a match is found
and the exposure risk is identified, health care instructions on
the outcome and the severity of risk will be provided. The
potential exposed person can respond appropriately according
to their corresponding symptoms. For severely symptomatic
individuals, urgent care must be scheduled. In contrast,
asymptomatic or mild cases may choose to self-isolate at local
sites. As the matching calculation is performed locally and
individuals can self-triage the exposure risk, risky in-person
visits and cross-transmission at health care facilities can be
curtailed. This can prioritize limited health care resources for
more severely ill patients and enhance the load-balancing of the
pressure on medical systems, thus lowering the risk of collapse
of the health care system [14,15,18].
Different countries differ in their digital health participation
rates [9,12,13]. According to a report by MIT Technology
Review [19], we outlined the statistics of countries adopting or
partially adopting Bluetooth digital health by the end of July
2020 (Table 1). On average, the rate of participation is higher
JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 4
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for countries using centralized Bluetooth digital health
frameworks than for countries using decentralized Bluetooth
frameworks; however, the latter frameworks generally
outperform the former in privacy protection. Further, countries

using decentralized approaches, most of which hinge on
voluntary participation, mostly sustain low rates of participation.
None of these countries currently have a participation rate ≥60%
[19].

Table 1. Estimated participation rates of countries employing Bluetooth frameworks.

a

Country

Participation rate (%)

Centralized or decentralized

Japan

12.6a

Decentralized

Australia

25.8

Centralized

Austria

6.8

Decentralized

Bahrain

25.5

Centralized

Czech

2.6

Decentralized

Fiji

3.1

Decentralized

France

2.8

Centralized

Germany

16.9

Decentralized

Gibraltar

26.7

Decentralized

Hungary

0.10

Centralized

India

7.39

Centralized

Indonesia

7.10

Centralized

Italy

3.64

Decentralized

Malaysia

0.32

Decentralized

New Zealand

12.1

Centralized

Norway

26.6

Centralized

Philippines

1.1

Decentralized

Poland

0.1

Decentralized

Qatar

91

Centralized

Singapore

37.2

Centralized

Switzerland

5.8

Decentralized

Thailand

5.1

Decentralized

Tunisia

0.2

Centralized

Turkey

17.3

Centralized

Vietnam

0.4

Decentralized

Data for Japan as of August 27, 2020.

To illustrate how countries using Bluetooth digital health can
differ in the capacity of privacy preservation, we provide details
of two centralized frameworks: one voluntary (ie, Aarogya Setu
in India [20]) and one involuntary (ie, TraceTogether in
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Singapore [21]). Emphasis is placed on the core qualitative
concepts employed to clarify the major differences; detailed
quantitative technical specifications are not examined in this
paper (Textbox 1).
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Textbox 1. Core concepts of the COVID-19 Contact-Confirming Application (COCOA) framework and of Bluetooth digital health frameworks in other
countries.
COCOA (Bluetooth-based digital health framework in Japan)
•

Personal information, including names, telephone numbers, and GPS locations, is not requested or collected.

•

Participation is voluntary. Informed consent to participate is requested.

•

Close contact detection automatically runs in the background without requiring COCOA to be active, resulting in ease of use and low power
consumption.

•

Mobile phones generate and exchange periodically changing random codes with close contacts.

•

Close contact information is saved only on local mobile phones for 14 days and is not transmitted. Individuals poll the central server (without
sharing private information) to retrieve the list of infected people, not the reverse.

Aarogya Setu (Bluetooth-based digital health framework in India)
•

Personal data, including name, gender, travel history, and telephone numbers, are requested and shared with the central server.

•

GPS locations are collected and used to trace the paths of infected individuals.

•

Participation is voluntary.

•

There are risks of data inaccuracy and illegal data use.

•

It is difficult to operate.

•

Its power consumption is high.

TraceTogether (Bluetooth-based digital health framework in Singapore)
•

Random tokens recording close contacts are shared with the central server, which maintains a database linking tokens and telephone numbers.
There is a likelihood of linkage attacks and unlawful use.

•

Infected individuals are required by law to share their infection status, including telephone and unique identification numbers.

•

Individuals are notified of their exposure risk via identifiable information (eg, telephone numbers).

•

GPS location data are not tracked; however, telephone and unique identification numbers are collected by public authorities.

•

Participation is generally mandatory.

•

Inference of exposure match is performed on the authority-administered central server.

COCOA differentiates from Aarogya Setu in privacy
preservation in that the latter framework requests individuals’
self-reported personal data, including gender, travel history,
and telephone numbers; this raises concerns regarding the
accuracy of data in the case where users share wrong
information, as no mechanism is provided for authentication.
Further, because GPS locations are collected by Aarogya Setu,
it is debated that these data could be used to identify individuals
without improvement of contact tracing precision (eg,
individuals on different floors of the same building) [20]. In
contrast, in Singapore, individuals are legally required to share
their infection status; hence, the rate of participation can be
guaranteed. However, personal data such as telephone numbers
and unique identification numbers are also collected, which
creates concerns regarding the possibility of illegal use of private
information. Further, inference of exposure is performed on the
central server; hence, technical pressure on the medical system
must be optimized [21].
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Screenshots and Diagram of the COCOA App
Figure 3 shows screenshots of the COCOA app. The app can
be divided into components for infected people (Figure 3A),
potentially exposed people (Figure 3B), and general settings
(Figure 3C). The process can be described as follows:
1.

2.
3.

4.

An individual is tested and identified as COVID-19–positive
using PCR. The individual receives a process code from
HER-SYS, verifies the accuracy of their status through the
notification server, and authorizes anonymized sharing of
infection status (Figure 3A).
Potentially exposed individuals retrieve the up-to-date list
of COVID-19 infections (Figure 3B).
If an exposure match is identified, exposure statistics and
subsequent response guidance are promptly provided.
Otherwise, a message indicating no exposure is promptly
provided (Figure 3B).
Close-contact recording and COCOA participation are
configurable. Records will be erased if the user opts out
(Figure 3C).

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 6
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Nakamoto et al

Figure 3. Screenshots and diagram of the use of the COVID-19 Contact-Confirming Application (COCOA) app. (A) Infected users verify their infection
status and authorize data sharing; (B) potentially exposed users retrieve the infection list and triage their exposure risk; (C) users can adjust their close
contact settings.

Statistical Analysis and Simulation
Results
Digital health can enhance individuals’ knowledge and risk
perceptions of COVID-19, thus decreasing population mobility
[22-25]. Reducing mobility is a controversial but effective
measure to flatten the curve and control global pandemics; it
https://mhealth.jmir.org/2020/12/e22098
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decreases the generation of crowded spaces that aggravate
cluster infections [23-25]. A simulation was conducted that
implies that the spread of COVID-19 in Japan will be gradually
contained by reducing the population mobility and the amount
of time spent in crowded spaces [22]. We observed the dynamics
of population mobility at the prefecture level in Japan by
comparing data from August 2020 (ie, when COCOA was
JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 7
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deployed) with data from the same interval of the previous year
(ie, when COCOA was not deployed) (Figure 4). The analysis
suggests that the nationwide population mobility in 2020
decreased by 20% on average (ranging from the minimum of
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12% in Saitama Prefecture to the maximum of 30% in Akita
Prefecture). Reducing population mobility lowers the risk of
exposure to COVID-19 and the risk of infection [18,25,26].

Figure 4. Comparison of the population mobility in Japan in August 2020 versus August 2019.

Since its official deployment on June 30, 2020, COCOA has
been used by approximately 15 million individuals as of August
27, 2020 [18]. This finding denotes that around 12.6% of the
population of Japan (15 million/118.6 million people aged ≥15
years) chose to participate by August 2020 [27]. The
intervention measures deployed in Japan are noncompulsory,
informed consent is requested prior to participation, and no
legal penalty is imposed in the case of noncompliance; these
features are less aggressive than those of digital strategies in
some other countries [22-25].
In Japan, 69,001 confirmed cases of COVID-19 and 1307 deaths
were reported from January 14 to September 2, 2020; the
numbers of cases and deaths during this time were 3,769,523
and 66,333 for India and 56,852 and 27 for Singapore,
respectively [26]. The effectiveness of containment in Japan is
greater than that in India in terms of both infected cases and
mortality. However, countries with compulsory contact tracing
measures (eg, Singapore) appear to outperform those with
noncompulsory measures (eg, India and Japan). It was estimated
that older people (ie, age ≥65 years) in Japan would comprise
28.7% of the total population by the end of August 2020
[18,25-27]; the rates of severe cases and mortality among older
https://mhealth.jmir.org/2020/12/e22098
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people were 2.0% and 1.9%, respectively, during the same
period, which are lower than the global average mortality rate
of 3.3% (852,758/25,602,665) [18,26].
A simulation performed at Oxford University suggested that
digital contact tracing would fail to decrease the spread of
COVID-19 if the rate of participation fell to <60%
(600,000/1,000,000) [28]. Similar analyses by other researchers
reinforce that varying adoption rates of peer-to-peer contact
tracing apps can influence the trajectory of the pandemic [17,29].
By employing the simulation model described in [30], we
estimated how the rate of participation would affect the
trajectory of the COVID-19 pandemic in Japan (Figure 5). The
model evaluates scenarios in which the epidemic is established
and countermeasures such as contact tracing are employed to
control the spread of COVID-19; it can be observed how the
trend of the effective reproduction number (Rt) and thus of the
outbreak would dynamically change. Prior research identified
that when Rt, which is defined as the average number of
secondary cases generated by a single infectious case, decreases
to less than one (ie, Rt<1), transmission of the disease will stop
and the pandemic will ultimately be contained [22-24]. The
simulation was calibrated to the demographic attributes in Japan
JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 8
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[14,22,25-27,29], the basic reproduction number (ie, 2.56) found
for Japan [30], and the ratios of symptomatic patients in the
report by the National Institute of Infectious Diseases in Japan
[31]. The assumptions for the simulation are as follows: (1) the
population can freely choose to opt in or opt out from COCOA;
(2) there are no delays in data sharing; and (3) all the populations
in households, schools, workplaces, and other scenarios can be
successfully digitally traced. The simulation outcome (Figure
5) shows that when the participation rate increases starting from

Nakamoto et al
zero, the effective reproduction number decreases gradually
from a value >1. However, the pandemic would finally be
contained when a threshold was exceeded and more people
chose to opt in. To meaningfully contain the spread of
COVID-19 (ie, Rt<1), approximately 90% participation of the
population would be required, which reinforces prior findings
that controlling COVID-19 requires an estimated population
uptake ranging from 56%-95% for contact-tracing apps [32].

Figure 5. Simulation of the association between the rate of participation in the COVID-19 Contact-Confirming Application (COCOA) framework and
the Rt of COVID-19. Rt: effective reproduction number.

Strengths, Limitations, and Future
Directions
The COVID-19 pandemic has imposed unprecedented
challenges upon individuals, health care providers, and public
authorities; meanwhile, different countries are using
differentiated digital technologies and strategies to contain the
spread of COVID-19, taking into account both technical and
nontechnical factors. Digital health is not a panacea that will
solve all difficulties; however, it does enhance the potential to
counteract the disease compared to manual contact tracing
[33,34].
In comparison with the Bluetooth-based digital health
frameworks in other countries (eg, India or Singapore) or
centralized approaches, COCOA more effectively protects the
privacy of individuals from their counterparts, potential
attackers, and public authorities without sacrificing accuracy
or efficiency. First, users are not tapped to self-report personal
data (eg, names or telephone numbers) through the app; this
enhances the efficacy and eliminates the need for proofreading
when users input incorrect data. Additionally, concerns about
malicious use or illegal breach of private data can be waived.
Moreover, persons are not requested to share their private
information when infected or provide sensitive data, which may
https://mhealth.jmir.org/2020/12/e22098
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be subject to linkage attacks, when notified of infection. The
authentication of infection precludes malicious exploitation of
or attack on accurate infection information by other individuals,
preventing misinformation regarding exposure. Location details,
which are an unsuitable proxy for exposure, are not collected;
this ensures that the movement paths of individuals will not be
tracked and the identities of the individuals will hence not be
disclosed.
Further, because the matching of exposure inference is
performed on local sites, and subsequent provision of
instructions when exposure risk is identified can curtail
unnecessary in-person visits and risk of crosstransmission, the
load of pressure on the health care system can be substantially
balanced [9]. Bluetooth digital health uses proximity to identify
close contact; hence, the speed of close contact detection is
faster than that of other non-Bluetooth digital approaches.
COCOA can run automatically in the background without
interfering with other apps, which reduces errors from manual
operation and enhances its efficiency. The deployment of the
app contributes to increased risk perception and the reduction
of nationwide population mobility.
Contact tracing is an essential part of transitioning back to
normal economic rhythms while simultaneously managing the
risk of subsequent cyclical outbreaks [9,33-35]. The benefits
JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 9
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can be multiple for a variety of responders. For potentially
exposed or infected individuals, it is possible to know whether
risky exposure has been established or disseminate knowledge
to others without disclosure of identity or leakage of confidential
information, which can increase individuals’ confidence and
trust in the health care system and self-awareness of their own
behavior changes. This may facilitate appropriate and timely
responses to the disease. For potential attackers, as no private
information is available regarding either infected or exposed
people for illegal or unauthorized exploitation, abnormal
activities inherent to centralized or other digital health
frameworks can be waved. For public authorities, the triage of
patients and cumbersome matching inference of exposure are
significantly trimmed; hence, the pressure on the medical system
is expected to be alleviated. Further, as public authorities do
not store personal private information, the risk from any attack
on or misuse of their data is minimized. Bluetooth digital health
has great potential to be used as a routine and mainstream tool
in future outbreaks [36]. The rate of participation is expected
to increase over time. COCOA supplies a new approach that is
supplemental to extant digital health frameworks that fail, either
partially or completely, in these facets. It could perform or match
well in contexts where the population is highly privacy-sensitive
and where limited health care resources are at risk of collapse.
Although decentralized telehealth has a variety of benefits and
strengths, it has disadvantages as well [33,34,37]. Multiple
critical concerns must be addressed to achieve effective
containment.
First, the participation rate can essentially affect the trajectory
of the outbreak. Studies have shown that societal level benefit
hinges on broad and diverse user participation [19,38-43]. A
low rate of participation can be associated with factors such as
users’ altruism, the population in rural or remote areas, wireless
connectivity, availability of digital health, level of digital
illiteracy, and legitimation regulations. In some countries, the
use of private data is protected legally; whether this applies to
other settings may need require more study and more time [5,9].
Solutions that have performed well for some communities may
not work well in other communities with different cultural
norms, legitimate regulations, and shared perceptions of privacy.
From the legislation perceptive, public disclosure of individuals’
protected data may be a violation of law in some contexts [39].
A higher level of participation may be achieved through
mandatory legal regulations, enforcing adoption or substantial
enhancement of shared public awareness. However, the rapid
adoption of compulsory digital health measures without public
consensus and discussions could provoke debates due to the
fundamental heterogeneity in the attitudes regarding how digital
health should function and, crucially, who should have access
to the generated data [38-42,44,45]. Residents’ perception of
privacy and trust in public authorities can vary from culture to
culture, which can impact the captured definition of individual
privacy preservation [39-41]. A survey conducted in five other
countries (ie, France, Germany, Italy, the United Kingdom, and
the United States) found that people in settings with stronger
public privacy and security concerns are relatively less
supportive of app-based contact tracing, and individuals with
less trust in public authorities are also less supportive [46,47].
https://mhealth.jmir.org/2020/12/e22098
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Second, the delays in data sharing could allow the spread of
COVID-19 to continue, increasing the time and effort needed
to contain it [9,46,47]. If infectious individuals and their close
contacts could be identiﬁed with efficacy, the effectiveness of
digital health could be increased remarkably, and limited health
care resources could thus be prioritized for the quarantining and
treatment of the most severe cases [42]. However, this
mechanism is compromised during a pandemic, in which delays
of data sharing occur. Voluntary participation could cause
noncompliance, generating a latency in responses [42,43]. The
spread of COVID-19 hinges partially on the efficacy of data
sharing and promptness of responses, given the infectiousness
of the pathogen [42]. The greater the delays, the more difficult
it is to contain the outbreak. Hence, timely sharing of
information is critical to prevent subsequent cyclical outbreaks
[43]. Finally, as data are automatically erased after a periodic
interval, it is difficult to evaluate the long-term effects of a
decentralized Bluetooth approach [13].
Future research could examine how privacy-enabled
noncompulsory Bluetooth digital health can both quantitatively
and qualitatively reduce the effectiveness of contact tracing
relative to compulsory interventions. It could also examine ways
to improve critical factors such as participation rate and delays
of data sharing in these settings to enhance the effectiveness of
containment. With the combined efforts of a variety of
responders, the negative impacts of these factors are expected
to be minimized. Coupled with the advancement in digital
technologies and scientific understanding, telehealth can be
enhanced to serve as a sustainable and mainstream solution to
counter the COVID-19 pandemic, and it can be simultaneously
employed as a routine tool to protect the privacy and well-being
of the public [16].

Conclusions
The balance between privacy protection, public health, and other
objectives is controversial [13]. COCOA contributes to
prioritizing the preservation of users’ privacy more effectively
than the centralized Bluetooth digital health frameworks used
in some other countries. The matching inference of exposure is
performed locally, and individuals can self-triage their risk of
exposure, which facilitates the load balancing of pressure on
the medical system. It works better in load-balancing than
centralized frameworks. As public authorities do not collect or
manage users’ sensitive personal information, concerns
regarding illegal use or malicious attacks on private data can
be disregarded. The detection of close contact is rapid and
effective, and it reduces the likelihood of crosstransmission and
in-person contacts. The background running feature enhances
the efficacy of the approach and reduces errors of operation,
which could be vital in the fight against highly infectious
diseases such as COVID-19.
Since the deployment of COCOA, an average of 20% reduction
in population mobility has been observed in Japan, which has
affected the trajectory of the outbreak. With the wide spread of
wireless connections and advancements in digital technologies,
digital health can reduce inequality in access to health resources,
promote health literacy, and improve risk perceptions. The
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Tokyo area has observed faster growth in the number of infected
cases than other prefectures in Japan [22,24]; hence, substantial
improvements in the participation rate and speed of data sharing
are of great concern in these densely populated communities or
in places where the risk of close contact is high [22-24].
Countries diverge in their digital health frameworks and
technologies. Decentralized privacy-first Bluetooth approaches
can protect citizens’ sensitive information, but possibly at the
expense of compromised participation and impeded central
surveillance. In contrast, a centralized data-first framework can
warrant traceable data but may substantially violate individuals’
privacy. Cultures differ in the perception and definition of
privacy. The lack of a consensus on privacy protection in contact
tracing incurs risks of noncompliance, as evidenced by recent
privacy scandals [42,43]. This has hindered governments’
capacity to effectively respond to the pandemic. The deployment
and acceptance of telehealth in specific settings reflect both
technical and nontechnical factors such as regional
heterogeneity, cultural conflicts, shared altruism, and legal
regulations [9,44].
Given that participation and data sharing are nonbinding, the
privacy-first approach could consistently generate skepticism
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but ideally will enable the implementation to mitigate current
and subsequent cyclical pandemics [41]. Coupled with the
efforts from a variety of responders, the rate of participation
and delays in data sharing are expected to improve over time.
Countries using the decentralized Bluetooth approach must
prioritize deliberation of how currently unresolved problems
can be addressed to contain the spread of COVID-19. Digital
health itself cannot overcome all these challenges; however, by
combining it with other countermeasures, such as social
distancing, early case isolation, and hygiene practice, it is
feasible to achieve meaningful containment [45]. With these
improvements, it could be feasible to achieve a balance between
privacy preservation and public health by enabling individuals
to have full control over sensitive data, identify local exposure
risk, share their data in a timely fashion, and enact prompt
responses [42].
This decentralized Bluetooth approach will undoubtedly upgrade
its definition with advancement in digital health, digital
technologies, and a more accurate scientific understanding of
the disease. Lessons learned from this current deployment will
play paramount roles in future pandemics, further aid the
establishment of an effective routine surveillance approach, and
provide meaningful insights for other countries and regions.

Acknowledgments
Fujian Provincial Social Science Planning Project in 2020: Research on Capacity Building of Regional Medical Collaborative
Innovation Community under the Background of "Internet + Medical" (No. FJ2020B038), the Science and Technology Development
Center of the Ministry of Education (No. 2019J01008), Key Projects of the National Social Science Foundation (No. 19AGL017),
Fujian Natural Science Foundation (No. 2018J01648), Development Fund of Scientific Research from Fujian University of
Technology (No. GY-S18109), FuJian Philosophy and Social Sciences Association (No. FJ2019B081), and the Ministry of
Education’s Humanities and Social Sciences Research Project (No. 18YJAZH153).

Authors' Contributions
IN designed the approach and edited the draft of the manuscript. MHJ, YH, GTT, and MJ analyzed the mechanism and framework.
IN, YG, SW, and WQZ contributed to the modification of the manuscript. IN performed the simulation and provided critical
analyses of the manuscript. All authors confirmed and approved all sections of the final manuscript.

Conflicts of Interest
None declared.

References
1.

2.

3.
4.
5.
6.

Coronavirus disease (COVID-19) Situation Report– 161. World Health Organization. 2020 Jun 29. URL: https://www.
who.int/docs/default-source/coronaviruse/situation-reports/20200629-covid-19-sitrep-161.pdf?sfvrsn=74fde64e_2 [accessed
2020-08-27]
Prem K, Liu Y, Russell TW, Kucharski AJ, Eggo RM, Davies N, Centre for the Mathematical Modelling of Infectious
Diseases COVID-19 Working Group, et al. The effect of control strategies to reduce social mixing on outcomes of the
COVID-19 epidemic in Wuhan, China: a modelling study. Lancet Public Health 2020 May;5(5):e261-e270 [FREE Full
text] [doi: 10.1016/S2468-2667(20)30073-6] [Medline: 32220655]
Wallinga J, Teunis P. Different epidemic curves for severe acute respiratory syndrome reveal similar impacts of control
measures. Am J Epidemiol 2004 Sep 15;160(6):509-516 [FREE Full text] [doi: 10.1093/aje/kwh255] [Medline: 15353409]
Hellewell J, Abbott S, Gimma A, Bosse NI, Jarvis CI, Russell TW, et al. Feasibility of controlling COVID-19 outbreaks
by isolation of cases and contacts. Lancet Glob Health 2020 Apr;8(4):e488-e496. [doi: 10.1016/s2214-109x(20)30074-7]
Li J, Guo X. Global Deployment Mappings and Challenges of Contact-tracing Apps for COVID-19. SSRN Journal Preprint
posted online on May 26, 2020. [doi: 10.2139/ssrn.3609516]
Wang S, Ding S, Xiong L. A New System for Surveillance and Digital Contact Tracing for COVID-19: Spatiotemporal
Reporting Over Network and GPS. JMIR Mhealth Uhealth 2020 Jun 10;8(6):e19457 [FREE Full text] [doi: 10.2196/19457]
[Medline: 32499212]

https://mhealth.jmir.org/2020/12/e22098

XSL• FO
RenderX

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 11
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
7.

8.

9.

10.
11.

12.
13.
14.
15.
16.
17.
18.
19.
20.
21.
22.
23.

24.

25.

26.
27.
28.

29.

30.

Fisk M, Livingstone A, Pit SW. Telehealth in the Context of COVID-19: Changing Perspectives in Australia, the United
Kingdom, and the United States. J Med Internet Res 2020 Jun 09;22(6):e19264 [FREE Full text] [doi: 10.2196/19264]
[Medline: 32463377]
Ekong I, Chukwu E, Chukwu M. COVID-19 Mobile Positioning Data Contact Tracing and Patient Privacy Regulations:
Exploratory Search of Global Response Strategies and the Use of Digital Tools in Nigeria. JMIR Mhealth Uhealth 2020
Apr 27;8(4):e19139 [FREE Full text] [doi: 10.2196/19139] [Medline: 32310817]
Nakamoto I, Wang S, Guo Y, Zhuang W. A QR Code-Based Contact Tracing Framework for Sustainable Containment of
COVID-19: Evaluation of an Approach to Assist the Return to Normal Activity. JMIR Mhealth Uhealth 2020 Sep
07;8(9):e22321 [FREE Full text] [doi: 10.2196/22321] [Medline: 32841151]
Abeler J, Bäcker M, Buermeyer U, Zillessen H. COVID-19 Contact Tracing and Data Protection Can Go Together. JMIR
Mhealth Uhealth 2020 Apr 20;8(4):e19359 [FREE Full text] [doi: 10.2196/19359] [Medline: 32294052]
Ferretti L, Wymant C, Kendall M, Zhao L, Nurtay A, Abeler-Dörner L, et al. Quantifying SARS-CoV-2 transmission
suggests epidemic control with digital contact tracing. Science 2020 May 08;368(6491) [FREE Full text] [doi:
10.1126/science.abb6936] [Medline: 32234805]
McCall B. Shut down and reboot-preparing to minimise infection in a post-COVID-19 era. Lancet Digit Health 2020
Jun;2(6):e293-e294 [FREE Full text] [doi: 10.1016/S2589-7500(20)30103-5] [Medline: 32346671]
Fahey RA, Hino A. COVID-19, digital privacy, and the social limits on data-focused public health responses. Int J Inf
Manage 2020 Dec;55:102181 [FREE Full text] [doi: 10.1016/j.ijinfomgt.2020.102181] [Medline: 32836638]
Kobayashi G, Sugasawa S, Tamae H, Ozu T. Predicting intervention effect for COVID-19 in Japan: state space modeling
approach. Biosci Trends 2020 Jul 17;14(3):174-181 [FREE Full text] [doi: 10.5582/bst.2020.03133] [Medline: 32461511]
Hayasaki E. Covid-19: how Japan squandered its early jump on the pandemic. BMJ 2020 Apr 24;369:m1625. [doi:
10.1136/bmj.m1625] [Medline: 32332010]
Wallinga J, Teunis P. Different epidemic curves for severe acute respiratory syndrome reveal similar impacts of control
measures. Am J Epidemiol 2004 Sep 15;160(6):509-516 [FREE Full text] [doi: 10.1093/aje/kwh255] [Medline: 15353409]
Yasaka TM, Lehrich BM, Sahyouni R. Peer-to-Peer Contact Tracing: Development of a Privacy-Preserving Smartphone
App. JMIR Mhealth Uhealth 2020 Apr 07;8(4):e18936 [FREE Full text] [doi: 10.2196/18936] [Medline: 32240973]
COVID-19 pandemic update. Webpage in Japanese. Ministry of Health, Labour and Welfare in Japan. 2020 Aug. URL:
https://www.mhlw.go.jp/stf/houdou/houdou_list_202008.html [accessed 2020-08-28]
Covid Tracing Tracker. MIT Technology Review. URL: https://www.technologyreview.com/tag/covid-tracing-tracker/
[accessed 2020-09-08]
Garg S, Bhatnagar N, Gangadharan N. A Case for Participatory Disease Surveillance of the COVID-19 Pandemic in India.
JMIR Public Health Surveill 2020 Apr 16;6(2):e18795 [FREE Full text] [doi: 10.2196/18795] [Medline: 32287038]
Cho H, Ippolito D, Yu Y. Contact Tracing Mobile Apps for COVID-19: Privacy Considerations and Related Trade-offs.
ArXiv Preprint posted online on March 03, 2020. [FREE Full text]
Karako K, Song P, Chen Y, Tang W. Analysis of COVID-19 infection spread in Japan based on stochastic transition model.
Biosci Trends 2020 May 21;14(2):134-138 [FREE Full text] [doi: 10.5582/bst.2020.01482] [Medline: 32188819]
Yabe T, Tsubouchi K, Fujiwara N, Wada T, Sekimoto Y, Ukkusuri SV. Non-compulsory measures sufficiently reduced
human mobility in Tokyo during the COVID-19 epidemic. Sci Rep 2020 Oct 22;10(1):18053 [FREE Full text] [doi:
10.1038/s41598-020-75033-5] [Medline: 33093497]
Parady G, Taniguchi A, Takami K. Travel behavior changes during the COVID-19 pandemic in Japan: Analyzing the
effects of risk perception and social influence on going-out self-restriction. Transportation Research Interdisciplinary
Perspectives 2020 Sep;7:100181. [doi: 10.1016/j.trip.2020.100181]
Shiina A, Niitsu T, Kobori O, Idemoto K, Hashimoto T, Sasaki T, et al. Relationship between perception and anxiety about
COVID-19 infection and risk behaviors for spreading infection: A national survey in Japan. Brain Behav Immun Health
2020 Jul;6:100101 [FREE Full text] [doi: 10.1016/j.bbih.2020.100101] [Medline: 32835297]
WHO Coronavirus Disease (COVID-19) Dashboard. World Health Organization. URL: https://covid19.who.int/ [accessed
2020-09-03]
Statistics Bureau of Japan. URL: https://www.stat.go.jp/english/index.html [accessed 2020-08-30]
Digital contact tracing can slow or even stop coronavirus transmission and ease us out of lockdown. University of Oxford.
2020 Apr 16. URL: https://www.research.ox.ac.uk/Article/
2020-04-16-digital-contact-tracing-can-slow-or-even-stop-coronavirus-transmission-and-ease-us-out-of-lockdown [accessed
2020-08-29]
Bilinski A, Mostashari F, Salomon JA. Modeling Contact Tracing Strategies for COVID-19 in the Context of Relaxed
Physical Distancing Measures. JAMA Netw Open 2020 Aug 03;3(8):e2019217 [FREE Full text] [doi:
10.1001/jamanetworkopen.2020.19217] [Medline: 32821920]
Kurita J, Sugawara T, Ohkusa Y. Estimated effectiveness of school closure and voluntary event cancellation as COVID-19
countermeasures in Japan. J Infect Chemother 2021 Jan;27(1):62-64 [FREE Full text] [doi: 10.1016/j.jiac.2020.08.012]
[Medline: 32896479]

https://mhealth.jmir.org/2020/12/e22098

XSL• FO
RenderX

Nakamoto et al

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 12
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
31.

32.
33.

34.
35.

36.

37.

38.

39.
40.

41.

42.
43.
44.
45.

46.

47.

Nakamoto et al

Descriptive epidemiology of 516 confirmed cases of novel coronavirus infection reported by the national epidemiological
surveillance of infectious diseases (NESID) system and active epidemiological surveillance (as of March 23, 2020). National
Institute of Infectious Diseases. 2020 Apr 09. URL: https://www.niid.go.jp/niid/en/2019-ncov-e/2484-idsc/
9555-covid19-14-200323-e.html [accessed 2020-09-04]
Braithwaite I, Callender T, Bullock M, Aldridge RW. Automated and partly automated contact tracing: a systematic review
to inform the control of COVID-19. Lancet Digit Health 2020 Nov;2(11):e607-e621. [doi: 10.1016/s2589-7500(20)30184-9]
Kucharski AJ, Klepac P, Conlan AJK, Kissler SM, Tang ML, Fry H, CMMID COVID-19 working group. Effectiveness
of isolation, testing, contact tracing, and physical distancing on reducing transmission of SARS-CoV-2 in different settings:
a mathematical modelling study. Lancet Infect Dis 2020 Oct;20(10):1151-1160 [FREE Full text] [doi:
10.1016/S1473-3099(20)30457-6] [Medline: 32559451]
Hollander JE, Carr BG. Virtually Perfect? Telemedicine for Covid-19. N Engl J Med 2020 Apr 30;382(18):1679-1681.
[doi: 10.1056/NEJMp2003539] [Medline: 32160451]
Liu Y, Wang Z, Ren J, Tian Y, Zhou M, Zhou T, et al. A COVID-19 Risk Assessment Decision Support System for General
Practitioners: Design and Development Study. J Med Internet Res 2020 Jun 29;22(6):e19786 [FREE Full text] [doi:
10.2196/19786] [Medline: 32540845]
Ferretti L, Wymant C, Kendall M, Zhao L, Nurtay A, Abeler-Dörner L, et al. Quantifying SARS-CoV-2 transmission
suggests epidemic control with digital contact tracing. Science 2020 May 08;368(6491) [FREE Full text] [doi:
10.1126/science.abb6936] [Medline: 32234805]
Smith AC, Thomas E, Snoswell CL, Haydon H, Mehrotra A, Clemensen J, et al. Telehealth for global emergencies:
Implications for coronavirus disease 2019 (COVID-19). J Telemed Telecare 2020 Mar 20;26(5):309-313. [doi:
10.1177/1357633x20916567]
Kapa S, Halamka J, Raskar R. Contact Tracing to Manage COVID-19 Spread-Balancing Personal Privacy and Public
Health. Mayo Clin Proc 2020 Jul;95(7):1320-1322 [FREE Full text] [doi: 10.1016/j.mayocp.2020.04.031] [Medline:
32622440]
Maier BF, Brockmann D. Effective containment explains subexponential growth in recent confirmed COVID-19 cases in
China. Science 2020 May 15;368(6492):742-746 [FREE Full text] [doi: 10.1126/science.abb4557] [Medline: 32269067]
Maese JR, Seminara D, Shah Z, Szerszen A. Perspective: What a Difference a Disaster Makes: The Telehealth Revolution
in the Age of COVID-19 Pandemic. Am J Med Qual 2020 Jun 11;35(5):429-431 [FREE Full text] [doi:
10.1177/1062860620933587] [Medline: 32525394]
Gao Y, Liu R, Zhou Q, Wang X, Huang L, Shi Q, COVID-19 Evidence and Recommendations Working Group. Application
of telemedicine during the coronavirus disease epidemics: a rapid review and meta-analysis. Ann Transl Med 2020
May;8(10):626. [doi: 10.21037/atm-20-3315] [Medline: 32566563]
Legido-Quigley H, Asgari N, Teo YY, Leung GM, Oshitani H, Fukuda K, et al. Are high-performing health systems resilient
against the COVID-19 epidemic? Lancet 2020 Mar;395(10227):848-850. [doi: 10.1016/S0140-6736(20)30551-1]
Li DKT, Zhu S. Contributions and challenges of general practitioners in China fighting against the novel coronavirus crisis.
Fam Med Com Health 2020 Mar 23;8(2):e000361. [doi: 10.1136/fmch-2020-000361]
Zhu N, Zhang D, Wang W, Li X, Yang B, Song J, et al. A Novel Coronavirus from Patients with Pneumonia in China,
2019. N Engl J Med 2020 Feb 20;382(8):727-733. [doi: 10.1056/nejmoa2001017]
Riou J, Althaus C. Pattern of early human-to-human transmission of Wuhan 2019 novel coronavirus (2019-nCoV), December
2019 to January 2020. Euro Surveill 2020 Jan;25(4):25 [FREE Full text] [doi: 10.2807/1560-7917.ES.2020.25.4.2000058]
[Medline: 32019669]
Altmann S, Milsom L, Zillessen H, Blasone R, Gerdon F, Bach R, et al. Acceptability of App-Based Contact Tracing for
COVID-19: Cross-Country Survey Study. JMIR mHealth uHealth 2020 Aug 28;8(8):e19857 [FREE Full text] [doi:
10.2196/19857] [Medline: 32759102]
Dehning J, Zierenberg J, Spitzner FP, Wibral M, Neto JP, Wilczek M, et al. Inferring change points in the spread of
COVID-19 reveals the effectiveness of interventions. Science 2020 Jul 10;369(6500):eabb9789 [FREE Full text] [doi:
10.1126/science.abb9789] [Medline: 32414780]

Abbreviations
COCOA: COVID-19 Contact-Confirming Application
HER-SYS: Health Center Real-time Information-sharing System
PCR: polymerase chain reaction
QR: quick response
Rt: effective reproduction number

https://mhealth.jmir.org/2020/12/e22098

XSL• FO
RenderX

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 13
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Nakamoto et al

Edited by G Eysenbach; submitted 04.07.20; peer-reviewed by J Li, A Dawood, M Adly, A Adly, A Adly; comments to author 24.08.20;
revised version received 08.09.20; accepted 13.09.20; published 01.12.20
Please cite as:
Nakamoto I, Jiang M, Zhang J, Zhuang W, Guo Y, Jin MH, Huang Y, Tang K
Evaluation of the Design and Implementation of a Peer-To-Peer COVID-19 Contact Tracing Mobile App (COCOA) in Japan
JMIR Mhealth Uhealth 2020;8(12):e22098
URL: https://mhealth.jmir.org/2020/12/e22098
doi: 10.2196/22098
PMID: 33170801

©Ichiro Nakamoto, Ming Jiang, Jilin Zhang, Weiqing Zhuang, Yan Guo, Ming-Hui Jin, Yi Huang, Kuotai Tang. Originally
published in JMIR mHealth and uHealth (http://mhealth.jmir.org), 01.12.2020. This is an open-access article distributed under
the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted
use, distribution, and reproduction in any medium, provided the original work, first published in JMIR mHealth and uHealth, is
properly cited. The complete bibliographic information, a link to the original publication on http://mhealth.jmir.org/, as well as
this copyright and license information must be included.

https://mhealth.jmir.org/2020/12/e22098

XSL• FO
RenderX

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 12 | e22098 | p. 14
(page number not for citation purposes)

