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Abstract
Background: With a growing focus on patient interaction with health management, mobile apps are increasingly used to deliver
behavioral health interventions. The large variation in these mobile health apps—their target patient group, health behavior, and
behavioral change strategies—has resulted in a large but incohesive body of literature.
Objective: This systematic review aimed to assess the effectiveness of mobile apps in improving health behaviors and outcomes
and to examine the inclusion and effectiveness of behavior change techniques (BCTs) in mobile health apps.
Methods: PubMed, EMBASE, CINAHL, and Web of Science were systematically searched for articles published between
2014 and 2019 that evaluated mobile apps for health behavior change. Two authors independently screened and selected studies
according to the eligibility criteria. Data were extracted and the risk of bias was assessed by one reviewer and validated by a
second reviewer.
Results: A total of 52 randomized controlled trials met the inclusion criteria and were included in the analysis—37 studies
focused on physical activity, diet, or a combination of both, 11 on drug and alcohol use, and 4 on mental health. Participant
perceptions were generally positive—only one app was rated as less helpful and satisfactory than the control—and the studies
that measured engagement and usability found relatively high study completion rates (mean 83%; n=18, N=39) and ease-of-use
ratings (3 significantly better than control, 9/15 rated >70%). However, there was little evidence of changed behavior or health
outcomes.
Conclusions: There was no strong evidence in support of the effectiveness of mobile apps in improving health behaviors or
outcomes because few studies found significant differences between the app and control groups. Further research is needed to
identify the BCTs that are most effective at promoting behavior change. Improved reporting is necessary to accurately evaluate
the mobile health app effectiveness and risk of bias.
(JMIR Mhealth Uhealth 2020;8(3):e17046) doi: 10.2196/17046
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Introduction
Background
Engaging patients with health care is an important area of
development in health care because it has the potential to reduce
preventable deaths [1,2]. There is a huge range of digital health
technologies that can deliver health care interventions, including
apps, SMS texts, emails, internet, interactive chatbots, and voice
agents [3-5]. Since the first iPhone was released in 2008,
smartphone technology has become increasingly prevalent and
capable, offering a promising means of delivering health care
interventions to the general population. The large number of
mobile health apps currently available for download is a
testament to their popularity [6]. Many mobile phones now have
the ability to passively collect a variety of health data—including
physical activity, social interaction, sleep, and mobility
patterns— and make inferences about mental and physical health
[7,8]. Combining these capabilities with active user interaction
allows mobile apps to deliver many different behavioral
interventions, which can help users lead healthier lives and
potentially reduce the likelihood of preventable health issues.
Mobile apps have been designed to target a wide variety of
actions to prevent problems and maintain and improve patients’
health [9]. There are five main types of health
behaviors—physical activity, diet, drug use, alcohol use, and
mental health [4]—but other actions such as the management
of chronic conditions, medication adherence, doctor
appointments, vaccinations, dental hygiene, sun protection, and
sex safety can also be considered health behaviors [10,11].
However, mobile health apps’ effectiveness has not been
sufficiently established [4,12,13]. Many studies do not even
report whether or not their mobile health behavior apps are
based on behavioral theories. Although there is a debate on the
role behavioral interventions can and should play in the
population-level behavior, behavioral theory is agreed to be an
important component of successful health-related behavioral
interventions [14]. Further evaluation of the effectiveness of
mobile health apps is needed to determine which apps are most
useful and which behavioral change theories and techniques
best promote positive behavior change, which in turn can guide
future development. This is important because of the ubiquity
of mobile health apps in society—if they are to fulfill their
intended goal of improving health, they must be able to
effectively improve and maintain positive health behaviors.
Many systematic reviews are currently examining these topics.
However, with a few exceptions [12,15], most of these reviews
are restricted in scope to specific types of health behaviors,
patient groups, or combinations thereof. This has the advantage
of being able to more directly compare the studies, and perform
meta-analyses, if the studies are similar enough. The diversity
of the mobile health app field makes it difficult to coalesce the
results of studies into a coherent overview. A few systematic
reviews have taken on this challenge. These examined studies
focused on a variety of health behaviors, patient groups, or types
of app intervention. Overall, they found that mobile health apps
were effective in improving participants’ health behaviors
[12,15]. They also identified the most commonly used behavior
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change constructs: self-monitoring [13,15], cues to action,
feedback, and social support [15] However, each of these
systematic reviews has limitations. These limitations include
the exclusive use of broad search terms, which likely missed
many relevant mobile health app articles that used more specific
key terms [12], and that the articles reviewed were primarily
pilot studies with small sample sizes [15]. In addition, data for
these systemic reviews were collected in 2014 [15], 2015 [13],
and 2017 [12]. Given the rapid pace of technological
development, a new systematic review is necessary to provide
an accurate assessment of the effectiveness of the most recent
mobile health app interventions.
Identifying the behavior change techniques (BCTs) that are
most effective in fostering positive change is necessary to
develop the most effective and engaging interventions to
improve the participant health behavior. An update to and
expansion of previous systematic reviews is needed to provide
an overview of current mobile health app technology, the BCTs
being used, and their effectiveness in changing behavior and
participant health outcomes. New, innovative apps are
continuously being developed and tested, and systematic reviews
must keep pace so that overall trends in the features, theories,
and effectiveness of these apps can be tracked and updated. To
ensure that the mobile health apps that patients are using are
achieving their promises of health behavior change, it is essential
to have a clear understanding of what is currently being used
and whether it is working. If barriers—in the apps’ features or
use—can be identified, app developers can use that information
to design more effective interventions.

Objectives
The primary objectives of the review are to summarize the state
of the field of mobile health apps for behavior change and
evaluate their effectiveness. The wide variety of apps and health
behaviors examined means that there are a wide range of
outcomes examined to address three main research questions.
First, what types of mobile health apps and BCTs are being
used to support user engagement with their health behaviors?
Second, how effective are mobile health apps in improving and
maintaining positive health behavior changes? Finally, what
are participant perceptions of the feasibility, functionality, and
overall user experience of the mobile health apps they use?
These are the key elements that are needed to comprehensively
evaluate mobile health apps. This focus builds on previous
systematic reviews and extends and updates the body of
knowledge on current mobile health apps to inform further
research and development.

Methods
Database Search
The methods are described in detail in a systematic review
protocol that is registered with the International Prospective
Register
of
Systematic
Reviews
(PROSPERO:
CRD42019155604). The search strategy was developed using
the Population, Intervention, Comparison, and Outcome (PICO)
template and performed following the Preferred Reporting Items
for Systematic Reviews and Meta-Analyses Protocols
(PRISMA-P Multimedia Appendix 1) [16]. MeSH terms and
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keywords were extracted from a preliminary review of the
literature, and the search strings and databases were decided in
consultation with a medical librarian. The search was performed
in four databases using the University of Oxford Search Oxford
Libraries Online—PubMed, EMBASE, Cumulative Index to
Nursing and Allied Health Literature, and Web of Science—with
slightly adjusted search terms to fit the specific structure of each
database. The search terms were grouped into four
themes—mobile phones, mobile apps, health behaviors, and
evaluation—that were joined with the structure: Mobile (MeSH
OR Keywords) AND Applications (MeSH OR Keywords) AND
Health Behavior (MeSH OR Keywords) AND Evaluation
(MeSH OR Keywords). A complete list of the specific search
terms and strings used for each database is provided in
Multimedia Appendices 2 and 3. The search was completed on
September 16, 2019.

Inclusion and Exclusion Criteria
Digital health technologies evolve rapidly, and this review was
concerned with the current state of mobile health app technology
[17]. Therefore, the search was limited to studies published
between 2014 and 2019. This time frame provided an update
to Payne et al’s [15] systematic review that included studies
published between 2007 and September 2014 and reflected the
most recent behavioral and technological developments. Only
studies published in English were included.
This systematic review had a broad scope for population and
included any age, gender, country, or ethnicity. Therefore, study
populations could be general or specific with regard to
demographic variables. However, to keep the focus on the
effectiveness of mobile health apps in the general population,
subgroups such as pregnant women and patients with specific
diseases (including HIV, posttraumatic stress disorder,
alcoholism, and chronic depression) were excluded.
The intervention targeted in this review was mobile apps for
health behavior change. Therefore, to be included, the main
focus of the study needed to be the evaluation of a mobile app
that helps users adopt, improve, or maintain positive health
behaviors. Studies of mobile interventions that did not evaluate
the app, were designed for use by health care professionals,
focused on behavior change theory without reference to mobile
apps, or focused on mobile phones or wearable technology but
not apps—for instance, interventions based solely on SMS text
messaging or emails—were excluded. Interventions that were
primarily focused on mobile apps but involved wearable
technology for data collection were included.
Initially, we intended to include all types of health behaviors.
However, the number of studies that this would have entailed
was unfeasible, and the health behaviors that were included in
the final systematic review were limited to the five main
categories established in the literature: drug use, alcohol use,
diet, physical activity, and mental health. This excluded
behaviors such as sun protection, sex safety, medication
adherence, doctor’s appointments, vaccinations, and
self-management of chronic conditions.
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Study design was not limited in the initial search to ensure that
no relevant studies were missed, but only randomized controlled
trials were included in the review. All types of comparators
were included.

Outcomes Measured
The primary outcomes were participant health and behavior
change to evaluate the apps’ effectiveness. Secondary outcomes
included the apps’ features and their adoption of specific BCTs
[18], as well as engagement and adherence rates,
participant-reported experience, and feasibility and usability
assessments.

Screening and Study Selection
All the articles identified from the database searches were stored
in the citation management software to eliminate duplicates
before the abstracts were screened by two independent
reviewers. Disagreements were discussed until consensus on
eligibility was reached. The full text was screened by one of
the reviewers, and when the text did not meet the inclusion
criteria, the second reviewer reviewed the article to assess
eligibility to determine inclusion in the final set. Reasons for
inclusion and exclusion were recorded at both the abstract and
full-text screening stages.
To check if the search had missed any relevant articles, the full
citation list was compared with the list of studies included in
the two previous systematic reviews [12,15]. Of the 20 articles
examined in Han and Lee’s [12] review, 11 were already
included in the citation list, and none of the other 9 were eligible
for inclusion [12]. As Payne et al’s [15] review finished data
collection in 2014, only 8 of their 24 studies were within the
time frame of this review [15]. Of those, 6 were already in the
citation list, 1 had just been identified from the Han and Lee’s
review [12], and the other was added to the overall citation list
but excluded from the final review because it was a treatment
for major depressive disorder.
A total of 8 of the screened articles eligible for inclusion were
abstracts from posters, conferences, or meetings and did not
have full texts available. The authors of each were contacted to
request a full text if it was available. At the time of writing,
only one of the study authors had replied. A full text was sent
but ended up not being relevant and was excluded from the final
review because a mobile app was not the main focus of the
study.

Data Extraction
Data were extracted by one reviewer and key data points from
the studies that were specified in the protocol were recorded in
a spreadsheet (see Table 1). This process was validated by the
second reviewer, and disagreements were discussed with a third
reviewer. The broad scope of the review meant that there were
a wide variety of specific health and behavior change outcomes,
so a meta-analysis could not be performed.
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Table 1. Data that were extracted from the studies.
Article information

Data extracted

General study information

•
•
•
•
•
•

Year of publication
Countries of study
Study setting (primary location of app use, if relevant)
Analyzed sample size
Sample demographics (including age, gender, and target population)
Intervention duration and follow-up periods

Behavioral intervention

•
•
•

Target health behaviors and intervention focus
Theory the intervention is based on
Behavior change techniques (BCT Taxonomy v1 [18,19])

Mobile app technology

•
•
•
•
•

Area of health care used in
Name of the app
Developers
Platform
Components and design features (eg, provision of feedback, notifications, and tracking)

Evaluation

•
•
•
•
•
•
•

What outcomes were measured
Participant health outcomes
Behavior change outcomes
Participant engagement or adherence rates
Participant satisfaction
Feasibility and usability
Other key performance indicators reported

Risk of Bias Assessment
The study design was limited to randomized controlled trials,
so we used the Cochrane Collaboration Risk of Bias tool to
assess all of the included articles [20]. Specifically, this assessed
the risk of bias in random sequence generation; allocation
concealment; blinding of participants, personnel, and outcome
assessors; incomplete outcome data; and selective outcome
reporting. The risk of bias assessment was conducted by one
reviewer and validated by the second reviewer, and
disagreements were resolved by discussion.

Data Analysis and Synthesis
The variety of study aims, methods, and reported outcomes
meant that a meta-analysis was unfeasible, so a narrative
summary of the studies was prepared to draw conclusions about
the apps’ effectiveness, use of BCTs, acceptability, and usability.
In this review, an outcome was only considered to have
significant evidence supporting it if the app performed
significantly better than a comparator or control. Outcomes that
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were significantly different over time but not between groups
were coded as having some evidence supporting them. Outcomes
that were not significantly different between groups, had no
significant effect, or were significantly worse than the
comparator were coded as having no evidence supporting them.
Limitations and future directions for research and development
were also identified.

Results
Included Studies
In total, we retrieved 5299 articles using the search terms in the
four databases. Of these, 81 were selected for the full-text
review, and 52 were selected for inclusion in the review. The
reasons for exclusion in the full-text review stage are detailed
in Figure 1. One article was excluded at the full-text stage for
reporting the same trial as another article that was already
included. This excluded article was more focused on the
development of the app and did not provide any additional
relevant data for extraction.
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Figure 1. Preferred Reporting Items for Systematic Reviews and Meta-Analyses flow diagram. eHealth: electronic health; RCT: randomized controlled
trial.

Study Characteristics
The characteristics of the 52 included studies are summarized
in Multimedia Appendix 4. Of these 52, 71% (n=37) aimed to
change dietary habits, physical activity, or both to reduce or
prevent obesity and improve general health. The goal of 21%
(11/52) of the studies was to reduce drug and alcohol use (9/52
were related to smoking cessation, and 2/52 aimed to reduce
alcohol consumption). The last 8% (4/52) targeted behaviors
aimed at improving mental health. More than half of the studies
(28/52) had sample sizes of less than 100 participants, and
slightly fewer than half (23/52) had a study duration less than
3 months.

Overall Effectiveness of Apps
One study was excluded from this part of the analysis because
it only evaluated feasibility, usability, and participant
perceptions [21]. Only about a quarter of the studies (12/51)
found that the app had a significantly better effect (P<.05) on
participant health or behavior change outcomes than control or
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comparator groups (see Table 2). These include significantly
bigger increases for the app group in healthy food consumption
(eg, 1-2 more daily servings of vegetables [22,23]), physical
activity (eg, 1000-2000 more steps per day [24,25]), and mental
health (large Cohen d effect sizes for mindfulness and
self-compassion , 0.8 and 1.1, respectively [26]), as well as
significantly bigger decreases in drug and alcohol use [27,28].
About 30% of the studies (16/51) found some evidence of
effectiveness—whether there was a significant difference
between the groups on some but not all of the outcomes, a
significant difference over time but not between groups, or a
significant improvement over the control only in a subgroup of
the population. The remaining 45% of studies either found no
significant difference between groups or effect on the primary
outcome (22/51) or found that the app performed worse than
the comparator (1/51). This analysis was done by coding the
overall outcomes of each study, but the ratio is very similar if
the overall effectiveness is coded once for each individual app
instead.
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Table 2. Summary of general evidence of effectiveness by study (N=51).
Evidence of effectivenes?

Physical activity
(PA) [24,25,29-39],
n

Diet
[22,23,40-49], n

Diet and PAa
[50-60], n

Mental health
[26,61-63], n

Smoking cessation
[28,64-71], n

Reduce alcohol [27,72], n

Total, n (%)

No

4

3

7

1

7

1

23 (45)

Some

4

5

4

2

1

0

16 (31)

Yes

5

4b

0

1

1

1

12 (23)

Total

13

12

11

4

9

2

51 (100)

a

The studies in the diet and physical activity category reported on dietary and physical activity outcomes, whereas the studies in the previous 2 columns
reported on either diet or physical activity.
b

Two of these studies report on the same trial (one at 12 weeks and the other at the end of the 12-month trial) [22,47]. Both have been included in this
table, but if one were excluded, there would be significant evidence for 22% (11/50) studies.

Participant Health Outcomes
A wide range of participant health outcomes were reported in
20 studies, including measures of weight change over time
(weight, BMI, waist circumference, and body adiposity), mental
well-being (depression, anxiety, life satisfaction, perceived
stress, emotional regulation, etc), blood pressure, cardiovascular

risk factors, and biomarkers such as blood lipids and urinary
sodium. Overall, there was very little evidence that supported
the effectiveness of mobile health apps to affect participant
health outcomes (see Table 3). Over three-quarters (24/31) of
the reported participant health outcomes were not significantly
different between the intervention and control groups.

Table 3. Effectiveness of apps on participant health outcomes (N=31).
Participant health outcome

No evidence, Some evin
dence, n

Significant evidence, n (%)

Studies reporting
outcome, n

Weight/BMI change [35,41-46,48,50,55,59,60]

10

1

1 (8)

12

Waist circumference/body adiposity [43,53,59]

2

1

0 (0)

3

Mental well-being (eg, depression, anxiety, perceived stress, life satisfaction,
and mood) [26,50,61-63]

2

3

0 (0)

5

Blood pressure [35,41,46,51,54]

5

0

0 (0)

5

Cardiovascular risk factors [54,55]

2

0

0 (0)

2

Blood measures (eg, blood glucose and blood lipids) [41,54]

2

0

0 (0)

2

Urinary sodium [43,51]

1

1

0 (0)

2

Total

24

6

1 (3)

31

Behavior Change Outcomes
An even broader range of behavior change outcomes were
reported in 44 of the 52 studies. Overall, there was not much
significant evidence supporting the effectiveness of apps in
changing the behavior outcomes (see Table 4). There were
certain types of behavior that had stronger evidence of change
than others. A total of 63% (5/8) of studies that examined
healthy food choice behavior found that the app group improved
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significantly more than the control or comparator group, as did
43% (3/7) of the studies that reported step count and 100% (3/3)
of the studies that aimed to reduce sedentary behavior. Physical
activity and dietary habits were the target behavior areas with
the highest percentage of significant evidence (32% each).
However, there were only a few studies for each specific
outcome, and altogether, the studies only found significant
support for the effectiveness of mobile health apps in just a
quarter (16/64) of the behavior change outcomes reported.
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Table 4. Effectiveness of apps with respect to behavior change outcomes (N=44).
Target behavior and behavior change outcomea

No evidence, n

Some evidence, n Significant evidence,
n (%)

Total times outcome
reported, n

Healthy food choices (including vegetable consumption and 2
purchase of salt) [22,23,40,44,45,48,51,59]

1

5 (63)

8

Hunger [40]

1

0

0 (0)

1

5

0

1 (17)

6

Dietary compliance (including goal setting and diet tracking) 4
[42,45,46,52,58]

0

1 (20)

5

Energy/caloric intake [55,57]

1

1

0 (0)

2

Total (dietary habits)

13

2

7 (32)

22

Physical activity (including moderate to vigorous physical
activity) [25,30,33,37-39,52,55,58]

7

1

1 (11)

9

Walking/step count [24,25,29,33,35,57]

2

2

3 (43)

7

Reduce sedentary behavior [29,32,37]

0

0

3 (100)

3

Time to complete fitness test [31]

1

0

0 (0)

1

Attitudes to physical activity [34]

0

1

0 (0)

1

Control (including self-efficacy, PBC, and barriers)
[25,34,39]

2

1

0 (0)

3

Self-monitoring [39]

0

0

1 (100)

1

Total (physical activity)

12

5

8 (32)

25

Change in weekly alcohol consumption [27]

1

0

0 (0)

1

Change in full Alcohol Use Disorders Identification Test
score [27]

1

0

0 (0)

1

Number of alcohol consequences [72]

1

0

0 (0)

1

Maximum number of drinks at once [72]

1

0

0 (0)

1

Total (reduce alcohol)

4

0

0 (0)

4

Continuous abstinence (including 7- and 30-day point
prevalence abstinence) [28,64,67-71]

5

1

1 (14)

7

Quit rates [65,66]

2

0

0 (0)

2

Acceptance of cravings [65]

0

1

0 (0)

1

Readiness to quit (including motivation and quit attempts)
[66,69,71]

3

0

0 (0)

3

Total (smoking cessation)

10

2

1 (8)

13

39

9

16 (25)

64

Dietary habits

Control (including cognitive restraint, self-efficacy, selfb

regulation, PBC , and avoiding uncontrolled eating)
[40,41,45,46,49,60]

Physical activity

Reduce alcohol

Smoking cessation

Total
a

Many of the studies reported more than one behavior change outcome, and all distinct outcomes were recorded here, so there are more individual
outcomes than the number of studies.
b

PBC: perceived behavioral control.

Behavior Change Techniques and Theories
In the 52 studies, there were 50 unique apps tested (excluding
basic or control versions of apps). Only a few of these studies
explicitly reported the BCTs incorporated into the app, so BCTs
http://mhealth.jmir.org/2020/3/e17046/
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were coded based on the study descriptions of the app features
using the BCT Taxonomy v1 [18]. The taxonomy lists 93 BCTs,
clustered into 16 groups. Collectively, the apps studied included
39 different BCTs from 12 different groups. Multimedia
Appendix 5 reports the BCTs included in each app studied.
JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 7
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Only four BCTs were used in more than half of the apps—1.1
Goal setting (behavior; 52% of apps), 2.2 Feedback on behavior
(54%), 2.3 Self-monitoring of behavior (72%), and 4.1
Instructions on how to perform the behavior (54%). The mean
(and median) number of BCTs per app was 5 (range: 0-11), and
the most common number of BCTs per app was 6.
An exploratory assessment of the effectiveness of each BCT
was conducted by associating the use of BCTs in each app with
the effectiveness of that app, so that a count of how many times
the BCT was associated with significant evidence versus no
evidence could be made. There was at best mixed evidence for
all of the BCTs used. Only 4 BCTs (1.6 Discrepancy between
current behavior and goal, 4.2 Information about antecedents,
6.1 Demonstration of the behavior, and 12.5 Adding objects to
the environment) had more significant evidence than not, but
only by 1 study. These 4 BCTs were also only used in at most
2 apps. The most frequently used BCTs were all associated two
to three times more with studies that found no significant effect
compared with those that found a significant effect on the
specified outcomes.
Half of the studies (26/52) mentioned the specific behavioral
theories that were considered when developing the app, and
there was a lot of variety. A total of 23 different theories were
referenced, with social cognitive theory and behavior change
theory being referenced most frequently (8 and 5 times,
respectively), with the remaining 21 theories having no more
than two mentions each. Only 5 of these 26 studies found
significant evidence in favor of the app. Of these 5, 2 used social
cognitive theory, 2 used bahavior change theory, and 1 used the
capability, opportunity, motivation, behavior framework and
the behavior change wheel.

Engagement and Adherence
Engagement and adherence outcomes were reported by 39 of
the studies. Of these, 18 reported completion or retention rates,
and 26 reported the app use data. The mean completion rate
across studies was 83.3% (range: 45%-97.1%), with 8 studies
reporting a completion rate above 90%. There was significant
variability in what app use measures were reported and how
they were used to evaluate adherence. A total of 4 studies
reported that the app group was significantly more engaged
with their intervention than the control group, and 2 more
reported high use in the app group but not whether the difference
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was significant. A total of 9 studies reported a usage percentage
greater than 60%.

Feasibility and Usability
A total of 15 studies reported on usability (n=13), feasibility
(n=1), or both (n=1). A total of 3 of these studies reported that
the intervention app was rated significantly better than the
control, and 9 more reported high ease of use (>70% of
participants rated highly). There does not appear to be any
relationship between usability and effectiveness, given the
generally high usability ratings and overall low effectiveness.
However, as less than a third of studies reported usability, this
analysis should be treated with caution.

Participant Satisfaction
A total of 21 studies reported participant satisfaction. Of these
studies, 2 reported significantly higher ratings for the
intervention app than the control, and 6 more reported that more
than 70% of the participants rated the app as satisfying, helpful,
or enjoyable. Only 1 app (Crush the Crave) was found to have
significantly lower helpfulness and satisfaction ratings than the
control. The rest had mixed feedback or no significant
differences between the ratings for the app and control.

Risk of Bias Assessment
The evaluation of risk of bias for all 52 studies was conducted
using the Cochrane Collaboration Risk of Bias tool [20], and
the results were summarized using the RevMan 5.3 software
(Figures 2 and 3) [73]. Two-thirds of the studies (35/52) properly
reported random sequence generation [36].
About 40% (21/52) of the studies reported satisfactory allocation
concealment and either very low attrition or no significant
differences in attrition between groups (22/52), meaning that
the risk of incomplete outcome data was low. About a third of
studies (17/52) reported blinding of outcome assessors, but only
3 studies reported blinding of patients and personnel. This was
predominantly because the nature of mobile app interventions
made blinding of participants difficult. A total of 42% (22/52)
of the studies had a high risk for the blinding of participants
and personnel, predominantly because they reported that
blinding was not possible. However, only 15% (8/52) of the
studies could be established as having a low risk of selective
outcome, mostly because a preregistration or study protocol
could not be found to compare reported outcomes with.
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Figure 2. Risk of bias summary: the review authors’ judgements about each risk of bias item for each included study.
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Figure 3. Risk of bias graph: the review authors’ judgements about each risk of bias item presented as percentages across all included studies.

Discussion
Principal Findings
Developments in technology have made it easier for patients to
play an active role in their health, and there are thousands of
mobile apps designed to help people improve their health
behaviors [4]. However, their effectiveness in changing health
behaviors and outcomes has not been convincingly established.
In this systematic review, we examined 52 randomized
controlled trials evaluating the effectiveness of mobile health
apps. Overall, there was little significant evidence supporting
the effectiveness of mobile health apps for any of those
outcomes. This was especially true for patient health outcomes;
out of all the studies that examined them, there was only 1 app
that was significantly better than the control. There was slightly
more evidence for the effectiveness of apps in changing the
health behavior outcomes—apps performed significantly better
than controls on a quarter of the measured outcomes—but a
majority of outcomes reported no significant differences between
groups.
This is a different finding than previous systematic reviews.
Both Han and Lee [12] and Payne et al [15] reported that the
majority of apps reviewed were effective at improving
health-related behaviors. It is possible that this difference is
because of the way study results were interpreted. Only
considering studies that found a significant difference between
groups in favor of the app as significant evidence of
effectiveness is a conservative interpretation. However,
randomized controlled trials are the gold standard for evaluating
interventions because randomization allows differences in
outcomes between groups to be attributed to the intervention
[74]. To conclusively support the claim that mobile health apps
are a useful tool for changing behavior and health outcomes,
users should show greater improvement with the app than a
comparator or control. The majority of the apps evaluated in
this review were not significantly more effective in achieving
their purposes than controls or alternative interventions.
When significant and some evidence categories are both taken
into account, there was moderately strong evidence supporting
the effectiveness of apps in changing certain target behaviors,
notably, healthy food choices (6/8, 75%), step count (5/7, 71%),
http://mhealth.jmir.org/2020/3/e17046/
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and reducing sedentary behavior (3/3, 100%). This suggests
that mobile apps do have the potential to improve some health
behaviors. However, the number of studies that examined each
of these outcomes was small. In addition, this effect was not
reflected in any of the participant health outcomes. Possibly the
intervention durations were too short for any meaningful clinical
change, although half of the studies lasted longer than 3 months,
and modest weight loss (5%-10%) can be observed within 3 to
6 months [75]. Even when the behavior change was significantly
greater in the app than the control group, it may not have been
enough of a change to induce an observable effect in any of the
health outcomes measured over time.
Before delving too deeply into clinical outcomes, however, it
is first essential to have a measurable behavioral effect.
Identifying the BCTs that are most effective in promoting and
maintaining positive health behavior change is crucial for the
development of mobile apps that will significantly improve
health behaviors and outcomes [76]. However, determining
which BCTs, and combinations of BCTs, are most effective in
specific contexts is a complex process, and a valid method of
determining the degree of confidence of BCT effectiveness is
yet to be established [76]. To make this even more difficult,
most of the studies did not report the BCTs used, and they had
to be inferred from the descriptions of the apps’ features.
Self-monitoring of behavior was the most commonly used BCT
(72% of apps included a self-monitoring function). Behavioral
goal setting, feedback on behavior, and instructions on how to
perform the behavior were also included in more than half of
the apps. This is consistent with the findings of Payne et al’s
[15] systematic review of mobile health apps, which found that
most studies included goal setting, self-monitoring, and social
support constructs. Social support was not as prominent in the
apps studied in this review, with only 28% having an identifiable
social support feature. If there is a disconnect between the BCTs
that are most effective and those that are most frequently used,
it could explain the lack of behavioral change.
For all 4 of the most frequently used BCTs, there were far more
studies with no evidence than significant evidence, with less
than a fifth of the studies of apps using those individual BCTs
finding a significant effect (range: 15%-19% per BCT). This is
similar to the low overall amount of significant evidence
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supporting the apps’ effectiveness, which is not surprising.
Self-monitoring has been positively associated with behavior
change in the literature, though the results are heterogenous
[77,78]. Therefore, why are these studies not finding much
support for their effectiveness in changing behavior?
Intuitively, a greater number of BCTs might seem more likely
to improve health behaviors, or at least provide a wider range
of motivating options so that users can choose the ones that
work best for them. However, there was a similar average
number of BCTs per app for each of the evidence groups (no,
some, and significant evidence). The no evidence group actually
had a higher average number of BCTs per app (5.9 vs 4.4 in the
other two groups) but two-tailed t tests showed that none of the
differences between the groups were significant (P>.05). This
lack of an association between the number of BCTs and
effectiveness is consistent with previous studies [79].
It is possible that the apps were not appropriately implementing
the BCTs in their features. The lack of theoretical bases for half
of the apps suggests that BCTs were not considered in many of
them. However, only 4 of the 26 studies that did reference
behavioral theories (actually 5 out of 27 studies, but 2 studies
reported the same experiment [22,47]) found significant
evidence for the app they studied, which is no better than the
overall group of studies. This suggests that the inclusion of
theory is not sufficient to find an effective result. The variety
of theories used could also be a factor; further research should
determine which theoretical bases are most strongly linked to
behavior change. A more in-depth evaluation of the use and
effectiveness of BCTs—as individual factors and in
combination—in mobile health apps is necessary to understand
why the majority of studies are not finding significant behavioral
or health advantages for mobile app interventions. This is
especially important because of the ubiquity of health apps that
are available and being used and the urgent public health need
to improve health behaviors to address increasing health care
costs and improve healthy aging [80].

Quality of the Evidence
After analyzing the risk of bias of the included studies, only the
category of performance bias (blinding of participants and
personnel) had a generally high risk of bias (22/52, 42%).
Overall, however, just over half of the potential areas for bias
had an unclear risk. Therefore, to improve the quality of studies
and to make bias assessments more clear and useful, researchers
should improve reporting of their methods, so that the risk of
bias can be assessed more accurately. Out of all 52 studies, only
3 had 5 or more areas of bias categorized as low risk [27].
High-quality studies are needed to make a valid evaluation of
the effectiveness of apps, so that there is less risk of poor study
methodologies confusing the conclusions.

Limitations
One limitation of this review is that a meta-analysis could not
be conducted because of the heterogeneity of the studies and
their reported outcomes. However, a proper meta-analysis would
make the effectiveness of mobile health apps easier to determine
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and quantify. Another limitation is that the focus was limited
to just five health behaviors. There are many mobile health apps
designed to help patients manage chronic conditions such as
diabetes, depression, and asthma. Therefore, the results of this
review cannot be generalized to all health behaviors. In addition,
this review only considered published randomized controlled
trials. This may have missed more recently developed apps that
have not progressed to that stage of testing yet, or that might
not have been tested in an academic context. It may also
overrepresent studies where an effect was found, as the grey
literature was not searched for studies that may have found null
results and not been published.

Future Directions
An important future direction for research—and app
development—is to examine more closely the theoretical basis
of mobile health apps, which BCTs they are using, and how
those BCTs are implemented. This is a crucial element in
determining why mobile health apps are not consistently
succeeding in improving health behaviors. If the most effective
BCTs, and combinations thereof, can be identified, mobile
health apps have the potential to advance preventive health care
globally. Once consistent and effective means of motivating
behavior change have been identified, the relationship between
health behaviors and health outcomes should be reassessed and,
if necessary, improved. To complement this, it is important for
researchers to improve their reporting, so that the risk of bias
of studies can be accurately assessed and only high-quality
studies can be included in analyses.

Conclusions
The purpose of this systematic review was to examine the
effectiveness of mobile apps to improve health behaviors and
outcomes and the inclusion and effectiveness of BCTs. Although
apps generally had relatively high engagement, usability ratings,
and user acceptability and satisfaction, the significance of
evidence for delivering behavior change outcomes assessed was
nominal. This study built on previous systematic reviews to
provide an updated and comprehensive examination of current
mobile health apps for the general population. It extended the
literature by examining the relationship between BCTs and app
effectiveness. In addition, this systematic review evaluated
effectiveness more stringently than previous reviews to provide
a balanced perspective on current app effectiveness and identify
areas for improvement. Further research is needed to identify
the behavior change theories and specific BCTs best suited to
promote and maintain positive health behavior change through
mobile app interventions. A reliable method of analyzing BCT
effectiveness and more experiments comparing how behavior
change outcomes differ depending on the combinations of BCTs
used would be a useful next step. Given the inconsistent results
of studies of mobile health app effectiveness, a greater
integration of theory into app development and comparative
examination of theories and BCTs in those apps will help drive
innovation and the creation of more effective mobile health
apps.

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 11
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Milne-Ives et al

Acknowledgments
The authors would like to thank the outreach librarian Liz Callow for her assistance in developing search terms and reviewing
search strategy. MM, CL, CDC, MHVVV, and EM are supported by grants from EIT Health (Grant 18654) and Promoting the
Internet of Things via Collaborations between HEIS and Industry (PITCH-IN) grant.

Authors' Contributions
EM and MM conceived the study topic and designed the review protocol. MM and CL screened the studies. MM conducted the
data extraction and risk of bias assessment, which were validated by CC. The systematic review was written by MM with revisions
from MV and EM.

Conflicts of Interest
None declared.

Multimedia Appendix 1
Preferred Reporting Items for Systematic Reviews and Meta-Analyses checklist.
[DOC File , 64 KB-Multimedia Appendix 1]

Multimedia Appendix 2
Search Terms.
[DOCX File , 15 KB-Multimedia Appendix 2]

Multimedia Appendix 3
Search queries and the number of results for each database.
[DOCX File , 15 KB-Multimedia Appendix 3]

Multimedia Appendix 4
Summary of study characteristics.
[DOCX File , 23 KB-Multimedia Appendix 4]

Multimedia Appendix 5
Behaviour Change Techniques used in the apps studied.
[ZIP File (Zip Archive), 3 KB-Multimedia Appendix 5]

References
1.
2.

3.

4.

5.

6.

7.

Clancy CM. Patient engagement in health care. Health Serv Res 2011 Apr;46(2):389-393 [FREE Full text] [doi:
10.1111/j.1475-6773.2011.01254.x] [Medline: 21371026]
Sawesi S, Rashrash M, Phalakornkule K, Carpenter JS, Jones JF. The impact of information technology on patient engagement
and health behavior change: a systematic review of the literature. JMIR Med Inform 2016 Jan 21;4(1):e1 [FREE Full text]
[doi: 10.2196/medinform.4514] [Medline: 26795082]
Stephens TN, Joerin A, Rauws M, Werk LN. Feasibility of pediatric obesity and prediabetes treatment support through
Tess, the AI behavioral coaching chatbot. Transl Behav Med 2019 May 16;9(3):440-447. [doi: 10.1093/tbm/ibz043]
[Medline: 31094445]
McKay FH, Wright A, Shill J, Stephens H, Uccellini M. Using health and well-being apps for behavior change: a systematic
search and rating of apps. JMIR Mhealth Uhealth 2019 Jul 4;7(7):e11926 [FREE Full text] [doi: 10.2196/11926] [Medline:
31274112]
Jiang H, Li M, Wen LM, Baur L, He G, Ma X, et al. A community-based short message service intervention to improve
mothers' feeding practices for obesity prevention: quasi-experimental study. JMIR Mhealth Uhealth 2019 Jun 3;7(6):e13828
[FREE Full text] [doi: 10.2196/13828] [Medline: 31162133]
Ferrara G, Kim J, Lin S, Hua J, Seto E. A focused review of smartphone diet-tracking apps: usability, functionality, coherence
with behavior change theory, and comparative validity of nutrient intake and energy estimates. JMIR Mhealth Uhealth
2019 May 17;7(5):e9232 [FREE Full text] [doi: 10.2196/mhealth.9232] [Medline: 31102369]
Trifan A, Oliveira M, Oliveira JL. Passive sensing of health outcomes through smartphones: systematic review of current
solutions and possible limitations. JMIR Mhealth Uhealth 2019 Aug 23;7(8):e12649 [FREE Full text] [doi: 10.2196/12649]
[Medline: 31444874]

http://mhealth.jmir.org/2020/3/e17046/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 12
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
8.

9.
10.
11.
12.

13.
14.
15.

16.

17.
18.

19.
20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

Harari GM, Lane ND, Wang R, Crosier BS, Campbell AT, Gosling SD. Using smartphones to collect behavioral data in
psychological science: opportunities, practical considerations, and challenges. Perspect Psychol Sci 2016 Nov;11(6):838-854
[FREE Full text] [doi: 10.1177/1745691616650285] [Medline: 27899727]
Cockerham WC, Dingwall R, Quah SR. Health behavior. In: Cockerham WC, Dingwall R, Quah SR, editors. The Wiley
Blackwell Encyclopedia of Health, Illness, Behavior, and Society. Chichester, UK: John Wiley & Sons Ltd; 2014.
Conner M, Norman P. Health behaviour: current issues and challenges. Psychol Health 2017 Aug;32(8):895-906. [doi:
10.1080/08870446.2017.1336240] [Medline: 28612656]
Pinder C, Vermeulen J, Cowan BR, Beale R. Digital behaviour change interventions to break and form habits. ACM Trans
Comput-Hum Interact 2018;25(3):1-66 [FREE Full text] [doi: 10.1145/3196830]
Han M, Lee E. Effectiveness of mobile health application use to improve health behavior changes: a systematic review of
randomized controlled trials. Healthc Inform Res 2018 Jul;24(3):207-226 [FREE Full text] [doi: 10.4258/hir.2018.24.3.207]
[Medline: 30109154]
Zhao J, Freeman B, Li M. Can mobile phone apps influence people's health behavior change? An evidence review. J Med
Internet Res 2016 Oct 31;18(11):e287 [FREE Full text] [doi: 10.2196/jmir.5692] [Medline: 27806926]
Hagger MS, Weed M. DEBATE: Do interventions based on behavioral theory work in the real world? Int J Behav Nutr
Phys Act 2019 Apr 25;16(1):36 [FREE Full text] [doi: 10.1186/s12966-019-0795-4] [Medline: 31023328]
Payne HE, Lister C, West JH, Bernhardt JM. Behavioral functionality of mobile apps in health interventions: a systematic
review of the literature. JMIR Mhealth Uhealth 2015 Feb 26;3(1):e20 [FREE Full text] [doi: 10.2196/mhealth.3335]
[Medline: 25803705]
Shamseer L, Moher D, Clarke M, Ghersi D, Liberati A, Petticrew M, et al. Preferred reporting items for systematic review
and meta-analysis protocols (PRISMA-P) 2015: elaboration and explanation. Br Med J 2015 Jan 2;349:g7647 [FREE Full
text] [doi: 10.1136/bmj.g7647] [Medline: 25555855]
Steinhubl SR, Muse ED, Topol EJ. The emerging field of mobile health. Sci Transl Med 2015 Apr 15;7(283):283rv3 [FREE
Full text] [doi: 10.1126/scitranslmed.aaa3487] [Medline: 25877894]
Michie S, Richardson M, Johnston M, Abraham C, Francis J, Hardeman W, et al. The behavior change technique taxonomy
(v1) of 93 hierarchically clustered techniques: building an international consensus for the reporting of behavior change
interventions. Ann Behav Med 2013 Aug;46(1):81-95. [doi: 10.1007/s12160-013-9486-6] [Medline: 23512568]
Hedin B, Katzeff C, Eriksson E, Pargman D. A systematic review of digital behaviour change interventions for more
sustainable food consumption. Sustainability 2019;11(9):2638 [FREE Full text] [doi: 10.3390/su11092638]
Higgins JP, Altman DG, Gøtzsche PC, Jüni P, Moher D, Oxman AD, Cochrane Bias Methods Group, Cochrane Statistical
Methods Group. The Cochrane Collaboration's tool for assessing risk of bias in randomised trials. Br Med J 2011 Oct
18;343:d5928 [FREE Full text] [doi: 10.1136/bmj.d5928] [Medline: 22008217]
López D, Torres M, Vélez J, Grullon J, Negrón E, Pérez CM, et al. Development and evaluation of a nutritional smartphone
application for making smart and healthy choices in grocery shopping. Healthc Inform Res 2017 Jan;23(1):16-24 [FREE
Full text] [doi: 10.4258/hir.2017.23.1.16] [Medline: 28261527]
Mummah S, Robinson TN, Mathur M, Farzinkhou S, Sutton S, Gardner CD. Effect of a mobile app intervention on vegetable
consumption in overweight adults: a randomized controlled trial. Int J Behav Nutr Phys Act 2017 Sep 15;14(1):125 [FREE
Full text] [doi: 10.1186/s12966-017-0563-2] [Medline: 28915825]
Clarke P, Evans SH, Neffa-Creech D. Mobile app increases vegetable-based preparations by low-income household cooks:
a randomized controlled trial. Public Health Nutr 2019 Mar;22(4):714-725 [FREE Full text] [doi:
10.1017/S1368980018003117] [Medline: 30472970]
Walsh JC, Corbett T, Hogan M, Duggan J, McNamara A. An mHealth intervention using a smartphone app to increase
walking behavior in young adults: a pilot study. JMIR Mhealth Uhealth 2016 Sep 22;4(3):e109 [FREE Full text] [doi:
10.2196/mhealth.5227] [Medline: 27658677]
Zhou M, Fukuoka Y, Mintz Y, Goldberg K, Kaminsky P, Flowers E, et al. Evaluating machine learning-based automated
personalized daily step goals delivered through a mobile phone app: randomized controlled trial. JMIR Mhealth Uhealth
2018 Jan 25;6(1):e28 [FREE Full text] [doi: 10.2196/mhealth.9117] [Medline: 29371177]
Huberty J, Green J, Glissmann C, Larkey L, Puzia M, Lee C. Efficacy of the mindfulness meditation mobile app 'Calm' to
reduce stress among college students: randomized controlled trial. JMIR Mhealth Uhealth 2019 Jun 25;7(6):e14273 [FREE
Full text] [doi: 10.2196/14273] [Medline: 31237569]
Crane D, Garnett C, Michie S, West R, Brown J. A smartphone app to reduce excessive alcohol consumption: Identifying
the effectiveness of intervention components in a factorial randomised control trial. Sci Rep 2018 Mar 12;8(1):4384 [FREE
Full text] [doi: 10.1038/s41598-018-22420-8] [Medline: 29531280]
BinDhim NF, McGeechan K, Trevena L. Smartphone Smoking Cessation Application (SSC App) trial: a multicountry
double-blind automated randomised controlled trial of a smoking cessation decision-aid 'app'. BMJ Open 2018 Jan
21;8(1):e017105 [FREE Full text] [doi: 10.1136/bmjopen-2017-017105] [Medline: 29358418]
Arrogi A, Bogaerts A, Seghers J, Devloo K, Abeele VV, Geurts L, et al. Evaluation of stAPP: a smartphone-based intervention
to reduce prolonged sitting among Belgian adults. Health Promot Int 2019 Feb 1;34(1):16-27. [doi: 10.1093/heapro/dax046]
[Medline: 28973149]

http://mhealth.jmir.org/2020/3/e17046/

XSL• FO
RenderX

Milne-Ives et al

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 13
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
30.
31.

32.
33.

34.
35.

36.

37.

38.

39.
40.

41.

42.

43.
44.

45.

46.

47.

48.

49.

50.

Cowdery J, Majeske P, Frank R, Brown D. Exergame apps and physical activity: the results of the ZOMBIE trial. Am J
Health Educ 2015;46(4):216-222. [doi: 10.1080/19325037.2015.1043063]
Direito A, Jiang Y, Whittaker R, Maddison R. Apps for IMproving FITness and increasing physical activity among young
people: the AIMFIT pragmatic randomized controlled trial. J Med Internet Res 2015 Aug 27;17(8):e210 [FREE Full text]
[doi: 10.2196/jmir.4568] [Medline: 26316499]
Finkelstein J, Bedra M, Li X, Wood J, Ouyang P. Mobile app to reduce inactivity in sedentary overweight women. Stud
Health Technol Inform 2015;216:89-92. [Medline: 26262016]
Fukuoka Y, Haskell W, Lin F, Vittinghoff E. Short- and long-term effects of a mobile phone app in conjunction with brief
in-person counseling on physical activity among physically inactive women: the mPED randomized clinical trial. JAMA
Netw Open 2019 May 3;2(5):e194281 [FREE Full text] [doi: 10.1001/jamanetworkopen.2019.4281] [Medline: 31125101]
Gabbiadini A, Greitemeyer T. Fitness mobile apps positively affect attitudes, perceived behavioral control and physical
activities. J Sports Med Phys Fitness 2019 Mar;59(3):407-414. [doi: 10.23736/S0022-4707.18.08260-9] [Medline: 29619794]
Glynn LG, Hayes PS, Casey M, Glynn F, Alvarez-Iglesias A, Newell J, et al. Effectiveness of a smartphone application to
promote physical activity in primary care: the SMART MOVE randomised controlled trial. Br J Gen Pract 2014
Jul;64(624):e384-e391 [FREE Full text] [doi: 10.3399/bjgp14X680461] [Medline: 24982490]
Harries T, Eslambolchilar P, Rettie R, Stride C, Walton S, van Woerden HC. Effectiveness of a smartphone app in increasing
physical activity amongst male adults: a randomised controlled trial. BMC Public Health 2016 Sep 2;16:925 [FREE Full
text] [doi: 10.1186/s12889-016-3593-9] [Medline: 27590255]
King AC, Hekler EB, Grieco LA, Winter SJ, Sheats JL, Buman MP, et al. Effects of three motivationally targeted mobile
device applications on initial physical activity and sedentary behavior change in midlife and older adults: a randomized
trial. PLoS One 2016;11(6):e0156370 [FREE Full text] [doi: 10.1371/journal.pone.0156370] [Medline: 27352250]
Simons D, de Bourdeaudhuij I, Clarys P, de Cocker K, Vandelanotte C, Deforche B. Effect and process evaluation of a
smartphone app to promote an active lifestyle in lower educated working young adults: cluster randomized controlled trial.
JMIR Mhealth Uhealth 2018 Aug 24;6(8):e10003 [FREE Full text] [doi: 10.2196/10003] [Medline: 30143477]
Voth EC, Oelke ND, Jung ME. A theory-based exercise app to enhance exercise adherence: a pilot study. JMIR Mhealth
Uhealth 2016 Jun 15;4(2):e62 [FREE Full text] [doi: 10.2196/mhealth.4997] [Medline: 27307134]
Blackburne T, Rodriguez A, Johnstone SJ. A serious game to increase healthy food consumption in overweight or obese
adults: randomized controlled trial. JMIR Serious Games 2016 Jul 13;4(2):e10 [FREE Full text] [doi: 10.2196/games.5708]
[Medline: 27417192]
Brindal E, Hendrie GA, Freyne J, Noakes M. Incorporating a static versus supportive mobile phone app into a partial meal
replacement program with face-to-face support: randomized controlled trial. JMIR Mhealth Uhealth 2018 Apr 18;6(4):e41
[FREE Full text] [doi: 10.2196/mhealth.7796] [Medline: 29669704]
Dunn CG, Turner-McGrievy GM, Wilcox S, Hutto B. Dietary self-monitoring through calorie tracking but not through a
digital photography app is associated with significant weight loss: the 2SMART pilot study-a 6-month randomized trial. J
Acad Nutr Diet 2019 Sep;119(9):1525-1532. [doi: 10.1016/j.jand.2019.03.013] [Medline: 31155474]
Ipjian ML, Johnston CS. Smartphone technology facilitates dietary change in healthy adults. Nutrition 2017 Jan;33:343-347.
[doi: 10.1016/j.nut.2016.08.003] [Medline: 27742102]
Kakoschke N, Hawker C, Castine B, de Courten B, Verdejo-Garcia A. Smartphone-based cognitive bias modification
training improves healthy food choice in obesity: a pilot study. Eur Eat Disord Rev 2018 Sep;26(5):526-532. [doi:
10.1002/erv.2622] [Medline: 30003634]
Kliemann N, Croker H, Johnson F, Beeken RJ. Development of the top tips habit-based weight loss app and preliminary
indications of its usage, effectiveness, and acceptability: mixed-methods pilot study. JMIR Mhealth Uhealth 2019 May
10;7(5):e12326 [FREE Full text] [doi: 10.2196/12326] [Medline: 31094352]
Laing BY, Mangione CM, Tseng C, Leng M, Vaisberg E, Mahida M, et al. Effectiveness of a smartphone application for
weight loss compared with usual care in overweight primary care patients: a randomized, controlled trial. Ann Intern Med
2014 Nov 18;161(10 Suppl):S5-12 [FREE Full text] [doi: 10.7326/M13-3005] [Medline: 25402403]
Mummah SA, Mathur M, King AC, Gardner CD, Sutton S. Mobile technology for vegetable consumption: a randomized
controlled pilot study in overweight adults. JMIR Mhealth Uhealth 2016 May 18;4(2):e51 [FREE Full text] [doi:
10.2196/mhealth.5146] [Medline: 27193036]
Palacios C, Torres M, López D, Trak-Fellermeier MA, Coccia C, Pérez CM. Effectiveness of the nutritional app 'MyNutriCart'
on food choices related to purchase and dietary behavior: a pilot randomized controlled trial. Nutrients 2018 Dec 12;10(12):pii:
E1967 [FREE Full text] [doi: 10.3390/nu10121967] [Medline: 30545125]
Whitelock V, Kersbergen I, Higgs S, Aveyard P, Halford JC, Robinson E. A smartphone based attentive eating intervention
for energy intake and weight loss: results from a randomised controlled trial. BMC Public Health 2019 May 21;19(1):611
[FREE Full text] [doi: 10.1186/s12889-019-6923-x] [Medline: 31113400]
Brindal E, Hendrie GA, Freyne J, Noakes M. A mobile phone app designed to support weight loss maintenance and
well-being (MotiMate): randomized controlled trial. JMIR Mhealth Uhealth 2019 Sep 4;7(9):e12882 [FREE Full text] [doi:
10.2196/12882] [Medline: 31486407]

http://mhealth.jmir.org/2020/3/e17046/

XSL• FO
RenderX

Milne-Ives et al

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 14
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.
62.

63.

64.

65.

66.

67.

68.

Eyles H, McLean R, Neal B, Jiang Y, Doughty RN, McLean R, et al. A salt-reduction smartphone app supports lower-salt
food purchases for people with cardiovascular disease: Findings from the SaltSwitch randomised controlled trial. Eur J
Prev Cardiol 2017 Sep;24(13):1435-1444. [doi: 10.1177/2047487317715713] [Medline: 28631933]
Garcia-Ortiz L, Recio-Rodriguez JI, Agudo-Conde C, Patino-Alonso MC, Maderuelo-Fernandez J, Gento IR, EVIDENT
Investigators Group, Mobilizing Minds Research Group. Long-term effectiveness of a smartphone app for improving
healthy lifestyles in general population in primary care: randomized controlled trial (Evident II Study). JMIR Mhealth
Uhealth 2018 Apr 27;6(4):e107 [FREE Full text] [doi: 10.2196/mhealth.9218] [Medline: 29702473]
Gomez-Marcos MA, Patino-Alonso MC, Recio-Rodriguez JI, Agudo-Conde C, Romaguera-Bosch M, Magdalena-Gonzalez
O, on behalf the EVIDENT Investigators 11. Short- and long-term effectiveness of a smartphone application for improving
measures of adiposity: A randomised clinical trial - EVIDENT II study. Eur J Cardiovasc Nurs 2018 Aug;17(6):552-562.
[doi: 10.1177/1474515118761870] [Medline: 29488798]
Gonzalez-Sanchez J, Recio-Rodriguez JI, Fernandez-delRio A, Sanchez-Perez A, Magdalena-Belio JF, Gomez-Marcos
MA, On behalf the EVIDENT Investigators group. Using a smartphone app in changing cardiovascular risk factors: a
randomized controlled trial (EVIDENT II study). Int J Med Inform 2019 May;125:13-21. [doi:
10.1016/j.ijmedinf.2019.02.004] [Medline: 30914176]
Hurkmans E, Matthys C, Bogaerts A, Scheys L, Devloo K, Seghers J. Face-to-face versus mobile versus blended weight
loss program: randomized clinical trial. JMIR Mhealth Uhealth 2018 Jan 11;6(1):e14 [FREE Full text] [doi:
10.2196/mhealth.7713] [Medline: 29326093]
Lin P, Grambow S, Intille S, Gallis JA, Lazenka T, Bosworth H, et al. The association between engagement and weight
loss through personal coaching and cell phone interventions in young adults: randomized controlled trial. JMIR Mhealth
Uhealth 2018 Oct 18;6(10):e10471 [FREE Full text] [doi: 10.2196/10471] [Medline: 30341051]
Rabbi M, Pfammatter A, Zhang M, Spring B, Choudhury T. Automated personalized feedback for physical activity and
dietary behavior change with mobile phones: a randomized controlled trial on adults. JMIR Mhealth Uhealth 2015 May
14;3(2):e42 [FREE Full text] [doi: 10.2196/mhealth.4160] [Medline: 25977197]
Recio-Rodriguez JI, Agudo-Conde C, Martin-Cantera C, González-Viejo MN, Fernandez-Alonso MD, Arietaleanizbeaskoa
MS, EVIDENT Investigators. Short-term effectiveness of a mobile phone app for increasing physical activity and adherence
to the mediterranean diet in primary care: a randomized controlled trial (Evident II Study). J Med Internet Res 2016 Dec
19;18(12):e331 [FREE Full text] [doi: 10.2196/jmir.6814] [Medline: 27993759]
Svetkey LP, Batch BC, Lin P, Intille SS, Corsino L, Tyson CC, et al. Cell phone intervention for you (CITY): a randomized,
controlled trial of behavioral weight loss intervention for young adults using mobile technology. Obesity (Silver Spring)
2015 Nov;23(11):2133-2141 [FREE Full text] [doi: 10.1002/oby.21226] [Medline: 26530929]
van Beurden SB, Smith JR, Lawrence NS, Abraham C, Greaves CJ. Feasibility randomized controlled trial of ImpulsePal:
smartphone app-based weight management intervention to reduce impulsive eating in overweight adults. JMIR Form Res
2019 Apr 30;3(2):e11586 [FREE Full text] [doi: 10.2196/11586] [Medline: 31038464]
Bakker D, Kazantzis N, Rickwood D, Rickard N. A randomized controlled trial of three smartphone apps for enhancing
public mental health. Behav Res Ther 2018 Oct;109:75-83. [doi: 10.1016/j.brat.2018.08.003] [Medline: 30125790]
Champion L, Economides M, Chandler C. The efficacy of a brief app-based mindfulness intervention on psychosocial
outcomes in healthy adults: a pilot randomised controlled trial. PLoS One 2018;13(12):e0209482 [FREE Full text] [doi:
10.1371/journal.pone.0209482] [Medline: 30596696]
Hides L, Dingle G, Quinn C, Stoyanov SR, Zelenko O, Tjondronegoro D, et al. Efficacy and outcomes of a music-based
emotion regulation mobile app in distressed young people: randomized controlled trial. JMIR Mhealth Uhealth 2019 Jan
16;7(1):e11482 [FREE Full text] [doi: 10.2196/11482] [Medline: 30664457]
Baskerville NB, Struik LL, Guindon GE, Norman CD, Whittaker R, Burns C, et al. Effect of a mobile phone intervention
on quitting smoking in a young adult population of smokers: randomized controlled trial. JMIR Mhealth Uhealth 2018 Oct
23;6(10):e10893 [FREE Full text] [doi: 10.2196/10893] [Medline: 30355563]
Bricker JB, Mull KE, Kientz JA, Vilardaga R, Mercer LD, Akioka KJ, et al. Randomized, controlled pilot trial of a smartphone
app for smoking cessation using acceptance and commitment therapy. Drug Alcohol Depend 2014 Oct 1;143:87-94 [FREE
Full text] [doi: 10.1016/j.drugalcdep.2014.07.006] [Medline: 25085225]
Buller DB, Borland R, Bettinghaus EP, Shane JH, Zimmerman DE. Randomized trial of a smartphone mobile application
compared to text messaging to support smoking cessation. Telemed J E Health 2014 Mar;20(3):206-214 [FREE Full text]
[doi: 10.1089/tmj.2013.0169] [Medline: 24350804]
Crane D, Ubhi HK, Brown J, West R. Relative effectiveness of a full versus reduced version of the 'Smoke Free' mobile
application for smoking cessation: an exploratory randomised controlled trial. F1000Res 2018;7:1524 [FREE Full text]
[doi: 10.12688/f1000research.16148.2] [Medline: 30728950]
Hassandra M, Lintunen T, Hagger MS, Heikkinen R, Vanhala M, Kettunen T. An mHealth app for supporting quitters to
manage cigarette cravings with short bouts of physical activity: a randomized pilot feasibility and acceptability study. JMIR
Mhealth Uhealth 2017 May 26;5(5):e74 [FREE Full text] [doi: 10.2196/mhealth.6252] [Medline: 28550004]

http://mhealth.jmir.org/2020/3/e17046/

XSL• FO
RenderX

Milne-Ives et al

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 15
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
69.

70.

71.

72.

73.
74.

75.

76.

77.

78.

79.

80.

Milne-Ives et al

Krishnan N, Elf JL, Chon S, Golub JE. COach2Quit: a pilot randomized controlled trial of a personal carbon monoxide
monitor for smoking cessation. Nicotine Tob Res 2019 Oct 26;21(11):1573-1577 [FREE Full text] [doi: 10.1093/ntr/nty182]
[Medline: 30169740]
McClure JB, Anderson ML, Bradley K, An LC, Catz SL. Evaluating an adaptive and interactive mHealth smoking cessation
and medication adherence program: a randomized pilot feasibility study. JMIR Mhealth Uhealth 2016 Aug 3;4(3):e94
[FREE Full text] [doi: 10.2196/mhealth.6002] [Medline: 27489247]
Peiris D, Wright L, News M, Rogers K, Redfern J, Chow C, et al. A smartphone app to assist smoking cessation among
aboriginal Australians: findings from a pilot randomized controlled trial. JMIR Mhealth Uhealth 2019 Apr 2;7(4):e12745
[FREE Full text] [doi: 10.2196/12745] [Medline: 30938691]
Bertholet N, Godinho A, Cunningham JA. Smartphone application for unhealthy alcohol use: pilot randomized controlled
trial in the general population. Drug Alcohol Depend 2019 Feb 1;195:101-105. [doi: 10.1016/j.drugalcdep.2018.12.002]
[Medline: 30611977]
The Cochrane Collaboration. Copenhagen: The Nordic Cochrane Centre; 2014. Review Manager (RevMan) URL: https:/
/community.cochrane.org/help/tools-and-software/revman-5 [accessed 2020-02-26]
Hariton E, Locascio JJ. Randomised controlled trials - the gold standard for effectiveness research: Study design: randomised
controlled trials. Br J Obstet Gynaecol 2018 Dec;125(13):1716 [FREE Full text] [doi: 10.1111/1471-0528.15199] [Medline:
29916205]
Nymo S, Coutinho SR, Torgersen LH, Bomo OJ, Haugvaldstad I, Truby H, et al. Timeline of changes in adaptive
physiological responses, at the level of energy expenditure, with progressive weight loss. Br J Nutr 2018 Jul;120(2):141-149
[FREE Full text] [doi: 10.1017/S0007114518000922] [Medline: 29733003]
Michie S, West R, Sheals K, Godinho CA. Evaluating the effectiveness of behavior change techniques in health-related
behavior: a scoping review of methods used. Transl Behav Med 2018 Mar 1;8(2):212-224 [FREE Full text] [doi:
10.1093/tbm/ibx019] [Medline: 29381786]
Teasdale N, Elhussein A, Butcher F, Piernas C, Cowburn G, Hartmann-Boyce J, et al. Systematic review and meta-analysis
of remotely delivered interventions using self-monitoring or tailored feedback to change dietary behavior. Am J Clin Nutr
2018 Feb 1;107(2):247-256 [FREE Full text] [doi: 10.1093/ajcn/nqx048] [Medline: 29529158]
Chambliss HO, Huber RC, Finley CE, McDoniel SO, Kitzman-Ulrich H, Wilkinson WJ. Computerized self-monitoring
and technology-assisted feedback for weight loss with and without an enhanced behavioral component. Patient Educ Couns
2011 Dec;85(3):375-382. [doi: 10.1016/j.pec.2010.12.024] [Medline: 21295433]
Dombrowski SU, Sniehotta FF, Avenell A, Johnston M, MacLennan G, Araújo-Soares V. Identifying active ingredients
in complex behavioural interventions for obese adults with obesity-related co-morbidities or additional risk factors for
co-morbidities: a systematic review. Health Psychol Rev 2012;6(1):7-32. [doi: 10.1080/17437199.2010.513298]
Wendimagegn NF, Bezuidenhout MC. Integrating promotive, preventive, and curative health care services at hospitals and
health centers in Addis Ababa, Ethiopia. J Multidiscip Healthc 2019;12:243-255 [FREE Full text] [doi:
10.2147/JMDH.S193370] [Medline: 31040687]

Abbreviations
BCT: behavior change technique

Edited by G Eysenbach; submitted 13.11.19; peer-reviewed by S Sawesi, I Mircheva; comments to author 29.11.19; revised version
received 03.12.19; accepted 26.01.20; published 18.03.20
Please cite as:
Milne-Ives M, Lam C, De Cock C, Van Velthoven MH, Meinert E
Mobile Apps for Health Behavior Change in Physical Activity, Diet, Drug and Alcohol Use, and Mental Health: Systematic Review
JMIR Mhealth Uhealth 2020;8(3):e17046
URL: http://mhealth.jmir.org/2020/3/e17046/
doi: 10.2196/17046
PMID: 32186518

©Madison Milne-Ives, Ching Lam, Caroline De Cock, Michelle Helena Van Velthoven, Edward Meinert. Originally published
in JMIR mHealth and uHealth (http://mhealth.jmir.org), 18.03.2020. This is an open-access article distributed under the terms of
the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use,
distribution, and reproduction in any medium, provided the original work, first published in JMIR mHealth and uHealth, is
properly cited. The complete bibliographic information, a link to the original publication on http://mhealth.jmir.org/, as well as
this copyright and license information must be included.
http://mhealth.jmir.org/2020/3/e17046/

XSL• FO
RenderX

JMIR Mhealth Uhealth 2020 | vol. 8 | iss. 3 | e17046 | p. 16
(page number not for citation purposes)

