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Abstract
Background: People experiencing homelessness are at risk for gaps in care after an emergency department (ED) or hospital
visit, which leads to increased use, poor health outcomes, and high health care costs. Most people experiencing homelessness
have a mobile phone of some type, which makes mobile health (mHealth) interventions a feasible way to connect a person
experiencing homelessness with providers.
Objective: This study aims to investigate the accuracy, acceptability, and preliminary outcomes of a GPS-enabled mHealth
(GPS-mHealth) intervention designed to alert community health paramedics when people experiencing homelessness are in the
ED or hospital.
Methods: This study was a pre-post design with baseline and 4-month postenrollment assessments. People experiencing
homelessness, taking at least 2 medications for chronic conditions, scoring at least 10 on the Patient Health Questionnaire-9, and
having at least 2 ED or hospital visits in the previous 6 months were eligible. Participants were issued a study smartphone with
a GPS app programmed to alert a community health paramedic when a participant entered an ED or hospital. For each alert,
community health paramedics followed up via telephone to assess care coordination needs. Participants also received a daily
email to assess medication adherence. GPS alerts were compared with ED and hospital data from the local health information
exchange (HIE) to assess accuracy. Paired t tests compared scores on the Patient Health Questionnaire-9, Medical Outcomes
Study Social Support Survey, and Adherence Starts with Knowledge-12 adherence survey at baseline and exit. Semistructured
exit interviews examined the perceptions and benefits of the intervention.
Results: In total, 30 participants were enrolled; the mean age was 44.1 (SD 9.7) years. Most participants were male (20/30,
67%), White (17/30, 57%), and not working (19/30, 63%). Only 19% (3/16) of the ED or hospital visit alerts aligned with HIE
data, mainly because of patients not having the smartphone with them during the visit, the smartphone being off, and gaps in GPS
technology. There was a significant difference in depressive symptoms between baseline (mean 16.9, SD 5.8) and exit (mean
12.7, SD 8.2; t19=2.9; P=.009) and a significant difference in adherence barriers between baseline (mean 2.4, SD 1.4) and exit
(mean 1.5, SD 1.5; t17=2.47; P=.03). Participants agreed that the app was easy to use (mean 4.4/5, SD 1.0, with 5=strongly agree),
and the email helped them remember to take their medications (mean 4.6/5, SD 0.6). Qualitative data indicated that unlimited
smartphone access allowed participants to meet social needs and maintain contact with case managers, health care providers,
family, and friends.
Conclusions: mHealth interventions are acceptable to people experiencing homelessness. HIE data provided more accurate ED
and hospital visit information; however, unlimited access to reliable communication provided benefits to participants beyond the
study purpose of improving care coordination.
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Introduction
Background
Mobile phone ownership is nearly ubiquitous among American
adults, with 96% owning a mobile phone of some type, and
most (81%) mobile phones are smartphones [1]. Accordingly,
mobile technology is increasingly common in the health care
sector. Mobile devices are being used for medical diagnostics
[2], disease monitoring [3], smoking cessation [4], and dietary
tracking [5]. Smartphone capabilities, including texting and
apps, have contributed to improved medication adherence [6],
higher attendance at medical appointments [7], and increased
vaccination rates [8]. Mobile technology has also been explored
as a useful tool to bolster the transmission of information and
care coordination during transitions of care [9,10], and studies
have demonstrated the potential of mobile technology to
improve communication among health care providers and
populations at risk for poor outcomes, including people of lower
socioeconomic status [11,12].
Recent estimates of mobile phone use among the homeless
population indicate that 89% of the people report having and
using a mobile phone [13], and researchers have begun to
explore the possibility of using mobile technology to improve
the health of people experiencing homelessness. For example,
Burda et al [14] concluded that mobile phones are a feasible
way to monitor and manage medication regimens for people
experiencing homelessness with co-occurring disorders.
Furthermore, in a survey of people experiencing homelessness,
77% of the respondents were interested in appointment
reminders, and most were interested in medication refill
reminders (66%) and medication taking reminders (60%) [13].
Despite the accumulating evidence that mobile health (mHealth)
interventions among homeless populations are feasible,
GPS-enabled mHealth (GPS-mHealth) interventions in this
population have remained underexplored. The purpose of this
study, therefore, is to investigate the acceptability and
preliminary outcomes of a GPS-mHealth intervention designed
to improve care coordination in a sample of people experiencing
homelessness.
Evidence suggests that the health service experiences of people
experiencing homelessness are often interrupted and involve
extensive barriers, including unmet physical needs, lack of
affordable and available services, and lack of compassion that
prevents people experiencing homelessness from accessing
appropriate community-based services [15-17]. These barriers
lead to disruptions in continuity of care, which is problematic
because of evidence that continuity of care—that is, timely,
accessible, person-centered, and coordinated care—improves
outcomes [18]. Interventions such as case management, respite
care, and housing services that target critical transition points
have led to decreased acute care use [19] in people experiencing
homelessness. Community paramedics have also been used to
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coordinate care and link high-risk patients to needed health and
social services [20], which has led to reduced health care use
among diverse populations and improvements in patient
outcomes [21]. Despite these multifaceted programs,
interventions, and service delivery models intended to improve
care coordination among people experiencing homelessness,
gaps in services along the continuum of care persist.

Study Premise and Objectives
This study focuses on the significant gap along the continuum
of care that begins at the point of an emergency department
(ED) visit or hospitalization for people experiencing
homelessness. The study intervention was created on the basis
of feedback from health care providers and case managers who
deliver care to homeless individuals, and the fact that fragmented
communication among various health care organizations limits
the ability to provide real-time information about ED or hospital
visits. When a person experiencing homelessness enters the ED
or hospital, they are at high risk of losing contact with
community-based health care providers and case managers [22].
This is exacerbated in the people experiencing homelessness
living with depression as it is more difficult to manage their
chronic conditions, including attending appointments and taking
medications as prescribed [23]. The loss of contact between
homeless individuals and their community-based care team
creates a time of high risk for the individual and represents
missed opportunities to provide services and potentially decrease
acute health care use. For preventing or minimizing this loss of
contact, this study used geofencing to create virtual boundaries
that triggered automatic notification of community paramedics
if and when a person experiencing homelessness visited an ED
or hospital. The use of such geofencing technology in health
care has been previously studied in smoking cessation, dietary
recommendations, anxiety, and hospitalizations in patients with
cardiovascular disease [5,10,24,25]. However, the utility of a
GPS-mHealth intervention specifically in transitions of care for
people experiencing homelessness has not been previously
reported. Therefore, the following research questions guided
this study:
1.
2.

3.
4.

What is the accuracy of GPS technology in terms of tracking
participant visits to the ED or hospital?
How do depression symptoms, medication adherence, social
support, and experience with and perceptions of GPS and
mobile phone technology compare at baseline and exit?
What is the number and type of community health
paramedic encounters?
What concerns do participants express regarding technology
or privacy?

JMIR Mhealth Uhealth 2021 | vol. 9 | iss. 11 | e25553 | p. 2
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Methods
Design and Participants
This study used a pre-post design with assessments at baseline,
1 month, 2 months, 3 months, and 4 months after enrollment to
evaluate the acceptability and preliminary outcomes of a
GPS-enabled mHealth intervention. Participants were recruited
from 2 churches that provided services to people experiencing
homelessness. The first serves breakfast at 5:45 AM two
mornings each week and is open to anyone in the community.
The research staff attended this breakfast once per week for the
study duration. Potential participants were referred to study
staff for eligibility screening by either the meal program
coordinator or the police officer assigned to the downtown
Homeless Outreach Service team, whose job function includes
attending these twice weekly breakfasts. The second church site
doubles as a navigation center for people experiencing
homelessness during weekdays. Services at the navigation center
include coordinated assessments for housing, assistance with
obtaining IDs, and case management. The research staff were
on site at the navigation center 2 to 3 days per week for the
study duration. Similar to the first site, potential participants
were referred by the director of the navigation center or by
navigation center volunteers to study staff for study eligibility
screening.
Recruitment occurred between October 2018 and April 2019.
Community partners assisted with recruitment by distributing
flyers to clients and by referring potential participants to research
staff. Participants also referred peers who were potentially
eligible to the study staff. Potential participants were screened
for study eligibility on site at the churches by a member of the
research team. The eligibility criteria included (1) being at least
18 years old, (2) currently experiencing homelessness defined
as where the person had slept most nights in the past 30 days,
(3) score of at least 10 on the Patient Health Questionnaire-9
(PHQ-9), (4) currently prescribed at least 2 medications for
chronic medical conditions, (5) diagnosed with at least 1 chronic
medical condition, and (6) experienced at least 2 hospitalizations
or ED visits in the past 6 months. Exclusion criteria included
(1) onset in the past 3 months of depressive symptoms and (2)
suicide attempts or suicidal ideation in the past 6 months.
This study was approved by the institutional review board of
the university. Individuals interested in participating were
screened by research staff, and, if eligible to continue, study
details, including the purpose, procedures, risks, and benefits
of study participation, were explained. If participants remained
interested, informed consent was obtained. None of the
participants who were eligible for the study declined to
participate after being informed of the study details. After
obtaining informed consent, a researcher administered a series
of baseline assessments to collect information about
demographics, health history, medication adherence, social
support, and recent ED visit and hospitalizations. After
completion of the surveys, participants were provided with a
smartphone activated with a plan for unlimited texting, calling,
and data; a hard-plastic smartphone case; and an armband to
use for securing the smartphone. Participants were also given
https://mhealth.jmir.org/2021/11/e25553
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US $25 cash for the time spent enrolling in the study and a
31-day unlimited use bus pass to ensure their ability to attend
the monthly follow-up assessment. They then received training
on the intervention. The training described the expectations of
participants, including keeping track of the smartphone, keeping
it turned on and charged, attending monthly check-in visits,
answering the daily email regarding medication adherence, and
responding to community health paramedics or research staff
as applicable. The training also included how to use the
smartphone, set up voicemail, access email and SMS text
messages, and access and use the bus pass. Participants were
also informed that one replacement smartphone would be issued
if their study smartphone was lost, stolen, or broken during the
4-month study.

GPS-mHealth Intervention
For this study, a mobile app was used to establish and monitor
geofences around the 10 EDs located within the city limits where
this study took place. The geofences were established using the
mobile app so that when a participant entered a local ED or
hospital, the research staff and the commander of the community
paramedic team would receive an email notification. The email
notification sent a secure link to view the participant’s name,
geofence location, date, and time of entry and exit. On receipt,
the commander tasked a community health paramedic member
of his team to contact the participant via their smartphone within
2 business days of the geofence entry to follow-up on the visit
and any identified health or social needs. The community health
paramedic completed an event form documenting the
participant-reported reason for the hospital or ED visit,
admission, and discharge dates; if the ED or hospital visit was
potentially preventable; what intervention may have prevented
the ED and hospital visit; and the duration of the community
health paramedic visit with the participant.
In addition to the geofencing and care provided by community
health paramedics as needed, the intervention had two additional
components: (1) monthly in-person meetings and (2) daily
adherence reminder emails. In-person meetings occurred
between each participant and research staff at enrollment; 1-,
2-, and 3-month follow-up appointments; and at the exit.
Monthly follow-up visits (at 1, 2, and 3 months) were scheduled
to maintain contact with participants and to identify any issues
with the technology. Participants were also asked at these
monthly meetings if they had visited the ED or been hospitalized
in the past 30 days. At months 1, 2, and 3, participants received
US $10 cash and an additional 31-day bus pass. Next,
participants received an email every evening at 8 PM asking if
they had taken their medications that day. Response options
were “yes” or “no,” with a follow-up question requesting a short
reason why they had not taken their medication if applicable.
During the exit interviews, participants responded to a series
of questionnaires before engaging in a semistructured interview
to assess the overall acceptance of the intervention. Textbox 1
summarizes the interview guidelines. Finally, the local health
information exchange (HIE) provided research staff with dates
of hospital admissions and ED visits, as applicable, for
participants during the 4-month study period.
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Textbox 1. Semistructured interview guide.
Questions about the study
1.

Please describe your experience with this research study (probe 1: Did you experience benefits from participating in this study? probe 2: Was
participating in this study helpful to you? probe 3: Were there any difficulties that you experienced with this study?)

2.

Can you share any barriers to study participation that you experienced? (Examples may include keeping the smartphone secure or charged)

3.

What strategies did you use to successfully complete the study requirements? (This includes things such as keeping the smartphone charged and
operational as well as attendance at monthly check-in visits)

4.

What concerns did you have about your visits to the emergency room and hospital being monitored with GPS technology?

5.

Can you describe any experiences or interactions you had with community health paramedics?

6.

What suggestions do you have for us to improve this intervention for people in the future?

Measurements

were triangulated with geofence entry notifications to measure
the accuracy of the GPS technology.

Sociodemographic and Health-Related Variables

Depression

At baseline, sociodemographic characteristics, including sex,
race, highest education obtained, veteran status, and income,
were collected. Participants were also asked a series of six
questions from the American Community Survey designed to
identify individuals who may experience functional limitations
[26]. Response options were 1=yes or 0=no. The items were
summed for a total score, with higher scores indicating a higher
burden of functional limitations. The Cut down, Annoyed,
Guilty, and Eye-opener questionnaire, a 4-item screening tool,
was used to screen for alcohol use [27]. Response options were
1=yes or 0=no. The items were summed for a total score, and
a total score of >2 was considered clinically significant [27].
The single-item screen in which the participant is asked, “how
many times in the past year have you used an illicit drug or used
a prescription medication for nonmedical reasons?” was used
to screen for substance use [28]. Responses ≥1 were considered
to be positive.

The 9-item PHQ-9 was used to establish participant eligibility
and as a baseline measure for depression symptoms. The PHQ-9
is a reliable and valid tool for diagnosing and grading depressive
symptom severity [31]. Each item is scored from 0-3 and then
summed. Scores of 5, 10, 15, and 20 represent cutoff points for
mild, moderate, moderately severe, and severe depression,
respectively [31]. To be eligible to participate in this study,
individuals were required to score at least 10, indicating
moderate depression.

Health Literacy
Health literacy was measured using the Brief Health Literacy
Screening Tool [29], which comprises 4 questions that assess
respondents’ ability to complete tasks such as filling out medical
forms, reading hospital paperwork, and learning about one’s
medical condition. Each item is worth 1 to 5 points, depending
on the response. Scores were summed for a composite score
ranging from 4 to 20. Scores of 4-12 indicate limited health
literacy, scores of 13-16 indicate marginal health literacy, and
scores of 17-20 indicate adequate health literacy [30].

Accuracy of the GPS Technology
The accuracy of the GPS technology was measured in 2 ways.
First, when community health paramedics received an alert
indicating that a participant had entered a geofence at an area
hospital, a community health paramedic attempted to make
contact with the participant within 2 business days. If contact
was established, the community health paramedic confirmed
the visit to the ED and hospital, as indicated by the geofence
alert. Second, at the end of the study, the research staff obtained
use records from the HIE. These records provided the dates of
participants’ ED and hospital visits during the study period. Use
records for the 25 participants for whom HIE data were collected
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Medication Adherence
Medication adherence was measured using a modified version
of the Adherence Starts with Knowledge-12 (ASK-12). The
ASK-12 is a brief, 12-item scale with 3 subscales that measure
medication behavior, health beliefs, and inconvenience/
forgetfulness [32]. For this study, we modified the subset of 5
questions assessing medication behavior into dichotomous
yes/no response options to assess medication adherence during
the preceding month. The number of yes responses was counted
and summed for a medication behavior subscale score. Scores
on the full ASK-12, with the modified medication behavior
subscale, ranged from 12-40, with higher scores indicating
greater barriers to adherence. At baseline, the full scale with
the modified behavior subscale was used. At monthly visits and
exit, only the modified medication behavior subscale was used
as it was unlikely that medication beliefs would change within
the short time frame of this study.

Social Support
Social support was measured using the Medical Outcomes Study
Social Support Survey, a valid and reliable tool that has been
used in multiple groups across various conditions [33]. It
includes 19 questions yielding four subscales—emotional/
informational support, tangible support, affectionate support,
and positive social interaction. Each item is rated using a Likert
scale ranging from 1 (none of the time) to 5 (all of the time).
The total score was calculated by summing all 19 questions and
averaging them. Higher scores represent greater levels of social
support.
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Experience With and Acceptance of Technology
At baseline, experience with mobile phone technology was
measured using a series of questions asking about current mobile
phone ownership, mobile phone service, length of time owning
a mobile phone, ability to charge the mobile phone, and if the
participant had had a mobile phone stolen before. Acceptance
of technology was measured at baseline and exit. At baseline,
acceptance of technology was measured using a modification
of the Technology Acceptance Questionnaire [34]. At baseline,
17 items were used, and at exit, a subset of these items, as well
as an additional 8 items, were used. Each item is rated using a
Likert scale ranging from 1=strongly disagree to 5=strongly
agree. Higher scores indicate greater acceptance of technology.
In addition, at exit, participants were asked how often they were
able to charge their smartphone with options ranging from
“None of the time” to “Always.”

Quality of Care Transitions
Self-reported ED and hospital use were assessed at baseline,
monthly visits, and exit. If participants indicated that they had
visited the ED or hospital within the past month, their experience
and perception of patient-centeredness of their care were
assessed using the care transitions measure (CTM), a 15-item
measure reflecting 4 content domains [35]. The domains include
critical understanding, important preferences, management
preparation, and care plans [35]. Participants used a 5-point
Likert scale ranging from 1 (strongly disagree) to 5 (strongly
agree) to rate the quality of various components of a care
transition within each domain. Lower scores indicate a poorer
quality transition, and higher scores indicate a better transition.
The CTM was administered at each monthly visit, during which
a participant reported an ED or hospital visit. If someone
reported more than 1 visit in the previous month, the CTM was
completed only for the most recent visit.

Data Analysis
All statistical analyses were performed using IBM SPSS
Statistics for Windows (version 25.0, IBM Corp). Descriptive
statistics were used to describe the sociodemographic and health
characteristics of the sample and all study measures. Accuracy
of the geofence entry notifications was determined by
calculating the percentage of notifications that aligned with HIE
use data. Paired sample t tests were used to compare scores at
baseline and exit on the PHQ-9, ASK-12, Medical Outcomes
Study, and technology acceptance scales.
Qualitative content analysis was used to identify participants’
acceptance of the intervention. All interviews were audio
recorded and transcribed verbatim to facilitate coding and
analysis. After a thorough reading and deductive coding of 5
representative transcripts by 2 members of the study team (LRM
and WT), a consensus meeting was held to discuss and agree
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upon the codes. Discrepancies were resolved by discussing the
context for each phrase being analyzed. After the meeting, a
codebook was developed. The remaining interviews were
divided between the 2 authors and coded separately. After
coding was complete, the study team organized the codes into
categories.

Results
Overview
Between October 2018 and April 2019, research staff screened
39 individuals for participation; of the 39 individuals, 32 (82%)
met the eligibility criteria, and 30 (77%) were enrolled in the
study. The 2 individuals who were eligible to participate but
did not enroll did not return for the subsequent enrollment visit
in the study after screening. The reasons for ineligibility for the
study were not scoring at least 10 on the PHQ-9 (2/39, 5%), not
having been to the ED or hospital at least twice in the past 2
months (2/39, 5%), not being prescribed a medication (2/39,
5%), and endorsing suicidal ideation (1/39, 3%). The participant
who endorsed suicidal ideation was referred to the public safety
officer on site at the community entity for appropriate follow-up
and mental health services. Of the 30 participants, 10 (33%)
were screened and enrolled at the first church with 2 weekly
breakfasts, and the remaining 20 (67%) were screened and
enrolled at the navigation center housed in a church.
Of the 30 participants enrolled, 19 (63%) completed the 4-month
intervention, with a completion rate of 63%. Of the 11
participants who did not complete the intervention, 6 (55%)
were withdrawn from the study after they reported their second
smartphone lost or stolen, 2 (18%) notified the research staff
that they were moving to a different town, 2 (18%) were lost
to follow-up, and 1 (9%) voluntarily withdrew from the study
after losing his first smartphone. Of these 11 participants, 4
(36%) completed all but the exit data collection.

Quantitative Results
Participant Demographics and Health-Related
Characteristics
Participants comprised 30 people experiencing homelessness.
On average, participants were male (20/30, 67%), aged 44.1
years (SD 9.7 years), White (17/30, 57%), never married (17/30,
57%), and not working because of disability or other medical
reasons (19/30, 63%). At baseline, participants reported a mean
of 2.8 (SD 1.4) chronic conditions, and most (26/30, 87%)
experienced multiple chronic conditions. All participants were
prescribed at least 2 medications at baseline; 53% (16/30) were
prescribed 4 or more medications. Tables 1 and 2 provide a
summary of demographic and health-related characteristics.
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Table 1. Summary of demographic information (N=30).
Variables

Values

Age (years)
Mean (SD)

44.1 (9.7)

Median

46

Gender, n (%)
Male

20 (67)

Female

8 (27)

Transgender female

1 (3)

Other

1 (3)

Self-reported race or ethnicity, n (%)
White

17 (57)

Black or African American

7 (23)

Hispanic

2 (7)

Native American

1 (3)

Other

3 (10)

Marital status, n (%)
Married or domestic partnership

4 (13)

Divorced

9 (30)

Single or never married

17 (57)

Children, n (%)
Yes

18 (60)

Number of children for those with ≥ 1 child
Mean (SD)

2.9 (1.6)

Median

2

Highest level of education, n (%)
Less than high school

8 (27)

High school graduate or GEDa

12 (40)

Trade, technical, or vocational training

4 (13)

Some college

5 (17)

Other

1 (3)

Military veteran, n (%)
Yes

2 (7)

Employment statusb, n (%)
Not employed

24 (83)

Employed

5 (17)

Reason if unemployedb,c, n (%)
Looking for work

6 (23)

Laid off

2 (8)

Disabled or medical reason

19 (73)

Other

3 (12)

Annual income (US $), n (%)
0-10,000
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Values
3 (10)

Slept most nightsc, n (%)
On the street

20 (67)

In a shelter

2 (7)

Other

9 (30)

Length of homelessness (years)

a

Mean (SD)

8.1 (7.7)

Median

5

GED: general educational development.

b

Data were missing for some participants.

c

Respondents may have chosen more than one response.
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Table 2. Summary of baseline health information (N=30)a.
Variables

Values

Number of chronic conditions
Mean (SD)

2.8 (1.4)

Hypertension, n (%)

19 (63)

Diabetes mellitus, n (%)

5 (17)

High cholesterol, n (%)

9 (30)

Asthma, n (%)

12 (40)

Chronic obstructive pulmonary disease, n (%)

11 (37)

Congestive heart failure, n (%)

2 (7)

Number of prescribed medications, n (%)
2-3

14 (47)

4-5

12 (40)

≥6

4 (13)

Self-reported number of EDb visits or hospitalizations in past 6 months, n (%)
2

18 (60)

3

6 (20)

4

3 (10)

≥5

3 (10)

Visited ED in past 30 days (self-report), n (%)
Yes

17 (57)

Visited hospital in past 30 days (self-report), n (%)
Yes

7 (23)

Functional limitations, n (%)
Deaf or difficulty hearing (yes)

8 (27)

Blind or difficulty seeing when wearing glasses (yes)

11 (37)

Difficulty walking or climbing stairs (yes)

15 (50)

Difficulty dressing or bathing (yes)

5 (17)

Number of functional limitations, n (%)
1

8 (27)

2

6 (20)

≥3

6 (20)

CAGEc substance abuse screening score, n (%)
≥2

10 (33)

Drug use in past year, n (%)
Yes

16 (53)

Health literacy level

a

Mean (SD)

13.7 (5.2)

Median

14.5

Limited, n (%)

13 (43)

Marginal, n (%)

5 (17)

Adequate, n (%)

12 (40)

Percentages are out of 30 and more than one response was allowed per respondent.
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b

ED: emergency department.

c

CAGE: Cut down, Annoyed, Guilty, and Eye-opener.

Accuracy of the GPS Technology
Accuracy of the GPS technology was calculated for the 25
participants who completed a release of information form, giving
permission for the research team to access data in the HIE.
During the 4-month study period, HIE use data indicated that
these participants made 16 hospital or ED visits. Community
health paramedics received 14 total geofence entry notifications
during the study period; of these 14 notifications, 2 (14%) were
from participants without a release of information for the HIE.
Thus, community health paramedics received 12 geofence entry
notifications for the 25 participants from whom HIE data were
available. However, only 3 of the geofence entry notifications
were consistent with the HIE use data for an overall accuracy
rate of 19%.
Of the 16 ED and hospital visits reported by the HIE data for
which community health paramedics did not receive geofence
entry notifications, 4 (25%) occurred during the first month of
the intervention, a time during which the research staff identified
a technical issue with the mobile app and geofence entries were
not being received. Of these 16 visits, 3 (19%) occurred in the
window of time during which the participant was without the
study-assigned smartphone as the smartphone had been stolen
or misplaced but not yet replaced. It is unclear why the
remaining 43% (6/14) ED and hospital visits reported by the
HIE data did not result in a geofence notification entry.

Community Health Paramedic Interventions
Community health paramedics successfully reached participants
to conduct follow-up and provide care coordination assistance
after 79% (11/14) of geofence notifications. Of these 11
contacts, 10 (91%) lasted ≤10 minutes, and 1 (9%) contact lasted
between 11 and 20 minutes. Of these 11 contacts, 3 (27%)
participants reported having accompanied a friend or family
member to the ED and were not seen themselves, and 1 (9%)
participant reported having visited the hospital campus for a
scheduled medical visit. Thus, 36% (4/11) of these geofence
notifications were classified as false positives. Of the remaining
7 contacts, 3 (43%) aligned with the HIE notification data. Of
the remaining 4 contacts, 3 (75%) did not align with the HIE
data, as the participants did not have a release of information
form on the file. It is unclear why the remaining contact did not
register with the HIE.
Community health paramedics determined that 43% (3/7) of
the ED visits were emergent and likely unavoidable. Reasons
for the emergent ED visits included chronic pulmonary
obstructive disease exacerbation, a physical altercation at a local
shelter, and uncontrolled epigastric pain. Reasons for the
remaining ED visits were skin irritation because of scabies
infection, shoulder pain, and 2 visits for gastrointestinal illness.
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Community health paramedics judged each of these 4 visits to
be due to ambulatory care–sensitive conditions that could have
been appropriately managed in the outpatient setting.

Depression
There was a significant difference in depressive symptoms
between baseline (mean 16.9, SD 5.8) and exit (mean 12.7, SD
8.2; t19=2.892; P=.009), indicating fewer depressive symptoms
at the 4-month exit.

Medication Adherence
At baseline, scores on the ASK-12 ranged from 14-30 (mean
20.5, SD 4.4). Among those who completed the 4-month
intervention, there was a significant difference in medication
behavior between baseline (mean 2.4, SD 1.4) and exit (mean
1.5, SD 1.5; t17=2.47; P=.03), indicating that at the 4-month
exit visit, there were fewer barriers to taking medications.

Social Support
There was no significant difference in social support between
baseline (mean 3.2, SD 1.1) and exit (mean 2.9, SD 1.3;
t18=1.25; P=.23).

Experience With and Acceptance of Technology
At baseline, 50% (15/30) of participants reported having a
mobile phone. Of these 15 patients, 12 (80%) had current
wireless service (4/12, 33% participants had pay as you go
service plans; 3/12, 25% had prepaid plans, 3/12, 25% had
month-to-month contracts; and 2/12, 17% had free minutes
through government-funded plans). Of the 15 participants with
mobile phones, 13 (87%) reported that their mobile phones
could support both SMS text messaging and mobile apps. At
the exit interview, participants agreed that the smartphone app
was easy to use (mean 4.4, SD 1.0), that they had the knowledge
to use the smartphone app (mean 4.6, SD 0.5), and that they
planned to continue using both a smartphone (mean 4.5, SD
0.6) and GPS technology (mean 4.4, SD 0.5). The acceptance
of technology questionnaire indicated that participants had a
high level of agreement at baseline and exit with items such as
having the resources and knowledge to use smartphone
technology and being comfortable with the health care team
being alerted about ED or hospital use. There was a significant
increase in agreement level from baseline (mean 3.9, SD 0.8)
to exit (mean 4.4, SD 0.5) for the item, “My friends would
encourage me to use this Smartphone app.” Participants’
agreement level increased for several other items, such as having
the knowledge and resources to use GPS technology from
baseline to exit, but not significantly. Table 3 summarizes the
participants’ technology acceptance at baseline and the 4-month
exit interview.
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Table 3. Perceptions of acceptance of technology at baseline and 4-month exit interview.
Item

Baseline, mean (SD) Exit, mean (SD) P value

I have the resources necessary to use smartphone technology

4.4 (0.5)

4.4 (1.0)

.86

I have the knowledge necessary to use smartphone technology

4.6 (0.4)

4.7 (0.5)

.28

I can get help from others when I have difficulties using smartphone technology

4.2 (0.7)

4.5 (0.8)

.28

I find GPS technology useful in my daily life

4.2 (0.8)

4.4 (1.0)

.39

I find GPS technology easy to use

4.1 (0.8)

4.3 (1.1)

.33

I have the resources necessary to use GPS technology

3.8 (1.2)

4.2 (1.3)

.29

I have the knowledge necessary to use GPS technology

4.1 (1.0)

4.6 (0.5)

.06

I am comfortable with my health data being stored online

3.6 (1.3)

4.1 (0.9)

.13

I believe my health information will be protected on a smartphone

3.7 (1.2)

3.6 (1.1)

.88

I am comfortable with my health care team being alerted when I go to the emergency department 4.8 (0.4)
or hospital

4.7 (0.5)

.33

I think using GPS is a good way to notify my health care team when I visit the emergency depart- 4.5 (0.6)
ment or hospital

4.7 (0.5)

.27

I think using this smartphone app can help me improve my overall health

4.3 (0.6)

4.5 (0.5)

.16

My friends would encourage me to use this smartphone app

3.9 (0.8)

4.4 (0.5)

.04

My family members would encourage me to use this smartphone app

4.0 (1.0)

4.1 (1.0)

.85

Quality of Care Transitions
At baseline, 57% (17/30) of participants self-reported at least
one ED or hospital visit in the previous 30 days and completed
the CTM-15. At months 1, 2, 3, and exit, 33% (10/30), 13%
(4/30), 13% (4/30), and 17% (5/30) of participants, respectively,
self-reported at least 1 ED or hospital visit in the previous 30
days and completed the CTM-15 for their most recent visit. The
mean score for the critical understanding and management
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preparation domains was 4.1, indicating that participants
generally agreed that they left the hospital or ED understanding
how to manage medications and their health. The mean score
for the preferences important domain was 4.0 (SD 0.1), which
means that participants agreed that hospital staff took their
preferences for health care needs into account when planning
for discharge. The lowest level of agreement was with the care
plan domain (mean 3.8, SD 0.0). Table 4 provides a summary
of the scores for each item and domain.
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Table 4. Summary of perceptions of the quality-of-care transitions using the care transitions measure (N=40 hospital or EDa visits).
Mean (SD)b

Domains and items
Critical understanding
When I left the hospital or ED, I clearly understood the purpose for taking each of my medications.

4.1 (0.8)

When I left the hospital or ED, I clearly understood how to take each of my medications, including how much I should take and
when.

4.3 (0.7)

When I left the hospital or ED, I clearly understood the possible side effects of each of my medications.

4.0 (1.1)

When I left the hospital or ED, I had a good understanding of the things I was responsible for in managing my health.

4.2 (0.8)

When I left the hospital or ED, I was confident that I knew what to do to manage my health.

3.9 (1.0)

When I left the hospital or ED, I was confident I could actually do the things I needed to do to take care of my health.

3.8 (1.1)

Domain overall mean

4.1 (0.2)

Preferences important
Before I left the hospital or ED, the staff and I agreed about clear health goals for me and how those would be reached.

3.9 (1.2)

The hospital staff took my preferences into account in deciding what my health care needs would be when I left the hospital or
ED.

4.1 (1.0)

The hospital staff took my preferences into account in deciding where my health care needs would be met when I left the hospital 4.0 (1.1)
or ED.
Domain overall mean

4.0 (0.1)

Management preparation
When I left the hospital or ED, I had all the information I needed to be able to take care of myself.

4.0 (0.9)

When I left the hospital or ED, I clearly understood how to manage my health.

3.9 (0.9)

When I left the hospital or ED, I clearly understood the warning signs and symptoms I should watch for to monitor my health
condition.

4.2 (0.8)

When I left the hospital or ED, I had a good understanding of my health condition and what makes it better or worse.

4.1 (0.9)

Domain overall mean

4.1 (0.1)

Care plan
When I left the hospital or ED, I had a readable and easily understood written list of appointments I needed to complete within
the next several weeks.

3.8 (1.1)

When I left the hospital or ED, I had a readable and easily understood written plan that described how all of my health care needs 3.8 (1.2)
were going to be met.
Domain overall mean
a

3.8 (0.0)

ED: emergency department.

b

Participants indicated their level of agreement with each item using a Likert scale from 1=strongly disagree to 5=strongly agree.

Qualitative Findings
Of the 30 participants, 17 (57%) completed an exit interview.
During data analysis, the first 2 authors of this study organized
the codes into the following categories: (1) benefits of study
participation, (2) challenges to study participation, (3)
perceptions of GPS technology, and (4) suggestions for
improvement.
Overall, participants reported positive experiences with study
participation. They also identified several benefits, defined as
any real or perceived aid or assistance from participating in the
research study or having access to the unlimited use of a
smartphone. Benefits included self-management support,
improved social connections, and improved well-being. An
example of how study participation provided self-management
support is demonstrated by this quote:
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[...] there was a time when I [...] would be confused
as to whether or not I took my medicine. Sometimes
I would go days without even thinking about it, you
know? But now, I am confident knowing that every
morning you know “Bam!”, you know it’s [daily
email] right there and I had my medication and had
taken it. There was never any more confusion.
Social connections were facilitated by the ability to call friends
and family, to stay up to date on current events by reading the
news on the internet, and to use social media sites. Several
participants described using the smartphone to reconnect with
the family from out of state. One participant put it succinctly
as follows:
[...] being homeless, you can be very bored sometimes
with nothing to do. And, [with the phone] I had
something to do. You can read the news and find out
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what’s going on in the world. Or, you know, keep in
touch with my friends with email.
Participants also described improved well-being as they did not
have to worry about paying for their smartphone, were able to
travel to appointments because of bus pass on the smartphone,
and felt more secure in their environments with the ability to
contact the police or emergency medical services in the case of
an emergency. An example of how study participation improved
well-being is demonstrated by the following quote:
It was a godsend. It really was, I mean because I
didn’t have to worry about a lot of things. I could
make phone calls when I needed to. It just took a lot
of burden off me, knowing that I had a bus pass. I had
a phone I could use you know if I got in trouble or
something or was in a bad situation.
Challenges to study participation were defined as circumstances
in which participants had to navigate to access, use, and benefit
from services and resources, including the research study itself.
Challenges included differential treatment because of
homelessness, difficulty with technology, and keeping the
smartphone secure. For example, differential treatment resulted
in participants having difficulty keeping their smartphones
charged as business owners do not allow people experiencing
homelessness to spend time charging smartphones in their
establishments. Some participants also described trouble with
technology, such as short battery life and slow internet service.
Finally, keeping the smartphone secure required constant
vigilance on the part of participants, and even with creative
solutions for safekeeping, many experienced theft or damage
to their smartphones. One participant expressed his desire for
smartphones to be replaced up to 4 times, saying as follows:
[...] the fact is, anything can happen out here. Like
you know, I was charging my phone at Starbucks. I
fell asleep, and when I woke up, my phone was stolen.
Got my second phone…but I forgot to put the case
back on and water hits it and its out.
Perceptions of the GPS technology were uniformly positive, as
each participant who completed the exit interview denied having
concerns about the community health paramedics or research
staff knowing when they visited the ED or hospital. One
participant clearly articulated this by saying the following:
...you know, that kind of thing right now is the least
of my concerns. If you’re sleeping in an alley or
somewhere else, you’re not really worried about
somebody knowing that you’ve been to the hospital,
or at least I’m not.
Suggestions for improvement included two main subcategories:
helping to complete the study requirements and tailoring the
intervention. Participants suggested more teaching about using
the smartphone and its functions and providing portable battery
chargers to help overcome some of the technical challenges to
study completion that participants faced. Participants also
suggested sending daily messages via text instead of email and
indicated that personalized and tailored medication reminders
for their individual medication regimens would be helpful.
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Discussion
Principal Findings
The results of this study contribute to a small but growing body
of literature documenting the utility of mHealth interventions
among people experiencing homelessness. First, our findings
suggest that GPS technology is not a reliable method for tracking
visits to the ED or hospital among people experiencing
homelessness. The geofence notifications aligned with objective
HIE use data only 18.8% of the time, indicating that the
community health paramedics were unable to connect with
participants to provide follow-up assistance with care
coordination after most participant ED and hospital visits. This
finding was surprising given recent evidence that a smartphone
app used by 12 patients with low income had 75% accuracy in
detecting real-time ED or hospital use over a 3-month period
[36]. It is likely that the results of this study are inconsistent
with this prior evidence because of variations in the real-world
use of smartphones among a population without consistent
access to electricity. Specifically, a strategy that participants
used to preserve the smartphone battery was to power the
smartphone off when it was not in use. As geofence technology
relies on real-time transmission of data, it is likely that one
reason entry notifications were not received was as the
smartphone was turned off when the geofence entry occurred.
Despite findings that GPS technology is not reliable for real-time
ED or hospital use data, overall, participants expressed positive
views of GPS technology. Participants embraced the idea of
GPS being used by health care and other service providers to
locate them if needed and described feeling more secure with
the knowledge they could be found. This is similar to findings
by Liss et al [9], who found that high-risk primary care patients
were willing to use GPS technology to facilitate care
coordination. Findings by Liss et al [9] also align with prior
work by Moczygemba et al [37], which indicate that clinicians
and care managers are particularly interested in using mHealth
for care coordination among high-risk patients and patients
experiencing homelessness [9,13]. This is particularly important
as community health paramedics indicated that 57% (4/7) of
ED or hospital visits were likely nonemergent visits that could
have been addressed in the outpatient setting. Collectively, these
findings suggest the need for app development and refinement
as the GPS location tracking apps that are currently in the market
do not have face validity or the specific functionality needed
for use in the health care setting.
There was a significant decrease in depression symptoms from
baseline to exit, which aligns with the qualitative findings where
participants reported improved well-being and an overall
positive experience with the intervention at the study exit. In
contrast, a 1-month, pre-post study of homeless young adults
(aged 18-24 years) who participated in a remote mental health
intervention, which included SMS text messaging, did not find
a difference in depression symptoms [38]. This may be as it
takes longer than 1 month to see a difference in depression
symptoms, although this finding warrants further study. The
results also indicate an improvement in medication adherence
as measured by the ASK-12. These findings support the findings
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of Morawski et al [39], in which the use of a smartphone app
resulted in improved medication adherence among patients with
hypertension. Participants in this study viewed the daily email
question regarding medication adherence as a helpful reminder
that supported adherence. The data also suggest that participants
used their smartphones as a self-management support tool by
downloading specific medication adherence apps or by setting
alarms to help with medication management. This use of the
smartphone as a tool is also evidenced by overall high scores
regarding acceptance of technology at baseline and exit.
Although there was no significant difference in social support
between baseline and exit, the qualitative data suggest that the
smartphone had an impact on participants’ social connections.
Prior evidence clearly indicates that social support can have a
protective influence on multiple health outcomes among people
experiencing homelessness [40] and that mobile phones are
critical for individuals experiencing homelessness to maintain
social connectedness to family and friends [41]. Thus, measuring
social support in future studies investigating mHealth
interventions among people experiencing homelessness is
important for ascertaining a holistic picture of the benefits of
smartphone technology among the homeless population.
Overall, the participants rated care transitions from the ED or
hospital to the community fairly high. However, the results
suggest that specific aspects of transitions could be improved.
For example, in the critical understanding domain, two items
related to understanding what and how to manage health on
discharge and one item related to medication side effects scored
lower than the remaining domain items. Future studies could
investigate adapting the mHealth intervention to provide targeted
follow-up post-ED or hospital discharge as well as specific
guidance related to medication side effects to maximize
adherence and optimize outcomes. Furthermore, the care plan
domain scored the lowest among the four domains. This further
supports the need to adapt the intervention to provide two-way
communication between people experiencing homelessness and
service providers to ensure that needed follow-up care is
received in a timely and accessible manner.

Study Limitations
The findings of this study should be interpreted with caution
because of the study’s limitations. Participants were recruited
from one city in a large, southern state using convenience
sampling; therefore, the generalizability of the findings is
unknown. Furthermore, participants were recruited from
community sites, which may have biased the results. The
pre-post design is subject to bias, and as study participants were
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selected on the basis of their PHQ-9 score, it is possible that
regression to the mean occurred for the depression symptom
outcome. There were also baseline differences in PHQ-9 scores
between the groups that did and did not complete the study
(t21=–2.17; P=.02) with the group that did not complete the
study having a higher mean score at baseline than the group
that did finish. The small sample size, although sufficient for
answering this study’s research questions, may further limit the
generalizability of the findings.

Future Directions
The findings from this study point to several directions for future
research. First, based on participants’ responses to the daily
email medication adherence message and their stated preferences
for SMS text messages, a subsequent study tested an expanded
SMS text messaging intervention. That study also included
testing the use of remote location services preinstalled on the
smartphone to locate participants during business hours. The
findings also suggest that in addition to unlimited access to a
smartphone, access to unlimited transportation can facilitate the
ability of people experiencing homelessness to self-manage
chronic illness. Thus, future research could investigate the
impact of providing accessible transportation on health outcomes
and use. Finally, because of the shortcomings of GPS technology
in communicating real-time health care use information for
people experiencing homelessness and as there is an operational
HIE in the local area, future research investigating care
coordination should incorporate the HIE to ensure transmission
of objective use data. Qualitative findings also suggest that
mHealth interventions, particularly unlimited access to a
smartphone and bus pass transportation, have numerous benefits
for well-being and the ability of people experiencing
homelessness to meet social needs. These concepts need to be
explored quantitatively in future studies. Furthermore, coupling
access to a smartphone and transportation with health care
programs should be pursued at a policy level for local programs
[42,43].

Conclusions
mHealth interventions are acceptable to people experiencing
homelessness and positively affected depression symptoms and
medication adherence. Objective data from the HIE provided
more accurate ED and hospital use information compared with
alerts relying on predefined geofences. Despite this, participants
favorably viewed GPS technology, warranting further
exploration of GPS technology as a tool for facilitating care
coordination among people experiencing homelessness.

Acknowledgments
The authors gratefully acknowledge the partners who made this study possible. This includes the Sunrise Community Navigation
Center, First United Methodist Church of Austin, Austin-Travis County Paramedics, and Integrated Care Collaborative. The
authors also thank Azova, a digital platform for this study.

Conflicts of Interest
None declared.

References
https://mhealth.jmir.org/2021/11/e25553

XSL• FO
RenderX

JMIR Mhealth Uhealth 2021 | vol. 9 | iss. 11 | e25553 | p. 13
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
1.
2.
3.

4.
5.

6.

7.

8.

9.

10.

11.

12.
13.

14.

15.
16.

17.

18.

19.

20.

21.

Demographics of mobile device ownership adoption in the United States. Pew Research Center. 2021. URL: https://www.
pewresearch.org/internet/fact-sheet/mobile/ [accessed 2020-05-20]
Kwon L, Long K, Wan Y, Yu H, Cunningham B. Medical diagnostics with mobile devices: comparison of intrinsic and
extrinsic sensing. Biotechnol Adv 2016;34(3):291-304. [doi: 10.1016/j.biotechadv.2016.02.010] [Medline: 26952640]
Logan AG, McIsaac WJ, Tisler A, Irvine MJ, Saunders A, Dunai A, et al. Mobile phone-based remote patient monitoring
system for management of hypertension in diabetic patients. Am J Hypertens 2007 Sep;20(9):942-948. [doi:
10.1016/j.amjhyper.2007.03.020] [Medline: 17765133]
Vidrine D, Arduino R, Lazev A, Gritz E. A randomized trial of a proactive cellular telephone intervention for smokers
living with HIV/AIDS. AIDS 2006 Jan 09;20(2):253-260. [doi: 10.1097/01.aids.0000198094.23691.58] [Medline: 16511419]
Dorsch MP, An LC, Hummel SL. A novel just-in-time contextual mobile app intervention to reduce sodium intake in
hypertension: protocol and rationale for a randomized controlled trial (LowSalt4Life Trial). JMIR Res Protoc 2018 Dec
07;7(12):e11282 [FREE Full text] [doi: 10.2196/11282] [Medline: 30530462]
Lester RT, Ritvo P, Mills EJ, Kariri A, Karanja S, Chung MH, et al. Effects of a mobile phone short message service on
antiretroviral treatment adherence in Kenya (WelTel Kenya1): a randomised trial. Lancet 2010 Nov 27;376(9755):1838-1845.
[doi: 10.1016/S0140-6736(10)61997-6] [Medline: 21071074]
Guy R, Hocking J, Wand H, Stott S, Ali H, Kaldor J. How effective are short message service reminders at increasing clinic
attendance? A meta-analysis and systematic review. Health Serv Res 2012 Apr;47(2):614-632 [FREE Full text] [doi:
10.1111/j.1475-6773.2011.01342.x] [Medline: 22091980]
Stockwell MS, Kharbanda EO, Martinez RA, Vargas CY, Vawdrey DK, Camargo S. Effect of a text messaging intervention
on influenza vaccination in an urban, low-income pediatric and adolescent population: a randomized controlled trial. JAMA
2012 Apr 25;307(16):1702-1708. [doi: 10.1001/jama.2012.502] [Medline: 22535855]
Liss D, Serrano E, Wakeman J, Nowicki C, Buchanan DR, Cesan A, et al. "The Doctor Needs to Know": acceptability of
smartphone location tracking for care coordination. JMIR Mhealth Uhealth 2018 May 04;6(5):e112 [FREE Full text] [doi:
10.2196/mhealth.9726] [Medline: 29728349]
Nguyen KT, Olgin JE, Pletcher MJ, Ng M, Kaye L, Moturu S, et al. Smartphone-based geofencing to ascertain
hospitalizations. Circ Cardiovasc Qual Outcomes 2017 Mar;10(3):e003326 [FREE Full text] [doi:
10.1161/CIRCOUTCOMES.116.003326] [Medline: 28325751]
Freedman MJ, Lester KM, McNamara C, Milby JB, Schumacher JE. Cell phones for ecological momentary assessment
with cocaine-addicted homeless patients in treatment. J Subst Abuse Treat 2006 Mar;30(2):105-111. [doi:
10.1016/j.jsat.2005.10.005] [Medline: 16490673]
Patrick K, Griswold WG, Raab F, Intille SS. Health and the mobile phone. Am J Prev Med 2008 Aug;35(2):177-181 [FREE
Full text] [doi: 10.1016/j.amepre.2008.05.001] [Medline: 18550322]
Moczygemba LR, Cox LS, Marks SA, Robinson MA, Goode JR, Jafari N. Homeless patients' perceptions about using cell
phones to manage medications and attend appointments. Int J Pharm Pract 2017 Jun;25(3):220-230 [FREE Full text] [doi:
10.1111/ijpp.12321] [Medline: 27896909]
Burda C, Haack M, Duarte A, Alemi F. Medication adherence among homeless patients: a pilot study of cell phone
effectiveness. J Am Acad Nurse Pract 2012 Nov;24(11):675-681. [doi: 10.1111/j.1745-7599.2012.00756.x] [Medline:
23088699]
Gelberg L, Browner CH, Lejano E, Arangua L. Access to women's health care: a qualitative study of barriers perceived by
homeless women. Women Health 2004;40(2):87-100. [doi: 10.1300/J013v40n02_06] [Medline: 15778140]
Khandor E, Mason K, Chambers C, Rossiter K, Cowan L, Hwang SW. Access to primary health care among homeless
adults in Toronto, Canada: results from the Street Health survey. Open Med 2011;5(2):e94-103 [FREE Full text] [Medline:
21915240]
Skosireva A, O'Campo P, Zerger S, Chambers C, Gapka S, Stergiopoulos V. Different faces of discrimination: perceived
discrimination among homeless adults with mental illness in healthcare settings. BMC Health Serv Res 2014 Sep 07;14:376
[FREE Full text] [doi: 10.1186/1472-6963-14-376] [Medline: 25196184]
Lamanna D, Stergiopoulos V, Durbin J, O'Campo P, Poremski D, Tepper J. Promoting continuity of care for homeless
adults with unmet health needs: the role of brief interventions. Health Soc Care Community 2018 Jan;26(1):56-64. [doi:
10.1111/hsc.12461] [Medline: 28569397]
Tomita A, Herman DB. The impact of critical time intervention in reducing psychiatric rehospitalization after hospital
discharge. Psychiatr Serv 2012 Sep 01;63(9):935-937 [FREE Full text] [doi: 10.1176/appi.ps.201100468] [Medline:
22810163]
Brubaker A, Sasser M. Incorporating Community Health Paramedics into Your Homeless Healthcare Program. 2018
Healthier Texas Summit. URL: https://healthiertexassummit.com/wp-content/uploads/2018/10/
Advancing-Homeless-Healthcare-with-Community-Health-Paramedics.pdf [accessed 2021-09-09]
Thurman WA, Moczygemba LR, Tormey K, Hudzik A, Welton-Arndt L, Okoh C. A scoping review of community
paramedicine: evidence and implications for interprofessional practice. J Interprof Care 2021;35(2):229-239. [doi:
10.1080/13561820.2020.1732312] [Medline: 32233898]

https://mhealth.jmir.org/2021/11/e25553

XSL• FO
RenderX

Moczygemba et al

JMIR Mhealth Uhealth 2021 | vol. 9 | iss. 11 | e25553 | p. 14
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
22.

23.
24.

25.

26.
27.
28.
29.
30.

31.
32.
33.
34.
35.

36.

37.
38.

39.

40.

41.

42.

43.

Davis MM, Devoe M, Kansagara D, Nicolaidis C, Englander H. "Did I do as best as the system would let me?" Healthcare
professional views on hospital to home care transitions. J Gen Intern Med 2012 Dec;27(12):1649-1656 [FREE Full text]
[doi: 10.1007/s11606-012-2169-3] [Medline: 22829294]
Alafaireet P, Houghton H, Petroski G, Gong Y, Savage G. Toward determining the structure of psychiatric visit nonadherence.
J Ambul Care Manage 2010;33(2):108-116. [doi: 10.1097/JAC.0b013e3181d91649] [Medline: 20228633]
Naughton F, Hopewell S, Lathia N, Schalbroeck R, Brown C, Mascolo C, et al. A context-sensing mobile phone app (Q
Sense) for smoking cessation: a mixed-methods study. JMIR Mhealth Uhealth 2016 Sep 16;4(3):e106 [FREE Full text]
[doi: 10.2196/mhealth.5787] [Medline: 27637405]
Pramana G, Parmanto B, Lomas J, Lindhiem O, Kendall PC, Silk J. Using mobile health gamification to facilitate cognitive
behavioral therapy skills practice in child anxiety treatment: open clinical trial. JMIR Serious Games 2018 May 10;6(2):e9
[FREE Full text] [doi: 10.2196/games.8902] [Medline: 29748165]
American Community Survey (ACS). The United States Census Bureau. URL: https://www.census.gov/programs-surveys/
acs [accessed 2020-07-27]
Ewing JA. Detecting alcoholism. The CAGE questionnaire. JAMA 1984 Oct 12;252(14):1905-1907. [doi:
10.1001/jama.252.14.1905] [Medline: 6471323]
Smith PC, Schmidt SM, Allensworth-Davies D, Saitz R. A single-question screening test for drug use in primary care. Arch
Intern Med 2010 Jul 12;170(13):1155-1160 [FREE Full text] [doi: 10.1001/archinternmed.2010.140] [Medline: 20625025]
Chew LD, Bradley KA, Boyko EJ. Brief questions to identify patients with inadequate health literacy. Fam Med 2004
Sep;36(8):588-594 [FREE Full text] [Medline: 15343421]
Haun J, Luther S, Dodd V, Donaldson P. Measurement variation across health literacy assessments: implications for
assessment selection in research and practice. J Health Commun 2012;17 Suppl 3:141-159. [doi:
10.1080/10810730.2012.712615] [Medline: 23030567]
Kroenke K, Spitzer RL, Williams JB. The PHQ-9: validity of a brief depression severity measure. J Gen Intern Med 2001
Sep;16(9):606-613 [FREE Full text] [doi: 10.1046/j.1525-1497.2001.016009606.x] [Medline: 11556941]
Matza LS, Park J, Coyne KS, Skinner EP, Malley KG, Wolever RQ. Derivation and validation of the ASK-12 adherence
barrier survey. Ann Pharmacother 2009 Oct;43(10):1621-1630. [doi: 10.1345/aph.1M174] [Medline: 19776298]
Sherbourne CD, Stewart AL. The MOS social support survey. Soc Sci Med 1991;32(6):705-714. [doi:
10.1016/0277-9536(91)90150-b] [Medline: 2035047]
Davis FD. Perceived usefulness, perceived ease of use, and user acceptance of information technology. MIS Quarterly 1989
Sep;13(3):319-340. [doi: 10.2307/249008]
Coleman EA, Mahoney E, Parry C. Assessing the quality of preparation for posthospital care from the patient's perspective:
the care transitions measure. Med Care 2005 Mar;43(3):246-255. [doi: 10.1097/00005650-200503000-00007] [Medline:
15725981]
Liss DT, Brown T, Wakeman J, Dunn S, Cesan A, Guzman A, et al. Development of a smartphone app for regional care
coordination among high-risk, low-income patients. Telemed J E Health 2020 Nov;26(11):1391-1399. [doi:
10.1089/tmj.2019.0176] [Medline: 32040386]
Moczygemba L, Marks S, Cox L, Robinson M. Homeless care providers' perspectives about medication-related problems.
2013 American Pharmacists Association Annual Meeting. Los Angeles, CA 2013.
Schueller SM, Glover AC, Rufa AK, Dowdle CL, Gross GD, Karnik NS, et al. A mobile phone-based intervention to
improve mental health among homeless young adults: pilot feasibility trial. JMIR Mhealth Uhealth 2019 Jul 02;7(7):e12347
[FREE Full text] [doi: 10.2196/12347] [Medline: 31267980]
Morawski K, Ghazinouri R, Krumme A, Lauffenburger JC, Lu Z, Durfee E, et al. Association of a smartphone application
with medication adherence and blood pressure control: the MedISAFE-BP randomized clinical trial. JAMA Intern Med
2018 Jun 01;178(6):802-809 [FREE Full text] [doi: 10.1001/jamainternmed.2018.0447] [Medline: 29710289]
Hwang SW, Kirst MJ, Chiu S, Tolomiczenko G, Kiss A, Cowan L, et al. Multidimensional social support and the health
of homeless individuals. J Urban Health 2009 Sep;86(5):791-803 [FREE Full text] [doi: 10.1007/s11524-009-9388-x]
[Medline: 19629703]
Eyrich-Garg KM. Mobile phone technology: a new paradigm for the prevention, treatment, and research of the non-sheltered
"street" homeless? J Urban Health 2010 May;87(3):365-380 [FREE Full text] [doi: 10.1007/s11524-010-9456-2] [Medline:
20397058]
Thurman W, Moczygemba LR, Hilbelink M. Smartphones and transportation as tools to meet the health and social needs
of people experiencing homelessness. In: Proceedings of the 2020 Academy Health National Health Policy Conference.
2020 Presented at: 2020 Academy Health National Health Policy Conference; Feb 11, 2020; Washington, DC.
Raven MC, Kaplan LM, Rosenberg M, Tieu L, Guzman D, Kushel M. Mobile phone, computer, and internet use among
older homeless adults: results from the HOPE HOME cohort study. JMIR Mhealth Uhealth 2018 Dec 10;6(12):e10049
[FREE Full text] [doi: 10.2196/10049] [Medline: 30530464]

https://mhealth.jmir.org/2021/11/e25553

XSL• FO
RenderX

Moczygemba et al

JMIR Mhealth Uhealth 2021 | vol. 9 | iss. 11 | e25553 | p. 15
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Moczygemba et al

Abbreviations
ASK-12: Adherence Starts with Knowledge-12
CTM: care transitions measure
ED: emergency department
HIE: health information exchange
mHealth: mobile health
PHQ-9: Patient Health Questionnaire-9

Edited by L Buis; submitted 06.11.20; peer-reviewed by T Powell-Wiley, E Green; comments to author 12.03.21; revised version
received 27.05.21; accepted 06.08.21; published 03.11.21
Please cite as:
Moczygemba LR, Thurman W, Tormey K, Hudzik A, Welton-Arndt L, Kim E
GPS Mobile Health Intervention Among People Experiencing Homelessness: Pre-Post Study
JMIR Mhealth Uhealth 2021;9(11):e25553
URL: https://mhealth.jmir.org/2021/11/e25553
doi: 10.2196/25553
PMID:

©Leticia R Moczygemba, Whitney Thurman, Kyler Tormey, Anthony Hudzik, Lauren Welton-Arndt, Elizabeth Kim. Originally
published in JMIR mHealth and uHealth (https://mhealth.jmir.org), 03.11.2021. This is an open-access article distributed under
the terms of the Creative Commons Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted
use, distribution, and reproduction in any medium, provided the original work, first published in JMIR mHealth and uHealth, is
properly cited. The complete bibliographic information, a link to the original publication on https://mhealth.jmir.org/, as well as
this copyright and license information must be included.

https://mhealth.jmir.org/2021/11/e25553

XSL• FO
RenderX

JMIR Mhealth Uhealth 2021 | vol. 9 | iss. 11 | e25553 | p. 16
(page number not for citation purposes)

