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Abstract
Background: Health care workers experience high stress. Accessible, affordable, and effective approaches to reducing stress
are lacking. In-person mindfulness-based interventions can reduce health care worker stress but are not widely available or
accessible to busy health care workers. Unguided, digital, mindfulness-based self-help (MBSH) interventions show promise and
can be flexibly engaged with. However, their effectiveness in reducing health care worker stress has not yet been explored in a
definitive trial.
Objective: This study aimed to investigate the effectiveness of an unguided digital MBSH app (Headspace) in reducing health
care worker stress.
Methods: This was a definitive superiority randomized controlled trial with 2182 National Health Service staff in England
recruited on the web and allocated in a 1:1 ratio to fully automated Headspace (n=1095, 50.18%) or active control (Moodzone;
n=1087, 49.82%) for 4.5 months. Outcomes were subscales of the Depression, Anxiety, and Stress (primary outcome) Scale short
form; Short Warwick Edinburgh Mental Well-being Scale; Maslach Burnout Inventory; 15-item Five-Facet Mindfulness
Questionnaire minus Observe items; Self-Compassion Scale–Short Form; Compassionate Love Scale; Penn State Worry
Questionnaire; Brooding subscale of the Ruminative Response Scale; and sickness absence.
Results: Intention-to-treat analyses found that Headspace led to greater reductions in stress over time than Moodzone (b=–0.31,
95% CI –0.47 to –0.14; P<.001), with small effects. Small effects of Headspace versus Moodzone were found for depression
(b=–0.24, 95% CI –0.40 to –0.08; P=.003), anxiety (b=–0.19, 95% CI –0.32 to –0.06; P=.004), well-being (b=0.14, 95% CI
0.05-0.23; P=.002), mindfulness (b=0.22, 95% CI 0.09-0.34; P=.001), self-compassion (b=0.48, 95% CI 0.33-0.64; P<.001),
compassion for others (b=0.02, 95% CI 0.00-0.04; P=.04), and worry (b=–0.30, 95% CI –0.51 to –0.09; P=.005) but not for
burnout (b=–0.19, –0.04, and 0.13, all 95% CIs >0; P=.65, .67, and .35), ruminative brooding (b=–0.06, 95% CI –0.12 to 0.00;
P=.06), or sickness absence (γ=0.09, 95% CI –0.18 to 0.34). Per-protocol effects of Headspace (454/1095, 41.46%) versus
Moodzone (283/1087, 26.03%) over time were found for stress, self-compassion, and compassion for others but not for the other
outcomes. Engagement (practice days per week) and improvements in self-compassion during the initial 1.5-month intervention
period mediated pre- to postintervention improvements in stress. Improvements in mindfulness, rumination, and worry did not
mediate pre- to postintervention improvements in stress. No serious adverse events were reported.
Conclusions: An unguided digital MBSH intervention (Headspace) can reduce health care workers’ stress. Effect sizes were
small but could have population-level benefits. Unguided digital MBSH interventions can be part of the solution to reducing
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health care worker stress alongside potentially costlier but potentially more effective in-person mindfulness-based interventions,
nonmindfulness courses, and organizational-level interventions.
Trial Registration: International Standard Randomised Controlled Trial Number ISRCTN15424185; https://tinyurl.com/rv9en5kc
(JMIR Mhealth Uhealth 2022;10(8):e31744) doi: 10.2196/31744
KEYWORDS
self-help; mindfulness; randomized control trial; health care worker; National Health Service; NHS; doctors; nurses; stress; mental
health; burnout; mobile phone

Introduction
Background
Even before the COVID-19 pandemic, findings from
meta-analyses demonstrated a high prevalence of stress in health
care workers worldwide [1-3]. Stress is a vulnerability factor
for work-related burnout [4], anxiety, and depression [5], all of
which are disproportionately prevalent among health care
workers [6-8], and stress also increases the risk of several
long-term physical health conditions [9-11]. In the National
Health Service (NHS) in England, which employs >1.3 million
health care staff [12], 46.8% of staff reported feeling unwell
because of work-related stress [12], a figure that has steadily
risen since 2016. Almost one-quarter of the days lost to staff
sickness in the NHS are because of stress, anxiety, depression,
or other mental health problems [13], and similar concerns have
been noted in health care systems worldwide [14]. Moreover,
stress among health care workers can compromise patient
outcomes and safety [15]. The COVID-19 pandemic has further
exacerbated stress and distress for health care workers [16,17];
therefore, there is an urgent need to find effective, accessible,
and affordable ways of reducing health care workers’ stress.
Mindfulness involves intentionally bringing curiosity and
nonjudgmental awareness to present-moment experiences such
as thoughts, feelings, and physical sensations as they arise
[18,19]. Mindfulness-based interventions (MBIs) typically
involve teaching mindfulness in in-person group settings through
8-week courses such as mindfulness-based cognitive therapy
(MBCT) [20] and mindfulness-based stress reduction (MBSR)
[21], with mindfulness practice and teacher-led discussion of
practice being core intervention ingredients. There is substantial
evidence from meta-analyses of randomized controlled trials
(RCTs) that MBCT reduces the risk of relapse in people with
a history of recurrent depression [22] and that MBIs improve
symptoms of a range of mental health problems [23]. The degree
of engagement in mindfulness practice during MBIs is
associated with treatment outcomes [24], and MBI mechanisms
of action include mindfulness, rumination, worry, and
self-compassion [25].
The benefits of MBIs extend beyond clinical populations, with
RCTs demonstrating beneficial effects on stress in nonclinical
populations [26], including working adults [27] and, specifically,
health care workers [28-30]. However, there are several barriers
to health care workers attending in-person MBIs, including the
lack of availability [31]; high workplace demands [32,33] that
make it difficult for health care workers to find the time to
attend; and stigma-related concerns regarding negative social
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judgments and disclosure and confidentiality, which are more
common among health care workers than among those working
in other settings [34].
Fortunately, mindfulness-based self-help (MBSH) has the
potential to increase opportunities for engagement with MBIs
through a plethora of MBSH books, web-based courses, and
available smartphone apps. In addition, meta-analyses of RCTs
of MBSH have indicated promising effects on stress and mental
health outcomes across a range of populations [35,36]. Digital
MBSH using smartphone apps has the potential to be particularly
accessible as it does not rely on the user having a computer or
book on hand to engage with the intervention when needed.
Headspace [37] is a smartphone app with >70 million users to
date worldwide [38]. There is emerging empirical literature
exploring the effectiveness of MBSH apps, including Headspace
[39]. Preliminary findings show potential benefits in nonclinical
samples, including health care workers; however, the study
sample sizes were too small to draw definitive conclusions
regarding this working population. Given the early stage of
research in this area and studies with small sample sizes, the
potential of unguided digital MBSH as a health care–wide
solution to reduce health care worker stress is yet to be explored
in an adequately powered trial. Although MBSH can effectively
reduce stress in a range of nonclinical populations, it is possible
that the particularly high demands of working in health care
[32,33] will mean that when offered at scale, health care staff
may struggle to engage with the intervention, leading to
disappointing outcomes. The learnings available from a
definitive trial of unguided digital MBSH are particularly
important in the current context of rising health care worker
stress during the COVID-19 pandemic.

Objectives
This study sought to overcome some of the methodological
limitations of previous related studies and extend our
understanding of the potential effects of unguided MBSH among
health care workers. The aim of this large multisite RCT was
to explore the effectiveness of unguided digital MBSH in
comparison with an active control condition (it should be noted
that comparisons with active controls are lacking in RCTs of
MBIs [29]) for health care workers in targeting stress (primary
outcome), mental health outcomes (depression, anxiety, and
well-being), work-related outcomes (work-related burnout,
sickness absence, and compassion for others), and proposed
mechanisms of action (intervention engagement, rumination,
worry, mindfulness, and self-compassion). To explore its
potential as a health care–wide intervention to reduce health
care worker stress, the trial recruited across the full range of
NHS organization types (general practitioner or primary care,
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hospital trusts, community trusts, mental health and/or learning
disability trusts, and ambulance trusts), across geographically
and sociodemographically diverse regions of England, and
across a range of NHS job roles (medical, nursing, allied health
professions, and psychological and wider health care support
roles). The primary hypothesis was that participants allocated
to unguided digital MBSH will show greater reductions in stress
from the baseline to postintervention time points (4.5 months
following randomization) in comparison with participants in
the active control trial arm. The secondary hypotheses were that
unguided digital MBSH will be more effective than active
control in improving mental health outcomes, work-related
outcomes, and potential mechanisms of action from baseline to
after the initial intervention period (1.5 months after
randomization) and from the baseline to postintervention time
points. Analyses examining whether intervention engagement
and improvements in mindfulness, self-compassion, worry, and
rumination mediated the effects of the intervention on
improvements in stress were planned to ascertain
intervention-specific mechanisms of action.

Methods
Trial Design and Ethics Approval
This study was a 2-arm superiority definitive RCT, with a 1:1
allocation and no stratification, comparing unguided digital
MBSH (Headspace [37]) with an active control group (the NHS
digital platform for work-related stress, Moodzone [40]).
Assessments were performed at 3 time points: baseline (time
point 1 [T1]), after the initial intervention period (time point 2
[T2]; 1.5 months after randomization), and at the
postintervention time point (time point 3 [T3]; 4.5 months after
randomization).
Ethics approval (reference ER/HT207/8) was provided by the
University of Sussex, and study approval was granted by the
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Health Research Authority (reference 16/HRA/5525). The study
was prospectively registered on the International Standard
Randomised Controlled Trial Number register (reference
number: 15424185) [41].

Participants and Recruitment
Participants had to (1) be employed within an NHS Trust or
general practitioner practice in England, (2) be working in roles
that involved direct contact with patients for a minimum of 1
day per week, (3) be currently in work (ie, not on long-term
sickness absence), (4) be willing to refrain from engaging in
other psychological interventions during the course of the study,
(5) have regular personal access to an Apple, Android
smartphone, or tablet or a computer with internet access, (6) be
aged ≥18 years, and (7) have sufficient English language skills
to read and understand the intervention materials. There were
no additional exclusion criteria. Recruitment took place between
February 21, 2017, and September 18, 2018.
Sample size calculations were conducted using G*Power [42],
which indicated that 527 complete cases per study arm (1054
total) would be needed to detect a small between-group
difference of Cohen d=0.20 (P=.05; 90% power; 2-tailed) on
the primary outcome (stress at T3), with this estimate based on
a meta-analysis of MBSH on stress outcomes [36]. A
conservative estimate of a 50% study dropout rate was assumed
[35], giving a total required sample size of 2108 (n=1054 per
arm).
A total of 2182 participants were enrolled in the study
(completed baseline measures and were randomized); 1095
(50.18%) were randomized into the Headspace arm, and 1087
(49.82%) were randomized into the Moodzone arm. The
participant flow is shown in the CONSORT (Consolidated
Standards of Reporting Trials) diagram (Figure 1), and further
participant details are reported in the Results section.
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Figure 1. CONSORT (Consolidated Standards of Reporting Trials) diagram showing participant flow. ITT: intention-to-treat.

Interventions
Headspace
The Headspace MBSH digital program [37] offers a range of
brief mindfulness-based practices alongside psychoeducational
materials. The Headspace MBSH digital program can be
accessed via a website [43] or an app available on the Apple
app store or Android Play store. Headspace offers a range of
mindfulness-based practices and psychoeducational animations,
including an introductory series that comprises daily sessions
designed to teach foundational mindfulness principles and
practices, as well as packs designed for more specific emotional
difficulties (eg, stress and anxiety) and brief SOS mindfulness
practices designed to be used in times of acute stress. Headspace
also offers guidance on informal mindfulness practices that can
be undertaken while performing everyday activities, such as
running and cycling, and there is written information, including
research evidence, related to mindfulness and a frequently asked
questions section. At the time of the study, mindfulness practices
were verbally guided by Andy Puddicombe, a founder of
Headspace with many years of experience in mindfulness
practice. For the introductory sessions, users were verbally
guided to bring nonjudgmental awareness to the body, breath,
thoughts, and feelings, with later sessions also inviting users to
bring awareness to difficulties arising during practice (eg,
boredom and restlessness) and behavioral choices. At the time
of recruitment, users were invited to start the Headspace
program by completing the Take Ten introductory pack, which
involved undertaking guided 10-minute mindfulness practices
daily for 10 consecutive days. Upon completion of the Take
https://mhealth.jmir.org/2022/8/e31744
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Ten, participants were provided with unlimited access to the
full range of Headspace content. Although participants were
free to choose the content they engaged with, they were invited
to perform at least one 10-minute mindfulness practice daily
for the duration of the study. Although practices range in length
from 3 to 20 minutes, users can select the duration of most
sessions. As Headspace is a live product, the program structure
was nonstatic, and participants were able to access newly
released and changing content as it became available.

Moodzone
The NHS Moodzone psychoeducational digital platform [40]
was used as an active control. At the time of recruitment, the
website offered a range of evidence-based psychosocial
recommendations, advice, and guidance on how to manage
work-related stress and mental health difficulties effectively.
The initial web page was divided into the following sections:
“What causes work stress?” “How to manage work stress,”
“Learn to speak out,” “Spot the signs of work stress,” and “Who
else can help with work stress?”; each provided information
and recommendations or guidance relevant to the respective
questions. Moodzone also included information, videos, audio
tracks, podcasts, and links to other related resources. Participants
were invited to engage with the Moodzone website for 10
minutes per day for the duration of the study. It should be noted
that although very similar content is still available [44], the
Moodzone website used in this study is no longer active. As
with Headspace, a live nonstatic version of Moodzone was used
in the study, meaning that participants could access new and
changing content as it became available. Before this study,
JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 4
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adequately powered Moodzone trials were not undertaken.
However, related evidence from a meta-analysis of RCTs
identified a significantly small effect (Cohen d=0.20; P=.04)
of passive psychoeducational interventions compared with
control conditions in reducing depression and psychological
distress at the postintervention time point [45].

Taylor et al

Measures
Full details of the measures are shown in Multimedia Appendix
1 [4,46-55].
Participants completed the measures described in Textbox 1 at
T1, T2, and T3 unless stated otherwise.

Textbox 1. Participant measures.
Participant measures
•

Short version of the 21-item Depression, Anxiety, and Stress Scale [46]; the Stress subscale was the primary outcome, with time point 3 (T3)
being the primary end point

•

Short Warwick Edinburgh Mental Well-being Scale [47]

•

Maslach Burnout Inventory [4]

•

15-item version (minus “observe”) of the Five Facets of Mindfulness Questionnaire [48]

•

Self-Compassion Scale–Short Form [49]

•

Compassionate Love Scale [50]

•

Penn State Worry Questionnaire [51]

•

Brooding subscale of the Ruminative Response Scale [52]

•

Sickness absence measured at time point 1 [T1] and T3 was assessed using 1 item that asked participants to report how many days they had been
absent from work because of sickness during the past 3 months

•

Demographic information assessed at T1 included participants’ age; gender; marital status; number of children aged <18 years; number of children
aged ≥18 years; National Health Service job role; trust and team; number of hours worked per week in the National Health Service job role;
highest level of education; individual and household annual incomes; ethnicity; and perceived relative socioeconomic status, with response
options from 1 (lowest) to 10 (highest) perceived socioeconomic status [53]

•

Intervention expectancy at T1 (Credibility and Expectancy Questionnaire [54])

•

Self-reported intervention engagement at time point 2 [T2] and T3:

•

Formal engagement: self-reported average number of days per week spent following guided mindfulness meditation on Headspace or following
a recommended stress management or well-being strategy on the Moodzone web page

•

Informal engagement: self-reported average number of days per week participants brought mindfulness to daily activities or recommended stress
management and well-being strategies from Moodzone into their daily lives; at T2, these questions were asked in relation to the past month, and
at T3, they were asked in relation to the past 3 months

•

Intervention evaluations at T2 and T3: participants asked how likely they were to recommend the intervention to friends and family, how much
they really felt that their allocated intervention had helped their well-being, and how likely they were to continue practicing mindfulness (Headspace
participants) or stress management and well-being strategies (Moodzone participants) over the following 6 months

•

Hypothesis guess at T3: participants asked to state what they thought the purpose of the study was

•

Intervention deviations at T3: participants asked to indicate whether they had engaged in the alternative study intervention during the course of
the study

•

Prior mindfulness experience at T3: participants asked to indicate their experiences of mindfulness before the study, including mindfulness-based
cognitive therapy, stress reduction, mindfulness-based self-help, and Headspace, and how often they practiced mindfulness

•

Serious adverse events were recorded in accordance with the National Institute for Health Research Good Clinical Practice guidelines [55]

•

Participants were also asked to indicate the extent to which they agreed or disagreed that they had experienced “lasting bad effects” from using
their allocated intervention (based on Crawford et al [56]); if the participants agreed or strongly agreed, they were asked to provide further details

Procedure
NHS staff were recruited via posters and leaflets in NHS
settings, invitation emails sent through NHS organizations, and
study advertisements on staff web pages or newsletters. Potential
participants were directed to the study website hosted by
Qualtrics XM [57], where they could read the participant
information and confirm their eligibility and informed consent
(Multimedia Appendix 2). After consenting, the participants
were emailed a weblink along with a unique ID code and asked
https://mhealth.jmir.org/2022/8/e31744
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to self-complete the T1 measures on Qualtrics. Participants
completed T1 measures, which were allocated automatically to
Headspace or Moodzone using a 1:1 block randomization with
a block size of 4 by Qualtrics. To ensure allocation concealment,
the members of the research team responsible for collecting
data and communicating with participants were blinded to the
block size. Participants were informed of their random allocation
and subsequently asked to indicate their views on the credibility
and expectations of their assigned intervention.
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Following the completion of the T1 assessment, participants
were emailed information on how to access their allocated
intervention. Intervention participants were given 12 months
of free access to Headspace, and Moodzone was available free
of charge. Allowing 5 days for participants to receive this
information or download their intervention, participants were
invited to engage with their allocated intervention for 10 minutes
per day, every day during the initial 30-day study period. At 35
days after randomization, participants were emailed a link to
complete the T2 assessments on Qualtrics and invited to
continue engaging with their allocated intervention for 10
minutes per day during the remaining 90-day study period. On
average, T2 was completed at 1.5 months (SD 0.57) after
randomization. At 125 days after randomization, participants
were emailed a link to complete the T3 assessment on Qualtrics,
with T3 completed at an average of 4.5 months (SD 0.53) from
randomization. At this point, the participants who completed
the study were given access to the alternative intervention.

Handling Missing Data

Participants who did not complete assessments within 1 week
of them being sent were reminded to do so via email. One
reminder email was sent for completion of the T1 assessments,
and a maximum of 4 reminder emails at weekly intervals were
sent for T2 and T3 assessments. The research team was available
to answer technical questions or queries via email. No further
support was provided.

This saturated model includes random effects for time, trial arm,
and their interaction at level 3. However, this model resulted in
convergence problems that yielded erratic estimates of random
effects involving the trial arm in the raw sample and nearly all
imputed samples. On the basis of this preanalysis, a simpler
model seemed more appropriate, in which only time was treated
as a random effect and only at level 2. However, to model level
3 variability in outcomes, a random intercept (at level 3) was
included. This simpler model converged in all the imputed
samples. The resulting model is described in Textbox 3 (notice
that at level 3, a total of 2 random effects have been knocked
out).

To improve trial quality and blind participants to the study
condition and direction of study hypotheses, advertisements
about the study simply referred to both conditions as “online
interventions to reduce NHS staff stress,” and details of the
alternative or nonallocated intervention were not communicated
to participants until T3 assessments (after outcome and
engagement measures had been taken). As all assessments were
completed on the web without researchers present, the potential
for researcher bias to influence assessment outcomes was
minimized. All but the mediation analysis was conducted blind
to the study arm.
Participants were given the option to enter a prize draw to win
1 of 5 gift vouchers for £50 (US $60).

Data Analysis Plan
Descriptive statistics are reported by trial arm and time as means
and SDs (for continuous data), medians and IQRs (for ordinal
data), and counts and percentages (for categorical data). Data
analysis was conducted using SPSS (version 25; IBM Corp)
[58] and R (version 4.0.2; R Foundation for Statistical
Computing) [59] and the following packages: emmeans [60],
lme4 [61], mice [62], papaja [63], and tidyverse [64].
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A minimal number of items were missing at the item level, and
missing values for missing items were imputed (using a single
imputation) using predictive mean matching in mice [65]. At
the scale level, multiple imputation was used to handle missing
values. Further details are provided in Multimedia Appendix 3
[60-62].

Model Selection
As participants were nested within job roles (level 3), there are
good reasons for model variations in intervention effects
between job roles [66]. There is participant-level randomization
to intervention arms in such a model, and job roles act as a
crossed effect. We can think of time (i) as being nested within
participants (j), which is nested within job roles (k); however,
the effect of the treatment arm occurs at level 2 (the participant
level), not level 3 (the job role level), of the hierarchy. This
situation is described by the model given in Textbox 2.

To sum up, the hypotheses were tested using a growth model
fit as a general linear mixed model, with observations (level 1)
nested within participants (level 2) nested within job roles (level
3). Time (time from baseline at which responses were recorded)
and trial arm were predictors. The effect of the intervention was
quantified and tested with the interaction between time and trial
arm, which shows the degree to which the change in the outcome
over time is different between the 2 trial arms. Between-group
effects were reported separately at T2 and T3 in the event of
significant (P<.05) trial arm × time interactions. The primary
analysis was conducted on the intention-to-treat (ITT) sample
with multiple imputed data sets. Secondary analysis was
conducted on the per-protocol sample (formal engagement
T1-T2 on at least 3 days per week [67]) with the multiple
imputed data sets.
Details of the plan for reliable change analysis, mediation
analysis, and randomization check can be found in Multimedia
Appendix 4 [13,18,25,29,30,36,56,67-72].
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Textbox 2. The saturated model showing the data structure.
Level 1
•

Depression, Anxiety, and Stress Scale–Stressijk= π0jk+ π1jkTimeijk+

ijk

Level 2
•

π0jk= γ00k+ γ01kTrial armjk+ ζ0jk

•

π1jk= γ10k+γ11kTrial armjk+ ζ1jk

Level 3
•

γ00k= δ000+υ0k

•

γ10k= δ100+υ1k

•

γ01k= δ010+υ2k

•

γ11k= δ110+υ3k

Textbox 3. The fitted model.
Level 1
•

Depression, Anxiety, and Stress Scale–Stressijk= π0jk+ π1jTimeijk+

ijk

Level 2
•

π0jk= γ00k+ γ01Trial armjk+ ζ0jk

•

π1j=γ11Trial armjk+ ζ1jk

Level 3
•

γ00k= δ000 + υ0k

Results
Overview
Table 1 presents the demographic characteristics of the
participants by study arm, and Table 2 presents descriptive
statistics on all outcome measures at all time points by study
arm. Table 1 shows that participants represented a broad range
of NHS Trust types and health care professions. As would be
expected of a health care workforce, most participants were
educated to at least an undergraduate degree level and were
earning, on average, the median UK annual salary; most
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participants were working full-time. Participants covered the
full working age spectrum, although they were
disproportionately White and female. For the randomization
check, all Bayes factors were very close to 0, suggesting very
strong evidence for the null hypothesis: randomization was
successful in balancing demographic and baseline measurements
across the 2 trial arms (Multimedia Appendix 5). There were
also no differences in dropout rates between the trial arms. A
formal analysis using a multilevel generalized linear model,
with a random intercept, predicting dropout (1=in the study and
0=dropped out) from the trial arm, study wave (as a categorical
variable), and their interaction showed no significant effects.
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Table 1. Demographic characteristics of participants (N=2182).
Characteristics

Moodzone

Headspace

GCSEa or NVQ 2b or below (equivalent to not completing high school)

62 (2.84)

69 (3.16)

A-level or equivalent (equivalent to completing high school)

132 (6.05)

124 (5.68)

Undergraduate degree

430 (19.71)

474 (21.72)

Postgraduate degree

462 (21.17)

429 (19.66)

Other

2 (0.09)

2 (0.09)

Black

13 (0.6)

12 (0.55)

White

998 (45.74)

1021 (46.79)

Asian

50 (2.29)

37 (1.7)

Mixed or multiple

21 (0.96)

19 (0.87)

Other

2 (0.09)

4 (0.18)

Female

906 (41.52)

909 (41.66)

Male

175 (8.02)

181 (8.3)

Transgender female

0 (0)

0 (0)

Transgender male

0 (0)

1 (0.05)

Nonbinary

0 (0)

0 (0)

Other

1 (0.05)

1 (0.05)

Prefer not to say

3 (0.14)

4 (0.18)

Age (years), mean (SD; range)

40.42 (10.92; 19-67)

40.64 (11.02; 18-80)

Perceived socioeconomic status (1-10), mean (SD; range)

5.66 (1.50; 1-10)

5.66 (1.49; 1-10)

≤30 hours

261 (11.96)

277 (12.69)

>30 hours per week

825 (37.81)

819 (37.53)

Highest educational achieved, n (%)

Ethnicity, n (%)

Gender, n (%)

Hours worked per week, n (%)

Individual income (£), median (IQR; average exchange rate at the time of the study was 25,000-30,000 (20,000£1=US $1.33)
25,000 to 35,000-40,000)

25,000-30,000 (20,00025,000 to 35,000-40,000)

Marital status, n (%)
Living with partner, married, or civil partnership

800 (36.66)

788 (36.11)

Single

286 (13.11)

307 (14.07)

Allied Health Professional (eg, speech therapist and occupational therapist)

180 (8.25)

208 (9.53)

Physician

89 (4.08)

78 (3.57)

Manager

51 (2.34)

51 (2.34)

Nurse

284 (13.02)

301 (13.79)

Psychologist, psychological therapist, or practitioner

93 (4.26)

112 (5.13)

Wider health care team

216 (9.9)

193 (8.85)

Other

187 (8.57)

175 (8.02)

Acute (hospital)

334 (15.31)

319 (14.62)

Ambulance

81 (3.71)

71 (3.25)

Combined (multiple Trust types within one Trust)

293 (13.43)

288 (13.2)

Role, n (%)

NHSc Trust type, n (%)
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a
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Moodzone

Headspace

Community

66 (3.02)

65 (2.98)

GPd

54 (2.47)

77 (3.53)

Mental health

245 (11.23)

264 (12.1)

GCSE: General Certificate of Secondary Education.

b

NVQ 2: National Vocational Qualification level 2.

c

NHS: National Health Service.

d

GP: general practitioner.
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Table 2. Descriptive statistics on all outcome measures at all time points (raw complete case data; N=2182).
Measure and arm Time point 1 (baseline)
Values, n
(%)

Values,
mean (SD)

Time point 2 (1.5 months)

Time point 3 (4.5 months)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

DASS-21a Stress (primary outcome)
Moodzone

1087 (49.82) 16.24 (7.80)

15.78 to
16.71

701 (32.13)

13.92 (7.65)

13.36 to
14.49

552 (25.29)

14.47 (8.11)

13.79 to
15.15

Headspace

1095 (50.18) 15.67 (7.40)

15.23 to
16.11

715 (32.77)

12.86 (7.06)

12.34 to
13.38

571 (26.17)

12.39 (7.85)

11.74 to
13.03

DASS-21 Depression
Moodzone

1087 (49.82) 10.72 (8.26)

10.23 to
11.21

701 (32.13)

9.61 (8.37)

8.99 to
10.23

552 (25.29)

9.58 (8.66)

8.86 to
10.31

Headspace

1092 (50.05) 10.29 (7.76)

9.83 to
10.75

715 (32.77)

8.34 (7.41)

7.79 to
8.88

571 (26.17)

7.87 (8.03)

7.21 to
8.53

Moodzone

1087 (49.82) 9.06 (7.43)

8.62 to
9.51

701 (32.13)

7.42 (7.1)

6.90 to
7.95

552 (25.29)

7.45 (7.19)

6.85 to
8.05

Headspace

1095 (50.18) 8.58 (6.99)

8.16 to
8.99

716 (32.81)

6.47 (6.26)

6.02 to
6.93

571 (26.17)

5.97 (6.49)

5.43 to
6.50

DASS-21 Anxiety

SWEMWBSb Well-being
Moodzone

1087 (49.82) 21.43 (3.61)

21.22 to
21.65

678 (31.07)

22.43 (4.16)

22.12 to
22.75

525 (24.06)

22.27 (4.44)

21.89 to
22.65

Headspace

1095 (50.18) 21.57 (3.68)

21.35 to
21.79

704 (32.26)

22.7 (3.99)

22.41 to
23.00

550 (25.21)

23.12 (4.41)

22.76 to
23.49

Maslachc Emotional Exhaustion
Moodzone

1068 (48.95) 26.2 (11.81)

25.49 to
26.91

678 (31.07)

24.31
(12.06)

23.40 to
25.22

531 (24.34)

24.33
(12.47)

23.26 to
25.39

Headspace

1080 (49.5)

25.65
(12.08)

24.93 to
26.37

703 (32.22)

23.71
(12.15)

22.81 to
24.61

552 (25.29)

23.27
(12.69)

22.21 to
24.33

Maslach Depersonalization
Moodzone

1067 (48.9)

5.82 (5.72)

5.47 to
6.16

677 (31.03)

5.64 (5.63)

5.21 to
6.06

530 (24.29)

5.68 (5.84)

5.18 to
6.18

Headspace

1077 (49.36) 5.75 (5.75)

5.40 to
6.09

701 (32.13)

5.38 (5.48)

4.97 to
5.79

552 (25.29)

5.51 (5.67)

5.03 to
5.98

Maslach Personal Accomplishment
Moodzone

1065 (48.81) 36.5 (7.02)

36.08 to
36.92

677 (31.03)

37.17 (6.98)

36.64 to
37.70

529 (24.24)

36.4 (7.98)

35.72 to
37.09

Headspace

1074 (49.22) 36.42 (6.74)

36.01 to
36.82

702 (32.17)

37.2 (7.19)

36.67 to
47.73

551 (25.25)

37.39 (7.4)

36.77 to
38.01

FFMQ-15d (minus Observe subscale)
Moodzone

1085 (49.73) 38.33 (7.04)

37.91 to
38.74

709 (32.49)

39.8 (7.24)

39.27 to
40.33

551 (25.25)

39.89 (7.48)

39. 27 to
40.52

Headspace

1092 (50.05) 38.22 (6.7)

37.82 to
38.62

717 (32.86)

40.17 (6.59)

39.69
to40.65

574

40.93 (6.68)

40.38 to
41.47

SCS-SFe Self-Compassion
Moodzone

1085 (49.73) 34.11 (9.03)

33.58 to
34.65

688 (31.53)

36.28 (9.43)

35.57 to
36.99

544 (26.31)

36.29 (9.29)

35.51 to
37.07

Headspace

1093 (50.09) 33.86 (8.88)

33.33 to
34.38

710 (32.54)

37.3 (9.3)

36.62 to
37.99

560 (25.66)

38.22 (9.34)

37.44 to
38.99

PSWQf Worry
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Measure and arm Time point 1 (baseline)
Values, n
(%)

Values,
mean (SD)

Time point 2 (1.5 months)

Time point 3 (4.5 months)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

Moodzone

1086 (49.77) 54.2 (14.43)

53.34 to
55.06

677 (31.03)

51.33
(14.65)

50.22 to
52.44

526 (24.11)

51.65
(15.18)

50.35 to
52.95

Headspace

1095 (50.18) 53.53
(14.44)

52.67 to
54.38

704 (32.26)

50.28
(14.33)

49.22 to
51.34

549 (25.16)

49.37
(14.45)

48.15 to
50.58

RRSg Rumination (Brooding)
Moodzone

1087 (49.82) 10.69 (3.43)

10.49 to
10.89

677 (31.03)

9.97 (3.51)

9.71 to
10.24

519 (23.79)

9.91 (3.45)

9.61 to
10.20

Headspace

1096 (50.23) 10.39 (3.35)

10.19 to
10.58

703 (32.22)

9.74 (3.19)

9.50 to
9.98

548 (25.11)

9.45 (3.35)

9.17 to
9.73

CLSh Compassion for Others
Moodzone

1085 (49.73) 4.77 (1.1)

4.71 to
4.84

675 (30.93)

4.64 (1.15)

4.55 to
4.73

518 (23.74)

4.5 (1.24)

4.29 to
4.61

Headspace

1094 (50.14) 4.78 (1.09)

4.71 to
4.84

702 (32.17)

4.75 (1.12)

4.67 to
4.84

540 (24.75)

4.69 1.17 ()

4.59 to
4.79

Sickness absence (days in past month)
Moodzone

1086 (49.77) 2.44 (7.45)

1.99 to
2.88

—i

—

—

573 (26.26)

2.04 (6.86)

1.48 to
2.60

Headspace

1095 (50.18) 2.35 (7.08)

1.93 to
2.77

—

—

—

593 (27.18)

2.23 (7.99)

1.58 to
2.87

Formal engagement (days/week)
Moodzone

N/Aj

N/A

N/A

653 (29.93)

2.33 (2.01)

2.17 to
2.48

522 (23.92)

1.35 (1.65)

1.21 to
1.49

Headspace

N/A

N/A

N/A

679 (31.12)

3.56 (2.26)

3.39 to
3.73

544 (26.31)

2.16 (1.91)

2.00 to
2.32

Informal engagement (days/week)
Moodzone

N/A

N/A

N/A

654 (29.97)

2.2 (2.08)

2.04 to
2.36

520 (23.83)

1.4 (1.77)

1.25 to
1.55

Headspace

N/A

N/A

N/A

679 (31.12)

2.92 (2.22)

2.75 to
3.09

544 (26.31)

3 (2.18)

2.81 to
3.18

Moodzone

1080 (49.5)

−0.58l (2.41) −0.72 to
−0.44

—

—

—

—

—

—

Headspace

1082 (49.59) 0.58l (2.55)

—

—

—

—

—

—

—

—

—

—

—

—

CEQk credibility

0.43 to
0.73

Expectancy
Moodzone

1081 (49.54) −0.40l (2.70) −0.56 to
−0.24
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Measure and arm Time point 1 (baseline)

Headspace

a

Time point 2 (1.5 months)

Time point 3 (4.5 months)

Values, n
(%)

Values,
mean (SD)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

Values, n
(%)

Values,
mean (SD)

95% CI

1091 (50)

0.39l (2.80)

0.23 to
0.56

—

—

—

—

—

—

DASS-21: 21-item Depression, Anxiety, and Stress Scale.

b

SWEMWBS: Short Warwick Edinburgh Mental Well-being Scale.

c

Maslach Burnout Inventory.

d

FFMQ15: 15-item Five Facets of Mindfulness Questionnaire.

e

SCS-SF: Self-Compassion Scale–Short Form.

f

PSWQ: Penn State Worry Questionnaire.

g

RRS: Ruminative Response Scale.

h

CLS: Compassionate Love Scale.

i

Not available.

j

N/A: not applicable.

k

CEQ: Credibility and Expectancy Questionnaire.

l

Means created from subscale totals of z scores [54].

Primary Outcome (Stress)
ITT Analysis
Table 3 shows that the main effects of trial arm (Headspace or
Moodzone) and time (months) were significant, as was the
crucial trial arm × month interaction, which indicates that the
trajectories of the 21-item Depression, Anxiety, and Stress Scale
(DASS-21) Stress scores over time differed significantly
between the 2 trial arms for the ITT sample (Figure 2). The
parameter value (b=−0.31) tells us that the rate of change
(gradient) over time was −0.31 points greater on the DASS-21
Stress subscale per month in the Headspace arm than in the
Moodzone arm. Specifically, for every month that passed,
DASS-21 stress scores changed by −0.23 units on the scale in
the Moodzone group compared with a corresponding change
of −0.54 units in the Headspace group (ie, a difference between
arms of −0.31 units per month).
To break down this effect, comparisons were made between the
estimated marginal means of the outcome from the model at
1.5 (T2) and 4.5 (T3) months in the 2 arms. In the Moodzone

arm, stress was significantly higher at baseline than at both 1.5
months (b=0.34, SE 0.09; P<.001) and 4.5 months (b=1.03, SE
0.26; P<.001). Stress was also significantly higher at 1.5 months
than at 4.5 months (b=0.69, SE 0.18; P<.001). Similarly, in the
Headspace arm, stress was significantly higher at baseline than
at both 1.5 months (b=0.81; SE 0.08; P<.001) and 4.5 months
(b=2.42, SE 0.25; P<.001), and significantly higher at 1.5
months than at 4.5 months (b=1.61, SE 0.17; P<.001). The b
values represent the difference in the estimated marginal means;
they show that, for example, at 4.5 months, the decrease in
DASS-21 Stress compared with baseline was 1.03 points in the
Moodzone arm and 2.42 points in the Headspace arm. In other
words, at 4.5 months after randomization, Moodzone reduced
DASS-21 Stress scores by approximately 1 point along the
42-point scale, and the equivalent change for Headspace was a
reduction of approximately 2.5 points along the scale. In
addition, the difference in estimated marginal means between
the 2 arms was b=0.62 (SE 0.31; P=.045) at baseline, b=1.08
(SE 0.30; P<.001) at 1.5 months, and b=2.00 (SE 0.42; P<.001)
at 4.5 months (the preregistered primary end point).

Table 3. Model for the 21-item Depression, Anxiety, and Stress Scale Stress (intention-to-treat sample with multiple imputation).
Effect

Unstandardized b (SE; 95% CI)

t test (df)

P value

Intercept

15.33 (0.40; 14.55 to 16.11)

38.41 (6054.49)

<.001

Trial arm

−0.62 (0.31; –1.23 to –0.01)

−2.01 (5129.90)

.045

Months

−0.23 (0.06; –0.35 to –0.11)

−3.92 (165.07)

<.001

Trial arm × month

−0.31 (0.08; –0.47 to –0.14)

−3.64 (151.13)

<.001
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Figure 2. DASS-21 Stress scores over time (intention-to-treat complete case sample). Each triangle represents a Headspace participant, and each circle
represents a Moodzone participant. DASS-21: 21-item Depression, Anxiety, and Stress Scale.

Per-Protocol Analysis
The per-protocol sample included only participants who formally
engaged with their allocated intervention at least 3 days per
week during the initial intervention period (T1-T2). Multimedia
Appendix 6 shows a significant trial arm × month interaction,
indicating that the trajectories of stress over time differed
significantly between the 2 trial arms. The rate of change over
time was −0.28 DASS-21 Stress units greater per month in the
Headspace arm than in the Moodzone arm. Specifically, in the
Moodzone arm, the rate of change over time was −0.42, which
means that for every month that passed, DASS-21 Stress scores
decreased by 0.42 points; however, in the Headspace, arm the
rate of change over time was −0.70 (a difference of −0.28
between arms), which means that for every month that passed,
DASS-21 Stress decreased by 0.70 points.
In the per-protocol sample in the Moodzone arm, stress was
significantly higher at baseline than at both 1.5 months (T2;
b=0.63, SE 0.16; P<.001) and 4.5 months (T3; b=1.88, SE 0.47;
P<.001). Stress was also significantly higher at 1.5 months than
at 4.5 months (b=1.26, SE 0.31; P<.001). Similarly, in the
Headspace arm, stress was significantly higher at baseline than
at both 1.5 months (b=1.05, SE 0.12; P<.001) and 4.5 months
(b=3.14, SE 0.35; P<.001) and significantly higher at 1.5 months
than at 4.5 months (b=2.09, SE 0.24; P<.001). The b values
represent the difference in the estimated marginal means; they
show that, for example, at 4.5 months the decrease in stress
compared with baseline was 1.88 points in the Moodzone arm
and 3.14 points in the Headspace arm. In addition, the difference
in estimated marginal means between the 2 arms was not
significant at baseline (b=0.24, SE 0.52; P=.65) or at 1.5 months
(b=0.66, SE 0.48; P=.17) but was significant at 4.5 months
(b=1.50, SE 0.62; P=.02).
https://mhealth.jmir.org/2022/8/e31744
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Reliable Change
Multimedia Appendix 7 provides tables for the reliable change
analysis. Overall, 20.5% (71/347) of Moodzone and 29.7%
(102/343) of Headspace participants who scored at least in the
mild stress range at T1 showed reliable improvement from T1
to T2 in stress, with 2.9% (10/347) and 2% (7/343) showing
reliable deterioration, respectively. From T1 toT3, approximately
24.1% (66/247) of Moodzone and 36.8% (100/272) of
Headspace participants scored at least in the mild stress range
at T1 and showed reliable improvement in stress, with 2.9%
(8/274) and 4% (11/272) showing reliable deterioration. The
trial arm significantly predicted reliable improvement (compared
with no change) at both T2 and T3. At T2, the odds of being
classified as having reliable improvement were 1.45 higher in
the Headspace than in the Moodzone arm, and 95% CIs did not
cross 1 (95% CI 1.05-2.01). At T3, the odds of being classified
as having reliable improvement were 1.48 higher in the
Headspace than in the Moodzone arm, with 95% CIs not
crossing 1 (95% CI1.09-2.02). The odds of being classified as
showing reliable deterioration in stress were not different
between arms at either T2 (odds ratio 0.71, 95% CI 0.29-1.73)
or T3 (odds ratio 1.26, 95% CI 0.55- 2.92) as 95% CIs crossed
1.

Secondary Outcomes and Additional Analyses
The findings from the ITT analysis of secondary outcomes are
shown in Table 4. Further details on the secondary outcomes
and additional analyses are provided in Multimedia Appendix
4 [13,18,25,29,30,36,56,67-72] and details of the analysis of
lasting negative effects are provided in Multimedia Appendix
8.
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Table 4. Overall trial arm × time effects of the intervention on all outcomes for the intention-to-treat sample with multiple imputation (Moodzone
N=1087 and Headspace N=1095 on the primary outcome)a.
Measure

Difference between arms t test (df)
per month, unstandardized b (SE; 95% CI)

P value

Differences between arms at 1.5
months

Differences between arms at 4.5
months

Unstandard-

Hedges

Unstandard-

gc

izedbb (SE)

P value

izedbb (SE)
DASS-21d
Stress

P value

Hedges
gc

−0.31 (0.08; −0.47 to
−0.14)

−3.64 (151.13)

<.001

1.08 (0.30)

<.001

0.14

2.00 (0.42)

<.001

0.26

DASS-21 Anxi- −0.19 (0.07; −0.32 to
ety
−0.06)

−2.94 (218.51)

.004

0.78 (0.27)

.04

0.14

1.36 (0.34)

<.001

0.22

DASS-21 Depression

−0.24 (0.08; −0.40 to
−0.08)

−3.02 (211.23)

.003

0.92 (0.32)

.005

0.16

1.65 (0.43)

.001

0.20

SWEMWBSe
Well-being

0.14 (0.04; 0.05 to 0.23)

3.16 (289.19)

.002

−0.35 (0.15)

.02

0.07

−0.77 (0.21)

<.001

0.19

Maslachf Emotional Exhaustion

−0.19 (0.10; −0.39 to
0.01)

−1.85 (372.00)

.07

N/Ag

N/A

0.05

N/A

N/A

0.08

Maslach Deper- −0.04 (0.05; −0.14 to
sonalization
0.05)

−0.94 (321.54)

.35

N/A

N/A

0.05

N/A

N/A

0.03

Maslach Person- 0.13 (0.07; −0.01 to 0.27) 1.84 (251.87)
al Accomplishment

.07

N/A

N/A

0.00

N/A

N/A

0.13

FFMQ-15h (mi- 0.22 (0.06; 0.09 to 0.34)
nus Observe)

3.38 (298.64)

.001

−0.31 (0.28)

.26

0.05

−0.96 (0.35)

.006

0.15

SCS-SFi SelfCompassion

0.48 (0.08; 0.33 to 0.64)

6.05 (201.36)

<.001

−0.76 (0.37)

.04

0.11

−2.21 (0.46)

<.001

0.21

CLSj Compassion for Others

0.02 (0.01; 0.00 to 0.04)

2.07 (144.19)

.04

−0.03 (0.05)

.48

0.10

−0.09 (0.06)

.12

0.16

PSWQk Worry

−0.30 (0.11; −0.51 to
−0.09)

−2.83 (278.67)

.005

1.15 (0.59)

.05

0.07

2.06 (0.69)

.003

0.15

−1.91 (349.8)

.06

N/A

N/A

0.07

N/A

N/A

0.14

RRSl Rumina- −0.06 (0.03; −0.12 to
tion (Brooding) 0.00)
a

A negative value for b is in favor of Headspace for the DASS-21 subscales, RRS Brooding, and PSWQ Worry; a positive value for b is in favor of
Headspace for the SWEMWBS, FFMQ-15 (minus Observe), SCS-SF Self-Compassion, and CLS Compassion for Others.
b

Unstandardized effects at 1.5 and 4.5 months were only reported in the event of a significant trial arm × time interaction.

c

Hedges g is the difference between trial arms at time point 2 and time point 3 based on raw data.

d

DASS-21: 21-item Depression, Anxiety, and Stress Scale.

e

SWEMWBS: Short Warwick Edinburgh Mental Well-being Scale.

f

Maslach Burnout Inventory.

g

N/A: not applicable.

h

FFMQ15: 15-item Five Facets of Mindfulness Questionnaire.

i

SCS-SF: Self-Compassion Scale–Short Form.

j

CLS: Compassionate Love Scale.

k

PSWQ: Penn State Worry Questionnaire.

l

RRS: Ruminative Response Scale.

Level 2: π0j=γ00 + γ01 × Trial armj + ζ0j

Intervention Engagement
Multimedia Appendix 9 shows the self-reported engagement
with each intervention. Time was treated categorically (1.5 vs
4.5 months). The model was fitted is as follows:
Level 1: DASS-21ij=π0j + π1 × Timeij +
https://mhealth.jmir.org/2022/8/e31744
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In the ITT sample, Headspace participants engaged with their
allocated intervention formally and informally on more days
per week than Moodzone participants, both between T1 and T2
(b=−1.32, SE 0.11; P<.001 and b=−0.79, SE 0.11; P<.001,
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respectively) and between T2 and T3 (b=−0.70, SE 0.10; P<.001
and b=−1.55, SE 0.12; P<.001).

Mediation Analysis
Formal engagement (practice days per week) from T1 to T2
mediated the effect of trial arm on T1 to T3 improvements in
stress using complete case data within the per-protocol sample
(582/2182, 26.67%) as 95% CIs did not cross 0 (95% CI −0.097
to −0.006). Similarly, improvement in self-compassion at T1
and T2 significantly mediated T1 to T3 improvement in stress
for per-protocol participants (95% CI −0.144 to −0.022).
However, improvements in mindfulness, worry, and rumination
(brooding) at T1 and T2 did not significantly mediate
improvement in stress from T1 to T3 for per-protocol
participants, as all 95% CIs crossed 0 (mindfulness: 95% CI
−0.107 to 0.029; worry: 95% CI −0.069 to 0.025; brooding:
95% CI −0.046 to 0.037). Overall, the mediation analysis
findings suggest that the greater improvement in stress in the
Headspace arm in comparison with the Moodzone arm was
driven, at least in part, by engagement on more days per week
in formal practices and exercises and greater improvement in
self-compassion (but not in mindfulness, worry, or rumination)
in the Headspace arm during the initial intervention period.

Intervention Credibility and Expectancy
At T1, between-group differences in intervention credibility
and expectancy were assessed via standardized totals of the first
and last 3 items of the Credibility and Expectancy Questionnaire,
respectively. Headspace was rated as significantly more credible
than Moodzone (t2164.81=−10.88; P<.001; Cohen d=0.47).
Significantly more positive expectancy ratings were also
observed for Headspace compared with Moodzone (t2170=−6.70;
P<.001; Cohen d=0.29).

Awareness of Study Purpose
At T3, only 0.68% (8/1171) of the participants indicated a clear
awareness of the study hypothesis. Most of these participants
(7/1171, 0.59%) were allocated to Moodzone. The analysis was
not conducted between the arms, given the small numbers
involved.

Discussion
Principal Findings
In this study, we examined whether an unguided digital MBSH
intervention (Headspace) was effective in reducing health care
worker stress when compared with an active control condition
(Moodzone) that was matched for duration and medium (ie,
digitally delivered). In contrast to previous studies, this was a
fully powered, multisite definitive RCT with patient-facing
NHS staff working in a broad range of health care roles and
across a broad range of health care organization types, allowing
definitive conclusions to be drawn and findings to be
generalized.

Primary Outcome
The stress in both arms improved over time. In comparison with
Moodzone, Headspace participants showed a significantly
greater reduction in stress (the preregistered primary outcome)
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over the 4.5-month course of the study, with significant but
small differences between trial arms at 1.5 and 4.5 months (the
primary endpoint). Headspace participants showed an average
reduction in stress over the study period of almost 2.5 points
on the 42-point scale, which was over twice the improvement
in stress experienced by Moodzone participants. Compared with
Moodzone participants, Headspace participants were
significantly more likely to experience reliable improvements
in stress, both from T1 to T2 and T1 to T3.
The between-group effect on stress at the preregistered primary
end point was small (Hedges g=0.26), consistent with relevant
evidence from 2 recent meta-analyses. For example, Spijkerman
et al [36] identified significantly lower levels of stress for
unsupported web-based mindfulness and acceptance-based
self-help interventions than for control conditions at the
postintervention time point among nonclinical samples, with a
small effect (Hedges g=0.19), whereas a more recent systematic
review and meta-analysis conducted by the study team [73]
observed a similarly small and statistically significant
between-group postintervention effect on stress when unguided
MBSH was compared with active control conditions among
nonclinical samples (mirroring the design of this study; Hedges
g=0.20). As such, the modest reductions in stress observed in
this study appear to be in keeping with the effects observed for
unguided MBSH in the broader literature, and taken together,
these observed effects suggest that a small and specific benefit
may be associated with such interventions.
Medium to large between-group effects on stress have been
reported for the well-established MBSR course in comparison
with active and inactive control conditions (Hedges g=0.77)
[29] and for a newly developed version of MBCT for the
workplace, MBCT for Life (MBCT-L), in comparison with
wait-list (Cohen d=0.72) [30]. Although it is not possible to
directly compare with this study because of differences in
control conditions, it is likely that these in-person, guided, and
more intensive courses are more effective than unguided MBSH.
However, there are several barriers to extending the reach of
these courses. First, there are not enough mindfulness teachers
working in the NHS to offer MBIs to patients in line with the
National Institute of Health and Clinical Excellence guidelines
[74], let alone to offer MBSR or MBCT-L courses to NHS staff.
Second, stigma-related concerns among health care workers
about accessing mental health support [34] may hinder uptake,
even if in-person MBIs are available. Third, many health care
workers struggle to commit to the highly structured and
time-intensive nature of traditional MBIs [32,33].
Our study also extends the findings of meta-analyses of RCTs
exploring the effects of digital interventions for stress
management in the workplace more broadly. When considering
smartphone apps specifically, a recent RCT of an unguided
non-MBI workplace stress management app based on the Job
Demands-Resources Model [75] in comparison with a wait-list
found a similarly small effect on stress 6 weeks after
randomization (Cohen d=0.14) [76]. When considering digital
resources more broadly, Heber et al [77] examined the effects
of web- and computer-based interventions based on cognitive
behavioral therapy (CBT), third-wave CBT (eg, mindfulness
and acceptance and commitment therapy), and non–CBT-based
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interventions (eg, present control interventions and career
identity training for stress management) compared with control
conditions among nonclinical populations experiencing stress
and found a significant between-group postintervention
reduction in stress when looking at unguided interventions, with
a small effect (Cohen d=0.33). In addition, Carolan et al [78]
identified significant between-group postintervention
improvements in psychological well-being (which included
measures of stress), with a small effect (Hedges g=0.37), when
comparing mainly CBT-based web-delivered interventions with
control conditions in the workplace. However, many of the
studies considered in these reviews used wait-list control
conditions and included guided interventions, which is likely
to have contributed to the magnitude of the observed effects.
Unguided digital MBSH interventions, such as Headspace, offer
the potential to provide mindfulness training to NHS workers
at a scale without the need for a trained mindfulness teacher on
site, thus enabling workers to engage with an MBI at a time,
place, and pace that suits them. However, to optimize the
benefits available from such interventions, it is important that
they are offered in a supportive workplace context; are aligned
with organizational values, goals, and practices; and protected
time and space are available for such self-care [79].
We do not contend that MBSH could or should replace in-person
MBIs for NHS workers, given the likely larger effect of
in-person courses; however, unguided MBSH interventions
could be part of a solution to widening access to mindfulness
training while simultaneously endeavoring to find ways of
increasing the availability of in-person MBIs. Additional costs
associated with providing trained practitioners also put unguided
MBSH at an advantage over guided MBSH interventions, as
they have the potential to be made more widely available.
However, a disadvantage is that effectiveness similarly appears
to be reduced, with Spijkerman et al [36] finding significantly
smaller between-group effects for mindfulness- and
acceptance-based self-help interventions that were unguided
(Hedges g=0.19) compared with guided interventions (Hedges
g=0.89). Therefore, what is gained in the widening reach may
be lost in reducing the benefits. However, there is emerging
evidence that book-based unguided MBSH may produce larger
effect sizes than digital MBSH and a direct head-to-head
comparison of MBSH formats (especially book vs digital) is
warranted [73].

Intervention Engagement
In comparison with Moodzone, Headspace participants reported
a significantly greater number of days spent formally engaging
with mindfulness practice. Self-reported practice engagement
in the Headspace arm averaged 3.5 days per week during the
initial intervention period and 2 days per week during the
follow-up period. As such, our findings suggest that sustained
commitment to even brief mindfulness practice is challenging
for many health care workers; therefore, the reduced practice
times afforded by MBSH may provide a more viable alternative
to mindfulness training. Interestingly, although daily practice
at home is encouraged in MBCT or MBSR, it appears that
greater benefits for mental health are seen when people practice
at least 3 days a week during the initial intervention period, as
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compared with people who practice <3 days a week [67]. In
this study, 66.6% (452/679) and 37.9% (206/544) of Headspace
participants said that they practiced at least 3 days a week at T2
and T3, respectively.
Per-protocol analyses were also conducted to examine the effects
of Headspace compared with Moodzone for only those
participants who reported formally engaging with their allocated
intervention ≥3 days per week during the initial intervention
period (based on Crane et al [67]). This shows the overall
beneficial effects of Headspace over time in comparison with
Moodzone. However, although there were significant
between-group effects at T3 in favor of Headspace,
between-group effects at T2 were no longer significant.
Moreover, most effects of secondary outcomes over time were
nonsignificant in the per-protocol analysis. If Headspace
engagement is the active ingredient of change, per-protocol
effects might be expected to be larger than ITT effects and
remain statistically significant, despite the relatively smaller
sample contributing to the per-protocol analysis. Therefore,
further research is needed to explore the relationship between
engagement with Headspace and the magnitude of outcomes.
Given that formal engagement with Headspace (days per week)
was greater than that with Moodzone, it could be that once the
formal engagement is accounted for in the per-protocol sample
(ie, all included participants formally engaged for at least 3 days
per week during the initial intervention period), the relative
benefits of Headspace over Moodzone are somewhat diminished.
However, finding ways of encouraging engagement in unguided
digital well-being interventions is a well-recognized challenge
[80], and greater engagement with Headspace in comparison
with an NHS-developed digital well-being offer is important in
itself, as, in the real world, it is the ITT benefits that are realized
rather than the per-protocol effects.
Multimedia Appendix 4 [13,18,25,29,30,36,56,67-72] provides
a discussion of the findings on secondary outcomes and
additional analyses.

Strengths and Limitations
Although the adequately powered sample size and rigorous
study design represent the key strengths of our study, the
findings should be considered within the context of several
limitations. In this trial, the NHS’s digital workplace stress
resource, Moodzone, was selected as the active control
condition, inviting study participants to engage with a range of
evidence-based recommendations for a minimum of 10 minutes
each day as a time match to the Headspace intervention.
However, as previously discussed, intervention engagement
was significantly greater for Headspace than for Moodzone;
therefore, it is plausible that the active ingredient was
intervention engagement rather than intervention content.
However, even if Headspace is more effective than Moodzone
simply because it is more engaging, this will have implications
for real-world effectiveness. To determine the effectiveness of
intervention content specifically, future research should compare
Headspace with an equally engaging active control. In addition,
after providing participants with postrandomization information
about their allocated intervention, Headspace received
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significantly higher credibility and expectancy ratings than
Moodzone. Expectancy effects can affect psychotherapeutic
outcomes [81], and it is plausible that the greater credibility and
expectancy of Headspace than that of Moodzone could explain
the study findings. However, the beneficial effects of Headspace
on stress outcomes in comparison with Moodzone were retained
in a post hoc analysis where credibility and expectancy ratings
were entered as covariates, suggesting that the intervention
effects cannot be purely explained by the greater credibility and
expectancy of Headspace. Future studies should consider the
role of credibility and expectancy in more depth and compare
Headspace with an intervention matched for credibility and
expectancy.
Models were fitted for 11 secondary outcomes, each with 3
predictors (trial arm, time, and their interaction), yielding 33 P
values. To control for the type I error rate across these models,
the reported P values for the interaction effects for secondary
outcomes in Table 4 were evaluated against a critical P value
of .002 (ie, .05/33). When evaluating against this stricter
criterion, all the interaction effects for secondary outcomes were
nonsignificant, except for self-compassion. However, the main
goal of P value correction is to mitigate fishing expeditions,
and all models were preplanned; in addition, the trade-off in
controlling type I errors is losing control of type II errors, and
there is no inherent reason why controlling type I errors is more
desirable. In addition, where the interaction is significant, we
tried to carefully evaluate the raw effect size, which adds to the
important context of the real-world importance of the effect
irrespective of the P value.
Recent attention has been paid to the concept of a “digital
placebo effect,” whereby nontherapeutic elements of digital
interventions are thought to engender either real or imagined
improvements in mental health outcomes [82]. As such, it is
perhaps also of note that although Headspace was delivered via
a sophisticated smartphone app that offered structured daily
guidance, Moodzone was delivered via a series of web pages
that participants were expected to navigate independently.
Therefore, it is possible that the observed effects are, at least in
part, because of participants’ more favorable expectations of
Headspace relative to Moodzone because of differences in
content delivery. Future research should compare Headspace
with an active control matched for delivery format and style.
For reasons beyond our control, Headspace was temporarily
advertised on the Moodzone web page (notwithstanding the
widespread advertising of Headspace on social media and other
platforms), which may explain why, despite apparently
successful blinding of the study hypotheses, a proportion of
Moodzone participants completing measures at T3 reported
using Headspace during the study period. However, this is only
likely to have diluted between-group differences, and, at worst,
our findings can be considered to reflect a conservative estimate
of the difference between groups. Moreover, although minor
design, platform, and content changes are unlikely to have
affected our results [83], it is also worth noting that both
Headspace and Moodzone were examined as live resources, and
as such, both were subject to changes during the study period.
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Our study suggests the benefits of an invitation for brief
mindfulness-based practices using unguided digital MBSH;
however, a class effect (ie, the translation of these benefits to
any unguided digital MBSH resource) cannot be assumed.
Further research is required to identify and optimize the active
ingredients of unguided MBSH.
Further limitations of this study are that all outcomes and
measures of engagement were self-reported and that dropout at
T3 was relatively high, although not atypical for RCTs of digital
interventions. Finally, although we recruited a large sample of
health care staff working in a variety of job roles and across a
variety of NHS organization types across England, our sample
was not entirely representative of the NHS workforce. For
example, 83.22% (1815/2181) of participants identified as
female compared with 77% of NHS staff more broadly [84],
and our sample underrepresented Black, Asian, and minority
ethnic staff, with 92.74% (2019/2177) White participants in
comparison with 77.9% in the NHS workforce [85]. Future
studies could monitor demographic characteristics as recruitment
progresses and adjust recruitment strategies accordingly to target
underrepresented groups.

Future Research
Future research should match unguided digital MBSH to equally
credible active control conditions with equal expectations of
benefits. Doing so would help enable greater confidence in
conclusions about the relative benefits of mindfulness-based
content. Moreover, dismantling trials would also be beneficial
to unpick the active ingredients of digital resources such as
Headspace.
Another important avenue for future research involves
identifying the moderators of engagement. Identifying
moderators of engagement with unguided digital MBSH
interventions may facilitate the targeted intervention of barriers
to and facilitators of regular mindfulness practice to promote
engagement and, in turn, potentially boost the effects.
Guided mindfulness- and acceptance-based self-help has larger
effects on stress outcomes than unguided approaches [36]. There
is a balance to be struck between providing MBSH at scale to
more health care workers (without guidance and its associated
costs) and providing maximally effective MBSH to potentially
fewer health care workers (with guidance). Few head-to-head
trials exist, and a well-designed study comparing the clinical
effectiveness and cost-effectiveness of guided digital MBSH
with unguided digital MBSH for health care workers is
warranted to explore the relative advantages and disadvantages
of each approach. Future research could also explore the clinical
effectiveness and cost-effectiveness of different methods of
providing MBSH support and guidance at different levels of
intensity (eg, automated but personalized, regular email or text
guidance; an MBSH support helpline; asynchronous email
support from a trained practitioner; and weekly support sessions
with a mindfulness teacher). For interventions that incur a cost
to the individual or organization, it is particularly important to
have a good understanding of the balance between economic
costs (eg, funding a subscription for health care staff in an
organization) and economic benefits (eg, sickness absence).
Future research should include a full health economic evaluation
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to examine not only the clinical effectiveness of different MBSH
interventions but also their cost-effectiveness. In addition, future
research should also examine naturalistic, real-world outcomes
of Headspace in specific populations to complement RCT
findings.

Implementation
Overall, the findings suggest that an unguided digital MBSH
program appears to be a safe intervention for health care
workers, which can yield small but significant improvements
in stress and other mental health outcomes with minimal time
investment from users. However, it is important to consider that
a wide range of non-MBI digital interventions is effective in
improving stress and mental health both within [78] and outside
the workplace [77] and may be preferred by some health care
workers. Furthermore, our findings should be considered within
the context of significantly larger effects on stress (in various
populations) in guided versus unguided mindfulness- and
acceptance-based self-help interventions [36] and larger effects
on health care worker stress with MBSR [29] and MBCT-L
[30], although this does not directly compare like for like.
Although unguided digital MBSH interventions can offer a
potential solution to some of the barriers associated with
accessing guided MBSH and MBSR or MBCT-L, the smaller
effects indicate that a careful balance needs to be struck between
effectiveness and accessibility.
It is also worth considering that Headspace was not beneficial
for the workplace outcomes of burnout and sickness absence,
and as such, alternative strategies will be needed to identify
appropriate solutions to these problems. Given the greater effects
of MBSR and MBCT-L on health care workers, unguided digital
MBSH could also be considered as the first MBI step, with
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some users moving on to more intensive, as well as more
effective, in-person courses. However, this does not dismiss the
potential of unguided MBSH, given its scalability. We found
that 36.8% (100/272) of Headspace participants showed a
reliable improvement in stress over the course of the study
compared with 24.1% (66/274) in the Moodzone arm (the NHS
digital well-being offer at the time of recruitment). If this
difference in reliable improvement were replicated across, for
example, 10% of the 1.2 million NHS workforce, this would
translate into >15,000 NHS workers showing a reliable
improvement in stress if offered Headspace rather than
Moodzone.

Conclusions
Unguided use of a digital MBSH intervention appears safe and
is effective in reducing stress in health care workers compared
with an active control condition, with improvements in
self-compassion and formal intervention engagement explaining,
at least in part, its beneficial effects. Effect sizes were small in
comparison with in-person MBIs; however, unguided digital
MBSH has the potential to be offered as part of a package of
approaches to support health care workers’ stress, mental health,
and well-being. The findings support offering unguided MBSH
as an addition to the ecosystem of evidence-based approaches
to support health care workers’ well-being, which offers choices
and solutions at different levels of intensity and with different
levels of guidance. Unguided MBSH must be contextualized
within a supportive environment that promotes self-care at work
[79]. Prioritizing the well-being and mental health of health
care workers is critical, now more than ever, as we seek to find
ways of supporting health care workers to live with the projected
aftereffects of the COVID-19 pandemic.

Acknowledgments
The authors would like to extend their thanks to all the National Health Service staff who participated in this study. In addition,
the authors are grateful to Jenny Gu and James Moon who supported recruitment to the study, and they would also like to thank
the Clinical Research Networks and National Health Service Trusts who supported the study.
This study was supported by a doctoral studentship awarded to the first author jointly funded by Headspace and the Economic
and Social Research Council (ES/J500173/1). Data analysis and writing of the manuscript were conducted independently from
Headspace, and Headspace did not have any influence on the decision to publish the findings.

Authors' Contributions
HT contributed to the conceptualization, methodology, formal analysis, investigation, writing (original draft; review and editing)
of the manuscript, and project administration. KC contributed to the conceptualization, methodology, writing (review and editing)
of the manuscript, supervision, and funding acquisition. APF conducted the formal analysis and contributed to the writing (review
and editing) of the manuscript. CS contributed to the conceptualization, methodology, formal analysis, writing (original draft;
review and editing) of the manuscript, supervision, project administration, and funding acquisition.

Conflicts of Interest
HT was awarded a doctoral studentship for this work by Headspace. KC received research and consultancy funding from digital
health care companies, including Headspace. CS is the Research Lead for Sussex Mindfulness Centre and has received research
funding from the National Institute for Health Research and Headspace to evaluate mindfulness-based interventions.

Multimedia Appendix 1
Measures.
[DOCX File , 56 KB-Multimedia Appendix 1]
https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 18
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH

Taylor et al

Multimedia Appendix 2
Participant information, consent, and debriefing.
[PDF File (Adobe PDF File), 547 KB-Multimedia Appendix 2]

Multimedia Appendix 3
Handling missing data.
[DOCX File , 26 KB-Multimedia Appendix 3]

Multimedia Appendix 4
Additional data analysis plan, results, and discussion.
[DOCX File , 88 KB-Multimedia Appendix 4]

Multimedia Appendix 5
Bayes factors for assessing randomization success.
[DOCX File , 15 KB-Multimedia Appendix 5]

Multimedia Appendix 6
Per-protocol findings.
[DOCX File , 25 KB-Multimedia Appendix 6]

Multimedia Appendix 7
Reliable change tables.
[DOCX File , 17 KB-Multimedia Appendix 7]

Multimedia Appendix 8
Lasting negative effects.
[DOCX File , 22 KB-Multimedia Appendix 8]

Multimedia Appendix 9
Self-reported formal and informal intervention engagement.
[DOCX File , 21 KB-Multimedia Appendix 9]

Multimedia Appendix 10
CONSORT-eHEALTH checklist (V 1.6.1).
[PDF File (Adobe PDF File), 3820 KB-Multimedia Appendix 10]

References
1.
2.
3.
4.
5.

6.
7.

Medisauskaite A, Kamau C. Prevalence of oncologists in distress: systematic review and meta-analysis. Psychooncology
2017 Nov 17;26(11):1732-1740. [doi: 10.1002/pon.4382] [Medline: 28116833]
Onigbogi C, Banerjee S. Prevalence of psychosocial stress and its risk factors among health-care workers in Nigeria: a
systematic review and meta-analysis. Niger Med J 2019;60(5):238. [doi: 10.4103/nmj.nmj_67_19]
Gheshlagh R, Parizad N, Dalvand S, Zarei M, Farajzadeh M, Karami M, et al. The prevalence of job stress among nurses
in Iran: a meta-analysis study. Nurs Midwifery Stud 2017;6(4):143. [doi: 10.4103/nms.nms_33_17]
The Maslach Burnout Inventory manual. In: Evaluating Stress: A Book of Resources. Minneapolis, MN: University of
Minnesota; 1997.
MELCHIOR M, CASPI A, MILNE BJ, DANESE A, POULTON R, MOFFITT TE. Work stress precipitates depression
and anxiety in young, working women and men. Psychol Med 2007 Apr 04;37(8):1119-1129. [doi:
10.1017/s0033291707000414]
O'Connor K, Muller Neff D, Pitman S. Burnout in mental health professionals: a systematic review and meta-analysis of
prevalence and determinants. Eur Psychiatry 2018 Sep;53:74-99. [doi: 10.1016/j.eurpsy.2018.06.003] [Medline: 29957371]
Petrie K, Milligan-Saville J, Gayed A, Deady M, Phelps A, Dell L, et al. Prevalence of PTSD and common mental disorders
amongst ambulance personnel: a systematic review and meta-analysis. Soc Psychiatry Psychiatr Epidemiol 2018
Sep;53(9):897-909. [doi: 10.1007/s00127-018-1539-5] [Medline: 29869691]

https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 19
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
8.

9.

10.
11.
12.
13.
14.

15.
16.

17.

18.
19.
20.
21.
22.

23.

24.

25.

26.
27.
28.

29.

30.

Rotenstein LS, Torre M, Ramos MA, Rosales RC, Guille C, Sen S, et al. Prevalence of burnout among physicians: a
systematic review. JAMA 2018 Sep 18;320(11):1131-1150 [FREE Full text] [doi: 10.1001/jama.2018.12777] [Medline:
30326495]
Backé EM, Seidler A, Latza U, Rossnagel K, Schumann B. The role of psychosocial stress at work for the development of
cardiovascular diseases: a systematic review. Int Arch Occup Environ Health 2012 Jan;85(1):67-79 [FREE Full text] [doi:
10.1007/s00420-011-0643-6] [Medline: 21584721]
Kelly S, Ismail M. Stress and type 2 diabetes: a review of how stress contributes to the development of type 2 diabetes.
Annu Rev Public Health 2015 Mar 18;36:441-462. [doi: 10.1146/annurev-publhealth-031914-122921] [Medline: 25581145]
Thoits P. Stress and health: major findings and policy implications. J Health Soc Behav 2010;51 Suppl:S41-S53. [doi:
10.1177/0022146510383499] [Medline: 20943582]
NHS staff survey. NHS Digital. URL: https://www.nhsstaffsurveys.com/static/b3377ce95070ce69e84460fe210a55f0/
ST21_National-briefing.pdf [accessed 2022-08-19]
Copeland A. NHS sickness absence: let's talk about mental health. The King's Fund. 2019 Oct 1. URL: https://www.
kingsfund.org.uk/blog/2019/10/nhs-sickness-absence [accessed 2021-04-01]
Health care workers may be the nation's most stressed employees. Advisory Board. 2014 Feb 13. URL: https://www.
advisory.com/daily-briefing/2014/02/13/health-care-workers-may-be-the-nations-most-stressed-employees [accessed
2021-06-15]
Hall L, Johnson J, Watt I, Tsipa A, O'Connor DB. Healthcare staff wellbeing, burnout, and patient safety: a systematic
review. PLoS One 2016;11(7):e0159015 [FREE Full text] [doi: 10.1371/journal.pone.0159015] [Medline: 27391946]
Bohlken J, Schömig F, Lemke M, Pumberger M, Riedel-Heller S. [COVID-19 Pandemic: stress experience of healthcare
workers - a short current review]. Psychiatr Prax 2020 May;47(4):190-197 [FREE Full text] [doi: 10.1055/a-1159-5551]
[Medline: 32340048]
Lai J, Ma S, Wang Y, Cai Z, Hu J, Wei N, et al. Factors associated with mental health outcomes among health care workers
exposed to coronavirus disease 2019. JAMA Netw Open 2020 Mar 02;3(3):e203976 [FREE Full text] [doi:
10.1001/jamanetworkopen.2020.3976] [Medline: 32202646]
Baer RA. Mindfulness training as a clinical intervention: a conceptual and empirical review. Clin Psychol Sci Pract
2003;10(2):125-143. [doi: 10.1093/clipsy.bpg015]
Kabat-Zinn J. Mindfulness-based interventions in context: past, present, and future. Clin Psychol Sci Pract 2003
11;10(2):144-156. [doi: 10.1093/clipsy.bpg016]
Mindfulness-Based Cognitive Therapy for Depression: A New Approach to Preventing Relapse. New York, United States:
Guilford Press; 2012.
Kabat-Zinn J. Full Catastrophe Living; Using the Wisdom of Your Body and Mind to Face Stress, Pain and Illness. London:
Piatkus; 1996.
Kuyken W, Warren FC, Taylor RS, Whalley B, Crane C, Bondolfi G, et al. Efficacy of mindfulness-based cognitive therapy
in prevention of depressive relapse: an individual patient data meta-analysis from randomized trials. JAMA Psychiatry
2016 Jun 01;73(6):565-574 [FREE Full text] [doi: 10.1001/jamapsychiatry.2016.0076] [Medline: 27119968]
Goldberg S, Tucker R, Greene P, Davidson R, Wampold B, Kearney D, et al. Mindfulness-based interventions for psychiatric
disorders: a systematic review and meta-analysis. Clin Psychol Rev 2018 Feb;59:52-60 [FREE Full text] [doi:
10.1016/j.cpr.2017.10.011] [Medline: 29126747]
Parsons C, Crane C, Parsons L, Fjorback L, Kuyken W. Home practice in mindfulness-based cognitive therapy and
mindfulness-based stress reduction: a systematic review and meta-analysis of participants' mindfulness practice and its
association with outcomes. Behav Res Ther 2017 Aug;95:29-41 [FREE Full text] [doi: 10.1016/j.brat.2017.05.004] [Medline:
28527330]
Gu J, Strauss C, Bond R, Cavanagh K. How do mindfulness-based cognitive therapy and mindfulness-based stress reduction
improve mental health and wellbeing? A systematic review and meta-analysis of mediation studies. Clin Psychol Rev 2015
Apr;37:1-12. [doi: 10.1016/j.cpr.2015.01.006] [Medline: 25689576]
Chiesa A, Serretti A. Mindfulness-based stress reduction for stress management in healthy people: a review and meta-analysis.
J Altern Complement Med 2009 May;15(5):593-600. [doi: 10.1089/acm.2008.0495] [Medline: 19432513]
Virgili M. Mindfulness-based interventions reduce psychological distress in working adults: a meta-analysis of intervention
studies. Mindfulness 2013 Dec 13;6(2):326-337. [doi: 10.1007/s12671-013-0264-0]
Lomas T, Medina JC, Ivtzan I, Rupprecht S, Eiroa-Orosa FJ. A systematic review and meta-analysis of the impact of
mindfulness-based interventions on the well-being of healthcare professionals. Mindfulness 2018 Nov 29;10(7):1193-1216.
[doi: 10.1007/s12671-018-1062-5]
Spinelli C, Wisener M, Khoury B. Mindfulness training for healthcare professionals and trainees: a meta-analysis of
randomized controlled trials. J Psychosom Res 2019 May;120:29-38. [doi: 10.1016/j.jpsychores.2019.03.003] [Medline:
30929705]
Strauss C, Gu J, Montero-Marin J, Whittington A, Chapman C, Kuyken W. Reducing stress and promoting well-being in
healthcare workers using mindfulness-based cognitive therapy for life. Int J Clin Health Psychol 2021 May;21(2):100227
[FREE Full text] [doi: 10.1016/j.ijchp.2021.100227] [Medline: 33680001]

https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

Taylor et al

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 20
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
31.

32.
33.
34.

35.

36.

37.
38.
39.

40.
41.
42.

43.
44.
45.
46.

47.

48.

49.
50.
51.
52.
53.
54.
55.
56.

Rycroft-Malone J, Gradinger F, Owen Griffiths H, Anderson R, Crane R, Gibson A, et al. 'Mind the gaps': the accessibility
and implementation of an effective depression relapse prevention programme in UK NHS services: learning from
mindfulness-based cognitive therapy through a mixed-methods study. BMJ Open 2019 Sep 08;9(9):e026244 [FREE Full
text] [doi: 10.1136/bmjopen-2018-026244] [Medline: 31501097]
Mackenzie CS, Poulin PA, Seidman-Carlson R. A brief mindfulness-based stress reduction intervention for nurses and
nurse aides. Appl Nurs Res 2006 May;19(2):105-109. [doi: 10.1016/j.apnr.2005.08.002] [Medline: 16728295]
Shapiro SL, Astin JA, Bishop SR, Cordova M. Mindfulness-based stress reduction for health care professionals: results
from a randomized trial. Int J Stress Manag 2005;12(2):164-176. [doi: 10.1037/1072-5245.12.2.164]
Clement S, Schauman O, Graham T, Maggioni F, Evans-Lacko S, Bezborodovs N, et al. What is the impact of mental
health-related stigma on help-seeking? A systematic review of quantitative and qualitative studies. Psychol Med 2014 Feb
21;45(1):11-27. [doi: 10.1017/s0033291714000129]
Cavanagh K, Strauss C, Forder L, Jones F. Can mindfulness and acceptance be learnt by self-help?: a systematic review
and meta-analysis of mindfulness and acceptance-based self-help interventions. Clin Psychol Rev 2014 Mar;34(2):118-129.
[doi: 10.1016/j.cpr.2014.01.001] [Medline: 24487343]
Spijkerman M, Pots W, Bohlmeijer E. Effectiveness of online mindfulness-based interventions in improving mental health:
a review and meta-analysis of randomised controlled trials. Clin Psychol Rev 2016 Apr;45:102-114 [FREE Full text] [doi:
10.1016/j.cpr.2016.03.009] [Medline: 27111302]
Headspace homepage. Headspace. URL: https://headpsace.com/ [accessed 2017-02-13]
About Headspace. Headspace. URL: https://www.headspace.com/about-us [accessed 2022-08-18]
Lau N, O'Daffer A, Colt S, Yi-Frazier J, Palermo T, McCauley E, et al. Android and iPhone mobile apps for psychosocial
wellness and stress management: systematic search in app stores and literature review. JMIR Mhealth Uhealth 2020 May
22;8(5):e17798 [FREE Full text] [doi: 10.2196/17798] [Medline: 32357125]
NHS: Moodzone. NHS. URL: https://www.mentallyhealthyschools.org.uk/resources/nhs-moodzone/ [accessed 2017-02-13]
Investigation of wellbeing interventions in NHS staff. ISRCTN. 2019 Mar 22. URL: https://www.isrctn.com/
ISRCTN15424185 [accessed 2021-06-28]
Faul F, Erdfelder E, Lang A, Buchner A. G*Power 3: a flexible statistical power analysis program for the social, behavioral,
and biomedical sciences. Behav Res Methods 2007 May;39(2):175-191 [FREE Full text] [doi: 10.3758/bf03193146]
[Medline: 17695343]
Meditation and sleep made simple ? Headspace. URL: https://www.headspace.com/ [accessed 2022-05-09]
10 stress busters. NHS. URL: https://www.nhs.uk/conditions/stress-anxiety-depression/reduce-stress [accessed 2022-05-09]
Donker T, Griffiths KM, Cuijpers P, Christensen H. Psychoeducation for depression, anxiety and psychological distress:
a meta-analysis. BMC Med 2009 Dec 16;7:79 [FREE Full text] [doi: 10.1186/1741-7015-7-79] [Medline: 20015347]
Lovibond P, Lovibond S. The structure of negative emotional states: comparison of the Depression Anxiety Stress Scales
(DASS) with the Beck Depression and Anxiety Inventories. Behav Res Ther 1995 Mar;33(3):335-343. [doi:
10.1016/0005-7967(94)00075-U]
Stewart-Brown S, Tennant A, Tennant R, Platt S, Parkinson J, Weich S. Internal construct validity of the Warwick-Edinburgh
Mental Well-being Scale (WEMWBS): a Rasch analysis using data from the Scottish Health Education Population Survey.
Health Qual Life Outcomes 2009 Feb 19;7(1):15 [FREE Full text] [doi: 10.1186/1477-7525-7-15] [Medline: 19228398]
Gu J, Strauss C, Crane C, Barnhofer T, Karl A, Cavanagh K, et al. Examining the factor structure of the 39-item and 15-item
versions of the Five Facet Mindfulness Questionnaire before and after mindfulness-based cognitive therapy for people with
recurrent depression. Psychol Assess 2016 Jul;28(7):791-802 [FREE Full text] [doi: 10.1037/pas0000263] [Medline:
27078186]
Raes F, Pommier E, Neff KD, Van Gucht D. Construction and factorial validation of a short form of the Self-Compassion
Scale. Clin Psychol Psychother 2011 Jun 08;18(3):250-255. [doi: 10.1002/cpp.702] [Medline: 21584907]
Sprecher S, Fehr B. Compassionate love for close others and humanity. J Social Personal Relationship 2016 Jun
30;22(5):629-651. [doi: 10.1177/0265407505056439]
Meyer T, Miller ML, Metzger RL, Borkovec TD. Development and validation of the Penn State Worry Questionnaire.
Behav Res Ther 1990;28(6):487-495. [doi: 10.1016/0005-7967(90)90135-6] [Medline: 2076086]
Nolen-Hoeksema S, Morrow J. A prospective study of depression and posttraumatic stress symptoms after a natural disaster:
The 1989 Loma Prieta earthquake. J Personality Social Psychol 1991;61(1):115-121. [doi: 10.1037/0022-3514.61.1.115]
Adler N, Stewart J. The MacArthur scale of subjective social status. Psychosocial Research Notebook. 2007. URL: http:/
/www.macses.ucsf.edu/research/psychosocial/subjective.php [accessed 2021-06-16]
Devilly GJ, Borkovec TD. Psychometric properties of the credibility/expectancy questionnaire. J Behav Ther Experimental
Psychiatry 2000 Jun;31(2):73-86. [doi: 10.1016/s0005-7916(00)00012-4]
Clinical Trials Guide. National Institute for Health and Care Excellence. URL: https://www.nihr.ac.uk/documents/
clinical-trials-guide/20595 [accessed 2021-06-16]
Crawford MJ, Thana L, Farquharson L, Palmer L, Hancock E, Bassett P, et al. Patient experience of negative effects of
psychological treatment: results of a national survey†. Br J Psychiatry 2016 Mar 02;208(3):260-265. [doi:
10.1192/bjp.bp.114.162628] [Medline: 26932486]

https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

Taylor et al

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 21
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
57.
58.
59.
60.
61.
62.
63.
64.
65.
66.
67.

68.
69.
70.
71.
72.

73.

74.
75.
76.

77.

78.

79.
80.

81.
82.
83.

84.

Qualtrics XM homepage. Qualtrics XM. URL: https://www.qualtrics.com/uk/ [accessed 2017-02-13]
IBM SPSS Statistics for Windows, Version 25.0. New York: IBM Corp; 2017.
R: A Language and Environment for Statistical Computing. Vienna: R Foundation for Statistical Computing; 2020.
Lenth RV, Buerkner P, Herve M, Jung M, Love J, Miguez F, et al. Estimated Marginal Means, aka Least-Squares Means.
CRAN. URL: https://cran.r-project.org/web/packages/emmeans/emmeans.pdf [accessed 2021-06-16]
Bates D, Mächler M, Bolker B, Walker S. Fitting linear mixed-effects models using lme4. J Stat Softw 2015;67(1):1-48.
[doi: 10.18637/jss.v067.i01]
Buuren SV, Groothuis-Oudshoorn K. mice: multivariate imputation by chained equations in R. J Stat Softw 2011;45(3):1-67.
[doi: 10.18637/jss.v045.i03]
Aust F, Barth M. Prepare APA Journal Articles with R Markdown. PAPAJA. URL: https://cran.r-project.org/web/packages/
papaja/vignettes/papaja.pdf [accessed 2021-06-16]
Tidyverse easily install and load. Tidyverse. URL: https://tidyverse.tidyverse.org/ [accessed 2021-06-16]
van Buuren S, Groothuis-Oudshoorn K, Vink G, Schouten R, Robitzsch A, Rockenschaub P, et al. Package ‘mice’ Multivariate
Imputation by Chained Equations. CRAN. URL: https://cran.r-project.org/web/packages/mice/mice.pdf [accessed 2021-06-15]
Magnusson K, Nilsson A, Carlbring P. Modeling longitudinal gambling data: challenges and opportunities. PsyArXiv 2019
[FREE Full text] [doi: 10.31234/osf.io/uvxk2]
Crane C, Crane RS, Eames C, Fennell MJ, Silverton S, Williams JM, et al. The effects of amount of home meditation
practice in Mindfulness Based Cognitive Therapy on hazard of relapse to depression in the Staying Well after Depression
Trial. Behav Res Ther 2014 Dec;63:17-24 [FREE Full text] [doi: 10.1016/j.brat.2014.08.015] [Medline: 25261599]
Jacobson NS, Truax P. Clinical significance: a statistical approach to defining meaningful change in psychotherapy research.
J Consult Clin Psychol 1991;59(1):12-19. [doi: 10.1037/0022-006x.59.1.12]
Morey RD, Rouder JN, Jamil T, Urbanek S, Forner K, Ly A. BayesFactor: computation of bayes factors for common
designs. rdrr. URL: https://rdrr.io/cran/BayesFactor/ [accessed 2022-02-27]
Rouder JN, Speckman PL, Sun D, Morey RD, Iverson G. Bayesian t tests for accepting and rejecting the null hypothesis.
Psychon Bull Rev 2009 Apr;16(2):225-237. [doi: 10.3758/PBR.16.2.225] [Medline: 19293088]
Gunel E, Dickey J. Bayes factors for independence in contingency tables. Biometrika 1974 Dec;61(3):545. [doi:
10.2307/2334738]
Jamil T, Ly A, Morey RD, Love J, Marsman M, Wagenmakers E. Default "Gunel and Dickey" Bayes factors for contingency
tables. Behav Res Methods 2017 Apr 20;49(2):638-652 [FREE Full text] [doi: 10.3758/s13428-016-0739-8] [Medline:
27325166]
Taylor H, Strauss C, Cavanagh K. Can a little bit of mindfulness do you good? A systematic review and meta-analyses of
unguided mindfulness-based self-help interventions. Clin Psychol Rev 2021 Nov;89:102078. [doi: 10.1016/j.cpr.2021.102078]
[Medline: 34537665]
Mindful Nation UK. Mindfulness All-Party Parliamentary Group (MAPPG). 2015 Oct. URL: https://mindfulnessinschools.
org/wp-content/uploads/2017/09/Mindfulness-APPG-Report_Mindful-Nation-UK_Oct2015-1.pdf [accessed 2021-06-15]
Bakker AB, Demerouti E. The Job Demands‐Resources model: state of the art. J Managerial Psych 2007 Apr
03;22(3):309-328. [doi: 10.1108/02683940710733115]
Weber S, Lorenz C, Hemmings N. Improving stress and positive mental health at work via an app-based intervention: a
large-scale multi-center randomized control trial. Front Psychol 2019 Dec 6;10:2745 [FREE Full text] [doi:
10.3389/fpsyg.2019.02745] [Medline: 31866915]
Heber E, Ebert D, Lehr D, Cuijpers P, Berking M, Nobis S, et al. The benefit of web- and computer-based interventions
for stress: a systematic review and meta-analysis. J Med Internet Res 2017 Feb 17;19(2):e32 [FREE Full text] [doi:
10.2196/jmir.5774] [Medline: 28213341]
Carolan S, Harris P, Cavanagh K. Improving employee well-being and effectiveness: systematic review and meta-analysis
of web-based psychological interventions delivered in the workplace. J Med Internet Res 2017 Jul 26;19(7):e271 [FREE
Full text] [doi: 10.2196/jmir.7583] [Medline: 28747293]
Micklitz K, Wong G, Howick J. Mindfulness-based programmes to reduce stress and enhance well-being at work: a realist
review. BMJ Open 2021 Mar 19;11(3):e043525 [FREE Full text] [doi: 10.1136/bmjopen-2020-043525] [Medline: 33741667]
Borghouts J, Eikey E, Mark G, De Leon C, Schueller SM, Schneider M, et al. Barriers to and facilitators of user engagement
with digital mental health interventions: systematic review. J Med Internet Res 2021 Mar 24;23(3):e24387 [FREE Full
text] [doi: 10.2196/24387] [Medline: 33759801]
Tambling RB. A literature review of therapeutic expectancy effects. Contemp Fam Ther 2012 Jun 20;34(3):402-415. [doi:
10.1007/s10591-012-9201-y]
Torous J, Firth J. The digital placebo effect: mobile mental health meets clinical psychiatry. Lancet Psychiatry 2016
Feb;3(2):100-102. [doi: 10.1016/S2215-0366(15)00565-9]
Torous J, Andersson G, Bertagnoli A, Christensen H, Cuijpers P, Firth J, et al. Towards a consensus around standards for
smartphone apps and digital mental health. World Psychiatry 2019 Feb;18(1):97-98 [FREE Full text] [doi:
10.1002/wps.20592] [Medline: 30600619]
Women in the NHS homepage. Women in the NHS. URL: https://www.womeninthenhs.co.uk/ [accessed 2021-06-16]

https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

Taylor et al

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 22
(page number not for citation purposes)

JMIR MHEALTH AND UHEALTH
85.

Taylor et al

Ethnicity facts and figures. GOV.UK. URL: https://www.ethnicity-facts-figures.service.gov.uk/ [accessed 2021-06-16]

Abbreviations
CBT: cognitive behavioral therapy
CONSORT: Consolidated Standards of Reporting Trials
DASS-21: 21-item Depression, Anxiety, and Stress Scale
ITT: intention-to-treat
MBCT: mindfulness-based cognitive therapy
MBCT-L: mindfulness-based cognitive therapy for Life
MBI: mindfulness-based intervention
MBSH: mindfulness-based self-help
MBSR: mindfulness-based stress reduction
NHS: National Health Service
RCT: randomized controlled trial
T1: time point 1
T2: time point 2
T3: time point 3

Edited by L Buis; submitted 02.07.21; peer-reviewed by S Goldberg, H Hsin; comments to author 28.09.21; revised version received
27.02.22; accepted 08.06.22; published 25.08.22
Please cite as:
Taylor H, Cavanagh K, Field AP, Strauss C
Health Care Workers’Need for Headspace: Findings From a Multisite Definitive Randomized Controlled Trial of an Unguided Digital
Mindfulness-Based Self-help App to Reduce Healthcare Worker Stress
JMIR Mhealth Uhealth 2022;10(8):e31744
URL: https://mhealth.jmir.org/2022/8/e31744
doi: 10.2196/31744
PMID:

©Heather Taylor, Kate Cavanagh, Andy P Field, Clara Strauss. Originally published in JMIR mHealth and uHealth
(https://mhealth.jmir.org), 25.08.2022. This is an open-access article distributed under the terms of the Creative Commons
Attribution License (https://creativecommons.org/licenses/by/4.0/), which permits unrestricted use, distribution, and reproduction
in any medium, provided the original work, first published in JMIR mHealth and uHealth, is properly cited. The complete
bibliographic information, a link to the original publication on https://mhealth.jmir.org/, as well as this copyright and license
information must be included.

https://mhealth.jmir.org/2022/8/e31744

XSL• FO
RenderX

JMIR Mhealth Uhealth 2022 | vol. 10 | iss. 8 | e31744 | p. 23
(page number not for citation purposes)

